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Abstract
Background: Recent advances in mobile technologies have created new opportunities to reach broadly into populations that
are vulnerable to health disparities. However, mobile health (mHealth) strategies could paradoxically increase health disparities,
if low socioeconomic status individuals lack the technical or literacy skills needed to navigate mHealth programs.
Objective: The aim of this study was to determine whether patients from vulnerable populations could successfully navigate
and complete an mHealth patient decision aid.
Methods: We analyzed usability data from a randomized controlled trial of an iPad program designed to promote colorectal
cancer (CRC) screening. The trial was conducted in six primary care practices and enrolled 450 patients, aged 50-74 years, who
were due for CRC screening. The iPad program included a self-survey and randomly displayed either a screening decision aid
or a video about diet and exercise. We measured participant ability to complete the program without assistance and participant-rated
program usability.
Results: Two-thirds of the participants (305/450) were members of a vulnerable population (limited health literacy, annual
income < US $20,000, or black race). Over 92% (417/450) of the participants rated the program highly on all three usability items
(90.8% for vulnerable participants vs 96.6% for nonvulnerable participants, P=.006). Only 6.9% (31/450) of the participants
needed some assistance to complete the program. In multivariable logistic regression, being a member of a vulnerable population
was not associated with needing assistance. Only older age, less use of text messaging (short message service, SMS), and lack
of Internet use predicted needing assistance.
Conclusions: Individuals who are vulnerable to health disparities can successfully use well-designed mHealth programs. Future
research should investigate whether mHealth interventions can reduce health disparities.
(JMIR Mhealth Uhealth 2017;5(4):e43) doi:10.2196/mhealth.7268
KEYWORDS
decision support techniques; technology assessment; primary care; health literacy; vulnerable populations
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Introduction
Income, education, and race are powerful social determinants
of health. Low socioeconomic status (SES) individuals and
underrepresented minorities are at heightened risk for a variety
of poor health outcomes, including shorter life expectancy and
increased incidence of cancer and chronic diseases [1-4]. One
pathway by which limited income and education, in particular,
affect health negatively is by hampering the individuals’ ability
to access, acquire, and understand health information needed
to engage in preventive and self-care practices [5]. Some of this
effect is mediated by lower levels of health literacy [5,6].
Recent advances in mobile technologies have created new
opportunities to reach broadly into vulnerable populations,
potentially decreasing informational barriers. Over the last 10
years, the growing ownership of cell phones, smartphones, and
tablet devices has shrunk the digital divide. Over 90% of
Americans own a cell phone with no significant differences
seen by income, education, or race [7]. Additionally, two-thirds
of Americans own a smartphone, including over half of adults
with household incomes less than US $30,000 or only a high
school education [7].
Many health care professionals are now using tablets or other
mobile devices to assist patient care delivery [8,9], and there
are a growing number of cell phone- and smartphone-based
interventions published in the literature [10,11]. While the use
of mobile health (or mHealth) strategies could decrease health
disparities by better educating and empowering low SES
individuals, they could also paradoxically increase health
disparities if low SES individuals lack access to or the technical
and literacy skills needed to use mHealth programs [12].
Colorectal cancer (CRC) is a source of health disparities.
Individuals who are less educated, poorer, and members of
minority populations are less likely to be screened for CRC and
consequently, more likely to develop and die from CRC
[4,13-15]. Therefore, we designed an mHealth patient decision
aid about CRC screening specifically for use by individuals
with limited resources and limited literacy skills.
If members of vulnerable populations experience greater
difficulty using our mHealth program, our intervention could
increase, rather than decrease, CRC-related health disparities.
Indeed, prior studies found that members of vulnerable
populations frequently encounter difficulties using Web-based
or mHealth apps [16,17]. However, many of these previously
studied apps assumed users have basic computer skills.
Therefore, we sought to determine whether patients from
populations vulnerable to health disparities could successfully

http://mhealth.jmir.org/2017/4/e43/

XSL• FO
RenderX

Miller Jr et al
navigate our program, which was designed under the assumption
that users would have no prior experience with computers and
would have difficulty reading. We analyzed baseline data from
an ongoing randomized controlled trial (Trial ID NCT02088333)
that is testing the effect of the intervention on completion of
CRC screening. We compared usability metrics between patients
vulnerable to health disparities (low income, limited health
literacy, or black race) and other patients in the primary care
setting.

Methods
Program Design
We designed a user-friendly mHealth iPad program for use by
older individuals, many of whom we assumed would have little
prior technology experience. Because over one-third of
Americans have limited literacy skills, we also assumed many
users would have reading difficulties [18]. We chose a touch
screen interface, given its advantages over a mouse and
keyboard. Touch-screen input mimics a user’s natural way of
interacting with the world and requires less cognitive burden
than manipulating external input devices [19]. Usability studies
have demonstrated that older adults complete tasks more quickly
and with less errors on touch-screen devices in comparison to
using a computer mouse [20,21]. Moreover, novice and expert
older users of touch-screen devices complete tasks with similar
low error rates [22]. Some older adults also view touch-screen
devices as less intimidating than computers [23].
Our program, called mPATH (mobile Patient Technology for
Health), begins with a self-administered survey to collect basic
health information. Each screen displays a single question with
large intuitive response buttons, as recommended by others
(Figure 1) [19,24]. A narrator reads each question as well as the
answer the user selects, both reducing literacy barriers and
providing feedback that enhances usability [25]. The narrator
also gives users basic instructions for navigating the program,
such as instructing them how the “Back” and “Next” arrows
function. Following the self-survey, the mPATH program
displays a video about either CRC screening or healthy lifestyles,
and then the program concludes with a short follow-up survey.
All material in the program was written at the sixth grade level
or below, which is a general recommendation for the
development of patient education materials [26].
A team of experts in mobile app development, health literacy,
and CRC screening developed the prototype, which was then
refined based on pilot testing with a convenience sample of 40
primary care patients.
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Figure 1. Sample screenshots from mobile Patient Technology for Health (mPATH) iPad program.

Study Setting and Participant Recruitment
We enrolled English-speaking patients scheduled for a routine
medical visit at one of six community-based primary care
practices affiliated with a large academic medical center in
North Carolina. All six practices shared a common electronic
health record. We queried the electronic health record weekly
to identify patients who were between the ages of 50 and 74
years and had no evidence of current CRC screening
(colonoscopy within the last 10 years, flexible sigmoidoscopy
within the last 5 years, or fecal testing for blood within the last
12 months).
We excluded patients who were already scheduled for a
colonoscopy, were flagged as needing an interpreter, had a
personal history of CRC, or had a potentially short life
expectancy (receiving chemotherapy or radiation therapy for
cancer within the last year, having advanced stage cancer,
receiving hemodialysis, or being prescribed a medication for
dementia). A research assistant called potentially eligible
patients to inform them of the study and confirm their eligibility
using a brief telephone survey. Additional study exclusion
criteria assessed in the telephone eligibility survey included
having a prior history of colon polyps, having a family history
of CRC, and presence of rectal bleeding in the last month.
Eligible patients were asked to arrive at the clinic 45-60 minutes
before their scheduled medical visit to enroll in the study and
complete the mPATH iPad program. All participants provided
a written informed consent, and the study was approved by the
Wake Forest Health Sciences Institutional Review Board (IRB#
00023575).

http://mhealth.jmir.org/2017/4/e43/

XSL• FO
RenderX

Study Procedures
The participants completed the mPATH program in a private
location in the clinic immediately before their scheduled medical
visit. They were given minimal instructions about how to use
the program. The research assistant simply handed the
participants the iPad, told them to touch the “start” button on
the screen when they were ready to begin, and stated the narrator
would walk them through the program. The research assistant
then waited outside the room while the participants completed
the program and instructed them to come to the door when they
needed help using the program.
As described previously, the mPATH program begins with a
29-item self-administered survey. Then it randomly displays
either a previously validated 8.7-minute CRC screening decision
aid [27] or a 4.3-minute video about diet and exercise produced
by the Center for Disease Control [28]. After the video, the
program closes with another 35-item self-administered survey
that includes 4 validated usability items [29]. The participants
who viewed the CRC screening decision aid were shown an
additional 1-4 items that allowed them to request a CRC
screening test and sign up for follow-up text messages (short
message service, SMS) or emails to support them through the
screening process.

Study Measures
The participants self-reported their race or ethnicity, cell phone
ownership, use of the Internet, and use of SMS text messaging.
We assessed health literacy using the validated item, “How
confident are you filling out medical forms by yourself?” with
responses varying on a 5-point Likert scale from “Extremely”
to “Not at all” [30]. Consistent with published recommendations,
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e43 | p.5
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individuals answering “Somewhat” (the midpoint) or less were
defined as having limited health literacy [30]. We classified
participants as members of a vulnerable population if they
reported limited health literacy, annual household income < US
$20,000, or black race. Races other than white or black
comprised less than 4% of our study sample. Income was
missing for 13 participants, and we classified those cases based
only on race and health literacy.
Our primary outcome of interest was program usability,
measured objectively and subjectively. Objectively, the research
assistant counted the number of times a participant came to the
door to ask for assistance to complete the program. The research
assistant also recorded if a caregiver was present and helped the
participant use the program. We measured the participants’
subjective rating of the program using three items from the
System Usability Scale (ease of use, ease of learning to use the
program, confidence using the program; scored on a 5-point
Likert scale from strongly agree to strongly disagree) and an
additional adjective rating of the overall user-friendliness
(excellent, good, ok, poor, or awful) [29].

Statistical Analysis
This study was designed to assess the impact of mPATH on
6-month CRC screening rates. The participants were randomly
assigned with equal probability to receive within the mPATH
program either the CRC screening decision aid or the diet and
exercise video. A total sample size of 450 participants was
required to detect a 12% absolute difference in screening rates
between the two groups, with 80% power at the 5% two-sided
level of significance assuming a 20% screening rate in the
control group. The participants are still being followed for the
primary objective; in this paper we review the baseline data
associated with the usability of the mPATH program.
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The participants were classified as being a member of a
vulnerable population if they met the criteria described above.
Time spent completing the mPATH program was calculated in
minutes based on timestamps recorded by the iPad when the
program began and when it ended. Chi-square tests (or Fisher
exact tests) were used to assess the differences in
user-friendliness and the usability scale items between those
participants who were and were not classified as vulnerable.
Needing assistance was dichotomized as none versus some, and
chi-square tests were used to assess the association of this
measure with demographic variables, health literacy, and
technology use.
Logistic regression was used to determine whether being a
member of a vulnerable population was associated with needing
assistance after adjusting for other factors. Covariates included
age, gender, owning a cell phone, Internet use, and frequency
of texting. Separate logistic models included the components
used to define vulnerability. To create more parsimonious
models, we used a backward stepping algorithm removing any
covariate that was not significant at a level < .20. All analyses
were done using SAS, version 9.3 (SAS Institute, Inc); P values
< .05 were considered significant.

Results
Participant Demographic Characteristics
Between June 2014 and May 2016, we enrolled 450 participants,
all of whom completed the mPATH iPad program. Participant
demographics are displayed in Table 1. Over two-thirds of the
participants (305/450) were members of a vulnerable population;
36.9% had limited health literacy, 52.9% had annual incomes
< US $20,000, and 37.6% were black. Many participants had
not used the Internet in the last 30 days (36.0%), but 88.6%
owned a cell phone.
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Table 1. Sociodemographic and technology use characteristics of the participants enrolling in a colorectal cancer screening trial (N=450).
Characteristics

n (%)

Female

242 (53.8)

Age in years, median (range)

57 (50-74)

Member of vulnerable populationa

305 (67.8)

Limited health literacy

166 (36.9)

Annual household income < US $20,000 (n=437)

231 (52.9)

Black race

169 (37.6)

Own a cell phone (n=449)

398 (88.6)

Frequency of textingb
Daily or almost daily

219 (48.8)

3-5 days per week

33 (7.3)

1-2 days per week

41 (9.1)

1-2 times per month

23 (5.1)

Less than once per month

14 (3.1)

Never

120 (26.7)

Used the Internet in the last 30 days (n=445)

285 (64.0)

a

Vulnerable population=limited health literacy, annual income < US $20,000, or black race.

b

How often a participant sends or receives a text message.

Subjective Usability
The participants rated the overall user-friendliness of mPATH
highly. Over 97% of both vulnerable and nonvulnerable
participants rated the user-friendliness as “excellent” or “good”
(Table 2). Similarly, over 90% of the participants in both groups
moderately or strongly agreed with all three items of the System
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Usability Scale, although the percentage of participants who
strongly agreed to each question was significantly lower in the
vulnerable group (Table 2). Almost all participants from
vulnerable and nonvulnerable groups stated they preferred the
program over reading a brochure (97.7% and 95.2%,
respectively, P=.15).
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Table 2. Participant-rated usability of the mPATH mHealth program.
Usability rating

Number of participants

Vulnerablea participants,

Nonvulnerable participants,

n (%)

n (%)

305 (100)

145 (100)

P value

.08

Overall rating of user-friendliness
Excellent

241 (79.0)

128 (88.3)

Good

56 (18.4)

16 (11.0)

OK

7 (2.3)

1 (0.7)

Poor

0 (0)

0 (0)

Awful

1 (0.3)

0 (0)

System Usability Scale itemsb
The program was easy to use

.001

Strongly agree

153 (50.2)

99 (68.3)

Agree

139 (45.6)

44 (30.3)

Neutral or less

13 (4.3)

2 (0.7)

Most people would learn to use the program very quickly

.008

Strongly agree

137 (44.9)

82 (56.6)

Agree

152 (49.8)

62 (42.8)

Neutral or less

16 (5.2)

1 (0.7)

I felt very confident using the program

.009

Strongly agree

148 (48.5)

92 (63.4)

Agree

146 (47.9)

51 (35.2)

Neutral or less

11 (3.6)

2 (1.4)

Strongly agree to all three questions

118 (38.7)

76 (52.4)

.006

Agree to strongly agree to all three questions

277 (90.8)

140 (96.6)

.03

298 (97.7)

138 (95.2)

.15

Prefer program over a brochure
a

Vulnerable population = limited health literacy, annual income < US $20,000, or black race.

b

Each item is rated on a 5-point Likert-type scale ranging from strongly agree to strongly disagree.

Objective Usability
The mean (standard deviation) time to complete the mPATH
program was 22.8 (5.2) minutes for the CRC screening version
(which included a few more survey items and a longer video),
and 17.6 (4.6) minutes for the control version. Overall, adjusting
for arm, the vulnerable group averaged 3.9 (0.46) minutes longer
in completing the mPATH program (P<.001).
Only 6.9% (31/450) of the participants needed some assistance
to complete the program (3.3% required only one episode of
assistance, 2.0% required two or more episodes of assistance,
and 1.6% had a caregiver help them use the program). The main
reason that participants needed assistance was forgetting to
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touch the “Next” button to advance the program. A few
participants became confused when they kept their finger too
long on a phrase, which triggered the iPad to highlight the text.
We prevented future occurrences of this user error by disabling
the “copy and paste” native functionality of the iPad.
In unadjusted analyses, 9.5% (29/305) of vulnerable participants
needed some assistance compared with 1.4% (2/145) of
nonvulnerable participants (P<.01). Factors associated with
needing assistance to complete the program in bivariate analyses
included limited health literacy, low household income, older
age, and less technology use (Table 3). Race was not associated
with the need for assistance.
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Table 3. Proportion of participants completing the mPATH mHealth program without any assistance.
Characteristics

n values (N=450)

n (%)

P value
.004

Health literacy level
Limited

166

147 (88.6)

Normal

284

272 (95.8)
.02

Annual household income
< US $20,000

231

209 (90.5)

≥ US $20,000

206

198 (96.1)
.20

Race
Black

169

154 (91.1)

Nonblack

281

265 (94.3)
.002

Vulnerable populationa
Yes

305

276 (90.5)

No

145

143 (98.6)
.90

Gender
Male

208

194 (93.3)

Female

242

225 (93.0)
<.001

Age in years
≤57

235

229 (97.4)

>57

215

190 (88.4)
.006

Cell phone ownership
Yes

398

376 (94.5)

No

51

43 (84.3)
<.001

Text messaging frequency
≥3 days per week

252

248 (98.4)

<3 days per week

198

171 (86.4)
<.001

Internet use in past 30 days
Yes

285

279 (97.9)

No

160

136 (85.0)

a

Vulnerable population = limited health literacy, annual income < US $20,000, or black race.

In a multivariable logistic regression model, being a member
of a vulnerable population was no longer associated with
needing assistance (P=.11). As vulnerable population was not
significant, we looked at models that included the individual
components that defined it (race, health literacy, and income).
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None of these components were statistically significant; only
older age, less use of SMS text messaging, and lack of Internet
use remained associated with needing assistance in both the full
and reduced models (Table 4).
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Table 4. Odds of needing assistance to complete the mPATH mHealth program by sociodemographic factors.
Factors

Full model

P value

Reduced model

P value

OR (95% CI)

a

OR (95% CI)
Texting <3 days per week

3.74 (1.12-12.5)

.033

4.05 (1.26-13.0)

.02

No Internet use in the past 30 days

3.63 (1.19-11.1)

.024

4.09 (1.50-11.1)

.006

Age >57 years

3.69 (1.39-9.80)

.009

3.63 (1.42-9.31)

.007

No cell phone ownership

1.08 (0.41-2.87)

.877

-b

Limited health literacy

1.33 (0.57-3.10)

.515

-

Black race

1.19 (0.50-2.87)

.693

-

Annual income < US $20,000

1.01 (0.37-2.77)

.991

-

Male gender

0.93 (0.41-2.14)

.868

-

a

OR: Odds ratio.

b

Factor was removed from the reduced model by the backward stepping algorithm.

Discussion
Principal Findings
In this multisite study in which two-thirds of the participants
were members of a low SES group or an underrepresented
minority, over 90% of individuals were able to complete the
mPATH iPad program without any assistance. Similarly, the
participants rated ease-of-use very highly. In contrast, others
have found that members of vulnerable populations frequently
encounter difficulties in using Web-based or mHealth apps
[16,17,31,32]. In contrast to our mPATH program, many of
these apps require users to have advanced literacy, numeracy,
and computer skills [17,33-36].
Our program’s ease-of-use is likely due to it being specifically
designed for those with low health literacy and low computer
literacy. We purposefully created a simple interface that
displayed only one question per screen and used large response
buttons, similar to what would be found at an automated teller
machine or self-checkout kiosk. Likewise, we used simple
language and included audio narration to assist those with
literacy barriers. Other health apps with more complex
navigational designs, denser text, and sophisticated terminology
may explain the differences in usability observed.
Although low-income and low-literacy individuals were more
likely to need help using the mPATH program in unadjusted
analyses, this additional need for help disappeared after
controlling for age, Internet use, and frequency of sending or
receiving text messages. This indicates that older age and prior
experiences with technology are drivers of usability, which is
consistent with studies reporting that low-literacy and
low-income individuals are less likely to use the Internet or own
smartphones [7,37-39]. Relatedly, other studies have found that
prior computer or Internet experience is associated with greater
ease of use of health apps [33].
How age affects ease of use after accounting for differences in
prior experiences with technology is less clear. We did not assess
for the presence of health conditions that could affect usability,
such as visual impairment, mild cognitive impairment, or
conditions affecting dexterity. We also did not assess
http://mhealth.jmir.org/2017/4/e43/
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participants’ attitudes about technology, which could affect their
confidence in using the program. In particular, computer anxiety
may be a barrier for older adults [36,40,41]. Consequently,
differences in these health conditions or attitudes may be
responsible for the age-related differences in usability observed.
Although the participants with less technology experience were
more likely to need help using the mPATH app, approximately
six out of seven of these individuals were able to complete the
program with no help at all. When the participants did require
help, the most common reason for needing assistance was
forgetting to press the “Next” button to advance the program.
Simple changes to the design, such as highlighting the “Next”
button to draw attention to it, could provide additional cues and
increase usability further.
Although our results indicate that carefully designed mHealth
programs can be used by vulnerable populations, care should
be taken to ensure mHealth interventions do not increase health
disparities [42-45]. The participants used our program on devices
in the clinic setting. Cell phone ownership is consistent across
socioeconomic strata, but an income- and education-related
digital divide persists for smartphones and home broadband
Internet access [7,46]. If the program was instead administered
as a home app or on the Internet, low-income and low-literacy
individuals would have less access. Similarly, the small
differences in usability seen among older adults and those with
less prior technology experience highlight the importance of
ensuring apps are specifically designed for those who are
computer naïve. Asking patients about use of the Internet or
text messaging could be valuable screening questions for
predicting who may have difficulty navigating mHealth
programs.

Limitations
Our study has limitations. Whereas we tested our program in
several different clinic sites, we only included English-speaking
patients. We also did not assess patients for specific health
conditions that could impact usability (eg, vision impairment,
hearing loss, paresis); usability in specific subpopulations could
differ from what we observed. Finally, to decrease participant
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response burden, we included only a subset of items from the
System Usability Scale.

Future Work
Future studies should investigate which program features are
most important for usability, and whether mHealth interventions
can reduce health disparities. Results from our study examining
the impact of mPATH on receipt of CRC screening will be
forthcoming.

Miller Jr et al

Conclusions
In summary, we found that members of vulnerable populations
could successfully use an mHealth program designed for
individuals with limited literacy and technology skills. After
controlling for other factors, literacy level and income did not
predict usability. Race did not predict usability even in
unadjusted analyses. These results indicate that properly
designed mHealth interventions can reach broadly across
populations.
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Abstract
Background: Mobile health (mHealth) apps have shown to improve health indicators, but concerns remain about the inclusion
of populations from low- and medium-income countries (LMIC) in these new technologies. Atrial fibrillation (AF) is a chronic
condition with a challenging management. Previous studies have shown socioeconomic differences in the prescription of
anticoagulant treatment and shared decision strategies are encouraged to achieve better outcomes. mHealth can aid both doctors
and patients in this matter.
Objective: We describe the development of an mHealth app (aFib) idealized to aid shared decision between doctor and patient
about anticoagulation prophylaxis in AF in a low-income and low-literacy population in Brazil. On the basis of our research, we
suggest the processes to be followed when developing mHealth apps in this context.
Methods: A multidisciplinary team collected information about the target population and its needs and detected the best
opportunity to insert the app in their current health care. Literature about the subject was reviewed and important data were
selected to be delivered through good navigability, easy terminology, and friendly design. The app was evaluated in a multimethod
setting.
Results: The steps suggested to develop an mHealth app target to LMIC are: (1) characterize the problem and the target user,
(2) review the literature, (3) translate information to knowledge, (4) protect information, and (5) evaluate usability and efficacy.
Conclusions: We expect that these recommendations can guide the development of new mHealth apps in LMIC, on a scientific
basis.
(JMIR Mhealth Uhealth 2017;5(4):e41) doi:10.2196/mhealth.6510
KEYWORDS
mHealth; atrial fibrillation; low-income population

Introduction
Mobile device usage has increased dramatically over the years
and recent data has shown that 64% of adults in the United
States own a mobile phone. About 62% of mobile phone owners
have used their phones in the past year to look up information
http://mhealth.jmir.org/2017/4/e41/
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about a health condition [1], often using software programs, or
“apps” of mobile health (mHealth) [2]. In 2016, there were
around 3.2 billion of downloads of mHealth apps around the
globe [3]. Apps have shown to improve treatment adherence
[4] and risk factors control [2,5] for chronic diseases. However,
there are concerns about the proper inclusion of populations
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from low- and medium-income countries (LMIC) in this new
health care resource [2,6]. In Brazil, for instance, the current
number of mobile devices in use is around 168 million [7], but
most of these are basic phones with poor or no Internet access,
which let their users relegated to the sidelines of this technology.
One of the diseases that can have its management improved
with the help of mHealth is atrial fibrillation (AF), a common
arrhythmia largely associated with stroke risk [8].
Anticoagulation therapy reduces this risk [9], but it can be
challenging due to associated comorbidities and bleeding risk
[10]. Hence, it is paramount that decisions about AF treatment
be shared between health care providers and patients [11]. It is
recognized that there are socioeconomic differences in AF
treatment. Among different socioeconomic strata, those with
lower income were less frequently prescribed anticoagulants
[12].
mHealth apps targeted to low-resource settings must be
evidence-based, efficient, safe, and tailored to the users and
their needs. To achieve these goals and maintain usability,
special focus should be given to four specific themes: interface
design, feedback, navigation, and terminology [13]. However,
most of these recommendations are not followed and
systematically evaluated in a real-world setting before the
go-live phase [2,13].
In this paper, we describe the development of an mHealth app
idealized to aid shared decision about anticoagulation in AF in
a low-income and low-educational level population in Brazil.
On the basis of our research and results, we suggest processes
and recommendations to be followed when developing mHealth
apps adapted to use in LMIC.

Methods
aFib Study Overview
We developed an mHealth prototype, named aFib, targeted for
patients with AF and their doctors. The main purpose was to
facilitate shared decision on anticoagulation therapy during
clinical appointment.
Our study population comprised patients with AF followed at
the outpatient anticoagulation clinic of our institution. Instituto
de Cardiologia do Rio Grande do Sul is a hospital specialized
in treating heart diseases, supported by the Brazilian public
health system. Every month, around 700 patients with AF are
followed by the anticoagulation clinic and the majority of them
have low-income and low-educational level. Previous studies
showed that only half of these patients are adherent to therapy
or within the therapeutic range of international normalized ratio
(INR) [14,15], showing that existing strategies are not effective.

App Development Process
The aFib team comprised a cardiac electrophysiologist with
expertise in AF, a clinical cardiologist, a software developer,
and a designer. After a comprehensive literature review to
support all information provided by the app, we used the
behavioral intervention technology (BITs) model to ensure that
the development process was systematic and replicable [16].
Our process comprised the following steps:
http://mhealth.jmir.org/2017/4/e41/
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Establishing the clinical aims (WHY): (a) increase
knowledge about AF, stroke risk, bleeding risk, and
anticoagulants [17,18] and (b) promote a shared decision
about the therapy [19].
Selecting behavioral strategies to increase knowledge in
low-income populations and aid shared decision (HOW):
(a) education, (b) dialog with their doctors, and (c)
motivation enhancement.
Designing app elements to deliver selected behavioral
strategies (WHAT): (a) a 1.5-min long educational video
about how AF can cause stroke; (b) a one-screen-only
calculator for the two most recommended risk scores for
stroke and bleeding [11]; (c) a screen with pictograms for
a better understanding of the scores by poor literacy
patients; and (d) an short message service (SMS) system
to continue delivering information to users about their
disease and treatment.
Defining when and under what conditions the app will be
used (WHEN): as many of our patients have basic handsets
that can accommodate only voice and SMS text messaging,
our option was to provide this first mHealth interaction
during clinical consultation, using the physician’s mobile
device.

All information collected could be saved and reviewed later.
This was motivated by 3 reasons: (1) risk factors often change
over time, which means that risk stratification must be updated
and recalculated; (2) to allow a staff nurse to collect primary
data that could be expanded and modified during the physician’s
appointment, providing greater ease of adoption of the app in
the primary care setting; and (3) to enable data transfer to other
devices, since we expect that our target population will likely
migrate to mobile phones in the following years.
aFib app prototype was delivered in Portuguese. Terminology
was adapted to both patients and health professionals according
to whom the information was directed to. Language in the
educational video, in the pictograms, and in the summarized
information about medications was directed to low-literacy
patients, whereas language of the risk scores and leaflets was
directed to their caregivers. Graphic design was developed to
be clear and intuitive, with few but meaningful graphics and a
color code to highlight risks and benefits of the treatment. The
first version was designed to Android tablets with 10.1-inch
screen to improve reading since the majority of patients with
AF are elderly and may have vision impairment. Security and
privacy were assured through unique ID authentication, and
data transfer to central database was done using a Transport
Layer Security (TLS) with 128-bit encryption method. A privacy
policy was presented at the beginning of data collection with
appropriate information, purpose, and user rights. See
Multimedia Appendix 1 for main screens of aFib.
Three clinical cardiologists, 2 cardiac electrophysiologists, 1
medicine student, and 20 patients evaluated aFib in the pilot
phase and gave feedback about perceived ease of use, perceived
usefulness (two statements with a 5-point Likert scale),
relevancy of content, navigation, terminology, interactivity,
attractiveness, learnability (through a pre- and posttest
questionnaire about the disease and treatment), and conflict
about decision process (measured by a decisional conflict scale)
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[20]. Written informed consent was obtained from all
participants, and the Institutional Ethics Committee approved
the study.
After adjustments that were made based on these feedbacks,
aFib is being currently evaluated in a randomized clinical trial
with the target population described, with short- and long-term
outcomes previously established (improve knowledge, treatment
adherence, and maintenance of adequate levels of
anticoagulation and cost-effectiveness of this strategy).
The main challenges in the development process were (1) in
the app contents, to summarize information in a way that would
maximize knowledge acquisition and maintain patient’s
attention; (2) in the design, to minimize screens and to translate
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the percentages of risk in graphic information understandable
by low-literacy users; (3) in the technical area, to level the
knowledge of the development team in order to permit
brainstorming, that is, to provide the developer and the designer
with the medical information needed to understand the app
context and, at the same time, to provide physicians with the
technical information essential for structuring the app.

Results
Key Recommendations
On the basis of this experience, we created a short guide to the
development of mHealth apps (Figure 1), suitable for use in
other oncoming mHealth apps for use in LMIC.
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Figure 1. Processes and recommendations for creating mHealth apps for low-income populations, based on the aFib experience.

Characterize the Problem and the Target User
A solid project starts with understanding who the users are and
what problem do the app want to solve. If the subject in question
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is too broad, try to approach a key problematic aspect, like
knowledge gaps, difficult choices, or complex treatments.
An mHealth app may be directed to patients or their relatives,
health care professionals, or even to healthy people looking for
disease prevention. It is important to understand not only the
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socioeconomic background and educational level of the target
population, but also their desires and doubts. What is their most
pressing issue? Where do they get their information? What
benefit of the app will help solve their problem? All these
questions must be answered in order to develop a user-centered
mHealth app. It is important to think also about the Internet
connectivity and multimedia capability of the device in which
the app will be accessed. In the United States, low-income
groups are now using mobile phones as their primary method
for Internet access [21]. In other countries, it might be desirable
that the content can be downloaded to be accessed offline.
Usability has to be planned foreseeing the worst scenario.

Review the Literature
Citizens from LMIC can have inconsistent access to their health
systems, and an mHealth app can be a great opportunity to reach
these populations. Thus, it should provide the best available
evidence about the problem: guidelines, meta-analysis,
systematic reviews, and randomized clinical trials will be the
most helpful, with preference to local guidelines. Identify risk
scores, outcomes, and the core information to be delivered. The
references should be provided in order to aid users to make their
own judgment on its reliability.
Ascertain the prevalence, incidence, and other important
measures of impact, effect, and association of the problem in
the target population. This would help to justify the app contents
and/or interventions and establish outcomes.
If the subject had been addressed before by other apps, then
identify which knowledge gaps are still blank and how to fill
local population needs.

Translate Information to Knowledge
Once the problem has been defined globally and the content is
evidence-based, the main challenge is to transform a huge
amount of data in best quality and well-presented information,
tailored to the user. Low literacy can be a barrier to the adoption
of usual solutions. The 4 topics that should be kept in mind to
better achieve the goal of transmitting knowledge are discussed
below.

Build Easy Navigation
This refers to the way a user navigates throughout the app to
complete tasks. If it is expected that the app will be used in a
context of frequent interruptions, multitasking, and increased
cognitive load, bad navigation may result in errors of attention
and attribution [22]. Icons, tab views, and buttons should be
easily recognizable [13]. It is possible to reduce cognitive load
by creating steps, unifying scores, and gathering information
to optimize time and minimize the number of screen switching.
Screen size must also be taken into account since the smaller
screen of a mobile phone will need more screen switches
compared with the larger screen of a tablet.

Stick to the Main Points
There are several ways to reduce the amount of information,
but any such reduction is also limited by the potential loss of
critical information [22]. Main information must be highlighted,
but the app should provide ways to access more complete
references (eg, through hyperlinks or information buttons).
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Although an app is a pull technology, additional reinforcement
can be achieved by employing push technology like SMS. Push
and pull technology is widely used in LMIC; some examples
are the improvement of early infant diagnosis of human
immunodeficiency virus (HIV) in Zambia [23] and health
education through messages in Benin, Malawi, and Uganda
[24]. Personalized messages are seen as the most easily
implemented and most effective strategy in changing patient
behavior [3].

Invest in Interface Design
This theme refers to the design and layout, including
consistency, location of icons, functions on each screen, font,
color, density, placement, and images [13]. People learn better
from visual information [25]. In a low-literacy scenario, cartoons
can be used to simplify the message. The right images can
improve comprehension, trigger emotions, and stick in long-term
memory, but the incorrect use can deter instructiveness. mHealth
users’ main complaints about app design are related to visibility
(as well as small screen space), hard to read fonts, lack of color
coding, and poor graphic displays [26]. An effective visual
communication include (1) appropriate and legible typography,
(2) use of no more than five colors in the layout, (3) simple,
easy to understand, and universal iconography, (4) spare use of
callouts to highlight only key information, (5) significant
negative space between messages, (6) use of illustration only
if it enhances the content, and (7) maintain a logical hierarchy
of the contents [27].

Adapt the Terminology
Terminology reflects the user’s ability to identify with and
understand the language used within the app [13]. Linguistic
and cultural customization of health-related contents improve
the involvement of low-income populations and the first step
of this process is related to the first recommendation of this
tutorial, that is, to characterize the target user [28]. Apps aimed
at poor literacy populations must adopt health vocabulary that
they use routinely. It can also be useful if the correct terminology
is mentioned, between parentheses, for example, for learning
purposes. Consultants that represent the target user’s population
should revise all contents in the pilot evaluation. Important
questions that can be asked are (1) What was the main idea? (2)
Was it easy to read or understand? (3) Would you change any
term to improve understanding?

Protect Information
Security and privacy in mHealth apps is a vast subject, and laws
regulating these aspects vary widely between countries. A recent
review addressed this issue and suggested minimum
requirements for developers [29], summarized here:
•
•
•
•

The user should be able to control access to their personal
health information (PHI) at any moment.
Authentication must be done with a unique ID.
Use advanced encryption standard (AES) to encrypt PHI,
with a cryptographic key of at least 128 bits.
Before PHI is collected, present a privacy policy with all
appropriate information, including data retention, purpose,
and user rights.
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•
•
•

Data transfer should be done with TLS with 128-bit
encryption methods or virtual private networks (VPNs).
Cryptographic methods must be used in securing the body
sensor networks for authentication and key distribution.
In case of a PHI breach, the competent authority and the
affected user must be notified as soon as possible (1-3 days)
and possible consequences must be relieved.

We strongly recommend a comprehensive review of the laws
from the country for which the app is being developed since
these minimum requirements can be insufficient in some cases.
A built-in medical-legal disclaimer with the terms of use
agreement is of special interest if the app is widely available
for download by doctors and patients, to help clarify the
publisher’s responsibilities and thereby reduce the legal risks
associated with the use.

Evaluate Usability and Efficacy
Recent studies about mHealth usability suggest the use of a
multimethod approach and standardized methods and tools in
mHealth evaluations, which can result in a more comprehensive
identification of usability issues, more specific redesign
recommendations, and better reproducibility of results across
studies. For users, improved mHealth design and usability could
result in improved interactions, greater use of mHealth apps,
and perhaps even increased adherence to suggested interventions
and therapeutic [30].
To date, there is a paucity of published studies on the efficacy
of mobile phone apps for health promotion in low-income
populations. More research and evaluation is necessary about
both internal and external validity and sustained health outcomes
[31].
Internal validity of mHealth apps for low-income populations
can be threatened by selection bias (eg, participants with
sociocultural characteristics that do not represent the target
population), instrument changes (eg, version updates of the
app), regression toward the mean (eg, in knowledge evaluation
of low-literacy participants), between other factors. To improve
and standardize evaluation reports of mHealth interventions, a
validated framework like CONSORT-EHEALTH [32] or
RE-AIM [33] is recommended. The following are the steps that
can be followed to validate an app.

Make a Pilot
For formative usability tests, 5-8 users are able to detect 80-85%
of usability problems [34]. A pilot study of the app is imperative
to adjust design and navigability based on user-centered data.

Test for Short-Term Outcomes
First real-world trial of the app should analyze short-term
outcomes, such as knowledge increase, user satisfaction,
behavioral changes, and improvements in validated tests, scores,
or modifiable risk factors.

Test for Long-Term Outcomes
If the proposed new health care tool can act positively on factors
mentioned above, it could possibly improve long-term outcomes
as well. The ideal scenario is to test the mHealth app in a
randomized trial with preestablished clinical outcomes, and to
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evaluate cost-effectiveness when compared with existing
strategies. Burke et al [2], on its recent review about current
science on mHealth, have proposed some interesting questions
that future mHealth apps will have to answer: Does the product
work best when used in certain settings or among specific patient
groups? Does the app potentiate impact when it is combined
with other traditional interventions? In what cases can the
findings be generalized among similar technologies in the class?
Are the effects seen durable? Are there any unintended
consequences associated with the device and program in which
it is used? [2] We need to embrace the challenge of producing
this needed evidence.

Provide Feedback Options
After go-live phase, it is important that users can continue
evaluating all of the aforementioned aspects. All app stores have
this option, but users can be stimulated to give their opinions
and a customer service should be organized to answer main
doubts.

Discussion
Principal Findings
Achieving success in health prevention and treatment in LMIC
is challenging and require approaches and tools that (1) have
proven clinical benefit, (2) can be scaled to reach a global
population and (3) are affordable. Mobile technologies provide
a potential platform to facilitate these needs [35].
mHealth is empowering individuals to assume a more active
role in monitoring and managing their chronic conditions and
therapeutic regimens, as well as their health and wellness [2].
But, this new health tool needs to be adapted to local language
and reality [6].
This tutorial was based on the experience acquired while
developing the app “aFib,” and describes processes and
recommendations to aid developers who are interested in
creating or adapting mHealth apps to low-income populations.
A problem-targeted and user-centered strategy appears to be a
logical trend to the development of these apps. A comprehensive
review of literature must be the base of the project. The best
efforts should be made to translate information to knowledge
and it should be kept in mind that good navigability,
terminology, and interface design can help on this task.
Protection of user information is essential, and local laws on
the matter should be studied beforehand. Usability and efficacy
must always be evaluated in a variety of scenarios.
This tutorial has several limitations. First, the literature about
mHealth is increasing quickly and new models are being tested
every day to improve the development process, which can soon
overwhelm the models we used here. Second, it is likely that a
single experience cannot provide insight about every step of
this process. Third, other diseases or conditions can present with
different challenges related to low-income populations. Finally,
the characteristics of low-income populations vary widely
between countries, with cultural and social differences that may
need distinct adaptations.
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Despite these limitations, we believe that it can encourage the
development and evaluation of mHealth apps in LMIC. mHealth
is a low-cost strategy and appear to be an appreciated,
easy-to-use, and promising aid to improve knowledge and
engage individuals from LMIC in the management of their
illness, supporting healthy behavior change and potentially
improving population health.

Stephan et al

Conclusions
As mobile technologies become increasingly ubiquitous, apps
adapted to local use in low-income populations are needed. This
tutorial expects to stimulate the development of mHealth apps
for low-income populations, on a scientific base. Future work
should address other possible ways to reach this special group
and the extent to which this new health resource will affect their
health care.
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Abstract
Background: Mood disorders are dynamic disorders characterized by multimodal symptoms. Clinical assessment of symptoms
is currently limited to relatively sparse, routine clinic visits, requiring retrospective recollection of symptoms present in the weeks
preceding the visit. Novel advances in mobile tools now support ecological momentary assessment of mood, conducted frequently
using mobile devices, outside the clinical setting. Such mood assessment may help circumvent problems associated with infrequent
reporting and better characterize the dynamic presentation of mood symptoms, informing the delivery of novel treatment options.
Objectives: The aim of our study was to validate the Immediate Mood Scaler (IMS), a newly developed, iPad-deliverable
22-item self-report tool designed to capture current mood states.
Methods: A total of 110 individuals completed standardized questionnaires (Patient Health Questionnaire, 9-item [PHQ-9];
generalized anxiety disorder, 7-Item [GAD-7]; and rumination scale) and IMS at baseline. Of the total, 56 completed at least one
additional session of IMS, and 17 completed one additional administration of PHQ-9 and GAD-7. We conducted exploratory
Principal Axis Factor Analysis to assess dimensionality of IMS, and computed zero-order correlations to investigate associations
between IMS and standardized scales. Linear Mixed Model (LMM) was used to assess IMS stability across time and to test
predictability of PHQ-9 and GAD-7 score by IMS.
Results: Strong correlations were found between standard mood scales and the IMS at baseline (r=.57-.59, P<.001). A factor
analysis revealed a 12-item IMS (“IMS-12”) with two factors: a “depression” factor and an “anxiety” factor. IMS-12 depression
subscale was more strongly correlated with PHQ-9 than with GAD-7 (z=1.88, P=.03), but the reverse pattern was not found for
IMS-12 anxiety subscale. IMS-12 showed less stability over time compared with PHQ-9 and GAD-7 (.65 vs .91), potentially
reflecting more sensitivity to mood dynamics. In addition, IMS-12 ratings indicated that individuals with mild to moderate
depression had greater mood fluctuations compared with individuals with severe depression (.42 vs .79; P=.04). Finally, IMS-12
significantly contributed to the prediction of subsequent PHQ-9 (beta=1.03, P=.02) and GAD-7 scores (beta =.93, P=.01).
Conclusions: Collectively, these data suggest that the 12-item IMS (IMS-12) is a valid tool to assess momentary mood symptoms
related to anxiety and depression. Although IMS-12 shows good correlation with standardized scales, it further captures mood
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fluctuations better and significantly adds to the prediction of the scales. Results are discussed in the context of providing continuous
symptom quantification that may inform novel treatment options and support personalized treatment plans.
(JMIR Mhealth Uhealth 2017;5(4):e44) doi:10.2196/mhealth.6544
KEYWORDS
mood disorders; mobile; ecological momentary assessment; depression; anxiety

Introduction
Mood disorders such as anxiety and depression afflict a
significant portion of the population and pose a huge burden in
total disability-adjusted years among midlife adults [1-5]. Mood
disorders are often dynamic disorders, with symptoms showing
high interpatient variability, as well as high intrapatient changes
over time. However, our ability to accurately characterize
day-to-day variation in these symptoms is limited by current
standard of care, which is composed primarily of retrospective
self-reports and subjective clinical impression, often during
infrequent clinical visits [6-10]. Thus, despite their clinical
significance, most symptoms are not continuously tracked
outside the clinical setting or between treatment sessions [11].
Monitoring patients more frequently outside of the clinical
setting, in “the real world” may improve clinical care and help
facilitate timely interventions. First, capturing the relationship
between mood dynamics and disease profile may pave the way
for a better understanding and classification of disease and allow
for improved accuracy of diagnosis and personalization of
treatment [12,13]. Several recent studies have shown the clinical
significance of temporal fluctuations in mood symptoms, noting
the dynamic nature of mood characteristics that often go
unreported, and the lost potential to better guide treatment
planning [9,14-17]. Specifically, variations in positive and
negative affect have been linked to the current level of
depression, and increased variability in mood ratings predicted
future depressive episodes [18-22]. However, there is an ongoing
debate as to how mood fluctuations and variability in mood
symptoms over time are associated with the severity of disease
at onset (see [21] for a recent review), which may be resolved
by data collected through consistent mood tracking that should
provide better disease classification and ultimately improved
personalized diagnosis and treatment.
Second, mobile mood tracking may help eliminate the potential
reporting bias which arises when patients are required to
retrospectively recall and rate symptoms, often of a distressing
nature, that occurred over the past weeks or months [23,24].
Such mood reporting, particularly among those experiencing
mood disruptions, is known to be associated with a large number
of recall biases and erroneous judgments [25-29], such as
“reconstruction” of memories [30,31] or excessive reliance on
cognitive heuristics [32,33]. It has further been shown that mood
reporting at the time of recall can also bias memory, making
mood-congruent information more prone to be reported [34].
Finally, individuals suffering from mood disorder have been
shown to have cognitive limitations, such as working memory
deficits, which may obscure the utility of such reporting [35-41].
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Third, identification of environmental factors relevant to mood
symptoms and intervention can lead to personalized and more
effective care. In addition to inaccurately captured mood
fluctuations and potential biases, standard assessment in the
clinic, rather than in the individual’s natural ecologically relevant
settings, is likely to significantly limit the ability to assess true
mood state. Assessing a person’s mood in their everyday
settings, with further understanding of typical scenarios that
influence mood state, may provide better and more complete
avenues for treatment, more easily incorporated into day-to-day
activities. The fact that more than 75% of patients suffer a
depressive episode again within 2 years of treatment [42], which
has been partly accounted for by poor continuity of care, further
necessitates immediate mood tracking, performed under more
ecologically valid conditions and outside of standard care.
Recent advances in mobile “smart” technologies may now
facilitate remote tracking and monitoring of patients with mood
disorders in their natural environment, and may thus help
overcome barriers to treatment success and reporting biases,
and ensure better continuity of care [8-10,14,43-45]. As patients
with mood disorders are increasingly using mobile technology
[10], mobile mood apps offer a convenient ecological
momentary assessment mechanism to capture patients’ status
in real time [8]. Approaches to ecological momentary mood
assessment in psychiatric patients have received some research
support in studies showing feasibility of use in depression
screening using a mobile phone app [7,12,13,17,46], and in
patients’ capability to fill out questionnaires for quantitative
data entry [6,47,48]. Similar results were reported by Torous et
al [49], who used a mobile phone app to administer a subset of
PHQ-9 questions to capture depressive symptoms in psychiatric
outpatients. Others [16,50,51] have also examined the feasibility
of daily or weekly short message service (SMS)–based mood
ratings and found these ratings to be a valid monitoring strategy
for depressed participants. Such studies provide initial promising
evidence for the utility of remote momentary assessments, and
additional evidence is required in order to better establish the
usability of such tools. Notably, although data from some of
these studies suggest that daily mood reporting may provide
more accurate indicator of longitudinal symptoms [16,47],
further understanding of the nature of mood fluctuations
captured on a mobile device in ecologically valid setting is
necessary and would potentially provide a powerful tool to
inform treatment in patients with mood disorders.
This study was designed to assess the utility of a novel mobile
mood tracking scale, the Immediate Mood Scaler (IMS), a quick
22-item scale which asks participants to rate mood-related
constructs in the moment. IMS was delivered along with
standardized mood-related questionnaires within a single mobile
app (the Mobile Mood Tracker), thus allowing us to evaluate
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its efficacy for accurately characterizing the current level of
depression or anxiety (ie, mood) outside the clinic. We further
aimed to assess the dynamic range of mood ratings over time,
and test the hypothesis that the variability of mood ratings
provides additional information in predicting levels of
depression and anxiety [52].

Methods
Recruitment and Enrollment
A convenience sample of 110 participants was included in the
study and completed the assessments using iPads (see details
below). Participants were recruited from three sites: 75
participants were patients at the Epilepsy Monitoring Unit
(EMU) of the University of California, San Francisco (UCSF)
Medical Center, 24 participants were recruited through the
University of California, Berkeley (UCB) Department of
Psychology, and 11 participants were recruited through Posit
Science (PSC).
Participants at UCSF EMU were recruited as part of broader
efforts to examine daily mood fluctuations, while participants
were hospitalized for seizure monitoring and probing neural
correlates with electroencephalography (EEG) and
electrocorticography (ECoG) [53]. These participants were
enrolled in the study during their stay at the EMU. UCB
participants were recruited through the Research Participant
Pool and received course credit for completing the study. PSC
participants were recruited through Web-based ads. UCSF EMU
patients were consented for research studies, including mood
assessment with the app, on a study-provided mini iPad. UCB
and PSC participants gave written informed consent before
using the app. The study was run under the institutional review
board (IRB) approvals from UCSF, UCB, and Western IRB.
Participants were not paid for their participation in the study.
Note that although we have two separate subgroups in our
sample (considering the PSC and UCB samples to be similar),
and that we estimated that they would be quantitatively
independent groups per intraclass correlations (ICC), random
coefficient models suggested that the cohorts did not observe
different associations between variables. Thus, because the
correlations between variables were similar across groups, we
decided to treat the group as one sample in the analysis.

Study Procedures
Following informed consent, participants were given an iPad
mini (Model # A1454, iPad mini WiFi 16GB; Apple, Inc) and
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were asked to log in to PSC’s Mobile Mood Tracker app with
a unique password-protected login to complete the tasks (Figure
1). UCSF EMU participants completed the procedure during
their hospitalization (in clinic) and UCB or PSC participants
completed it in the lab at UC Berkeley or at the PSC offices in
San Francisco. Data were saved on a password-protected Health
Insurance
Portability
and
Accountability Act
(HIPAA)–compliant server, accessible to study investigators
only through a Web browser. Study participants completed at
least one session (with a variable number of assessments
completed, see below). To obtain repeated-use data, 56 of the
participants (all EMU patients) agreed to repeat IMS
administration at least one more time. Of them, 17 participants
also repeated the PHQ-9 and GAD-7 questionnaires a second
time. Below is the list of mobile assessments completed by
study participants:

Immediate Mood Scale (IMS)
A novel 22-item measure developed to assess dynamic
components of mood. Participants were asked to rate their
current mood state on a continuum using 7-point Likert scales
(eg, happy-sad, distracted-focused, sleepy-alert, fearful-fearless.
For each item, an integer score between 1 and 7 was derived.
The total score for this scale is the sum of the scores on all 22
items. To make this scale in-line with the scores derived from
the PHQ-9 measure, we then inverted the total score received,
such that higher scores reflect more negative mood states.
Baseline IMS data were obtained from all 110 participants. A
complete list of the 22 IMS items can be found in Multimedia
Appendix 1 and a video demo of the IMS can be found in
Multimedia Appendix 2.

Patient Health Questionnaire, 9-Item (PHQ-9)
A standardized, validated 9-item self-report questionnaire used
to assess DSM-V-TR [55] symptoms of depression experienced
in the 2 weeks preceding administration in adults [54]. We used
this measure to classify participants into the following
categories, per PHQ-9 cut-off scores (total scores range from 0
to 27): minimal depression (0-4), mild depression (5-9),
moderate depression (10-14), moderately severe depression
(15-19), and severe depression (20 and over). Baseline PHQ-9
data were obtained from all the 110 participants. PHQ-9 is the
most commonly administered self-report tool for depression,
has good diagnostic and psychometric properties, and has been
shown to be valid across numerous modes of administration
[56].

JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e44 | p.25
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

Nahum et al

Figure 1. Posit Science’s mobile mood tracker app. Left: the app’s intro screen on the iPad. The user clicks on any tile to start the assessment. Right:
single example items from PHQ-9, GAD-7, Rumination, and IMS are shown. PHQ-9: patient health questionnaire, 9-item. GAD-7: generalized anxiety
disorder, 7-item. IMS: Immediate Mood Scaler.

Generalized Anxiety Disorder, 7-Item (GAD-7)
A standardized, validated 7-item self-report questionnaire used
to assess symptoms of anxiety experienced in the 2 weeks
preceding administration [57]. We used this measure to classify
participants in the following categories, per GAD-7 cut-off
scores (total scores range from 0 to 21): minimal anxiety (0-4),
mild anxiety (5-9), moderate anxiety (10-14), and severe anxiety
(15 and over). Baseline GAD-7 data were obtained from 93 of
the 110 participants (84.5%) since this scale was added at a later
stage. GAD-7 has good reliability and validity metrics.

Ruminative Responses Scale (Rumination)
A standardized, validated 22-item self-report questionnaire used
to assess level of rumination experienced in the 2 weeks
preceding administration [58]. As this scale was added to app
at a later stage of the study, baseline rumination data were
obtained from only 64 of the 110 participants (58.1%).

Data Analysis
All statistical analyses were conducted using Stata (StataCorp
LP). Sample demographics (age and gender) were analyzed
using descriptive statistics, and were compared using
independent sample t tests with the Welch-Satterthwaite
correction (age) and with Pearson chi-square test (gender).
To examine relationship between IMS and standard scales
(PHQ-9, GAD-7, rumination) at baseline, we computed
zero-order correlations using Pearson r to investigate possible
associations between PHQ-9, GAD-7, rumination, and IMS.
The difference between correlations was examined using the
test for comparing elements of a correlation matrix [59], using
a Web-based tool [60].
To perform dimensionality reduction and factor analysis of IMS,
we conducted an exploratory principal axis factor analysis with
Promax rotation on all items comprising the IMS, with the global
item removed. We used parallel analysis [61] with 1000
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simulations of the raw data to identify the number of factors to
retain, and considered factors present if they exceeded the
simulated eigenvalue. Internal consistency of the solution was
tested using Cronbach’s alpha.
To test stability of the total IMS score and subscales across time
(repeated observations), we used a linear mixed model (LMM
[62]) which allows for repeated observations and tolerates
missing data, a common occurrence in repeated-measures
designs. Stability was estimated using ICC.
Finally, to test predictability of PHQ-9 and GAD-7 scores by
IMS, we conducted an exploratory analysis on the subset of
participants that had multiple data points for these scales using
LMMs. Due to the small sample size, we used restricted
maximum likelihood estimation and applied Satterthwaite
degrees of freedom to provide a more conservative test of
significance. Predictors in these models were standardized before
analysis to facilitate interpretation of the coefficients.

Results
Characterization of Study Sample
Participants’ age range was 18-63 years old (average: 34 years,
SD 11.8). Of the 110 participants, 64 (58.1%) were female, 32
were classified as having minimal or no depression (PHQ-9
scores of 0-4; mean age 31, SD 11.8), 28 with mild depression
(PHQ-9 scores of 5-9; mean age 30, SD 8.3), 27 with moderate
depression (PHQ-9 scores of 10-14; mean age 37.3, SD 13.5),
12 with moderately severe depression (PHQ-9 scores of 15-19;
mean age 36.2, SD 10.6), and 11 with severe depression (PHQ-9
scores of 20-27; mean age 46.8, SD 6.9). The study sample is
depicted in Multimedia Appendix 3 and in Figure 2.
Comparing the two participant groups in our sample (UCSF,
and UCB or PSC samples) showed that the two groups differed
significantly in age (t54=4.3, P<.001), but not in PHQ-9 (t67=1.8,
P=.07) or in gender (χ22=.5, P=.76).
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Figure 2. (A) PHQ-9 (red bars) and GAD-7 (blue bars) score distribution. Since the GAD-7 scale only has 4 categories and PHQ-9 has 5 categories,
we have included PHQ-9 scores of moderately severe to severe in the “Mod to Severe” category. (B) PHQ-9 individual score correlation with the GAD-7
scale. (C) Correlation between PHQ-9 (red) and GAD-7 (blue) scales and the rumination scale. (D) Correlation between PHQ-9 (red) and GAD-7 (blue)
scores with the full IMS score. PHQ-9: patient health questionnaire, 9-item. GAD-7: generalized anxiety disorder, 7-item. IMS: Immediate Mood Scaler.

Correlation Between Measures at Baseline
We examined the correlation between PHQ-9, GAD-7, and
rumination scale, as well as the correlation between these scales
and IMS. As expected, the standardized depression scale
(PHQ-9) was highly correlated with the standardized anxiety
scale (GAD-7; r=.78, P<.001; Figure 2), pointing to the frequent
comorbidity of depression and anxiety. Furthermore, the PHQ-9
and GAD-7 were both highly correlated with the rumination
scale (r=.69 and .70, P<.001 for PHQ-9 and GAD-7,
respectively; Figure 2). The IMS total score was highly
correlated with PHQ-9 (r=.59, P<.001; n=110) and with GAD-7
(r=.57, P<.001; n=93) scales (Figure 2), as well as with
rumination scale (r=.57, P<.001; n=64; data not shown).

Dimensionality Reduction and Factor Analysis for the
Immediate Mood Scaler (IMS)
To assess factorial validity and to identify which items needed
to be removed from the IMS to provide briefer assessment, we
conducted an exploratory principal axis factor analysis. Although
our sample size was not ideal for a factor analysis (N=110), the
Kaiser-Meyer-Olkin (KMO) [63] measure of sampling adequacy
(.91) and Bartlett Test of Sphericity [64] (χ2231=1560.35,
P<.001) indicated that a factor analysis was appropriate for the
data. We first identified the number of factors to retain through
parallel analysis [61] on the raw data with 1000 simulations. A
factor was considered present if it exceeded the simulated
eigenvalue. This procedure resulted in three underlying factors,
which were applied to the data (see Multimedia Appendix 4).
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Due to the high comorbidity between anxiety and depression,
we used an oblique (Promax) rotation to allow the factors to
correlate. Because our goal was to first reduce the number of
items in the IMS, we examined the pattern matrix and removed
items with low loadings (<.40) or items that loaded on more
than one factor. We then subjected the remaining 16 items to
the same process as outlined above. This resulted in the same
3-factor solution with a depression subscale, an anxiety subscale,
and another, weaker 3-item subscale (q5, q6, and q7) which
represented energy level. Because our aim was to identify a
brief but reliable instrument, we removed the 3-item energy
subscale. This resulted in a clear 2-factor solution with excellent
internal consistency for the total scale (Cronbach’s alpha=.93)
and for the subscales (Cronbach’s alpha=.90 and .93 for
depression and anxiety, respectively). This brief 12-item
measure (IMS-12) has a near-perfect correlation with the full
22-item IMS scale (r=.97, P<.001), indicating inconsequential
information loss.
The IMS-12 factor analysis results are summarized in Table 1.
Items q3, q8, q9, q10, q11, q12, and q16 load between .64 and
.83 on factor 1, which seems to capture depressive states (eg,
apathetic vs motivated, pessimistic vs optimistic). Items q18-q22
load between .73 and .84 on factor 2, which captures anxiety
(eg, worried vs untroubled, anxious vs peaceful).
Following this exploratory analysis, we derived 3 metrics: (1)
IMS-12 total score (the sum of the 12 IMS items), (2) IMS-12
depression subscale (a sum of the items loading on factor 1),
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e44 | p.27
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and (3) an IMS-12 anxiety subscale (a sum of the items loading

on factor 2).

Table 1. Factor analysis pattern matrix for IMS-12 items.
IMS item

Factor 1 Depression

Factor 2 Anxiety

q3

Worthless

Valuable

.64 a

.13

q8

Pessimistic

Optimistic

.69

−.06

q9

Apathetic

Motivated

.75

.20

q10

Guilty

Proud

.69

.24

q11

Numb

Interested

.83

−.01

q12

Withdrawn

Welcoming

.71

.16

q16

Hopeless

Hopeful

.71

−.15

q18

Tense

Relaxed

.03

.83

q19

Worried

Untroubled

.03

.83

q20

Fearful

Fearless

.17

.73

q21

Anxious

Peaceful

.09

.84

q22

Restless

Calm

.01

.81

a

Values are denoted in italics for the factor they loaded more for.

Figure 3. Correlations between IMS-12 and standardized scales. Correlations between IMS-12 total (left, gray), IMS-12 depression (middle, red), and
IMS-12 anxiety (right, blue) with PHQ-9 (A; top row), GAD-7 (B; middle row), and rumination (C; bottom row) scales. Pearson r values and number
of subjects are shown for each graph. PHQ-9: patient health questionnaire, 9-item. GAD-7: generalized anxiety disorder, 7-item. IMS: Immediate Mood
Scaler.

Relation Between Baseline IMS-12 and Baseline Levels
of Depression and Anxiety
We next examined whether IMS subscales were correlated with
the PHQ-9 and GAD-7 scales. Correlation results are shown in
Figure 3 and in Multimedia Appendix 5. The IMS-12, similarly
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to the full 22-item scale, was highly correlated with PHQ-9
(r=.59, n=110, P<.001) and GAD-7 (r=.54, n=93, P<.001) and
rumination (r=.59, n=64, P<.001) scales, proving that the same
correlation is maintained even with a scale featuring a subset
of the items (left panels of Figure 3). Of note, we found similar
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correlations between IMS-16 (with 3 factors) and PHQ-9 and
GAD-7 (data not shown).
Similarly, strong correlations were found for IMS-12 depression
subscale, which was highly correlated with the PHQ-9 (r=.57,
n=110, P<.001), with GAD-7 (r=.46, n=93, P<.001) and with
rumination (r=.53, n=64, P<.001). Similarly, the IMS-12 anxiety
subscale was highly correlated with PHQ-9 (r=.49, n=110,
P<.001), GAD-7 (r=.51, n=93, P<.001) and with rumination
(r=.53, n=64, P<.001). Because we hypothesized that IMS-12
depression would have a stronger correlation with the PHQ-9
than with the GAD-7, we tested for the difference in correlations
using a one-tailed test of significance. Indeed, the correlation
between IMS-12 depression and PHQ-9 was stronger than that
of IMS-12 depression and GAD-7 (z=1.88, P=.03; using Steiger
test). However, the correlation between IMS-12 anxiety and
GAD-7 was as strong as the correlation between IMS-12 and
PHQ-9.

Time to Administer Scales
Given our goals of producing an efficient measure of mood, we
calculated the average time required to complete each of the
assessments. On average, it took participants 12.65 s (SD 8) to
complete a PHQ-9 item, 8.35 s (SD 4.8) to complete a GAD-7

Nahum et al
item and 6.54 s (SD 3.4) to complete an IMS item. An analysis
of variance (ANOVA) with Greenhouse-Geisser correction
confirmed that the time to complete an IMS item was
significantly shorter than the other scales (n=107; F1.29,137=77.7,
P<.001).
We further derived the average time it should take to complete
the entire scale: PHQ-9 takes, on average, 113.9 s (SD 73.7) to
complete, GAD-7 takes 59.5 s (SD 33.5), and IMS-12 takes, on
average, 78.4 s (SD 63.8) to complete.

Analyses of Repeated Administration of IMS
A total of 56 participants completed two or more sessions during
the course of the study, and had IMS data for all repeated
sessions they completed. Participants had a variable number of
data points, ranging from 2 to 49 (Figure 4), with most
participants having 2 or 3 data points of IMS collected (mean
6.5, SD 7.5; median 4). Most data points were collected on the
same day, but some were collected on different days (see Figure
4). Number of data points collected did not correlate with
severity of symptoms by baseline PHQ-9 (r=.18, P=.19; Figure
4) or GAD-7 scores (r=.01, P=.93). Out of those 56 participants,
17 also repeated PHQ-9 and GAD-7 a second time.

Figure 4. Repeated IMS data frequency. IMS data was collected within days and across days for 56 participants. (A) A histogram showing the total
number of sessions completed by participants. (B) Number of sessions completed on the same day (multiple sessions for participants). (C) A histogram
showing the unique days of IMS assessments completed by participants. (D) Total number of sessions completed as a function of baseline PHQ-9 score
(r=.18, P=.18). PHQ-9: patient health questionnaire, 9-item. IMS: Immediate Mood Scaler.

Stability of IMS-12 Scores Across Time and for
Different Levels of Depression
We examined the stability of the IMS-12 and its subscales, as
well as its ability to predict PHQ-9 and GAD-7 scores
administered the second time through the use of LMMs and
ICC, taking the maximal number of repeated measures per
http://mhealth.jmir.org/2017/4/e44/
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participant. ICC revealed high test stability for both the PHQ-9
and GAD-7 (ICC=.91 for both) and lower test stability for the
IMS-12 (ICC=.65), with similar stability for the depression
(ICC=.60) and anxiety (ICC=.61) subscales.
To test the hypothesis that participants with mild to moderate
depression levels have greater variability in their mood
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compared with participants with minimal or severe depression
levels, we further examined IMS-12 ICC for different depression
levels. Results are summarized in Table 2. Tests for the
differences in ICC revealed that individuals with severe
depression (PHQ-9 scores of moderately severe to severe) had
significantly more consistent mood by the IMS-12 (ie, less

fluctuations; ICC=.79) than individuals with mild to moderate
depression (ICC=.42; z=2.03, P=.04). Despite a trend for more
consistent mood in individuals with minimal depression than
those with mild to moderate, there were no other significant
differences between groups; however, this may be due in part
to sample size.

Table 2. IMS-12 intraclass correlations.
Depression level

N

ICCa (95% CI)

Group comparisons

z

P

Minimal

39

.69 (.54 to .81)

Minimal versus mild or moderate

1.53

.12

Mild to moderate

27

.42 (.25 to .61)

Minimal versus moderate severe or severe

.78

.43

Moderately severe to severe

21

.79 (.63 to .89)

Mild to moderate vs moderately severe or severe

2.03

.04

a

ICC: intraclass correlations.

Predictability of PHQ-9 and GAD-7 by IMS-12
We next asked whether IMS-12 scores predicted PHQ-9 and
GAD-7 scores over multiple observations, to determine whether
current mood influences self-report ratings of “trait” mood over
and above the effects of baseline PHQ-9 and GAD-7.
As noted, there was high test stability in the PHQ-9 and GAD-7,
likely a reflection of the instruments’ focus on the previous 2
weeks. Although test stability is high in both measures over the
course of repeated observations over several days, we
hypothesized that fluctuations in mood may account for some
of the variability in PHQ-9 and GAD-7 scores. Because few
participants completed the PHQ-9 and GAD-7 more than once
(n=17), we conducted an exploratory analysis with that subgroup
of participants to predict PHQ-9 and GAD-7 scores over
repeated observations via LMMs, in which PHQ-9 and GAD-7
were modeled as a function of time. Due to our small sample
size, we used restricted maximum likelihood estimation and
applied Satterthwaite degrees of freedom [65] to provide a more

conservative test of significance. We examined the incremental
effects of the IMS-12 by testing a model that included time and
baseline PHQ-9 or GAD-7 as predictors, and included IMS-12
as a time-varying predictor, with subsequent observations (time
two and beyond) of PHQ-9 or GAD-7 serving as the dependent
variables. Predictors were standardized before analysis to
facilitate interpretation of the coefficients.
The results of the model are summarized in Table 3. As can be
seen in the table, baseline PHQ-9 scores contributed
substantially to the prediction of subsequent PHQ-9 scores, and
the addition of IMS-12 to the model significantly predicted
PHQ-9 scores beyond baseline PHQ-9 status alone (beta =1.03,
P=.02). This indicates that the IMS-12 accounts for some of the
variability seen in PHQ-9 scores, even when taking into
consideration “general” mood. Similar results were seen for
GAD-7, with IMS-12 significantly contributing to the prediction
of GAD-7 scores, beyond the prediction provided by baseline
GAD-7 alone (beta=.91, P=.01).

Table 3. Model variables for the prediction of PHQ-9 and GAD-7 from time, baseline measurements, and IMS-12.
PHQ-9a (n=17)

GAD-7b (n=17)

Model

Beta

t

Degrees of
freedom

P

Model

Beta

t

Degrees of
freedom

P

Time

−.13

−0.48

7.79

.65

Time

−.00

−0.01

5.23

.99

+PHQ-9 baseline

3.68

8.83

16.9

<.001

+GAD-7 baseline

4.47

10.45

18.61

<.001

+IMS-12c

1.03

2.5

45.47

.02

+IMS-12

.91

2.6

35.98

.01

Intercept

11.05

9.33

1,12.1

<.001

Intercept

9.79

10.94

13.9

<.001

a

PHQ-9: Patient Health Questionnaire, 9-item.

b

GAD-7: generalized anxiety disorder, 7-item.

c

IMS-12: Immediate Mood Scaler, 12-item.

We examined IMS-12 subscales using the same analytic
approach, and found that the IMS-12 anxiety subscale
significantly predicted PHQ-9 scores (beta=−.97, t85.25=−2.44,
P=.02); hhowever, the depression subscale was only
near-significant (beta=−.67, t54.19=−1.84, P=.07). For GAD-7,
the IMS-12 anxiety subscale significantly predicted GAD-7
scores (beta=−.85, t72.97=−2.29, P=.03), whereas the IMS-12
depression subscale had a similar, albeit only near-significant,
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effect (beta=−.61, t47.9=−1.98, P=.06). This suggests that IMS-12
anxiety subscale may be a good predictor for both depression
and anxiety, whereas the IMS-12 depression subscale does not
predict either depression or anxiety to a significant extent. The
full model is summarized in Multimedia Appendix 6.
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Discussion
Principal Findings
The findings of the study provide initial support for the
usefulness of the IMS as a tool to remotely and quickly track
mood changes related to depression and anxiety in-the-moment.
Specifically, we found that a condensed version of IMS
comprised of 12 items, IMS-12, is highly correlated with
standard scales of depression and anxiety (PHQ-9, GAD-7, and
rumination scale). We further found that repeated administration
of the IMS-12 provides significant information regarding the
participant’s mood state. Specifically, the IMS-12 captured
greater variability in mood over time compared with the standard
scales of PHQ-9 and GAD-7. Moreover, individuals with
moderately severe to severe depression were less variable in
IMS-12 over time compared with individuals with mild or
moderate depression, indicating greater sensitivity to momentary
mood changes especially in the moderate range. Finally, mood
fluctuations reflected in repeated IMS-12 administrations
significantly accounted for a significant portion of the variability
in PHQ-9 and GAD-7 scores, with IMS-12 anxiety subscale
better accounting for changes in both PHQ-9 and GAD-7 scores
compared with the depression subscale.

The Use of IMS-12 as a Mobile Mood Tracking Tool
The main goal of our study was to assess the usability of IMS-12
as a novel scale that can be used to assess ecologically valid
symptoms related to mood disorders. Collectively, the results
of our study support the use of an ecological momentary
assessment as a tool to assess fluctuations in symptoms related
to mood disorders remotely. Specifically, we found that (1) a
novel 12-item scale, IMS-12, shows strong correlation with
standard scales of depression and anxiety (PHQ-9, GAD-7, and
rumination scale), (2) IMS-12 is comprised of 2 unique factors
or subscales (“depression” and “anxiety”), with the IMS-12
depression subscale was found to be more correlated with
PHQ-9 scores than the anxiety subscale, and (3) an IMS-12 item
is, on average, faster to administer than standard scales.
The results of this study show that IMS-12 can be used as a tool
to remotely and quickly track mood and mood state fluctuations
over time, both observationally and in response to interventions
[66]. Of note, patients also reported, in informal interviews at
the end of the study, that the fact that IMS had very little text
and only required rating on a continuum made it easier to use
than traditional scales, which often include longer text and
choices between numbered options. These findings are consistent
with several recent reports that have shown good feasibility of
similar ecological momentary assessment approaches in patients
with mood disorder (eg, major depressive disorder)
[47,49,67,68]. Other recent studies further reported good
correlation between mobile monitoring tools and standard
clinical measures, such as the PHQ-9 measure used in our study
[16,50,51]. For example, Aguilera et al [50] found that text
messages of daily mood ratings, and their weekly averages (but
not their variances or 2 week averages), were highly correlated
with paper-and-pencil PHQ-9 scores. They, therefore, suggested
that daily assessments of mobile mood ratings may provide a
more accurate indicator of longitudinal symptoms, given the
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recency-bias in the PHQ-9 data. Similar results were obtained
by Keding and colleagues [51] and Richmond et al [16], who
used a single text message to probe mood and report good
correlation with PHQ-9, with even better predictive power.
We further show that the overall IMS-12 total score provides a
significant addition to the prediction of both depression (as
captured by PHQ-9) and anxiety (as captured via GAD-7).
Interestingly, the IMS-12 anxiety subscale score had better
predictive value for both depression and anxiety than the IMS-12
depression subscale score. These results are in line with those
found in a recent study by Keding et al [51]. In their study, the
authors found that a single mood item predicted the affective
component of PHQ-9, but not its somatic component. The
comorbidity of anxiety and depression can sometimes make it
challenging to dissociate between the two at the daily reporting
level. Indeed, some researchers believe that generalized anxiety
should not be considered a disorder of its own, and instead could
be considered a marker for the severity of depression [69-71].
However, our results provide support to the notion that the short
“anxiety subscale” of IMS-12 may have a good predictive value
for both anxiety and depression. The results by Kessler et al
[72], providing evidence for the difference in risk factors
between anxiety and depression, further support this notion.
More research is needed to determine whether anxiety-related
symptoms have a better predictive value for mood-related illness
progression.

The Predictive Value of Fluctuations in Mood-Related
Symptoms
A secondary aim of the study was to assess the dynamic range
of mood ratings over time, and test the hypothesis that the
variability of mood ratings provides additional information in
predicting levels of depression and anxiety.
Although highly correlated with baseline PHQ-9 and GAD-7
scores, IMS-12 mood ratings were, not surprisingly, less stable
over time. Considering that the PHQ-9 and GAD-7 are designed
to measure symptoms spanning the previous 2 weeks, whereas
the IMS-12 is designed to capture in-the-moment mood status,
the lower stability for the IMS-12 and its subscales suggests
that the IMS-12 captures fluctuations in mood as expected.
Indeed, variability of mood ratings captured in the IMS-12 total
score as a function of PHQ-9 baseline scores revealed
differences in performance characteristic of the severity of
depression. Specifically, individuals with severe depression
showed significantly less mood fluctuation compared with those
of individuals with mild to moderate depression. This suggests
that variability in mood may be used as an index of the severity
of depression, and as such, in response to intervention,
subsequent greater mood variability in severely depressed
individuals may indicate a positive response to treatment.
Interestingly, although recent research suggests that depressed
individuals differ from nonclinical populations in the profile of
depressed mood during their daily lives [21], there is still an
ongoing debate regarding the nature of this difference in relation
to fluctuations in mood and mood-related variables (eg, positive
and negative affect) [22]. Specifically, although some studies
found that individuals with major depressive disorder also show
more variable mood states across time [20,68,73-75], others
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reported “emotional inertia” or less fluctuations in mood over
time in more significantly depressed individuals
[18,19,52,76-78]. The findings from this study are consistent
with an emotional inertia account, that is, more depressed
individuals show more preservative pattern of affect [77].
Pemberton and Fuller Tyszkiewicz [21] suggest that the seeming
contradiction between stability and variability in mood ratings
in depressed individuals could be accounted for by the different
time frames used in different studies. Thus, individuals may
exhibit both stability in mood (in the short-term) and variability
in mood when viewed over a longer time frame. It may be that
the mood fluctuations in our study capture the “short-term
stability” of mood in severely depressed individuals, and that
over longer period of time more fluctuations would be evident.
In any event, these fluctuations are informative in characterizing
level of depression.

The Clinical Significance of In-the-Moment, Remote
Ecological Mood Monitoring Assessment
The results of this study support similar findings in the recent
literature that have shown the significance of remote,
in-the-moment (and real-world) approaches to the evaluation
of mood state [12,13,17,48]. The feasibility of this approach is
supported by the growing usage of mobile devices by patients
with mood disorders [9,10,49] and studies that have shown good
compliance with mobile monitoring strategies [47,49,79].
Ecological momentary mood assessment has several clear
advantages [15,43]. For example, repeated administration of
assessments may increase reliability of interpretation and also
reduce measurement errors (or misinterpretations). In the case
of our app, the fact that IMS-12 scores are more variable than
standard mood questionnaires demonstrate its potential to more
accurately capture mood fluctuations to better inform treatment
planning (eg, quickly determine response to current treatment
or potential to benefit from a new treatment, as well as quickly
alarm clinicians in case of significant worsening in a patient’s
state). IMS-12 can be used to supplement PHQ-9, which has
been shown by others to be valid when remotely administered
[56], and can be used to assess dynamic processes and changes
in mood related to treatments. The fact that PHQ-9 has been
shown to reflect a recency effect rather than a 2-week average
as it should [50] further stresses the need for a dynamic scale
that captures mood “in-the-moment.” Mobile mood tracking
tools such as the one used here can therefore help circumvent
the retrospective recall bias which is often associated with
current methods used by clinicians to assess mood [15,80,81].

Nahum et al
The use of a mobile app to report mood has several other
potential benefits. For example, the anonymity of reporting
mood using an app, rather than informing a clinician or caregiver
may provide more accurate mood reporting. This notion received
some support from a recent study [49], showing more accurate
capture of suicidal ideation in patients using an app compared
with in-person reporting. In addition, monitoring data
continuously collected using such tools may help inform
clinicians about the best treatment option based on the subject’s
mood profile, and may further inform the subjects themselves
on mood-related behaviors and tendencies as reflected in their
continuous monitoring data, that are not readily apparent to
them. As more and more data is accumulated that way,
significant advances can be made that inform novel therapeutic
avenues.
With the rapid development of novel technologies (eg, mobile
devices), tracking health-related measures such as mood
becomes feasible and accessible to a growing portion of the
population. However, in order for it to become standard of care
and facilitate clinical work, rigorous testing and validation
should take place. However, despite the fact that momentary
tracking tools have been around for quite some time, only few
have been experimentally tested and even fewer validated [79].
We believe that this initial validation of a mobile scale such as
IMS-12 further promotes the likelihood of this approach to aid
in clinical care, and further promotes our understanding into
illness dynamic manifestation in an ecologically valid manner.
Future studies, using mobile phone versions of IMS-12, are
needed in order to establish the utility of a mobile mood-tracking
platform as a tool that promotes our understanding of the
dynamic nature of mood symptoms in everyday lives, and as a
tool to monitor and measure treatment response [15,43,82].

Study Limitations
Our study has several limitations that should be addressed in
future research. First, our study sample was a convenience
sample, which may have limited generalizability. Second, the
sample size with repeated IMS and standardized measures data
was small, allowing us to make only exploratory analyses that
would need to be confirmed by larger-scale studies. Third, as
this study was part of a larger study (with a different research
question), we did not collect additional psychiatric data on study
participants that may have allowed us to further analyze the data
based on participants’ history or clinical profile. Finally, data
was collected in the lab and clinic, which may limit its
interpretation. Follow-up studies should address these limitations
and further establish the value of the IMS-12 as a momentary
assessment tool for symptoms related to mood disorders.
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Abstract
Background: Despite significant advances in medical interventions and health care delivery, preterm births in the United States
are on the rise. Existing research has identified important, seemingly simple precautions that could significantly reduce preterm
birth risk. However, it has proven difficult to communicate even these simple recommendations to women in need of them. Our
objective was to draw on methods from behavioral decision research to develop a personalized smartphone app-based medical
communication tool to assess and communicate pregnancy risks related to preterm birth.
Objective: A longitudinal, prospective pilot study was designed to develop an engaging, usable smartphone app that communicates
personalized pregnancy risk and gathers risk data, with the goal of decreasing preterm birth rates in a typically hard-to-engage
patient population.
Methods: We used semistructured interviews and user testing to develop a smartphone app based on an approach founded in
behavioral decision research. For usability evaluation, 16 participants were recruited from the outpatient clinic at a major academic
hospital specializing in high-risk pregnancies and provided a smartphone with the preloaded app and a digital weight scale.
Through the app, participants were queried daily to assess behavioral risks, mood, and symptomology associated with preterm
birth risk. Participants also completed monthly phone interviews to report technical problems and their views on the app’s
usefulness.
Results: App use was higher among participants at higher risk, as reflected in reporting poorer daily moods (Odds ratio, OR
1.20, 95% CI 0.99-1.47, P=.08), being more likely to smoke (OR 4.00, 95% CI 0.93-16.9, P=.06), being earlier in their pregnancy
(OR 1.07, 95% CI 1.02-1.12, P=.005), and having a lower body mass index (OR 1.07, 95% CI 1.00-1.15, P=.05).
Participant-reported intention to breastfeed increased from baseline to the end of the trial, t15=−2.76, P=.01. Participants’ attendance
at prenatal appointments was 84% compared with the clinic norm of 50%, indicating a conservatively estimated cost savings of
~US $450/patient over 3 months.
Conclusions: Our app is an engaging method for assessing and communicating risk during pregnancy in a typically hard-to-reach
population, providing accessible and personalized distant obstetrical care, designed to target preterm birth risk, specifically.
(JMIR Mhealth Uhealth 2017;5(4):e42) doi:10.2196/mhealth.7036
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Introduction
Preterm birth rates in the United States are on the rise, with
approximately 1 of every 10 births occurring prior to 37 weeks
of gestation [1]. These rates are also disproportionately high
among some sociodemographic groups, reaching 1 in 6 among
African-Americans [2], with greater prevalence among families
living in poverty, regardless of race [3]. These patient groups
are also often the hardest to reach due to limited access to and
attendance at routine prenatal care.
The consequences of preterm birth are severe, and its causes
are complex. Medical interventions for reducing preterm birth
typically address one or a few risk factors in isolation, such as
antibiotics for asymptomatic bacteriuria [4], 17-alpha
hydroxyprogesterone caproate for a history of previous preterm
birth, or cerclage for sonographically short cervix [5,6]. These
interventions are also often predicated on medical testing, such
as cervical measurement, blood-glucose testing, and serial blood
pressure readings, which require both patient engagement and
follow up. There are other seemingly simple precautions with
potentially significant impact, such as the daily intake of a
multivitamin during early pregnancy. However, it has proven
difficult for health care providers to communicate even these
recommendations effectively enough to secure sustained
behavior change [7]. In this study, we demonstrate a behavioral
intervention that engages pregnant women, providing them with
information about risks related to preterm birth that can be
identified without medical testing, as well as a suite of protective
actions that they can utilize, with support from their health care
providers.
In its Committee Opinion on Effective Patient-Physician
Communication, the American College of Obstetricians and
Gynecologists emphasizes the critical, important nature of
effective and compassionate patient-provider communication,
specifically noting the opportunities to provide such support
with emerging information technologies [8]. Our intervention
follows this strategy, as part of the move to provide patient
services via mobile phone [9,10]. This strategy is possible
because, even in the lowest income bracket, 86% of American
adults own a mobile phone and three-fourths of this population
own a smartphone, with similar ownership rates across racial
and ethnic groups [11]. Moreover, as of 2015, almost 20% of
all smartphone users had downloaded at least one pregnancy
app [11]. Thus, in principle, apps offer a unique channel for
communicating with patients, both for gathering information
from them and for addressing their needs—if they can be
engaged with the device and use its contents. Our intervention
designs such an app, MyHealthyPregnancy (MHP) , using
theory, results, and methods from behavioral decision research
to provide personalized risk communication, specifically aimed
at pregnant women at risk of not receiving such information
due to routinely missing prenatal care. It is developed in
collaboration with women from that population and then tested
for feasibility in a 3-month trial. Although the ultimate
implementation goal is to decrease preterm birth rates when
used over the full duration of a pregnancy, here we report on
the development process and the ability of the app to engage a
hard-to-reach patient population. The results reported here
http://mhealth.jmir.org/2017/4/e42/
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address our preliminary research aims of (1) creating an app to
engage an at-risk patient population, (2) increasing their
attendance at prenatal care appointments, (3) identifying and
communicating risk factors associated with preterm birth
outcomes, and (4) encouraging risk-reduction behaviors and
health promoting intentions.

Methods
App Development
To create an app to engage our target population, we followed
the behavioral decision research paradigm [12-14] consisting
of (1) normative research, (2) descriptive research, (3)
prescriptive interventions, and (4) evaluation research. First,
normative research identifies the need to make informed
decisions based on the best available medical knowledge.
Second, descriptive research characterizes women’s current
beliefs, values, and constraints; Third, prescriptive interventions
provide better information and reduce barriers to desired actions.
Finally, evaluation research assesses the effectiveness of those
interventions and the validity of the research upon which they
rely, in pretests and a field test. User-centered design, informed
by feedback from members of the target audience, was central
to the process [15,16].

Semistructured Interviews
Our normative research began by consulting with 4 medical
expert informants in the field of maternal-fetal medicine and
community informants from a diverse set of group (e.g.,
churches, non-profit organizations, women’s shelters, doula
groups), before proceeding with our descriptive work.
Descriptive work included in-depth, semistructured interviews
with 5 women recruited through a church and a family support
center in a neighborhood that met demographic criteria of
high-risk pregnancy populations (ie, lower average household
income, higher proportion of African-American residents, higher
proportion of single marital status mothers).
Experts were questioned about the best ways to assess those
preterm birth risks falling within their field of specialty (eg, our
intimate partner violence experts were asked about which
measures to use to assess IPV, as well as how frequently to
measure IPV risk in the target group). Our pregnant participants
were asked questions related to the causes of preterm birth risk,
structured around the risks identified in the normative phase,
as well as about barriers to prenatal care access (eg, “What are
some things moms can do to avoid a preterm birth?” and “Has
there ever been a time when you couldn’t make it to one of your
appointments?”)
All semistructured interview participants were screened for
eligibility (at least 18 years of age, neighborhood resident,
currently pregnant, or with a child under the age of 1 year).
Participants were interviewed between March and April, 2015.
Although the sample size was smaller than typical for descriptive
work using this approach [17,18], the issues faced by these
women were sufficiently similar that few new ones emerged in
succeeding interviews, leading us to move on to secure direct
feedback from potential users of the app prototype [19].
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We interpreted the interviews based on established medical
science and clinical practice (normative analysis), as well as
research into decision-making processes (descriptive research).
Tables 1 and 2 outline critical preterm birth factors that we
identified from the normative and descriptive analyses and the
features we incorporated into the app to address each of them.
These risk factors were pregnancy history (eg, prior preterm
births, neonatal intensive care unit stays for previous births),
weight gain trajectory (using the 2009 Institute of Medicine
guidelines), smoking, alcohol consumption, illegal drug use,
symptoms of preterm labor (eg, vaginal bleeding and fluid loss),

Krishnamurti et al
intimate partner violence (assessed with the HITS Screening
Tool that measures “hurt, insult, threaten, and scream”) [20],
and depression (assessed with the Edinburgh Postnatal
Depression Scale) [21]. This final app content was reviewed by
the physician experts in our team for accuracy and potential
clinical benefit. Our descriptive interviews revealed that
transportation to appointments was a barrier to prenatal care,
particularly among low-income patients. To lower this barrier,
we incorporated free transportation using Uber into the app’s
functionality.

Table 1. Behavioral risk factors identified in normative and descriptive research and addressed in the MyHealthyPregnancy app.
Pregnancy risk factor

Common challenge or misperception

Exemplar quote

Nutrition and weight gain

Avoidance of weight measurement

“I’m really into fitness and workout
Daily weight monitoring and
every day, so it’s depressing to me to feedback on ideal weight trajectory
see how much weight I’ve gained. So, FAQs on appropriate diet
I actually only weigh myself when I
come (to the hospital).”

Beliefs about nutrition

App-based solution

“(The midwives) said I needed to start
eating healthy. I just kept eating beef
jerky, slushies. I didn’t eat bad food. I
just ate what pregnant girls want to eat.
I said, ‘If I’m getting bigger, that means
my baby is growing. So, it doesn’t
matter’.”
Symptomatic bleeding or
fluid loss

Confusion between spotting, miscarrying, “My pregnant sister is kind of nervous Daily symptom assessment with
and menstruation
because she’s actually on her (menstru- feedback on need for immediate
al) period now, and she doesn’t want
medical care (when appropriate)
to (have a miscarriage) again.”

Routine prenatal care

Barriers to transportation

Violence

Fear for personal safety during pregnancy “(He) shot at me...because I used to
Diagnostic assessment of intimate
date his cousin. He’s tried to come after partner violence and provision of
me quite a few times, even after I gave assistance
birth.”

Smoking

Perceived safety of smoking during preg- “When you’re pregnant, it’s better not Routine assessment of smoking
nancy
to stop (smoking) because the baby
and provision of smoking cessaknows that you’re smoking and the ba- tion resources
by can go through a nicotine withdrawal.”

Preterm labor

Unfamiliarity with signs of labor

Fetal movement

“There were plenty of times (I missed Complimentary transportation via
appointments). I would normally have Uber
to catch a bus...and then I would have
to walk up that big, long hill and then
make a left...when (my belly) was getting out to here, I was like, ‘Ugh, I
can’t do it anymore’.”

“My boyfriend, he had me laughing
Contraction timer and feedback on
hysterically and I thought I was going preterm labor and delivery readiinto labor. I actually googled ‘laughing ness
during pregnancy.'"
“I always tell myself, ‘If I don’t feel
her in the next hour, I’m going to the
hospital’.”

Kick counter

Table 2. Pregnancy risk factors noted in literature, but not in these interviews.
Alcohol use

Drug use

Routine assessment of alcohol
consumption and provision of
smoking cessation resources

Routine assessment of drug use and
Mood monitoring with triggered and
provision of smoking cessation resource routine assessment of depression
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Depression

Pregnancy history
Baseline assessment of pregnancy
history
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Risk Assessments and Communication
The MHP app gathered data regarding these risks factors through
voluntary daily assessments. Deterministic algorithms then
delivered patient-specific risk feedback and recommendations
(eg, diet, lifestyle) tailored to individual users. For example, if
the app detected a decrease in self-reported cigarette use, it
provided encouraging messages in addition to quitting resources.

Krishnamurti et al
The app (Figure 1) also provided basic pregnancy education,
reminders (eg, appointments), access to information and
scheduling resources, and fetal health monitoring aids (fetal
movement, “kick,” and contraction counters). To spur action,
as soon as the app detected high-risk events, such as intimate
partner violence, suicidal ideation, or clinical indicators (eg,
preterm contractions), it sent real-time alerts to medical staff
(Figure 2). Women were then contacted directly and linked
quickly to appropriate medical or social services.

Figure 1. Sample screenshots taken from MHP, which was evaluated in proof-of-concept pilot with 16 women. From left: (1) Home screen, (2) frequently
asked questions, and (3) appointment scheduling tool.

http://mhealth.jmir.org/2017/4/e42/

XSL• FO
RenderX

JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e42 | p.41
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

Krishnamurti et al

Figure 2. Logic diagram to identify, communicate, and intervene with a specific preterm birth risk (eg, intimate partner violence). From left: (1) user
completes daily questionnaire, (2) user receives feedback on risk factor over time, (3) algorithm determines whether additional diagnostic questions are
necessary, (4) user receives targeted messaging, (5) user completes validated diagnostic tool, and (6) physician receives real-time alert of intimate partner
violence.

Usability Evaluation
Pilot Study
After completing the design and pretesting of the MHP app, we
conducted a 3-month proof-of-concept pilot (N=16) to assess
its usability by women in all stages of pregnancy. As the app
had features targeted to each pregnancy trimester, we aimed to
enroll 5 users per pregnancy trimester. Potential participants
were identified at routine prenatal appointments at the
Magee-Womens Hospital outpatient clinic, which serves patients
qualifying for Medicaid. Participants were recruited from August
31 to September 3, 2015. All participants remained in the study
for 3 months or until they gave birth.
After providing informed consent and completing a baseline
assessment, participants received a digital weight scale and a
smartphone preloaded with the MHP app. All participants agreed
to complete monthly phone interviews.
The proof-of-concept study was reviewed and approved by the
Institutional Review Boards of both the University of Pittsburgh
and Carnegie Mellon University. All participants provided
written informed consent before participating. Interviewees
received US $35 for their time. App pilot participants received
US $15 for completing each of 3 telephone interviews over the
course of the study and an additional US $25 if they completed
each component (interviews and daily quizzes). In addition,
participants kept the scale and smartphone.

Measures
Participants completed daily quizzes on the app on a voluntary
basis. A baseline quiz assessed baseline preterm birth risk and
subsequent daily quizzes assessed the preterm birth risk factors
identified in the normative and descriptive research (eg, mood,
symptomatic bleeding or fluid loss, weight, and smoking, as
http://mhealth.jmir.org/2017/4/e42/

XSL• FO
RenderX

detailed in Tables 1 and 2). Patients’ responses were used to
provide them with risk feedback (eg, weight trajectory contrasted
with ideal weight trajectory) and to gather data on factors that
can predict preterm birth. Over time, the app used the
patient-entered quiz data to prompt for additional diagnostic
measures. When algorithms prompted additional diagnostics,
such as an intimate partner violence assessment, these were also
administered as part of the daily quiz. Engagement was
measured by frequency of use of the app, including completion
of the daily risk assessment quizzes and additional diagnostic
quizzes.
Participants also completed the following measures at baseline
in person and at 1, 2, and 3 months by mobile phone:
1.
2.

3.

The Perceived Stress Scale [22]: a 10-item inventory
measuring how stressful various aspects of their lives are.
Behavioral intentions: an inventory with 2 health behaviors
(breastfeeding for 6 months postpartum and daily intake of
prenatal vitamin during the pregnancy).
Usability questions: 2 items regarding the helpfulness of
the app and any technical difficulties.

At the final interview, participants who had given birth were
also asked to share any information they desired about their
birth experience and their use of the app.

Statistical Analyses
Our study was designed to evaluate the usability of the app,
under normal conditions of a high-risk pregnancy, with no
incentives for use (just for completing our instruments). As a
result, our analyses focused on usage data, with suggestive
indication of patterns. Given the low statistical power of these
preliminary data, we used an alpha level of .1 for statistical
significance, treating our analyses as exploratory. We used IBM
SPSS Statistics 23.0 and R 3.3.1.
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Results
Users
Table 3 summarizes participants’ demographics and baseline
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data. Of 17 participants consented, 16 subsequently enrolled
and remained in the study. One participant consented but chose
not to enroll due to a time conflict with the enrollment session.
Analyses are conducted for all 16 participants.

Table 3. Proof-of-concept pilot self-reported demographics (N=16).
Variable

Median (range) or n (%)

Age (years), mean (SD)

24 (18-35)

Race, n (%)
African-American

11 (69)

Asian Indian

1 (6)

Hispanic/Latino

1 (6)

Caucasian

1 (6)

Mixed race, other

2 (12)

Income (in US $)
0-5 k

6 (37)

5-9999 k

2 (12)

15-19,999 k

2 (12)

20-24,999 k

2 (12)

25-29,999 k

1 (6)

30-49,999 k

0

50-69,999 k

0

70,000 k or more

0

Respondent did not know

3 (19)

Education, n (%)
Less than high school

2 (12)

High school/GED

3 (19)

Some college

9 (56)

2-year college degree (associates)

2 (12)

Bachelor’s degree

0

Master’s degree

0

Doctorate or professional degree

0

Previous smartphone ownership, n (%)
Yes

16 (100)

Previously used a pregnancy app, n (%)
Yes

13 (81)

No

3 (19)

Pregnancy planned? n (%)
Yes

4 (25)

No

12 (75)

Gestational weeks at enrollment, mean (SD)

24.5 (11-30)

Had a previously very preterm birth? (<32 weeks), n (%)
Yes

3 (19)

No

13 (81)
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Birth outcomes for all 16 participants can be found in Table 4.
Table 4. Birth outcomes for the 16 pilot participants.
Birth outcomes

Frequency

Ongoing Pregnancy

1/16

Gave birth prior to study completion

0/1

Normal gestation (>37 weeks)

13/16

Gave birth before study completion

7/13

Late preterm (34-37 weeks)

2/16

Gave birth before study completion

2/2

Moderate (32-34 weeks) or very preterm (<32 weeks)

0/16

Gave birth before study completion

Engagement
On average, participants voluntarily logged into the app every
1.5 days to complete daily risk assessments, with the range of
assessments completed being 16.7% to 100%. Once logged in,
participants visited an average of 5 (SD 1.0) screens (eg, logging
an appointment, viewing FAQs). At each monthly follow-up
phone interview, participants were asked how helpful the app
had been on a scale ranging from 1 (not at all helpful) to 10
(extremely helpful). The mean response at 1, 2, and 3 months
was 9.0 (SD 1.15), 9.36 (SD 1.28) and, 9.25 (SD 1.0),
respectively, with no difference in perceived helpfulness over
time, F1,26=1.70, P=.20.
In order to capture usage patterns, we characterized each day
in terms of whether the woman took a daily quiz on that day
(which, as mentioned, occurred on two-thirds of the days). We
predicted this dependent variable from baseline data and

0/0

covariates available when the last quiz was taken, using a
generalized mixed logit model with a compound symmetric
variance-covariance structure for the errors (ie, varying
intercepts per woman), allowing women’s responses to have a
fixed correlation within person over time.
Table 5 reports the results of these separate, generalized mixed
logit models. The strongest relationship was that women used
the app more often at earlier weeks of gestation (Odds ratio,
OR 1.07, 95% CI 1.02- 1.12, P=.005). The app was also used
more by women when their daily mood (measured on a 5-point
scale) was worse (OR 1.20, 95% CI 0.99-1.47, P=.08), when
they were self-reported smokers (OR 4.00, 95% CI 0.93 -16.9,
P=.06), and when they had a lower body mass index (OR 1.07,
95% CI 1.00-1.15, P=.05). App use was unrelated to whether
women felt their baby move, had a greater weight, or were at a
later stage of gestation at intake.

Table 5. Daily and baseline characteristics and their associated odds ratio of missing at least one day of daily quizzes given current levels of these
characteristics using a generalized mixed logit model.
Characteristics

Daily/baseline

OR (95% CI)

P values

Sample size (quizzes)

Trimester at start

Baseline

0.60 (0.31-1.16)

.13

762

Weeks of pregnancy

Daily

1.07 (1.02-1.12)

.005

762

Daily mood

Daily

1.20 (0.99-1.47)

.07

759

Body mass index

Daily

1.07 (1.00-1.15)

.05

762

Obese (vs normal)

Daily

2.42 (0.98-6.03)

.06

762

Overweight (vs normal)

Daily

1.98 (0.53-7.47)

.31

762

Baby moved

Daily

0.81 (0.46-1.43)

.50

760

Current weight

Daily

1.01 (1.00-1.02)

.27

732

Smoking

Interval determined by baseline response

4.00 (0.93-16.9)

.06

762

Appointment Attendance
Participants had an attendance rate of 84% (63/75) at prenatal
appointments, including 3 non-routine appointments for risks
surfacing during the pregnancy, compared with 50% for the
non-participant clinic population. Attendance was even higher
- 89% (31/35 appointments) - among those who scheduled Uber
transportation to their appointments through the app. The total
cost across patients for providing Uber transportation was US
http://mhealth.jmir.org/2017/4/e42/
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$537.35. The conservatively estimated direct cost of a missed
routine appointment provided by the Division Director of
Maternal-Fetal Medicine of the hospital system is US $300 per
patient. Therefore, the provision of rides suggested an
approximate cost savings of US $7,203 for 16 patients over 3
months (~US $450/patient).
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Communicating and Assessing Preterm-Birth Related
Risk
No participants reported any of the following behavioral risk
factors at baseline: intimate partner violence, depression, alcohol
use, or illegal drug use. Two participants reported being cigarette
smokers. Real-time data collection through the app over the
course of 3 months identified 1 case of intimate partner violence,
2 cases of routine smoking, 6 cases of depression scores greater
than 10 on the Edinburgh Postnatal Depression Scale, with one

participant reporting suicidal thoughts, and 26 cases (2
participants) of illegal drug (marijuana) use. We pre-specified
risk markers with potential clinical significance, such that the
app electronically notified clinical members of our research
team, thereby triggering appropriate clinical interventions. Table
6 tabulates the possible symptoms of preterm birth detected by
the app. Algorithms also determined whether participants
reporting certain symptoms were given messages that instructed
them to call the clinic, go to the hospital, or engage in watchful
waiting.

Table 6. Tally of preterm birth risk symptoms reported via the MHP app by trimester.
Symptoms reported

Trimester 1 (n events)

Trimester 2 (n events)

Trimester 3 (n events)

Percent of total events (N=693), n (%)

None

73

332

205

610 (88.0)

Cramping

0

4

32

36 (5.2)

Feeling contraction

1

2

32

35 (5.1)

Abdominal pain

0

2

6

8 (1.2)

Vaginal bleeding

0

1

1

2 (0.3)

Gush or fluid leak

0

0

2

2 (0.3)

Total (N events)

74

341

278

693

Risk-Reduction and Health-Promoting Behavioral
Intentions
Breastfeeding
Agreement with the statement “I will try to breastfeed my baby
for the first 6 months” increased over the study period. The
mean response on a 5-point Likert Scale of agreement at 1, 2,
and 3 months, respectively, was 3.63 (SD 1.63), 4.00 (SD 1.30),
and 4.06 (SD 1.48). Paired t-tests revealed significantly higher
intentions to breastfeed compared with those at baseline
(mean=3.50, SD 1.41), at both 2 months, t13=−4.16, P=.001 and
3 months, t15 =−2.76, P=.01.

Prenatal Vitamins
Agreement with the statement “How often do you think you
will take a prenatal vitamin over the course of this pregnancy”
stayed high over the course of the study among all users. The
mean response, on a 7-point scale ranging from 1 (I definitely
won’t take a prenatal) to 7 (I will take a prenatal vitamin every
day without fail), was 6.31 (SD 0.87) at baseline, 5.81 (SD 1.56)
at 2 months, and 5.57 (SD 1.99) at 3 months, respectively. These
values were not statistically significantly different from one
another.

Perceived Stress
Levels of perceived stress decreased from baseline and remained
low over the course of the study. The mean response on a
40-point scale, with lower scores indicating less perceived stress,
was 16.4 (SD 5.99), 13.1 (SD 5.89), and 15.0 (SD 7.71), at 1,
2, and 3 months, respectively, compared with the mean response
of 16.81 (SD 6.06) at baseline.

Qualitative Feedback
Debriefing interview conversations with participants yielded
three key insights. (1) They appreciated the risk feedback. (2)
http://mhealth.jmir.org/2017/4/e42/
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Many treated the app as a form of social support, with one
participant stating, “(the app) was the only person in my life
who asked me how I was doing every day.” (3) All reported
wanting a similar app for the early stages of parenting, with one
stating, “Please extend the information to after my baby is born
(how much to eat, how long they should sleep for). Right now,
I’m just asking friends and family...”

Discussion
Principal Findings
A persistent barrier to providing sound care during pregnancy
is maintaining contact with women at highest risk. They often
have difficulty making appointments. Once they do, health care
providers may lack the time needed to learn about their
conditions and convey the information most critical to their
unique circumstances, especially when culture or socioeconomic
differences complicate communication. As a result, health care
professionals may fail to provide patients with information in
a way that allows them to make informed decisions [23].
One solution to such imperfect patient contact may be virtual
care, using mobile phone health apps. Targeting patients through
an app poses unique challenges. The app must be engaging and
both gather and provide accurate, medically relevant risk
information. Although hundreds of pregnancy-related apps,
performing a range of functions (from tracking symptoms to
hospital bag checklists), exist, few have been developed through
a scientific process. To the best of our knowledge, MHP is the
first pregnancy app grounded in behavioral decision research
that provides and gathers individualized preterm birth-related
risk information.
We applied behavioral decision research theory and methods
to create a smartphone app that could engage participants who
typically face barriers to accessing routine prenatal care. Our
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e42 | p.45
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app sought to take advantage of a delivery mode that
circumvented the barriers faced by women at high risk by
connecting them with the health care system in a way that served
their needs for two-way communication. Results from our
proof-of-concept trial show a high level of engagement among
women recruited from a clinic serving Medicare recipients.
Participants were compensated for completing the 4 study
surveys, but had no financial incentive for using the app.
Nonetheless, they logged on every 1.5 days on average over the
course of the pilot study and consulted an average of 5 screens
when they did. Moreover, they expressed uniformly high levels
of satisfaction with the MHP app, with some describing it in
terms such as being a “virtual companion.”
Although special caution is needed in considering individual
differences with such a small, if intensively observed, sample,
the app appeared to be used most consistently (Table 5) by
women who might need it most, such as those early in their
pregnancy, those with declining mood, and self-reported
smokers. The candor and clinical value in their reports can be
seen in cases that might otherwise be detected in a less timely
manner. There were also individual incidents in which the app
provided a vehicle for helping women who reported apparent
cases of depression, intimate partner violence, and drug use. In
these cases, and others, the app revealed risk information that
was not captured at our study baseline or in routine clinical care.
We believe that our app represents an improvement over other
pregnancy apps on the market as it reflects two features essential
to effective applications. One is a patient-centered design,
grounded in discussion with community leaders, formative
interviews with individuals drawn from the target populations,
and iterative pretesting in its development (in addition to the
feedback from the proof-of-concept trial reported here). That
sensitivity helped participants to share intimate information
about their personal risk. The second feature is being grounded
in behavioral decision research, whose theory and methods
structured the four essential elements of the development
process: normative analysis, with medical experts, providing
authoritative, relevant content; descriptive research, with users,
informed by the research literature; prescriptive interventions,
informed by research on debiasing and risk communication;
and evaluation, reported here. Those bodies of research provide
a foundation for identifying and addressing misconceptions,
such as the mistaken belief that vaginal bleeding is normal
during pregnancy. We believe that these features allow us to
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exploit the technology so that, as our proof-of-concept pilot
suggests, the MHP app can communicate and gather sensitive
personal health risk information, including the detection of risks,
at more frequent intervals than is possible by routine medical
care.
We were also successful in increasing access to routine care.
By providing Uber rides in real time, we could overcome the
barrier posed by lack of transportation for low-income pregnant
women who live in inaccessible neighborhoods or have difficulty
planning. In addition, increased appointment attendance shows
the potential of the MHP app for realizing significant savings
to the health care system.
Our app is also designed to address the difficulty that health
care providers often experience in communicating even simple
recommendations for behavior change [7], especially to women
at high risk. It uses language derived from conversations with
women drawn from the user population, it acknowledges the
practical barriers that they can face in implementing desired
behaviors, and it repeats relevant information at frequent
intervals. These features allow the app to provide both education
and notification, two elements of successful behavioral change.
Thus, the app’s daily reminders about prenatal vitamin use may
have helped to sustain the high level of self-reported intentions
observed throughout the study. Breastfeeding intentions also
increased significantly over the study, across women in different
stages of pregnancy, suggesting the value of repeating an
audience-friendly message.
We note that our study was a proof-of-concept observational
study, and not a randomized controlled trial (RCT), limiting our
ability to infer causality. Next steps include conducting a RCT
over the entire pregnancy and evaluating the effects of the MHP
app use on behavioral and clinical outcomes, including adverse
birth outcomes, in conjunction with other clinical measures of
preterm birth precursors. We also note that our volunteer
participants were likely drawn from individuals familiar with
smartphone apps and looking for support during the pregnancy.
Given the proliferation of mobile phone–based health
communications, such familiarity should be increasingly
common, creating greater opportunity to take advantage of their
speed, convenience, low cost, and potential confidentiality. Our
MHP pilot results suggest that smartphone apps are a promising
step for providing personalized care to at-risk patients who are
otherwise hard to reach.
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Abstract
Background: Black young men who have sex with men (BYMSM) experience higher human immunodeficiency virus (HIV)
incidence than their white and Latino counterparts.
Objective: The aim of our study was to understand BYMSM’s preferences for mobile phone–based HIV prevention and treatment
in order to inform culturally tailored interventions to reduce the spread of HIV and improve HIV treatment outcomes in this
population.
Methods: Qualitative focus groups (N=6) with BYMSM aged 18-29 years (N=41; 46%, 19/41 HIV-positive) were conducted
to elucidate their preferences for the design and delivery of mobile phone–based HIV prevention and treatment interventions. A
modified grounded theory approach to data analysis was undertaken using ATLAS.ti textual analysis software.
Results: Participants preferred holistic health interventions that did not focus exclusively on HIV prevention and treatment.
Issues of privacy and confidentiality were paramount. Participants preferred functionality that enables discreet connections to
culturally competent health educators and treatment providers who can address the range of health and psychosocial concerns
faced by BYMSM.
Conclusions: Mobile phone–based HIV prevention has the potential to increase engagement with HIV prevention and treatment
resources among BYMSM. For these approaches to be successful, researchers must include BYMSM in the design and creation
of these interventions.
(JMIR Mhealth Uhealth 2017;5(4):e46) doi:10.2196/mhealth.6436
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Introduction
Background and Significance
Although gay, bisexual, and other men who have sex with men
(MSM) comprise approximately 2% of the US population, they
accounted for 67% of all estimated new human
immunodeficiency virus (HIV) infections in 2014 [1]. Black
MSM are disproportionately infected with HIV comprising 38%
of all HIV diagnoses among gay and bisexual men in 2014, and
78% of diagnoses among all black men in 2014 [2,3]. Black
young MSM (BYMSM) between the ages of 13 and 24 years
accounted for over half (54%) of new HIV infections among
all MSM in that age group [3]. In Los Angeles (LA) County,
youth aged 18-29 years constituted 40% of all HIV diagnoses
among black men in 2013 [4], and 71% were unaware they were
HIV-positive [5]. These data demonstrate that despite current
prevention efforts, BYMSM remain disproportionately affected
by HIV both nationally and locally.
Previous research indicates that BYMSM face many barriers
to HIV testing and treatment [6-8]. In particular, if diagnosed
with HIV, BYMSM are less likely to receive appropriate HIV
care, be on antiretroviral therapy (ART), or perceive they have
access to medication, often due to factors such as economic
disadvantage and limited access to culturally appropriate health
care [2]. BYMSM also may experience disapproval,
discrimination, and homophobia from their families and faith
communities and may resist disclosing their sexuality out of
fear of rejection [5,7,9]. Such barriers highlight the need to
develop tailored HIV prevention and treatment interventions
that address the complex structural and psychosocial barriers
impacting the health and wellness of BYMSM. Whereas some
HIV prevention and treatment interventions target black MSM
(ie, Many Men, Many Voices; The Bruthas; MAALES;
ES-HIM), few are designed specifically for BYMSM [10-14].
Culturally tailored interventions are especially important when
targeting certain subpopulations since varying cultures have
been known to espouse different knowledge and attitudes in
regards to HIV risk [15]. Nevertheless, previous research
demonstrates that culturally appropriate materials can positively
impact health behaviors among BYMSM [16].

Mobile Technology, Young Adults, and MSM
Mobile technology, including the Web and mobile phone apps
have become important venues for information seeking,
communication, and social networking [17]. Young adults aged
18-29 years in the United States represent a ‟digital generation”:
83% of this population owned a mobile phone and 97% reported
using the Web or email through a mobile device as of January
2014 [17]. Young men who have sex with men (YMSM) also
use mobile technology to seek sexual health information and
find mobile phone–based HIV prevention interventions
acceptable [18-20]. In Los Angeles, 89% of racially or ethnically
diverse young MSM mobile phone users accessed the Web to
find information about HIV or acquired immune deficiency
syndrome (AIDS), whereas 79% used the Web to find an HIV
testing location [21].
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meet friends, and connect to gay communities [22,23]. The use
of GSN apps among MSM has been associated with an increased
risk for sexually transmitted infections (STIs). A large
community-based study by Beymer et al [24] found that MSM
in Los Angeles who used GSN apps to meet sexual partners had
greater odds of testing positive for gonorrhea and chlamydia
compared with those who had not used GSN apps to meet sexual
partners. Given the widespread use of technology among young
adult populations, the associations between GSN app use and
HIV or sexually transmitted infection (STI) risk, and YMSM’s
willingness to receive HIV prevention information via mobile
phone, tailored mobile phone–based prevention and treatment
interventions are needed to address HIV-related health
disparities among BYMSM [21].

Mobile Technology Interventions and BYMSM
Previous research has demonstrated the need for and
effectiveness of technology-based interventions in improving
outreach, testing, and linkage to information about and services
for HIV among YMSM [25-27]. Although limited, some studies
document the outcomes of technology-based interventions
targeting BYMSM. For instance, Hightow-Weidman’s [16]
pilot of HealthMpowerment (HMP), a 4-week, interactive,
theory-based Web-based HIV and STI intervention targeting
black men in North Carolina (aged 18-30 years) found that
participants in the intervention group reported increased
intentions to use condoms, as well as engagement in preparatory
condom use behaviors, compared with control group
participants. HMP also maintained a 90% retention rate at
one-month following the intervention and a 78% retention rate
at 3 months. A Philadelphia-based, 12-week, text messaging
(short message service, SMS) HIV prevention intervention
targeting sexually active BYMSM (16-20 years old) who owned
a mobile phone, sent 3 weekly HIV prevention-related text
messages to intervention group participants, and 3 weekly
nutrition-related text messages to control group participants.
This study found higher awareness of sexual health among
intervention group participants compared with the control group
participants at follow-up [28].
The development of mobile phone app interventions for
BYMSM has the potential to increase HIV testing and treatment
among this high-risk population. Technology-based interventions
offer opportunities to engage MSM who are less accessible to
researchers and clinicians due to stigma associated with sexual
minority identity disclosure, yet who may still engage in
high-risk behaviors [29]. This type of intervention is promising
because it could be accessed privately by users, helping to
circumvent the stigma associated with same sex-sexual behavior
or HIV-positive status among some BYMSM [30]. YMSM
participating in technology-based HIV prevention interventions
and formative research on mobile technology also express
satisfaction with and willingness to use mobile phone–based
HIV prevention programs [16,21,26]. However, few HIV
prevention interventions have been tailored for mobile phone
platforms and many fail to attract mobile phone users, receive
low user ratings, and are not commonly designed for racially
or ethnically diverse populations [2].

MSM are also increasingly using geosocial networking (GSN)
apps such as Grindr, Jack’d, and Scruff to locate sexual partners,
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Present Study
Given increasing HIV rates among BYMSM, the psychosocial
barriers they face related to HIV testing and treatment and their
access to and use of mobile phones apps, there is a critical need
and opportunity to develop innovative, culturally tailored mobile
phone–based HIV prevention strategies for this population.
However, little research has qualitatively examined BYMSM’s
use of apps and preferences for mobile phone–based HIV
prevention and treatment, which may be helpful in understanding
how to tailor mobile phone–based HIV prevention and treatment
efforts for BYMSM. Using qualitative methods, this study
sought to elucidate the types and patterns of technology use
among a sample of BYMSM in order to better understand their
preferences for mobile phone app interventions as a mechanism
to promote outreach, HIV testing, and linkage to appropriate
HIV and health-related services.

Methods
Participants and Procedures
Data were gathered through focus groups with BYMSM in Los
Angeles, California (6 focus groups, 6-8 participants per group,
N=41). For this study, we defined youth according to Arnett’s
(2000) definition of emerging adulthood [31]. Participants were
recruited through flyers posted in a range of community-based
agencies serving BYMSM throughout LA County. Flyers
instructed potential participants to call a central number where
they were screened for eligibility. Eligible BYMSM were 18-29
years old; identified as male; identified as black; identified as
gay, bisexual, or had had sex with a man in the past 6 months;
and had access to a mobile phone. A total of 49 potential
participants inquired about the study, 3 were ineligible, and 5
screened eligible but did not attend their scheduled group.
Each focus group lasted 90-120 minutes, was audio-recorded,
and conducted in English in private rooms at 2 community-based
agencies serving BYMSM in Los Angeles. Prior to the initiation
of focus groups participants completed a pre-focus group
assessment that asked them to provide information about their
demographic characteristics, mobile phone ownership, and
social media use. Two trained members of the research team
led each focus group and another took notes. Participants were
assigned identification numbers, which were used to protect
their identities and to track their responses throughout the focus
group discussions. Each participant was paid US $20 as an
incentive. Study protocols, including informed consent
procedures, were approved by the North Campus Institutional
Review Board at the University of California, Los Angeles.

Measures
Semistructured focus group methodology was chosen to enable
participants to interact with each other in response to a series
of a priori questions developed by the research team. This
approach was chosen to generate a richness of data not always
possible with individual interviews in addition to being a more
efficient way of resolving any seemingly conflicting information
[32]. Semistructured focus group guides contained a range of
questions regarding technology use, health and wellness, access
to community resources, experiences on GSN apps, and desired
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features for mobile phone–based HIV prevention and treatment
interventions. Questions were asked in such a way as to allow
participants to discuss the positive and negative aspects of the
technologies in question.
For this analysis, we focused on the following 2 semistructured
interview topics: (1) experiences and impressions of existing
mobile apps for gay and bisexual men, and (2) preferences for
functions of a mobile phone app for HIV prevention and
treatment targeting BYMSM. First, BYMSM were asked about
their current experiences with mobile phone apps and the
strengths and weaknesses of existing apps. Specifically, we
asked which GSN apps participants preferred and the
circumstances under which they used these apps. We asked
participants to describe preferred features and functions on
existing apps. We were particularly interested in what BYMSM
might want to see on a new mobile phone app for promoting
HIV prevention and treatment. Finally, participants were asked
to consider themselves app designers and to suggest layouts,
features, functions, and content areas for a new app.

Data Analysis
Audio recordings of the focus groups were transcribed verbatim
for analysis by an independent agency and reviewed by the
research team for accuracy by listening to the audio recordings
and comparing them with the written transcripts. Transcripts
were then analyzed using a methodology of “coding consensus,
cooccurrence, and comparison” [33]. This methodology relies
on iterative coding of focus group transcripts using a priori and
emergent codes and team meetings to refine analytic codes and
establish interrater reliability. Specifically, the research team
reviewed an initial sample of focus group transcripts to identify
key themes via in vivo coding, which formed the basis of a
formal codebook. The codebook was refined after an iterative
coding process and, once finalized, two members of the research
team were responsible for coding the interviews separately.
Communication between research team members took place
after formal coding of all focus groups, for which we used
ATLAS.ti textual analysis software [34]. Interrater reliability
was calculated by comparing a subset of transcripts and
calculating the percent match of a priori codes between the two
research assistants. High interrater reliability was achieved
(93%). When inconsistencies between coders occurred, a third
member of the research team was consulted to discuss and help
resolve any inconsistencies. Our analysis focused on the
narratives that emerged from discussing the two thematic areas
named above (ie, mobile phone app usage patterns and
preferences for mobile phone app development).
Analysis was guided by a modified grounded theory approach
(ie, theory derived from data and then illustrated by
characteristic examples of data) [35]; transcripts were reviewed
and memos were written to document initial concepts and to
define the boundaries of specific concepts [36]. Field notes and
interview transcripts were then independently coded to condense
the data into analyzable units. Segments of text ranging from a
phrase to several paragraphs were assigned codes based on a
priori definitions (ie, from the interview guide) or emergent
themes (also known as open coding) [35]. Based on these codes,
the computer program ATLAS.ti was used to generate lists of
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codes, which were then summarized and entered into data
matrices (with the focus group on the column and content area
on the row) for comparison across focus groups. Through the
process of constant comparison, the codes were further
condensed into broad themes [35]. In the reporting of results,
pseudonyms were developed for each participant to maintain
confidentiality and protect the identities of human subjects.

Results
Descriptive Statistics
The total sample consisted of 41 BYMSM. Participants’ ages
ranged from 19-29 years; the average age being 26 years. More
than three-quarters of the sample identified as gay (31/41). Over
half had received some education past high school (56%, 23/41)
and an additional 27% (11/41) had graduated college.
Participants were stably housed: over half (60%; n=24) rented
a house or apartment and nearly two-thirds (65%, 33/41) lived
with others. More than three-quarters of the sample had part-
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or full-time employment (78%, 32/41) and more than a third
made less than US $12,000 annually.

Principal Results
The majority of participants used either an Android mobile
phone (61%, 25/41) or iPhone (46%, 19/41), which they reported
using to communicate most frequently with either friends or
romantic partners (59%, 24/41 and 22%, 9/41). The most popular
methods of communication via mobile phone were talking (83%,
34/41) and texting (90%, 37/41). Popular social networking
sites included Facebook (85%, 34/41), Instagram (85%, 34/41),
and Twitter (48%, 19/41). The majority of the sample used
social networking apps, with 71% (27/41) reporting daily use.
Popular GSN apps for partner seeking included Jack’d (53%,
21/41) and Grindr (18%, 7/41); popular websites for social or
sexual networking included Craigslist (38%, 15/41) and
Adam4Adam (23%, 9/41). Tables 1 and 2 provide additional
information on demographic characteristics and mobile phone
and other technology use.
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Table 1. Demographic characteristics among BYMSM in Los Angeles, California (N=41).
Characteristic

n (%)

Mean Age (in years)

25.8 (3.1)

Sexual orientation, n (%)a
Heterosexual

1 (3)

Bisexual

7 (18)

Gay or homosexual

31 (78)

Other

1 (3)

Highest educational attainment, n (%)
High school graduate or less

7 (17)

Some college or trade school training

23 (56)

College graduate or above

11 (27)

Current living situation, n (%)a
Own home or condo

3 (8)

Rent house or apartment

24 (60)

Family member’s house

9 (23)

Friend’s house, condo, or apartment

1 (3)

Spouse or lover or sexual partner’s house, condo, or apartment

1 (3)

Homeless shelter or “safe house”

1 (3)

Other

1 (3)

Currently lives with (check all that apply), n (%)b
Alone, no other person

8 (20)

A spouse or lover

5 (13)

A sexual partner (not spouse)

2 (5)

Other adult family members

12 (30)

Close friends or roommates

14 (35)

Children under the age of 18 years

1 (3)

Other

1 (3)

Main source of income in past 6 months (check all that apply), n (%)b
Employment (part- or full-time)

32 (78)

Food stamps, welfare, disability, unemployment

13 (32)

Other

3 (7)

Money in the last 30 days, n (%)a
Less than US $50 (eg, less than US $600 per annum)

3 (8)

US $51-US $249 (eg, US $600-US $2999 per annum)

4 (10)

US $250-US $499 (eg, US $3000-US $5999 per annum)

8 (20)

US $500-US $999 (eg, US $6000-US $11,999 per annum)

5 (13)

US $1000-US $2999 (eg, US $12,000-US $35,000 per annum)

9 (23)

US $3000-US $4999 (eg, US $36,000-US $59,000 per annum)

5 (13)

US $5000-US $6249 (eg, US $60,000-US $74,999 per annum)

1 (3)

Refused

5 (13)

a

Percentage may not equal 100 due to rounding.

b

Response options included check all that apply; percentages will not add to 100.
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Table 2. Mobile phone and other technology use characteristics among BYMSM in Los Angeles, California (N=41).
Characteristics

n (%)

Mobile phone type (check all that apply)a
Android

25 (61)

iPhone

19 (46)

Other

1 (2)

Via mobile phone, communicates most with (check all that apply)a
Friends

24 (59)

Spouse or lover

9 (22)

Casual sexual partner

3 (7)

Exchange sexual partner (for sex work)

1 (2)

Roommate

4 (10)

Family of origin

8 (20)

Refused

2 (5)

Uses mobile phone to connect with people by (check all that apply)a
Talking

34 (83)

Texting

37 (90)

Email

28 (68)

Apps

31 (76)

Websites

19 (46)

Other

1 (2)

Other devices used (check all that apply)a
Laptop

29 (73)

Desktop computer

10 (25)

Tablet

15 (38)

Public computer (eg, at a library)

7 (18)

Wearable device (eg, Fitbit, Up Band, Nike Fuel Band)

1 (3)

Social networks used (check all that apply)a
Facebook

34 (85)

Twitter

19 (48)

Instagram

34 (85)

Pinterest

3 (8)

LinkedIn

8 (20)

Google+

11 (28)

Snapchat

5 (13)

MySpace

2 (5)

Dating or hook-up websites currently used (check all that apply)a
Craigslist.org

15 (38)

Gay.com

2 (5)

Adam4Adam.com

9 (23)

Blackgaychat.com

1 (3)

Match.com

1 (3)

Other

7 (18)

http://mhealth.jmir.org/2017/4/e46/

XSL• FO
RenderX

JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e46 | p.54
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

Holloway et al

Characteristics

n (%)

Dating or hook-up apps currently used (check all that apply)a
Grindr

7 (18)

Jack’d

21 (53)

Other

3 (8)

Frequency of social networking app use to connect with peopleb
Daily

27 (71)

Weekly

8 (21)

Monthly

1 (3)

Less than once per month

1 (3)

Refused

1 (3)

Typical way of connecting with people in their life (check all that apply)a
In person

24 (60)

By mobile phone (not mobile phone)

6 (15)

By mobile phone

31 (78)

By computer (laptop or desktop)

8 (20)

By tablet

1 (3)

a

Response options included check all that apply; percentages will not add to 100.

b

Percentage may not equal 100 due to rounding.

As discussed previously, BYMSM used their mobile phones
for varied reasons, including communicating with friends and
family, checking emails, engaging with social media, and for
personal entertainment. Many engaged in a combination of these
activities and found that it made them more “efficient.” For
example, 29-year-old Darrius used his Android phone to increase
his organization and productivity, which he preferred over a
regular cellular device:

When asked why they used their mobile phones and which apps
they used most frequently, BYMSM did not mention
partner-seeking apps. Whereas this was true across all focus
groups, when probed on their use of these apps, almost all
BYMSM in the study mentioned using GSN apps such as
Grindr, Tinder, and Jack’d. Many mentioned regular use of
these apps, while others reported more sporadic use. Some
described themselves as “chronic” users. For instance, Marcus,
a 23-year-old iPhone user, went so far as to say he was addicted
to one:

To be efficient in time, like time management. I love
Google Now. Navigating purposes, as far as the
public transportation, and driving are key for
me...And it’s like everything on social media and the
communication aspects—I can use a regular phone
for that, you know what I'm saying? But a mobile
phone helps you be efficient.
Others found that syncing their apps made their lives easier.
The integration of multiple apps was important for Alex, a
28-year-old iPhone user:

I’m a chronic (GSN app) user. I’m very addicted to
(it) at this point. Since I’ve redownloaded it about 6
months ago, I’ve accumulated about 480 unread
messages and I pick and choose who I want to reply
to. Just seeing that number, it does something to my
self-esteem that I specifically can’t do for myself.
Interactions on these apps were not always positive, however,
and many participants experienced racist or derogatory remarks
from other users. Marcus went on to share his negative
experiences on a popular partner-seeking app:

What I like most about the Nike+ Running app is the
fact that it integrates with the music that’s on my
phone, so I’m able to play music as I’m jogging or
as I'm running. And then it will adapt—or I can
control the music on the go and I don’t have to
completely go back into iTunes to adjust. It also
simultaneously will tell me distance, location, and
pace. So I like that it reminds me every so often what
my pace is and what I'm doing without me having to
think about it.

I would be approached or messaged by Caucasian
men and they would make reference to my “big black
cock,” of which I don’t have a picture of anywhere
on my profile. I felt like they were putting me in the
stereotype of big black men that have these
knee-dangling penises and they’re just letting
everybody suck it. Also one (older) Caucasian man
wanted me to be his “slave”...his “bedroom slave.”
One man was a Latino. He just wanted to tell me I
was a nigger and cussed me out in Spanish, called
me “mayate”—that’s Spanish for a bug.

Mobile phone App Usage Patterns
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In response to and in anticipation of overtly racist interactions,
several participants used app features that blocked racist or
aggressive users, filtered for their preferences (in order to avoid
other users based on race), or created detailed profiles outlining
expectations for communication in order to avoid negative
conversations. This allowed participants to “filter by race,”
meaning that they would use the filter function to view only
other black men and to structure potential partners on the app
to a group of users they thought reflected their own desires and
responded to them in a manner that they appreciated.
Julian, a 25-year-old iPhone user, shared:
...I have to be honest, you know, I try as much as I
can personally to filter through race before I actually
meet somebody.
While filtering and blocking were strategies used by many
BYMSM across different apps, specific features of a popular
app allowed for users to see who had viewed their profile. This
in turn allowed them to see the types of people they attracted
and decide with whom to speak. Additionally, many participants
commented on the detailed nature of many other users’ profiles
that stated “what kinds of people they’re interested in,” allowing
them to know if a fruitful conversation was probable. As Jeffrey,
a 20-year-old Android user, and Nathan, a 21-year-old Android
user, discussed:
With who’s been viewing you, you can see how many
times they usually reply to people, what kinds of
people they're interested in, like black, Latino, bears,
strictly friends or something like that...who you
message and who you talk to. [Jeffrey]
I guess I like how the profile is on (GSN app name)
because everything is right there. You have your
pictures on one side and then you have all the
information about the person on the other side. You
can determine if you think you're going to like the
person right off the bat because all of the person’s
qualities or features is right there. [Nathan]
In general, participants appreciated easily accessible information
about potential partners and getting tailored feedback on their
app use to facilitate partner seeking and limit negative
interactions.

Preferences for Mobile Phone App Development
There was a high degree of support for a mobile phone app for
promoting HIV prevention and treatment. However, there was
nearly universal agreement that this app should go beyond HIV
and address health and wellness more broadly. Many thought
that app users should have direct access to trusted doctors and
clinicians via an app; yet, participants were torn between
whether they should be able to communicate with other users.
Some thought that this could be a potential for meeting new
friends or even new partners who are also concerned with taking
care of their health. Kevin, a 29-year-old Android user
commented:
This app should have something so you can talk (to)
other people who have the app. For example, he may
not want to go to the clinic by himself and maybe
http://mhealth.jmir.org/2017/4/e46/
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someone else is going to go, so maybe they can go
(together) (sic)...You know, it should be a message
board.
Dejuan, a 20-year-old iPhone user elaborated:
I would say direct (messaging) too. You can meet
people that have this app, so (that) you know either
this person is protected, they know what they’re doing,
or they’re taking care of themself health wise.
Additionally, participants thought it useful to meet someone
who has been through the same issues they might be going
through and viewed an app as an opportunity to obtain peer
advice rather than strictly medical or professional insight.
Elijah, a 21-year-old iPhone user said:
You can actually go to other people for advice. Say,
for instance, they already dealt with the problem that
you're having, so you can go to them and be like, ‘Oh,
what did you do? What stuff did you take?’ And it can
actually help you through it.
Some expanded on this idea of using an app to meet people with
whom they have shared experiences by looking for a “sponsor.”
Ryan, a 29-year-old iPhone user thought that using a mobile
phone app to target BYMSM who are newly HIV-positive would
provide an avenue for users to connect with someone who could
walk them through the HIV health care process:
If you’re targeting young, black, African-American
males who are just finding out that they are
HIV-positive or afraid to deal with the stigma of being
HIV-positive, I think it would be great if you were
able to click on an app to find a sponsor or someone
that would help guide you through the motions. Tell
you, ‘Let’s go find a testing site. I’ll walk you through
this.
Conversely, some participants thought that being able to
communicate with other users would be a potential breach of
the app’s confidentiality and strongly opposed communicating
with other users on the platform. These participants thought that
you should only be able to connect to a local health provider
for services or information. Jordan, a 29-year-old Android user
elaborated:
I agree with only doctors, especially in this lifestyle,
you know, people are going to say you’ve been doing
something else. You don’t want that on the app
because that’s going to make people not want to get
on the app no more.
Ryan, a 29-year-old iPhone user, further reflected on the
importance of confidentiality:
As I said earlier when it comes to apps, everybody
knows everybody, knows everybody. And especially
when you deal with African-American homosexuals
in this environment of West Hollywood...If I choose
to go to a testing facility or go somewhere, I’m going
to be selective of where I go specifically, so my
information doesn’t get to someone’s friend who
knows someone who knows someone, (when) it should
be confidential.
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Participants viewed an app as a way to directly connect to a
provider privately and confidentially and as a way to avoid
automated machines or culturally insensitive HIV health care
providers that could taint their experiences of engagement with
HIV prevention and care.
Terrance, a 22-year-old iPhone user stated:
Just to be able to go through that app to make an
appointment. I don’t want to have to call; you know
what I mean? If I do have to call, then yeah, the
number should be on the iPhone, you can click the
number and it just directly calls. But on the app, if
I’m able to, type, ‘Hey, this spot is open, can (I) come
in at this time?’ it saves me talking to Susie at the
front desk and the automated service, which both will
piss me off.
While the majority of participants were excited about the
prospect of a new health app geared toward black gay men, they
struggled with whether it should be directed only to BYMSM.
Citing the many health disparities that exist more generally for
men of color, and particularly black men, some thought that the
app would be better if it were general in its approach, but
allowed for the user to personalize its content. Deshawn, a
28-year-old iPhone user, thought strongly that the app needed
to focus on issues outside of HIV and STDs and to be more
encompassing to black men’s health more generally:
Even though we’re African American gay men, we’re
still African American men and we still experience
the same health disparities that black men in general
experience, but we’re so caught up on HIV and STDs
that we don’t talk about other stuff like diabetes or
colon cancer and all these other things. So I think
making it broader will not only expose other people
to this, but will also expose us to things.

Holloway et al
Furthermore, some participants thought that the app could more
broadly cater to the larger black community. Sebastian, a
25-year-old Android user argued:
Don’t just make it a gay thing...Make sure it’s health,
period, for black people, because that’s the struggle
of trying to get black people in health care.
Despite overall enthusiasm for the creation of an app that would
facilitate health and wellness among BYMSM, many participants
cited potential barriers to its effectiveness. One such barrier
would be if the app were viewed as too “pushy” or forced
HIV-related content. Sebastian, contended:
Having too much awareness, like having all the ads
about HIV and all the ads about health care,
sometimes they make you scared to go. You know,
like, people try to push religion on you? It makes you
feel like—someone trying to push health care on you.
Other barriers included the accessibility and readability of the
information on these apps. For example, participants were
concerned about the technical language used on some health
websites, such as WebMD. Marcus, a 23-year old iPhone user,
stated:
Yeah, I’ve tried WebMD but it wasn’t easy for me to
use...I think it was the terminology that I didn’t
understand. When I would click on a certain body
part and it’d give me this list of stuff, I’m like, ‘What's
a tracheal tube?’ you know?
Despite concerns about the use of technical language within the
app and fears about privacy and confidentiality, the general
consensus among participants was an excitement for the creation
of a health app for BYMSM. In order to further refine how an
app to promote HIV prevention and treatment for BYMSM
might be most successful, participants suggested many features
and functions that they would appreciate (see Tables 3 and 4).

Table 3. Content for a health app suggested by BYMSM in Los Angeles, CA (N=41).
Content

Example quotes

Rating and reviews for local clinics and Cedric: “I think a Yelp approach...So I think something like that where you can rate the clinic, where you
providers
can rate the provider, and be able to give as detailed or as little of information and feedback...”
Statistics and health news

Dejuan: “I think it should have—you know how they have trending topics, Twitter and all that, it should
have statistics and stuff like that too, so people can also be aware as well of other things. Like this many
people this, or this many people that. This many people came in this day and got this.”

Content on fitness and nutrition

Deshawn: “This may be obvious but I was thinking having the site broken up into clear categories, so mental
health versus sexual health versus fitness and nutrition. And then having subcategories under each of those.
So from the home page, it’s very easy to access whatever specific information you want. You don’t have to
search through the app to find it.”

Other holistic health information not
limited to HIV and STDs

Craig: “I think also it would be great to have something that also offers culturally competent mental health
services and stuff like that, because beyond just HIV, STD stuff, because there are so many other things that
people don't realize that they can have access to resource-wise...”

Localized content about health and up- Jordan: “Yeah, if you want information, you can login to that app and be like, okay, this is this. Even, it can
coming events for BYMSM
be different party sites, different clubs going on for the—like, all types of stuff. It’s just an app that makes
you want to login because you don’t know what type of information you're going to get.”
Symptom checker
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stuff.”
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Table 4. Features and functions of a health app suggested by BYMSM in Los Angeles, CA (N=41).
Features and Functions

Example quotes

Direct messaging to clinics and primary Jaron: “So maybe to be able to be in contact with somebody, like a nurse hotline or something, somebody
care providers
who could respond to you directly via chat.”
User chat and message boards

Kevin: “You know, it should be a message board.
Dejuan: I would say direct too. You can meet friends on here but you only meet people that have this app,
so you know either this person is protected, they know what they're doing, they're taking care of themself
(sic) health wise.”

Geolocation of testing and care clinic
locations

Jeffrey: “Yeah, like the tabs, like different tabs. Because my idea was that it would give updates so that could
be one tab is the updates. And then the second tab could be, like, a proximity for where the closest clinics
are or something like that. And then another tab could be...whatever else we were coming up with. But different tabs so you can swipe through all your stuff.”

Contests and prizes for participating in Nathan: “You can also do—just ask questions about—it can be a random question about, “What is HIV?”
health games
and then the first person to answer the question gets movie tickets.”
Find a sponsor for newly diagnosed or Ryan: “When you think about Grindr, Jack’d, and we talk about confidentiality and the good parts about that
out-of-care HIV-positive men
is picking and choosing who you can deal with and who you want to and you can block people. I think it
would be great if you treat the app just like an AA sponsor. If you're targeting young black, African-American
males who are just finding out that they are HIV-positive or afraid to deal with the stigma of being HIVpositive, all the above, I think it would be great if you were able to click on an app to find a sponsor or
someone that you can disclose confidentiality to that would help guide you through the motions.”
Integration with popular dating and re- Devon: “I think maybe having an app that is cater—we know that as, you know, young black men, everybody’s
lationship apps
out there having sex. Why not cater to an app that at the forefront is health, where you know that they're
having sex, you know what I mean? Instead of something like Jack’d where it’s just a sex site. A4A is just
a sex site. That it has health advertisement. How about having something that is a health site that you can
find somebody that you can have sex with?”

Discussion
Principal Findings
This study was among the first to qualitatively explore
BYMSM’s preferences for mobile phone–based HIV prevention
and treatment. BYMSM continue to be disproportionately
impacted by HIV despite existing prevention efforts [2,3,37].
While mobile technologies represent powerful tools to recruit,
engage, and deliver HIV prevention and treatment information
to young people [38], few studies have effectively harnessed
these technologies to reach BYMSM [39]. Our study sought to
understand the ways in which BYMSM engage with technology
and offer suggestions to researchers and practitioners who seek
to use mobile phone apps to engage this population.
BYMSM in our study were avid mobile phone users who relied
heavily on apps in their daily lives for productivity,
entertainment, information seeking, and meeting sexual partners.
These data are consistent with national trends, which suggest
that people of color are the fastest growing user base for mobile
phones [40], and other research supporting widespread mobile
phone use among MSM [41]. The popularity of mobile phones
among BYMSM presents a unique opportunity for HIV
prevention and treatment intervention researchers and
practitioners. However, a recent study by Muessig and
colleagues [39] found 55 existing apps for Android or iPhone
as of 2012 aimed at HIV prevention and care. The majority of
these apps were infrequently downloaded and not highly rated
by consumers, raising questions about the relevance of these
kinds of apps. It is important to mention that health apps are
often available but that the use of these apps may not necessarily
be reported in peer-reviewed journals. That said, the data
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available in the academic literature suggest a potential
disconnect between the needs of consumers and the design and
functionality of HIV prevention and treatment apps.
BYMSM in our study were interested in an app for health and
well-being, not necessarily one targeted exclusively at HIV
prevention and care. Privacy and confidentiality were paramount
for our participants, who expressed hesitancy about downloading
an app onto their mobile phone that might indicate to others
that they were HIV-positive or engaging in behavior that could
put them at risk for HIV. Other research has highlighted
attention to privacy and confidentiality with BYMSM who may
be especially vulnerable to stigma and discrimination for
engaging in same-sex sexual behaviors [32]. Participants in our
study expressed clearly that in order for an app to be trusted
among BYMSM, it would need safeguards in place for personal
health information. Security breaches are a major barrier for
many technology users—this may be especially true among
black MSM, where medical mistrust is well documented [42].
Although participants agreed HIV should not be the sole focus
of the app, they were strong advocates of being able to access
information about HIV prevention and treatment. Participants
liked the idea of using GPS to find nearby testing clinics.
Furthermore, participants wanted to read reviews of other users’
experiences at HIV testing and clinical sites, book appointments,
and speak to clinical providers on the Web. These functions are
already being incorporated into some apps designed for sexual
health. Healthvana, for example, is an HIV and STD testing app
that allows users to find nearby clinics, read user reviews, see
hours of operation and, in some cases, schedule appointments.
Healthvana also enables users to request their test results via
the app in order to share those results with potential sexual
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partners. The ability of users to communicate directly with HIV
health care providers may present challenges in terms of cost
and scalability of health apps. The most successful mobile phone
interventions to date use low-cost text messaging for
appointment and medication adherence [43-45]. However,
collaborations with county health departments that enable a peer
health educator or nurse practitioner to be “on call” for
messaging with app users could be highly effective at engaging
users and directing them to appropriate HIV prevention and
treatment services.
Many participants liked the idea of incorporating social media
into an app and suggested this as a way to build social support
networks with others. Some studies have used existing social
media platforms, like Facebook, to deliver HIV-prevention
interventions for youth [46,47] and for black MSM [48].
Harnessing Online Peer Education (HOPE) is a
Facebook-delivered intervention for black and Latino MSM
that assigns participants to private Facebook groups facilitated
by peer educators who disseminate information about HIV and
engage group members in conversations about safer sex
behaviors. In a pilot randomized controlled trial in Los Angeles,
network ties among users increased over a 12-week period,
which was associated with greater requests for HIV home testing
kits and lower self-reported HIV risk behaviors [49]. These
findings support the integration of social media functionality
in mobile phone apps to increase engagement in HIV prevention
and treatment.
While social media functionality that enables users to
communicate via message board postings as well as instant
message may increase interest in app use, it also presents
potential challenges. First, a critical mass of users is necessary
to entice potential users to join existing networks. Our
participants suggested offering incentives to join and engage
with the app in addition to partnerships with local businesses
to engage the community through advertising and events.
Second, some participants were concerned that social media
functionality would facilitate sexual partnership formation on
the app. Whereas sexual partner seeking via an app designed
with health in mind could lead to safer sexual behaviors among
users, participants highlighted that there were already many
apps designed for this purpose and expressed interest in
integration between these apps and a health app for BYMSM.
Finally, some participants worried that by enabling users to talk
to one another the risk of unwanted disclosures regarding
same-sex sexual behaviors or HIV serostatus would be more
likely.
Participants were supportive of an app tailored specifically for
BYMSM as it had the potential to offer a Web-based space
without the overt and covert racism they often experience on
other apps. Discrimination and stigma via social media have
been reported by BYMSM qualitatively [50], but have rarely
been explored in relation to sexual health for this population.
Our participants described strategies for mitigating racism,
which seemed to have important implications for the
construction of sexual networks established via social media.
For example, filtering by race in order to avoid overt race-based
hostility or sexual objectification may limit the sexual networks
of BYMSM. One hypothesis for increasing rates of HIV
http://mhealth.jmir.org/2017/4/e46/
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infection among BYMSM, despite lower reports of behavioral
risk factors (eg, unprotected anal intercourse, substance use),
focuses on same race sexual networks, where disease
transmission risk is higher due to higher HIV prevalence among
BYMSM compared with other racial or ethnic groups [37,51].
Further attention to the ways technology influences sexual
network structure and composition, including research to
elucidate how technology-based sexual networks are formed
and maintained among BYMSM, is needed. While an app
exclusively for BYMSM has the potential to reinforce sexual
partnering by race, a focus on coping with and responding to
racism, homophobia, and other forms of oppression on the Web
could be useful to BYMSM.
Technology-based HIV intervention research with MSM has
recently emerged with promising results [33,38,49]. To our
knowledge, only one published study has specifically targeted
BYMSM: Hightow-Weidman and colleagues [38] pilot tested
a
mobile
phone
optimized
intervention
called
HealthMPowerment.org with 15 young black MSM and
transgender women who have sex with men in North Carolina.
Although the sample size was too small to detect statistically
significant effects, participants described satisfaction with the
intervention, which uses gaming theory as a way to engage
participants with the app. Upon conclusion of the 4-week trial,
participants described how HMP led to changes in sexual risk
behaviors, including increased condom use and HIV testing.
This early work demonstrates the feasibility and acceptability
of app-based HIV prevention interventions and the potential
utility of gaming theory as a framework for engaging BYMSM.
Participants in our study also suggested the use of incentives to
maintain participant engagement but suggested broadening the
app framework beyond HIV prevention to incorporate a more
holistic conception of health. Our previous work with the House
and Ball communities in Los Angeles demonstrates the many
other psychosocial concerns facing black MSM: low educational
attainment, unemployment, homelessness, stigma, and
discrimination [52]. Attention to these concerns within app
platforms may improve the engagement and utility of mobile
phone apps designed to improve HIV prevention and treatment.

Limitations
This qualitative study focused on the experiences of BYMSM
using mobile phones in Los Angeles, California. Selection bias
introduced by convenience sampling is a limitation and findings
may not be representative of all BYMSM. BYMSM were not
asked to provide any identifying information during focus
groups; however, participation in a group where others might
recognize them or disclose their identity may have prevented
some potential participants from volunteering to participate. In
order to limit biases introduced during coding and thematic
analysis, research assistants wrote statements of reflexivity,
which increase objectivity in qualitative research.
In our analyses there did not appear to be differences in app use
and app preferences by HIV serostatus. This may be due to the
fact that we used the same semistructured interview guide for
both HIV-negative and HIV-positive participants. Future studies
may want to focus on mobile phone app design related to
prevention and treatment separately in order to clarify how to
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best leverage technology for HIV prevention versus treatment.
While focus group methodology enables interaction between
participants, it is difficult to know if the recommendations and
preferences that participants shared in a group accurately reflect
their actual usage. The rapid pace of technological developments
in mobile phones and social media make it difficult for research
findings to keep up with usage in the real world. Future studies
should pay particular attention to emerging technologies that
may be leveraged for HIV prevention and treatment.

Conclusions
As mobile technologies increasingly become tools for the
prevention and treatment of HIV, these technologies should be
integrated into existing models of care. Researchers would be

Holloway et al
wise to consider how technology can support BYMSM along
the HIV prevention continuum and the HIV care continuum
depending on serostatus. Our findings highlight interest in HIV
prevention and treatment delivered via apps tailored for
BYMSM, but raise significant concerns that must be addressed
in order for them to be successful—namely privacy and a
singular focus on HIV without attention to the other health and
psychosocial issues impacting this population. It is crucial that
public health practitioners partner with app developers to create
apps that are engaging and provide a range of functions that
meet the needs of BYMSM. Our research demonstrates the
importance of including BYMSM in the development of these
apps to ensure their effectiveness and uptake among this
population disproportionately impacted by HIV.
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Abstract
Background: Many preventable behaviors contribute to adolescent mortality and morbidity. Non-adherence to preventive
measures represents a challenge and has been associated with worse health outcomes in this population. The widespread use of
electronic communication technologies by adolescents, particularly the use of text messaging (short message service, SMS) and
mobile phones, presents new opportunities to intervene on risk and preventive risk behavior, but little is known about their
efficacy.
Objective: This study aimed to systematically evaluate evidence for the efficacy of text messaging and mobile phone app
interventions to improve adherence to preventive behavior among adolescents and describe intervention approaches to inform
intervention development.
Methods: This review covers literature published between 1995 and 2015. Searches included PubMed, Embase, CENTRAL,
PsycINFO, CINAHL, INSPEC, Web of Science, Google Scholar, and additional databases. The search strategy sought articles
on text messaging and mobile phone apps combined with adherence or compliance, and adolescents and youth. An additional
hand search of related themes in the Journal of Medical Internet Research was also conducted. Two reviewers independently
screened titles and abstracts, assessed full-text articles, and extracted data from articles that met inclusion criteria. Included studies
reflect original research—experimental or preexperimental designs with text messaging or mobile phone app interventions—targeting
adherence to preventive behavior among adolescents (12-24 years old). The preferred reporting items of systematic reviews and
meta-analyses (PRISMA) guidelines were followed for reporting results, and findings were critically appraised against the Oxford
Centre for Evidence-based Medicine criteria.
Results: Of 1454 records, 19 met inclusion criteria, including text messaging (n=15) and mobile phone apps (n=4). Studies
targeted clinic attendance, contraceptive use, oral health, physical activity and weight management, sun protection, human
papillomavirus (HPV) vaccination, smoking cessation, and sexual health. Most studies were performed in the United States (47%,
9/19), included younger adolescents (63%, 12/19), and had sample size <100 (63%, 12/19). Although most studies were randomized
controlled trials (RCTs; 58%, 11/19), only 5 followed an intent-to-treat analysis. Only 6 of 19 studies (32%) incorporated a
theoretical framework in their design. Most studies reported good feasibility with high acceptability and satisfaction. About half
of the included studies (42%, 8/19) demonstrated significant improvement in preventive behavior with moderate standardized
mean differences. As early efforts in this field to establish feasibility and initial efficacy, most studies were low to moderate in
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quality. Studies varied in sample size and methods of preventive behavior adherence or outcome assessment, which prohibited
performing a meta-analysis.
Conclusions: Despite the promising feasibility and acceptability of text messaging and mobile phone apps in improving preventive
behavior among adolescents, overall findings were modest in terms of efficacy. Further research evaluating the efficacy,
effectiveness, and cost-effectiveness of these intervention approaches in promoting preventive behavior among adolescents is
needed.
(JMIR Mhealth Uhealth 2017;5(4):e50) doi:10.2196/mhealth.6837
KEYWORDS
adolescent; text messaging; smartphone; mobile phone; mobile applications; medication adherence; behavior; prevention

Introduction
The burden of morbidity and mortality in adolescents worldwide
is increasing [1-3], and the prevention of communicable and
noncommunicable diseases, particularly those related to
modifiable behavior, has been emphasized as a key component
of adolescent health [4]. Many problem behaviors in adolescents,
such as tobacco, alcohol, and other drug use; risky driving; and
unsafe sex are preventable to a large extent [4], and their
associated negative outcomes could be mitigated with preventive
interventions. For adolescents, adherence to preventive measures
represents a challenge in that the immediate and short-term
benefits are often hard to comprehend and the long-term benefits
may not be fully appreciated.
Several systematic reviews and meta-analyses have found
positive effects of interventions to reduce risk behavior among
adolescents and young adults, including tobacco use [5-7],
alcohol misuse [8-11], drug use [12,13], risky driving [8], and
unsafe sex [14]; as well as interventions to promote health
behaviors, such as use of contraception to prevent pregnancy
[15-17], human papilloma virus (HPV) vaccination [18], oral
health and hygiene [19,20], and nutrition and exercise promotion
[21-23]. The widespread use of electronic communication
technologies by young people, particularly the use of mobile
phones and other mobile devices [24-26], presents new
opportunities to intervene on risk and preventive behavior. To
our knowledge, no recent systematic reviews have been
conducted on the effects of texting (short message service, SMS)
and mobile phone apps—the most widely used technologies by
young people—to improve prevent risk behavior and promote
adherence to preventive health behavior in adolescents. The
objective of this review was to systematically evaluate the
evidence for the efficacy of texting and mobile phone app
interventions in improving adherence to preventive behavior
among adolescents and describe intervention approaches used
in the included studies that would inform future intervention
development.

Methods
Study Design
The protocol for this review was registered with the international
prospective register of systematic reviews (PROSPERO;
CRD42015025907) [27] and covered literature published
between 1995 and 2015 with no language limits. The search
strategy looked for all articles on texting, phones, mobile phone
http://mhealth.jmir.org/2017/4/e50/
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apps, and portable software combined with adherence or
compliance, and search terms related to child, pediatric,
adolescents, and youth. We intentionally used the Boolean
search term “OR” instead of “AND” to capture the most
comprehensive set of articles possible to which we applied our
eligibility criteria. We followed the guidelines for the preferred
reporting items for systematic reviews and meta-analyses
(PRISMA) in the reporting of evidence across the studies
reviewed herein [28]. In brief, a medical librarian conducted
the literature search in the following sources: MEDLINE,
Embase, CENTRAL, CINAHL, PsycINFO, Web of Science,
Center for Review and Dissemination, INSPEC, Proquest
Dissertations, Scopus, ClinicalTrials.gov, WHO Clinical Trials,
Controlled-Trials.org, IEEE Explore, and Google Scholar
(Multimedia Appendix 1). An additional hand search of related
themes in the Journal of Medical Internet Research was also
conducted. Two independent reviewers (SB and LK) assessed
abstracts and articles against eligibility criteria and critically
appraised the methodological quality using established criteria
from the Oxford Centre for Evidence-based Medicine [29].
Disagreements were resolved by discussion or consultation with
a colleague, if needed.

Eligibility Criteria
Eligible studies were original research articles that included
randomized controlled trials, quasi-experimental studies, or
pilot pre-post studies of texting or mobile phone–based apps
designed to improve adherence to preventive or prophylactic
behavior in adolescents aged 12-24 years [30]. Adherence was
defined as “the extent to which a person’s behavior coincides
with medical or health advice” [31,32]. Therefore, the term
“adherence” included both prescribed medications and scheduled
clinic appointments [31-33]. To be included in this review, the
studies had to report at least one primary or secondary outcome
related to adherence to preventive behavior. Studies focused on
parents rather than on adolescents, disease monitoring without
intervention, or use of other forms of technology (ie, other than
mobile phone apps or texting) were excluded.

Data Synthesis
We used a standardized form for data extraction. Data items in
the extraction form included the following: first author’s name;
publication year; country; aim of the study; participants’ age
and sex; study design and setting; sample size; selection criteria;
duration of intervention and follow-up; retention rate;
components of study intervention (texting or mobile phone apps)
and comparator (if applicable); adherence measures and
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e50 | p.65
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outcomes; other related outcome; and theoretical framework.
Data were analyzed and summarized qualitatively and
quantitatively. Standardized mean differences (SMD) with 95%
CIs were calculated—using means and standard deviations, preand postvalues, or frequencies of outcomes—to evaluate the
efficacy of texting or mobile phone–based apps in improving
adherence to preventive behavior and related outcomes [34].
Data were analyzed using StataCorp (2013, StataCorp LP).

Results

Badawy & Kuhns
inclusion criteria [35-53]. Most (n=15) included texting
interventions [35-41,43-45,47-49,52,53], and only 4 studies had
mobile phone–based app interventions [42,46,50,51]. The
primary aim of the interventions was to improve adherence to
clinic attendance (primary care, gynecology, mental health)
[35,36], contraception use [37-39], oral health and hygiene in
orthodontic patients [46,47], physical activity and weight
management [48-51], sun-protective measures [52], and HPV
vaccination [53]; or to reduce risky behavior, including unsafe
sex [40-42], smoking [45], and alcohol misuse [43,44].

Literature Search
The literature search identified 1454 references (Figure 1), and
161 full articles were retrieved. Nineteen articles met all
Figure 1. Flow of studies through the review according to the preferred reporting items for systematic reviews and meta-analyses (PRISMA) guidelines.
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Description of Included Studies

[41,50], and 3 were not explicitly stated or reported [43,49,53].
Sample size ranged from 26 to 999, with a median of 78 and a
mean of 232 participants per study; 12 enrolled < 100
[36,38,40,41,43,46-52], and 7 had ≥100 participants
[35,37,39,42,44,52,53]. Participants’ race or ethnicity varied:
majority were white in 5 [38,44,45,50,51], black in 3 [39-41],
Asian in 2 [48,49], Latino in 1 [42], black and Latino in 2
[36,37], and not reported in 6 studies [35,43,46,47,52,53]. Only
6 studies incorporated or were informed by a clear theoretical
framework for their intervention effects, including
Transtheoretical Model [37], Geser’s Sociological Framework
[39], Health Belief Model and Information Motivation Behavior
Model [40], Health Action Process Approach [45], Stages of
Motivational Readiness for Change Model [48], Addiction
Treatment Model [50], or utilized specific effective
self-regulatory behavior change techniques without an identified
theoretical model [51].

Table 1 summarizes study characteristics (also see Multimedia
Appendix 2). Nine were conducted in the United States
[36-41,47,50,53], 3 in Switzerland [35,44,45], 2 in Hong Kong
[48,49], and 1 each in Colombia [42], Wales [43], Italy[46],
New Zealand [51], and Germany [52]. Most (n=9) were
conducted in a clinic setting [35-39,46,47,53], 3 in a university
[41-43], 2 in vocational schools [44,45], 1 in secondary schools
[48], 1 in an emergency department [40], 1 in a clinic and
summer camp [52], 1 in both a clinic and Web-based
environment [50], and 1 at participants’ home [51]. Most (n=12)
enrolled younger adolescents (age ≥12 and < 18 years)
[35,36,41,45-53], 6 enrolled older adolescents (age ≥18 and
<24 years) [37,38,40,42-44], and 1 reported only an age range
of 13-21 years [39]. Fourteen studies indicated regular or mobile
phone ownership or access as 1 of the eligibility criteria
[35-40,42,44-48,51,52], 2 included patients with mobile phones
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Table 1. Summary of included studies focused on improving adherence to preventive measures in adolescents.
Source (coun- Aim of interventry)
tion

Study design (setting)

Age in years, (sex)

Group (n)

Tech

Narring et al
Improve atten[35] (Switzer- dance in clinic
land)

RCT (randomized
controlled trial), investigator-blinded
(multidisciplinary
youth clinic: primary
care, gynecological
and mental)

Interventiona: 17.7
(2.8) (75.9% Female)

Intervention
(469)

Text mes- 6
sages
months

Quasi-experimental
pilot study (large
hospital mental
health clinic)

Interventiona: 15.4
(1.3) (58% Female)

Intervention
(24)

Controla: 14.8 (1.5)
(42% Female)

Control (24)

Branson et
Improve attenal[36] (United dance in mental
States)
health clinic

Followup

Control (530)

Retention rate Grade
Intervention:
462 (98.5%)

Moderate

Control: 529
(99.8%)

a

Control : 17.7 (3)
(75.4% Female)
Text mes- 3
sages
months

Intervention:
24 (100%)

Moderate

Historical
Control: N/Ad

Castano et al
[37] (United
States)

Improve continuation of OCPs
(oral contraceptive pills)

RCT, investigatorInterventiona: 20.8
blinded (urban fami- (2.5)
ly planning health
Controla: 20.4 (2.7)
center)
All females

Intervention
(480)

Hou et al[38]
(United
States)

Increase adherence to OCPs

RCT, investigatorblinded (Planned
Parenthood League
clinic)

Interventionb: 22
(18-31)

Intervention
(41)

Controlb: 22 (18-30)

Control (41)

Text mes- 6
sages
months

Control (482)

Intervention:
346 (72.1%)

Moderate

Control: 337
(69.9%)
Text mes- 3
sages
months

Intervention:
36 (88%)

Moderate

Control: 37
(90%)

All females
Trent et al
[39] (United
States)

Improving Depo- RCT, nonblinded
Interventionb: 13-21 Intervention
Provera appoint- (large urban academ(50)
b
ment attendance ic General Pediatric Control : 13-21
Control (50)
and Adolescent
All females
Medicine Practice)

Suffoletto et al Reduce sex risk
[40] (United
behavior among
States)
at-risk young

Text mes- 12
sages
months

Intervention:
33 (66%)

High

Control: 36
(72%)

RCT, nonblinded
Interventiona: 22 (2) Intervention
(urban tertiary hospi(23)
a
tal emergency depart- Control : 21 (2)
Control (29)
ment)
All females

Text mes- 3
sages
months

Cornelius et al Improve HIV
[41] (United
knowledge and
States)
attitudes toward
condoms among
African American adolescents

Pre-post single-arm Interventiona: 15.4
pilot study (universi- (1.7) (52.5% Fety)
male)

Intervention
(40)

Text mes- 3
sages
months

Intervention:
36 (90%)

Low

Lopez et al
[42] (Colombia)

Provide sexual
education and
improve knowledge about the
sexual risk factors

Pre-post single-arm Interventiona: 21
pilot study (universi- (3.6) (53% Female)
ty)

Intervention
(127)

App

Intervention:
58 (45.7%)

Very low

Moore et al
[43] (Wales)

Reduce future al- RCT, nonblinded
cohol consump- (university)
tion based on data of past alcohol
expenditure

Intervention
(40): Student
(21); nonstudent (19)

Text mes- 2
sages
months

adult Fg discharged from
emergency department
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Studenta: 22 (3.7)
Nonstudenta: 38.5
(14.3)
Overall (33% Female)

Control (38):
Student (16);
nonstudent
(22)

Intervention:
15 (65%)

Low

Control: 21
(72%)

6
months

Intervention: Low
Student 20
(95%); nonstudent 18 (95%)
Control: Student 14
(88%); nonstudent 22
(100%)
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tion

Study design (setting)
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Age in years, (sex)

Group (n)

Haug et al
Reduce alcohol
Pre-post single-arm Intervention “partici- Intervention
[44] (Switzer- binge or problem pilot study (vocation- pants”a: 18.0 (2.4)
(364)
land)
drinking
al school)
(24.5% Female)
Control (113)

Tech

Followup

Text mes- 3
sages
months

Retention rate Grade
Intervention:
280 (76.9%)

Moderate

Control: 87
(77.0%)

Control “nonparticipants”a: 17.8 (1.7)
(19.5% Female)
Haug et al
Increase smoking
[45] (Switzer- cessation and reland)
duce cigarettes
consumption

Two-arm cluster
RCT, assessorblinded (vocational
school)

Interventiona: 18.2
(2.4) (48.7% Female)

Intervention
(372)

Text mes- 6
sages
months

Control (383)

Zotti et al [46] Improve oral hy(Italy)
giene adherence
and oral health

RCT, assessorInterventiona: 14.1 App (40)
blinded (orthodontic (58% Female)
Control (40)
clinic in a university
a
Control : 13.6 (58%
hospital)
Female)

App

Bowen et al
[47] (United
States)

Improve adherence to oral hygiene and reduce
plaque formation

RCT, patient-blind- Interventiona: 15.5 Intervention
ed (orthodontic clin- (60% Female)
(25)
ic in a university
Control (25)
Controla: 14.6 (56%
hospital)
Female)

Text mes- 3
sages
months

Lau et al [48]
(Hong Kong)

Promote physical Quasi-experimental
activity in school (secondary schools)
age children

RCT, investigatorblinded (pediatric
obesity clinic of a
tertiary care hospital)

12
months

Control (40)

Control: 40
(100%)

Intervention “Inter-

Intervention
Text mes- 6
“Internet” (16) sages
months

Intervention
“Internet”: 16
(100%)

Intervention
b

Pretlow et al
[50] (United
States)

Improve weight
management

Pre-post single arm Interventiona: 16
pilot study (universi- (0.43)
ty hospital clinic and
(65% Female)
on the Internet)

Direito et al
[51] (New
Zealand)

Improve fitness
in insufficiently
active healthy
young people

Three-arm, parallel,
RCT, nonblinded
(participants home)

XSL• FO
RenderX

Low

Control: 21
(84%)
Text mes- 2
sages
months

Intervention
“sLMP” (16)

Intervention:
38 (100%)

Low

Low

Intervention
“sLMP”: 16
(100%)

Control (16)

Control: 16
(100%)

Cnotrolb: 14.3, 13.516 (38% Female)
Intervention
(43)

App

5
months

Intervention:
27 (63%)

Moderate

Intervention “immer- Intervention
sive”a: 15.78 (1.11) “immersive”
(17)
(53% Female)

App

2
months

Intervention
“immersive”:
17 (100%)

Moderate

Intervention “nonim- Intervention
“non immermersive”a: 15.69
sive” (16)
(1.04) (63% Female)
Control (18)
Controla: 15.55
(1.32) (56% Female)

Improve sun-pro- Pre-post single-arm Interventiona: 16.1
tection knowlpilot study (summer y, 13-22 (27% Feedge and behav- cap/clinic)
male)
ior

http://mhealth.jmir.org/2017/4/e50/

Intervention:
19 (76%)

Controla: 13.3 (1.1)
(63% Female)

net” : 14.9, 13.716.2 (44% Female)

Low

Control: 40
(100%)

Intervention
(38)

“sLMP” : 14.1,
13.5-15.3 (38% Female)

Sachse et al
[52] (Germany)

Intervention:
40 (100%)

Interventiona: 12.3
(0.9) (68% Female)

b

High

Control: 272
(71.0%)

a

Control : 18.3 (2.2)
(55.1% Female)

Abraham et al Improve weight
[49] (Hong
management
Kong)

Intervention:
287 (77.2%)

Intervention
(26)

Intervention
“non immersive”: 15
(94%)
Control: 17/18
(94%)
Text mes- 2
sages
months

Intervention:
19 (73%)

Very low
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Source (coun- Aim of interventry)
tion

Study design (setting)

Age in years, (sex)

Group (n)

Tech

Followup

Matheson et al Increase HPV
[53] (United
(human papilloStates)
mavirus) vaccination series completion rate

Pilot Quality Improvement project
(urban pediatric
clinic)

Interventiona: 12
(62% Female)

Intervention
(37)

Text mes- 8
sages
months

Interesteda,c: 14
(64% Female)

Interestedc
(43)

Controla,c: 14 (42%
Female)

Controlc (232)

Retention rate Grade
Intervention: Low
data not reported

a

Age reported as mean (SD, standard deviation).

b

Age reported as median ( range, minimum-maximum).

c

Interested group included patients or parents enrolled in the project during their clinic visit who did not complete their opt-in process to receive text
message reminders after leaving clinic; historical control included all patients who initiated HPV vaccination series during study period, but were either
not offered or declined to participate in the project.
d

N/A: not applicable.

Studies Methodological Quality
Most (n=11) were RCTs [35,37-40,43.45-47,49,51], 6 pre-post
pilot design [41,42,44,50,52,53], and 2 quasi-experimental
studies
[36,48].
Of
the
R C Ts ,
7
were
single-blinded—investigator (n=4), assessor (n=2), and patient
(n=1) [35,37,38,45-47,49]; 4 nonblinded [39,40,43,51]; and
none double-blinded. Overall, the quality of the included studies
was low to moderate (Table 1). Details of allocation concealment
and study blinding were inadequately reported for most studies.
About half of the RCTs (n=5) used intention-to-treat analysis
[35,37,38,45,51]. Almost all (n=18) reported retention rates,
which differed across studies from <80% in 8
[37,38,40,42,44,45,50,52],
≥80
to
<100%
in
6
[35,38,41,43,47,51], 100% in 4 [36,46,48,49], and not reported
in 1 study [53]. The duration of the interventions ranged from
2 to 12 months as follows: 2-3 months (n=11)
[36-38,40,41,43,44,47,48,51,52],
5-8
months
(n=6)
[35,42,45,49,50,53], and 12 months (n=2) [39,46]. Only 2
studies extended follow-up for 2 [37] and 3 months [45] after
the completion of active intervention.

Description of Texting Interventions
Most (n=10) included texting as the only intervention
[35-40,43,45,47,53], whereas 5 included additional components
[41,44,48,49,52]: in-person training sessions in 2 [41,52],
Web-based program in 2 [44,48], Internet-based curriculum in
1 [49], and a facilitator or a coach in 1 study [41]. Texting
interventions varied in frequency, message content, and
directionality of messages (also see Multimedia Appendix 3).
Text reminders for frequent behaviors were sent once daily in
7 [37,38,41,43,45,48,52], and once or twice weekly in 5 studies
[40,44,45,47,49]. Appointment reminders were sent at differing
frequencies, including 1 day in 2 [35,36] or daily for 3 days
before in 1 [39], or 7 days before, after and on the scheduled
date in 1 study [53]. Text reminders were customized to the
patient’s personal preferences in terms of scheduling (ie, day
or time) in 5 studies [36-39.53], content in 8
[40,41,43-45,48,49,52], or both in 1 study [35]. Text-reminder
directionality was 1-way in 7 [36-38,47,48,52,53] and 2-way
in 8 [35,39-41,43-45,49], with emotion icon (emoji) response
in 1 [49] and according to a sophisticated tailored algorithm in
3 studies [40,44,45]. All text reminders were sent to adolescents
http://mhealth.jmir.org/2017/4/e50/
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or young adults, not their parents. Text messages were also a
tool for education in 7 [37,39,41,47,48,52], positive
reinforcement or personalized feedback in 5 [40,44,45,48,49],
goal setting in 3 [40,48,49], and addressing barriers in 1 study
[48]. Most (n=9) provided incentives or a reward system for
patient engagement [36,37,39-41,43-45,48]. One included a
virtual friend “Jackie” who was part of all messages to build
rapport with participants and provide more social support [48],
and none included an explicit motivational approach or targeted
social support network.

Description of Mobile Phone App Interventions
In terms of the mobile phone platforms (also see Multimedia
Appendix 4), 2 used existing commonly used mobile phone app
platforms, “WhatsApp” [46] and “Zombies, Run! 5K Training
app” or “Get Running-Couch to 5k app” [51], whereas 2
included apps developed specifically for the study [42,50]. Zotti
et al [46] created an anonymous study group “Brush Game” on
the app where patients shared 2 photographs of themselves
weekly (“selfies”), participated in chat room conversations,
shared materials related to oral hygiene, and viewed a weekly
ranking of the top 5 participants based on chat room participation
and oral hygiene outcomes. In contrast, Direito et al had
participants randomized to either an immersive app “Zombies,
Run! 5K Training” with a game-themed design embedded with
a story where participants were trained to collect supplies and
protect a town from zombies, or a nonimmersive app “Get
Running-Couch to 5k” [51]. Both apps consisted of a fully
automated 8-week training designed to improve fitness and
ability to run 5 km, provided information on running and audio
instructions on how to perform the training components, and
tracked and displayed participant’s progress throughout the
program; and included the ability to work out with music on
the device’s library and links to associated websites to interact
with other users [51]. Participants were encouraged to use their
app 3 times per week and work their way through each of the
workouts, but no cointerventions (ie, emails, phone calls, text
message) or prompts to use the app were utilized [51]. On the
contrary, Lopez et al developed a native app “DoctorChat” as
an intervention that allowed participants to submit questions on
different sexual and reproductive health issues through their
mobile phones, and to receive personalized, accurate, and
informative responses from health care professionals and experts
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in the field [42]. Moreover, Pretlow et al [50] utilized a
multifunction app for weight management, in addition to group
meetings and personalized coaching. The app included different
capabilities such as progress reports, peer support, coping skills
and self-management toolbox, fun activity ideas for distraction,
and mentor communication [50].

Intervention Effects on Adherence to Preventive
Behavior and Other Outcomes
Most (n=12) reported clinical effects related to adherence to
preventive behavior [40-51], 9 measured actual adherence to
preventive behaviors [35-40.46,50,53], and 5 described other
outcomes as well, including knowledge gain in 3 [41,42,52],
motivational readiness in 1 [48], and change in self-management
skills in 1 study [50] (also see Multimedia Appendices 5 and
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6). Adherence to preventive behavior was evaluated by clinic
attendance in 4 [35,36,39,53], self-report of adherence in 3
[37,40,50], self-report and electronic device to monitor
adherence in 1 [38], and electronic direct observation of
adherence behavior (self-photographs or selfies) in 1 study [46].
All the included studies provided enough information to
calculate standardized outcomes (ie, effect sizes d or SMDs),
except 1 [42]. At the end of the active intervention period, about
half (n=8) of the studies reported significant improvement in
adherence to preventive behavior and other related outcomes
with moderate SMDs [36,37,44-47,52,53]. Table 2 summarizes
SMDs for all included studies. Several studies reported findings
for efficacy as well as usability and feasibility. Most (n=11)
reported high levels of satisfaction and acceptability of study
interventions [36-42,48-50,52].
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Table 2. Effect sizes for the main outcomes of included studies.
Source

Effect size, d

Study outcomes

(intervention)
Narring et al [35] (Texting)

(95% CI)a
Attendance to all clinics

0.15 (–0.03 to 0.33)

Attendance to primary care clinic

0.06 (–0.16 to 0.27)

Attendance to gynecological clinic

0.32 (–0.10 to 0.74)

Attendance to mental health clinic

0.32 (–0.21 to 0.85)

Attendance to mental health clinic

0.32 (–0.21 to 0.85)

Branson et al [36] (Texting)

Attendance to mental health clinic

0.67 (0.09-1.25)h

Castano et al [37] (Texting)

Continued use of OCPsb at follow-up: overall

0.23 (0.06-0.40)h

Continued use of OCPs at ≤187 days

0.52 (0.19-0.86)h

Continued use of OCPs at ≥188 days

0.13 (–0.07 to 0.33)

Decreased OCP doses miss rate: all participants

0.09 (–0.34 to 0.53)

Decreased OCP doses miss rate: 3 cycles complete

0.13 (–0.30 to 0.57)

Depo-Provera on-time visit attendance: cycle 1

0.29 (–0.19 to 0.77)

Depo-Provera on-time visit attendance: cycle 2

0.77 (–0.35 to 0.69)

Depo-Provera on-time visit attendance: cycle 3

0.01 (–0.57 to 0.60)

Condom use with last sexual intercourse

0.32 (–0.29 to 0.93)

Always condom use in last 28 days

0.29 (–0.38 to 0.95)

Drug or alcohol use before last sex

0.23 (–0.53 to 0.99)

Any unprotected sex with concurrent alcohol use in last 28 days

0.58 (–0.41 to 1.57)

HIV knowledge

0.42 (–0.03 to 0.86)

Attitudes toward condoms

0.08 (–0.36 to 0.52)

Reduction in risky behavior: intercourse

0.17 (–0.27 to 0.60)

Reduction in risky behavior: illegal drugs

0.41 (–0.03 to 0.86)

Decrease alcohold use in students

0.00 (–0.65 to 0.65)

Decrease alcohol use in nonstudents

0.13 (–0.48 to 0.75)

Reduction in RSODc in persons with ≥1 occasion in the last month

0.22 (0.01- 0.42)h

Reduction in RSOD in persons with >2 occasions in the last month

0.16 (–0.02 to 0.35)

Reduction in number of standard drinks in a typical week

0.14 (–0.02 to 0.31)

Reduction in the maximum number of drinks on an RSOD occasion

0.08 (–0.09 to 0.24)

Reduction in having one or more alcohol-related problems

0.24 (–0.01 to 0.48)

7-day smoking abstinence at 6 months: total sample

0.16 (–0.13 to 0.46)

7-day smoking abstinence at 6 months: occasional smokers

0.25 (–0.21 to 0.71)

7-day smoking abstinence at 6 months: daily smokers

0.15 (–0.28 to 0.59)

4-week smoking abstinence at 6 months: total sample

0.08 (–0.31 to 0.47)

4-week smoking abstinence at 6 months: occasional smokers

0.38 (–0.27 to 1.03)

4-week smoking abstinence at 6 months: daily smokers

0.39 (–0.21 to 0.98)

Reduction in cigarette consumption at 6 months: total sample

0.33 (0.16-0.50)h

Reduction in cigarette consumption at 6 months: occasional smokers

0.36 (0.02-0.71)h

Reduction in cigarette consumption at 6 months: daily smokers

0.20 (0.01-0.39)h

Smoking quit attempts at 6 months: total sample

0.17 (–0.02-0.36)

Hou et al [38] (Texting)

Trent et al [39] (Texting)

Suffoletto et al [40] (Texting)

Cornelius et al [41] (Texting)

Moore et al [43] (Texting)

Haug et al [44] (Texting)

Haug et al [45] (Texting)
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Effect size, d

Study outcomes

(intervention)

(95% CI)a
Smoking quit attempts at 6 months: occasional smokers

1.09 (0.65-1.52)h

Smoking quit attempts at 6 months: daily smokers

0.06 (–0.16 to 0.29)

Gingival index at 6 months

0.56 (0.12-1.01)h

Gingival index at 9 months

1.04 (0.57-1.51)h

Gingival index at 12 months

1.43 (0.94-1.92)h

Plaque index at 6 months

0.73 (0.28-1.18)h

Plaque index at 9 months

1.50 (1.00-2.00)h

Plaque index at 12 months

1.40 (0.91-1.89)h

Visible white spots at 9 months

0.67 (0.04-1.30)h

Visible white spots at 12 months

0.63 (0.06-1.20)h

Plaque coverage reduction at 4 weeks

1.62 (0.98-2.26)h

Plaque coverage reduction at 12 weeks

2.40 (1.67-3.12)h

Lau et al [48] (Texting)

Self-report of physical activity

0.31 (–0.14 to 0.76)

Abraham et al [49] (Texting)

Reduction in BMI (body mass index )

0.09 (–0.61 to 0.78)

Pretlow et al [50] (App)e

Reduction in percent over-BMI in males

0.17 (–0.55 to 0.88)

Reduction in percent over-BMI in females

0.08 (–0.44 to 0.61)

Time to complete 1-mile walk or run using an immersive app

–0.238 (–0.9 to 0.43)

Time to complete 1-mile walk or run using a nonimmersive app

–0.14 (–0.81 to 0.54)

Understanding of the meaning of UVf-index

1.49 (0.61-2.37)h

d

Zotti et al [46] (App)

Bowen et al [47] (Texting)

Direito et al [51] (App)

Sachse et al [52] (Texting)

Naming ≥3 of ABCDE (ie, asymmetry, border, color, diameter, and evolution) 1.40 (0.19-2.61)h
mnemonic for skin self-exam

Matheson et al [53] (Texting)

Knowing that it takes hours to recognize sunburns

0.51 (–0.24 to 1.26)

HPVg vaccine dose 2

1.10 (0.67-1.52)h

HPV vaccine dose 2 on-time

0.46 (0.06-0.86)h

HPV vaccine dose 3

0.70 (0.14-1.27)h

HPV vaccine dose 3 on-time

0.91 (0.24-1.58)h

a

Positive effect size value means improvement in a study outcome, while a negative one means worsening outcome.

b

OCPs: oral contraceptive pills.

c

RSOD: risky single-occasion drinking.

d

Gingival index score (0-3): 0 being normal gingiva and 3 having severe inflammation and edema, with spontaneous bleeding; plaque index score (0-3):
0 being best with no plaques and 3 having plaque covering more than half of the surface; white spots score: (0-3): 0 being no visible white spots and 3
having visible white spots requiring restoration.
e

Percent over-BMI was calculated as [(BMI – BMI at 50th percentile for age and sex) / BMI at 50th percentile] × 100.

f

UV: ultraviolet.

g

HPV: human papillomavirus.

h

Statistically significant P<.05.

Effects on Clinic Attendance
Narring et al found no significant differences in multidisciplinary
clinic attendance as a result of text message reminders in
comparison to control at 6-month follow-up across all clinics
(d=0.15; 95% CI –0.03 to 0.33) or by clinic type; primary care
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(d=0.06; 95% CI –0.16 to 0.27), gynecology (d=0.32; 95% CI
–0.10 to 0.74), or mental health clinics (d=0.32; 95% CI –0.21
to 0.85) [35]. In contrast, Branson et al reported a significant
improvement in their mental health clinic attendance rate in the
texting intervention group compared with controls at 3-month
follow-up (d=0.67; 95% CI 0.09-1.25) [36].
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Effects on Contraception
Castano et al found significantly higher oral contraceptive pill
(OCP) continuation rates at 6 months (ie, having taken a pill in
last 7 days) in texting intervention arm compared with controls
(d=0.23; 95% CI 0.06-0.40) [37]. The observed effect of the
intervention dissipated over time with the difference in OCP
continuation rates significant at 187 days or less (d=0.52; 95%
CI 0.19-0.86), but not at 188 days or more (d=0.13; 95% CI
–0.07 to 0.33) [37]. In contrast, Hou et al reported no significant
differences in average rates of missed OCPs in text intervention
group compared with controls, overall (d=0.09; 95% CI –0.34
to 0.53) and in those who completed 3 cycles or 3-month
follow-up (d=0.13; 95% CI –0.30 to 0.57) [38]. Similarly, Trent
et al found that on-time Depo-Provera (injectable contraceptive)
completion rate was not significantly different between text
intervention and control groups over 12-month study period in
those who completed cycle 1 (d=0.29; 95% CI –0.19 to 0.77),
cycle 2 (d=0.77; 95% CI –0.35 to 0.69), or cycle 3 (d=0.01;
95% CI –0.57 to 0.60) [39].

Effects on Risky Behavior
Testing a texting intervention using a sequence of messages to
assess and then intervene on risk behavior, Suffoletto et al
reported no significant differences between intervention and
control groups for condom use at last sexual intercourse (d=0.32;
95% CI –0.29 to 0.93) or proportion of “always condom use”
over the past 28 days (d=0.29; 95% CI –0.38 to 0.95) at 3-month
follow-up [40]. Additionally, there was no significant difference
in observed drug or alcohol use before last sex (d=0.23; 95%
CI –0.53 to 0.99) and any unprotected sex with concurrent
alcohol use in last 28 days (d=0.58; 95% CI –0.41 to 1.57) [40].
Cornelius et al, in their evaluation of texting intervention among
African American adolescents at 3-month follow-up, failed to
show a significant improvement in human immunodeficiency
virus (HIV) knowledge (d=0.42; 95% CI –0.03 to 0.86), attitudes
toward condoms (d=0.08; 95% CI –0.36 to 0.52), and risky
behavior related to sexual intercourse (d=0.17; 95% CI –0.27
to 0.60) or illegal drug use (d=0.41; 95% CI –0.03 to 0.86) [41].
In contrast, Lopez at al developed and evaluated a dedicated
mobile phone app “DoctorChat” as a tool to provide sexual
education [42]. At 6-month follow-up, the authors reported
some improvement in participants’ knowledge about the sexual
risk factors among young adults, but no significant differences
in preventive behavior [42].
In an intervention using a single text message summarizing
alcohol-related expenses by the participants over the prior
month, Moore et al reported no significant reduction in average
units of alcohol consumed at follow-up between intervention
and control groups among students (d=0; 95% CI –0.65 to 0.65)
and nonstudents participants (d=0.13; 95% CI –0.48 to 0.75)
[43]. In contrast, Haug et al utilized a combined intervention of
automatically generated individually Web-based feedback and
text messages tailored for participants’ age, sex, and alcohol
drinking behavior [44]. At 3-month follow-up, the authors were
able to show a significant reduction in the number of risky
single-occasion drinking episodes in persons with at least one
occasion in the last month (d=0.22; 95% CI 0.01-0.42), but not
the number of drinks or alcohol-related problems [44].
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In another study, Haug et al evaluated the efficacy of a 2-way
text message–based intervention on smoking cessation tailored
based on individual smoking behavior and attitudes toward
smoking cessation [45]. The authors showed a significant
reduction in cigarette consumption (ie, the number of cigarettes
smoked) at 6-month follow-up in all participants (d=0.33; 95%
CI 0.16-0.50), occasional smokers (d=0.36, 95% CI 0.02-0.71),
and daily smokers (d=0.20; 95% CI 0.01-0.39), as well as a
significant increase in the number of smoking quit attempts in
occasional smokers only (d=1.09; 95% CI 0.65-1.52) [45].
However, there was no significant improvement in either 7-day
or 4-week smoking abstinence among study participants [45].

Effects on Oral Health
Zotti et al utilized an existing commonly used mobile phone
app platform (WhatsApp) and showed a significant improvement
in participants’ oral hygiene with lower average gingival index
scores in the intervention group compared with controls at 6
months (d=0.56; 95% CI 0.12-1.01), 9 months (d=1.04; 95%
CI 0.57-1.51), and 12 months (d=1.43; 95% CI 0.94-1.92) [46].
Intervention participants also had significantly lower plaque
index scores at 6 months (d=0.73; 95% CI 0.28-1.18), 9 months
(d=1.50; 95% CI 1.00-2.00), and 12 months (d=1.40; 95% CI
0.91-1.89) compared with controls [46]. In addition, the number
of visible white spots was lower in the intervention group at 9
months (d=0.67; 95% CI 0.04-1.30) and 12 months (d=0.63;
95% CI 0.06-1.20) compared with controls [46]. However, the
frequency of new caries was not significantly different between
study groups [46]. Testing a less intensive texting intervention,
Bowen et al reported significantly lower average plaque
coverage score in the text intervention group compared with
controls at 4-week (d=1.62; 95% CI 0.98-2.26); and 12-week
follow-up (d=2.40; 95% CI 1.67-3.12) [47].

Effects on Weight Management and Physical Activity
Using a texting reminder approach, Lau et al reported a
nonsignificant increase in the average self-report of physical
activity scores in the intervention group compared with controls
at 2-month follow-up (d=0.31; 95% CI –0.14 to 0.76) [48].
Abraham et al also failed to show any significant changes in
body mass index (BMI) at 6-month follow-up in the 3 study
groups exposed to a combination of Internet-based educational
program and texting intervention versus controls (d=0.09; 95%
CI –0.61 to 0.78) [49]. Similarly, testing a multifunction mobile
phone app, Pretlow et al reported a nonsignificant improvement
in self-management skills and weight loss (% over-BMI) at
5-month follow-up in the intervention group compared with
controls, in neither males (d=0.17; 95% CI –0.55 to 0.88) nor
females (d=0.08; 95% CI –0.44 to 0.61) [50]. In contrast, Direito
et al, in their evaluation of the effect of 2 commercially available
fitness apps—immersive app “Zombies, Run!” and
nonimmersive app “Get Running-Coach” —on cardiopulmonary
fitness among physically inactive adolescents [51] at 2 month
follow up, failed to show a significant difference in the time
needed to complete 1-mile run or walk using an immersive app
(d=0.24; 95% CI –0.43 to 0.9) or nonimmersive app (d=0.14,
95% CI –0.5 to 0.81) compared with the control group.
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Effects on Sun-Protective Measures
Sachse et al used a combined approach of a single educational
session and texting intervention and reported, at 2-month
follow-up, a significant increase in participants’ understanding
of the meaning of UV-index (d=1.49; 95% CI 0.61-2.37), and
their ability to name at least three of the ABCDE mnemonic
(ie, asymmetry, border, color, diameter, evolution) for skin
self-exam (d=1.40; 95% CI 0.19-2.61), but not in knowing that
it takes hours to recognize sunburns (d=0.51; 95% CI –0.24 to
1.26) compared with their baseline [52].

Effects on Vaccination
Using a texting approach, Matheson et al reported significantly
higher HPV vaccination series completion rate in intervention
group compared with controls for HPV second dose (d=1.10;
95% CI 0.67-1.52), HPV second dose on time (d=0.46; 95% CI
0.06 to 0.86), HPV third dose (d=0.70; 95% CI 0.14-1.27), and
HPV third dose on time (d=0.91; 95% CI 0.24-1.58) [53].
Similar significant beneficial effects were seen in the
intervention group compared with those who were interested
but not enrolled, regarding their completion rates of HPV second
dose (d=0.93; 95% CI 0.40-1.46) and HPV third dose (d=1.24;
95% CI 0.05-2.42), but not HPV second dose on time (d=0.46;
95% CI –0.09 to 1.01) or HPV third dose on time (d=1.17; 95%
CI –0.03 to 2.36) [53].

Discussion
Principal Findings
Prevention has been emphasized as a key component of
adolescent health with evidence that many problem behaviors
are amendable to intervention [4] Given the increasing use of
communication technologies and mobile devices among young
people [24], these media present opportunities for behavioral
intervention. However, few studies have attempted to assess
the efficacy of these approaches over different preventive
behaviors. In this systematic review, we assessed the weight of
evidence to date for 2 of the most common mobile technologies
used by youth, texting and mobile phone apps, to promote
preventive behaviors.
Overall, the evidence was modest, but limited with a small
number of studies, relatively small sample sizes, and other
methodological considerations, particularly for statistical
analysis. We identified only 19 studies that met our pre-set
criteria, the vast majority of which were texting interventions.
These approaches were used to impact 7 types of behavior (clinic
attendance, contraceptive use, risky behavior, oral health,
physical activity and weight management, sun protection, HPV
vaccination). Most interventions were carried out among
younger adolescents and in clinic settings, which indicates the
potential of clinical settings to adopt innovative
technology-based prevention approaches to address different
types of preventive behaviors.
Although texting was used more frequently than mobile phone
apps to promote preventive behavior, there were many
differences in the timing and content of texting approach. The
majority of interventions used customized messages aimed at
specific behavioral targets (depending on the preventive
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behavior of interest) and schedules. More than a simple
reminder, texting was used to communicate educational
messages, behavioral goals, and reinforce positive behavior.
Many studies demonstrated both feasibility and satisfaction with
these approaches, which suggests potential for further
development.
Overall results for behavior change are modest, with half of
interventions reviewed herein demonstrating evidence of
efficacy. There was some evidence of efficacy for texting to
promote oral contraceptive adherence, specialty clinic
attendance, and HPV vaccination. Effects were strongest for
oral health and hygiene with both a multifunction app and a
texting approach, resulting in significant effects. There was
limited evidence of efficacy of either a multifunction app or
texting approach on weight management and physical activity;
or for texting approach to change sexual risk behavior in the
context of substance use. The variability in the observed effects
across different behaviors could be due to the level of difficulty
and effort required. The challenges and the characteristics
associated with certain behaviors would make them easier or
harder to influence or change over time. More research is needed
to measure the level of difficulty of behavior change in a
standardized way and to compare effect sizes across behaviors
and intervention approaches.
A recent review of electronic media to promote health or safety
behavior change in children (aged ≤18 years) concluded that
there is good evidence of efficacy for these approaches [54].
Most studies focused on pre-teen children and utilized computer
games and videos. The difference in findings in comparison to
our review may be due in part to our focus on adolescents, for
whom behaviors may be more difficult to change; our focus on
newer technologies, which are still relatively nascent media for
health behavior change; and on a wide variety of preventive
behaviors, for which there is heterogeneity in approach. Mobile
phone approaches, including texting in particular, have been
found to be a feasible and potential efficacious medium for
increasing levels of health education in adolescents [55];
behavioral targets may be more resistant to change.

Strengths
Our systematic review had a number of strengths. First, in our
review, we followed the recommendations for rigorous
systematic reviews methodology [28,29,56-58]. Second, we
conducted a review with a highly sensitive search strategy
guided by a librarian information specialist with no language
restrictions to minimize publication bias and identify the largest
possible number of relevant studies. Our search also included
published systematic reviews, clinical trial registries, and various
electronic databases. Third, although our search was limited to
studies published since 1995, we identified no eligible studies
before 2005, and therefore we believe that the possibility of
missing earlier studies is very small. Finally, 2 authors
completed the review process independently at all stages of the
systematic review.

Limitations
Some potential methodological limitations of our systematic
review warrant discussion. First, similar to any other systematic
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e50 | p.75
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literature review, although our search criteria were planned to
be as comprehensive as possible, the possibility of missing few
relevant articles cannot be excluded. Second, to identify the
strongest available evidence, we included only articles that were
published in peer-reviewed journals, and therefore there could
be a publication bias with the tendency to report positive study
results [59]. Third, the study sample size and ages, and the
definition of adherence to preventive behaviors and other related
outcomes varied. These limitations prohibited a meta-analysis
from being performed [60]. Fourth, a number of the included
studies had relatively small sample sizes and short follow-up
period. Finally, the number of the studies that met our predefined
criteria was relatively small; however, this is likely the result
of the available evidence and published studies in the field.

Conclusions

Badawy & Kuhns
behavior among adolescents, the evidence for actual behavior
change is modest, with most studies of relatively low to
moderate quality. However, the field of mobile health research
is an evolving one with promising results that suggest a potential
impact on improving health outcomes, given the growing
evidence and the ubiquitous access to mobile technology. The
variability in the observed effects across studies could be related
to the nature of different behaviors and the heterogeneity of
intervention approaches. Further research of these intervention
approaches with rigorous research designs is needed to evaluate
their efficacy, effectiveness, and cost-effectiveness in promoting
preventive behavior among adolescents. These research efforts
would be crucial to inform the evidence base on the use of
texting and mobile phone apps as tools for behavior change
among adolescents.

In conclusion, despite the promising feasibility and acceptability
data of texting and mobile phone apps in improving preventive
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Abstract
Background: Although the benefits for health of physical activity (PA) are well documented, the majority of the population is
unable to implement present recommendations into daily routine. Mobile health (mHealth) apps could help increase the level of
PA. However, this is contingent on the interest of potential users.
Objective: The aim of this study was the explorative, nuanced determination of the interest in mHealth apps with respect to PA
among students and staff of a university.
Methods: We conducted a Web-based survey from June to July 2015 in which students and employees from the University of
Potsdam were asked about their activity level, interest in mHealth fitness apps, chronic diseases, and sociodemographic parameters.
Results: A total of 1217 students (67.30%, 819/1217; female; 26.0 years [SD 4.9]) and 485 employees (67.5%, 327/485; female;
42.7 years [SD 11.7]) participated in the survey. The recommendation for PA (3 times per week) was not met by 70.1% (340/485)
of employees and 52.67% (641/1217) of students. Within these groups, 53.2% (341/641 students) and 44.2% (150/340
employees)—independent of age, sex, body mass index (BMI), and level of education or professional qualification—indicated
an interest in mHealth fitness apps.
Conclusions: Even in a younger, highly educated population, the majority of respondents reported an insufficient level of PA.
About half of them indicated their interest in training support. This suggests that the use of personalized mobile fitness apps may
become increasingly significant for a positive change of lifestyle.
(JMIR Mhealth Uhealth 2017;5(4):e51) doi:10.2196/mhealth.7192
KEYWORDS
physical activity; telemedicine; primary prevention; healthy lifestyle

Introduction
There is considerable evidence that physical activity (PA) has
a positive effect on health [1,2]. A sedentary lifestyle, on the
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other hand, increases the risk of developing cardiovascular,
metabolic, or malignant diseases and leads to a reduction in life
expectancy [3,4]. According to the World Health Organization
(WHO), 150 min per week of moderately intensive endurance
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activity is currently recommended as the minimum level for
promoting health in adults, both in primary and in secondary
and tertiary prevention [5]. Although many individuals are
already well aware of the positive effects of PA, a large part of
the population does not succeed in continuously implementing
the recommendations for increasing PA in their everyday lives
[5-7].
The increasingly available mobile health (mHealth) trackers
such as wearables or mobile phone apps are usually developed
with the motivational aspect in mind and offered to a wide range
of potential users. They are an opportunity for improving
self-activation and can help overcome implicit barriers for
engaging in PA. Over 100,000 of these apps are already
available [8]. Many of these apps aim to increase physical
capacity and include features such as heart rate monitor,
pedometer, activity instructions, and activity monitor [9]. In
addition, they often implement behavioral components such as
self-check, feedback mechanisms, or social support features,
which can help optimize starting and continuing PA [10].
Depending on their content, mHealth apps can support the
intention to become physically active or to increase the PA level.
Moreover, the transfer into everyday life as well as the long-term
maintenance of PA may be ensured. Those phases meet the
stages of the transtheoretical model (preparation, action,
maintenance) [11]. Concerning the development of model-based,
effective apps, the needs of potential users must be considered.
However, the basic condition in such apps remains the interest
of the target group.
Meta-analyses and systematic reviews that have been conducted
were able to prove the effect of mHealth monitors with respect
to increasing PA, but according to the authors, long-term
randomized controlled trials, especially of larger samples, are
lacking thus far [12-14]. Furthermore, the training
recommendations that are implemented in most of the apps
developed until now are not sufficiently evidence-based
[9,10,13,15,16]. Additionally, the majority of mHealth systems
are not medical products that are clinically evaluated. Therefore,
validity and reliability of these systems cannot be assumed
[17-20].
But, due to the potential benefit of mHealth monitors for
increasing PA, they are particularly significant for stakeholders
in the health care system, especially insurance companies.
However, before noncommercial apps are developed by health
insurers, the acceptance and general interest of potential users
and the special interest in individual features of the systems (eg,
providing information, documenting measured values,
reminders, and instructions) should be determined.
The aim of this study was the explorative, nuanced determination
of the interest in mHealth apps with respect to PA among
students and staff of a university.

Methods
Survey Design and Implementation
In the period from June to July 2015, an Web-based survey was
conducted among students and staff of the University of
Potsdam. The survey mailing list referred to the students and
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employee database of the University of Potsdam. Mail addresses
of all students, scientific and administration employees were
included. The cover letter of the survey mail informed potential
participants about the content and aim of the survey, their
voluntary participation, the required time, and contained a
hyperlink that guided participants to the survey. The survey
mail was sent once from the administration department of the
University of Potsdam. The survey instrument was created in
“UP survey,” which is a platform of the University of Potsdam
offering a toolset based on the software Solutions QUAMP
(QUAMP qEducation Software, Sociolutions GmbH Potsdam).
The standardized questionnaire included 35 questions (90 items)
about PA, the use of or interest in digital fitness apps,
sociodemographic parameters such as age, gender, body mass
index (BMI), and level of education, and presence of a chronic
disease. PA was assessed by questioning patients about their
PA during the last 3 months. The question was specified with
the terms PA, sports, or fitness during leisure time that led at
least to a low increase of respiratory and heart rate. Nordic
walking, ball games, jogging, bicycling, swimming, aerobic,
and badminton were cited as examples. All questions about PA
in the survey were related to this definition.
Chronic disease was assessed by asking participants if they
suffer from a chronic disease or a longer lasting health concern
persisting for more than six months.
The arrangement of the questions was the result of an
optimization process that took the perspective of the surveyed
persons into account along with validity aspects and technical
requirements (filter questions). By using filter questions,
individual questions could be varied depending on the situation
and—for certain subgroups of participants—redundant topics
were avoided. Groups that were more and less interested in PA
or digital media were thus addressed specifically. Accordingly,
the questionnaires included sections of questions for participants
who were more and less interested in PA and who were
additionally differentiated according to the use of or interest in
digital fitness apps.
The study used established terminology that was adapted to the
target groups in the study or to the topics of this study. Questions
about PA and sociodemographic data were based largely on the
health survey of the Robert Koch Institute [6]. Questions about
digital activity trackers and health or fitness apps were based
on a study of mobile software apps [15].

Survey Functionality and Analysis
The programmed survey was tested several times to ensure its
functionality and usability. Using IP-Check, duplicates could
be excluded in the analysis. No personal data were collected.
Data were anonymously transmitted and descriptively analyzed.
The results of the descriptive statistics were presented as
percentages for categorical variables and as mean values
(standard deviation) for metric variables. Group differences
regarding the level of PA (active: ≥3 days/week, less active:
1-2 days/week, inactive: <1 day/week) and the interest in
mHealth apps were determined using the chi-square test for
categorical variables, the Mann-Whitney U test for ordinal
variables, and the t test for metric variables. The level of
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significance was determined as P<.05. The statistical analyses
were calculated using SPSS (IBM SPSS Statistics for Windows,
version 22.0; IBM Corporation).

Results
Study Participants
A total of 18,961 students and 2621 employees of the University
of Potsdam were invited to take part in the Web-based survey.
After data processing and correction, a total of 1217 data sets
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for students (6.42%) and 485 data sets for staff (18.50%) were
evaluated.
Around one-fifth of the students and one-third of employees
reported suffering from a chronic disease; those affected within
each group were significantly older than healthy members of
the group (students: 26.8 vs 25.7 years, P=.01; staff: 46.1 vs
41.0 years, P=.001). In addition, 26.05% (317/1217) of
participating students and over 43.1% (209/485) of staff were
overweight to obese (BMI ≥25 kg/m2; Table 1).

Table 1. Basic characteristics of study participants.
Characteristics

Students (n=1217)

Staff (n=485)

Age in years, mean (SD)

26.0 (4.9)

42.7 (11.7)

Gender (male, n %)

398 (32.70)

158 (32.5)

High school graduate, n (%)

N/Aa

416 (85.8)

University degree, n (%)

N/Aa

357 (73.6)

Chronic diseaseb, n (%)

251 (20.62)

145 (29.9)

BMIc (kg/m2 ), mean (SD)

22.7 (9.5)

24.1 (3.6)

Normal weight, n (%)

900 (74.00)

276 (56.9)

Overweight, n (%)

262 (21.53)

165 (34.0)

Obese, n (%)

55 (4.52)

44 (9.1)

≥1 day/week

1095 (90.00)

397 (81.9)

≥3 days/week

576 (47.33)

145 (29.9)

Extent of PAd , n (%)

a

N/A: not applicable.

b

Chronic diseases or long-term health problems lasting at least six months.

c

Body mass index (BMI) classes: normal weight <25 kg/m², overweight 25 to <30 kg/m², obese ≥30 kg/m².

d

PA: physical activity.

Some 90.00% (1095/1217) of students and 82% (398/485) of
staff engaged in PA at least one day a week; nearly half of the
students and one-third of the staff met the WHO’s
recommendations for PA (≥3 days or 150 min per week). The
level of PA was dependent on gender, that is, among the
physically active (eg, ≥3 days/week) participants, the percentage
of males was higher both for students and for staff than in the
respective group of less active (eg, 1-2 days/week) or not active
(eg, <1 day/week) participants (students: 38.8 [224/576] vs
27.2% [174/641], P<.001; staff: 39.3 [57/145] vs 29.5%
[100/340], P=.04). Overall, 56.5% (225/398) of the male and
43.3% (355/819) of the female students reported that they
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engaged in PA at least 3 times a week. Among staff members,
36.7% (58/158) of the men and 27.2% (89/327) of the women
met these recommendations for PA. Students who were active
in PA were also less often chronically ill than inactive students
(17.99 [104/576] vs 23.0% [147/641]; P=.04) and an analogous
trend was observed among staff members (26.7 [39/145] vs
31.3% [106/340]; P=.36). Group differences regarding active
or inactive participants in BMI class were identified only for
staff members. The physically active staff members had a normal
weight more often and were less often obese than inactive
employees (P=.02; Figure 1, top). Age had no influence on PA
in either group of participants.
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Figure 1. Physical activity and interest in mobile fitness apps with regard to the body mass index (BMI) class of the university staff surveyed. (Top)
BMI and physical activity (≥3 days/week). (Bottom) BMI and the interest in mobile fitness apps to increase physical activity in less active individuals
(<3 days/week). BMI is usually expressed in kilogram per square meter (kg/m²).

Interest in Digital Health Technologies
Data on interest in mobile fitness apps to increase PA were
collected only for those participants of the study who were not
sufficiently active according to the WHO recommendations. It
was found that 53.2% (341/641) of the respective students and
44.2% (150/340) of staff indicated interest in the offers
independently of age, gender, or BMI class (Figure 1, bottom).
However, the interest of staff members appeared to be dependent
on the extent of previous PA. Of those interested in mobile
fitness apps, 30.0% (45/150) were previously inactive, whereas
the percentage of previously inactive individuals in the group
of those who were not interested was only 15.3% (29/190;
P=.003).
A total of 89.7% (575/641) and 85.6% (291/340), respectively,
of previously inactive students and staff expressed willingness
to pay at least some of the costs of such a fitness app. In fact,
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37.8% (242/641) of these less-active or inactive students and
35.8% (122/340) of staff already use fitness apps.
With respect to individual program functions, the greatest
interest of those surveyed was in documenting or managing the
measured values, instructions, and feedback (Figure 2). With
respect to trust in potential providers of health or fitness apps,
the majority of the students and staff surveyed were neutral.
They were most likely to trust their physician (33%, 212/641,
and 27%, 92/340, respectively) and the sports club or trainer
(38%, 244/641, and 27%, 92/340, respectively).
Questions as to the potential access to data stored by the health
or fitness apps were also answered by most participants with
“undecided” or “opposed.” Here as well, the participants would
prefer to allow giving access to their physician (53%, 340/641,
of students and 45%, 153/340, of staff) or the sports club or
trainer (25%, 160/640, and 12%, 41/340, respectively).
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Figure 2. Desired features of mobile fitness apps.

Discussion
Principal Findings
In this survey, the percentage of physically active university
members was high, with 90% of students and over 80% of
employees. Of these, 57% of the male and 43% of female
students and 37% of male and 27% of female staff members
met the level of PA of 150 min (or 3 times) a week as
recommend by the WHO. Lampert et al [21] confirmed, based
on survey data from the Robert Koch Institute from 2009 for
the general population, lower percentages of physically active
persons, but simultaneously emphasized the key correlation
between PA and social status determined by the level of
education and income. With this in mind and taking into account
the fact that 10% of the students were majoring in a subject
related to sports, the high level of PA among the population in
the study is not particularly surprising and is comparable with
the results of other internal surveys at universities [22,23].
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Around half of the students, who were previously not sufficiently
physically active, and one-third of the staff indicated an interest
in mHealth apps. Although there was no age dependence within
the groups of participants, an age-related dependence of interest
in digital solutions may be postulated for the intergroup
comparison between students and staff. Recent literature
provides extensive evidence that younger individuals in various
target groups are more interested in mHealth apps and are more
often willing to use such devices [24-26]. There has now been
a broad discussion of the problems regarding the acceptance of
digital devices among older groups, which focused, for example,
on the failure to address the needs of these groups and called
for the development of apps specifically for these target and
age groups in order to increase user acceptance [27,28].
On the other hand, this study identified only negligible
differences between students and staff with respect to potentially
interesting functions of mHealth apps. Only “documenting and
managing measured values” was named by students
(approximately 10%) more often than by staff. Overall, these
program functions were among the most important features of
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a mHealth app for both groups aside from “instructions” and
“feedback.” This result can most likely be interpreted in view
of the current state of technological development and the
demand induced by the providers of mHealth apps. Cultural
values, such as the current “quantified self” movement, at the
center of which is collecting data on various aspects of one’s
own life to improve self-understanding, may also play a role
[29-31].
When differentiating between the previously inactive students
and staff members compared with those who got PA once to
twice a week, in this survey, the “reminder” function that was
of considerably greater interest for the inactive individuals, was
especially significant. The reminder feature can be considered
a self-check technique and supports adherence. It can be
assumed that the inactive individuals are well-aware of their
need for PA and thus seek suitable support options to adjust
their behavior. Similar behavioral patterns are already known
from obesity research [32].
Regarding trust in the providers of health or fitness apps and
with respect to access to the values measured by such apps, it
was found that the great majority of those surveyed were
undecided or opposed. They were most likely to trust their own
physician and the sports club or trainer in this respect. The
indecision and opposition expressed are plausible in view of
the requirements of trustworthy apps expressed in literature.
Dennison et al [33], for example, emphasize that potential users’
desire confidentiality, expertise of the app providers, and the
required transparency regarding the functions of the app and
with respect to records of the values measured. Recent studies
have shown extensive evidence of general concerns regarding
data privacy; here again, some correlation with age and level
of education has been postulated in addition to media- and
experience-based mistrust [26,34,35].
Willingness to assume the partial or full costs for a mHealth
app was generally high among the individuals surveyed who
were interested in electronic media, corresponding with a recent
study [36]. However, the general willingness expressed in an
abstract context does not allow a valid conclusion to be drawn
about a concrete decision, which may be more complex and
take contextual factors such as the financial burden associated
with this purchase into consideration. For example, Dennison
et al [33] showed that students expect a health or fitness app to
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be reasonably priced. Ultimately, the actual willingness to
assume the costs of a mHealth app is likely to depend not only
on the cost, but also on the anticipated benefit of the concrete
app.

Limitations
The response rate for the study was within the usual range for
surveys of this kind. Return rates of less than 10% for students
and less than 20% for staff were also reported in other studies
of PA at universities [22,23]. Nevertheless, it must be assumed
that this level of response rates may be associated with a
sampling bias. Furthermore, a sampling bias regarding the
gender distribution of the investigated population can be
assumed. The male proportion among the respondents was
approximately 33% both in students and staff members, whereas
the proportion of male is higher in the whole population, that
is, 42% of all students and 44% of the entire staff of the
university in 2015 were male.
The percentage of physically active students is relatively high
in this study at 90% and thus comparable with the results of
Preuß et al [22], who found around 80% of physically active
students at the University of Bonn. It is assumed that the
percentage of physically active students at the University of
Potsdam was overestimated due to the high percentage of sport
science programs. It is assumed that questions about PA are
more likely to be answered by individuals interested in sports.
This applies analogously to the group of staff members with
82% of physically active individuals, although comparable data
are available in literature here as well [23].
This study has an explorative nature; the results presented should
therefore not be simply transferred to all students and staff at
the University of Potsdam or to other populations (such as to
population-based cohorts).

Conclusions
Even in younger groups with a high level of education, the
majority of individuals do not meet the level of PA
recommended by the WHO. However, around half of the
individuals in this group of inactive individuals showed interest
in mobile apps to encourage activity, indicating that the
personalized and age-group-specific use of mHealth apps for
optimizing lifestyle through more PA could become increasingly
more important.
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Abstract
Background: Efforts to improve snacking and drinking habits are needed to promote a healthy body mass index (BMI) in
adolescents. Although commercial fitness and nutrition mobile phone apps are widely used, little is known regarding their potential
to improve health behaviors, especially in adolescents. In addition, evidence on the mechanisms through which such fitness and
nutrition apps influence behavior is lacking.
Objectives: This study assessed whether the use of commercial fitness or nutrition apps was associated with a lower BMI and
healthier snacking and drinking habits in adolescents. Additionally, it explored if perceived behavioral control to eat healthy;
attitudes to eat healthy for the good taste of healthy foods, for overall health or for appearance; social norm on healthy eating and
social support to eat healthy mediated the associations between the frequency of use of fitness or nutrition apps and BMI, the
healthy snack, and beverage ratio.
Methods: Cross-sectional self-reported data on snack and beverage consumption, healthy eating determinants, and fitness and
nutrition app use of adolescents (N=889; mean age 14.7 years, SD 0.8; 54.8% [481/878] boys; 18.1% [145/803] overweight)
were collected in a representative sample of 20 schools in Flanders, Belgium. Height and weight were measured by the researchers.
The healthy snack ratio and the healthy beverage ratio were calculated as follows: gram healthy snacks or beverages/(gram healthy
snacks or beverages+gram unhealthy snacks or beverages)×100. Multilevel regression and structural equation modeling were
used to analyze the proposed associations and to explore multiple mediation.
Results: A total of 27.6% (245/889) of the adolescents used fitness, nutrition apps or both. Frequency of using nutrition apps
was positively associated with a higher healthy beverage ratio (b=2.96 [1.11], P=.008) and a higher body mass index z-scores
(zBMI; b=0.13 [0.05], P=.008. A significant interaction was found between the frequency of using nutrition and for the zBMI
(b=−0.03 [0.02], P=.04) and the healthy snack ratio (b=−0.84 [0.37], P=.03). Attitude to eat healthy for appearance mediated
both the fitness app use frequency-zBMI (a × b=0.02 [0.01], P=.02) and the nutrition app use frequency-zBMI (a × b=0.04 [0.01],
P=.001) associations. No mediation was observed for the associations between the frequency of use of fitness or nutrition apps
and the healthy snack or beverage ratio.
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Conclusions: Commercial fitness and nutrition apps show some association with healthier eating behaviors and BMI in
adolescents. However, effective behavior change techniques should be included to affect key determinants of healthy eating.
(JMIR Mhealth Uhealth 2017;5(4):e58) doi:10.2196/mhealth.6005
KEYWORDS
mhealth; adolescents; snacks; beverages; body mass index

Introduction
In Flanders, Belgium, 18% of the adolescents between 14 and
16 years are overweight [1]. An unhealthy lifestyle characterized
by physical inactivity [2], sedentary behavior [3], and unhealthy
eating habits [4], plays an important role in the development of
obesity. Typical unhealthy eating habits during adolescence are
a low consumption of fruit, vegetables, and dairy products and
an overconsumption of energy-dense snacks and sugar- and
fat-rich beverages [5-9]. Health promotion programs to improve
snack and beverage intakes are needed to promote a healthy
body mass index (BMI) in adolescents.
Mobile phone use has significantly increased over the last
decades, especially among adolescents and children [10-12].
With this increase, health-related apps have become widely
spread [10,13-15]. Currently, 79,298 apps are available in the
health and fitness category of iTunes and 75,058 in Google Play
[16,17], the two leading app stores in Europe [14]. These apps
are usually available in English or Dutch [14]. Among these
apps, fitness and nutrition apps are the most popular and are
typically used to improve fitness or eating habits [10,13]. Fitness
and nutrition apps allow users to monitor their physical activity
or food intake, provide information on the nutritional content
of specific food items, and give instructions or demo videos for
physical exercises [13,18,19]. Adolescents are highly skilled in
using mobile phones and apps [20,21]. In 2014, 86% of the
adolescents in Flanders owned a mobile phone and on average
had 10-20 apps installed on the device [22]. Fitness and nutrition
apps may thus be a promising, engaging, and affordable way
to promote healthy lifestyle behaviors in adolescents [11,12,23].
Despite their potential for health promotion, little information
exists about the use and effectiveness of commercially available
fitness and nutrition apps [12,24]. Only a handful of studies,
mostly in adults, have investigated the use of such apps and/or
their relation with health [10,13,18,25,26]. The use of
commercially available fitness apps was found to be associated
with higher exercise levels, lower BMI, weight loss, and
healthier eating [18,25], whereas the use of nutrition apps has
been associated with better diet monitoring and weight loss
[27,28]. Among adolescents, no differences in physical fitness
were observed between fitness app users and nonusers during
a randomized controlled trial [20]. To the best of our knowledge,
no studies have investigated the use of existing fitness and
nutrition apps and their relation with healthy eating habits and/or
a lower BMI in adolescents.
Most existing fitness and nutrition apps for children, adolescents,
and adults only contain a few effective behavior change
techniques and might therefore have a limited capacity to
facilitate behavior change [12,23,24,29]. Nevertheless, these
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apps are popular and perceived as useful and effective by the
users [26]. Better evidence gathered via population-based studies
on the usage patterns of such apps, their perceived utilities and
benefits, and associations with health behaviors and BMI is
needed [10,13,26,30].
To more fully comprehend the possible effects of nutrition and
fitness apps on health behaviors, the mechanisms through which
such apps influence behavior should also be explored [12,18,29].
Fitness and nutrition apps usually do not alter behavior directly,
but they contain specific features that focus on key behavioral
determinants [18,19,25,31]. Important intermediate determinants
of healthy eating habits in adolescents are attitude to eat healthy,
behavioral control, social norm, and social support [9,32-34].
Adolescents’ attitude to eat healthy is mainly determined by
taste, appearance, and health concerns [35-37]. An assessment
of intermediate determinants in adults found that the use of
fitness apps was associated with a lower BMI through a higher
self-efficacy to exercise and higher levels of exercise [18]. To
the best of our knowledge, no study has investigated if
commercially available fitness and nutrition apps target and/or
positively influence key intermediate determinants of
adolescents’ eating behaviors and anthropometrics.
This study first aimed to examine the use of fitness and/or
nutrition apps and the associations between fitness and/or
nutrition app use frequency and BMI, healthy snacking, and
drinking habits (healthy snack or beverage ratio) in adolescents.
It was expected that app use frequency would be related to a
lower BMI and a higher healthy snack and/or beverage ratio.
The combined influence of fitness and nutrition apps was also
considered, as adolescents might use both fitness and nutrition
albeit not always to the same extend [10,13]. Second, this study
aimed to explore if the key behavioral determinants to eat
healthy mediated the associations between fitness and/or
nutrition app use and BMI, the healthy snack or beverage ratio.
Perceived behavioral control to eat healthy; attitudes to eat
healthy for the good taste of healthy foods, for overall health
and for appearance; social norm on healthy eating or social
support to eat healthy were examined in this regard. It was
hypothesized that more frequent use of these apps would be
associated with higher scores for the mentioned determinants,
which in turn would be associated with lower BMI and healthier
snacking and drinking habits.

Methods
Project
This research was conducted within the context of the
Rewarding Healthy Food Choices Project [38], a
multidisciplinary project that aims to investigate and improve
the nutritional status of children and adolescents. The project
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combines rewarding paradigms with learning theory and typical
behavior change techniques such as monitoring and goal setting,
through novel methods such as serious games and mobile phone
apps.

Study Procedure and Participants
Data were collected using a pencil-and-paper survey from
September 2013 to December 2013 in 14- to 16-year-old
adolescents from 20 schools in Flanders, Belgium. A total of
1210 adolescents were sampled; the detailed sample size
calculation and sampling procedure was already described
elsewhere [1]. The adolescents completed the survey in the
classroom in the presence of two researchers who provided
clarification where necessary. Confidentiality and anonymity
were assured by the researchers before, during, and after the
completion of the survey. Passive consent was obtained from
the parents or legal guardians of the sampled adolescents and
the adolescents were informed that they could withdraw from
the study at any time without explanation. The study protocol
was approved by the Ethics Committee of the Ghent University
Hospital.

Measures
Demographics
Both sex and date of birth of the participants were recorded.
Age was derived by subtracting the date of birth from the date
the survey took place. The education type of each adolescent
(general or technical or vocational) was obtained from the
schools.

Snack and Beverage Intake
Snack and beverage intake were assessed using a food frequency
questionnaire (FFQ), which is designed to measure snack and
beverage intake of adolescents [39]. The FFQ probes for usual
food intake with a reference period of 1 month and comprises
two sections: beverages and snacks. The intake of beverages
was evaluated over the whole day, as beverages such as soft
drinks and fruit juice provide additional calories not only at
snack times but also throughout the whole day [40]. The intake
of snacks was evaluated in terms of all food items consumed
outside (>30 min) of breakfast, lunch, and dinner [41].
Snacks and beverages were classified as either unhealthy or
healthy using the UK Ofcom Nutrient Profiling model [42].
This model provides a score that represents the “unhealthiness”
of a beverage or food product [42]. Following this scoring
system, the snack and beverage items are sport drinks, energy
drinks, soft drinks, sweetened milk drinks, crisps, other salty
snacks, savory rolls (cheese or sausage) or pizza, other fried
snacks, fries, hamburgers, cheese or meat cubes, sandwiches
with sweet or savory spread, ice cream, popsicles, breakfast
cereals, pudding, mousses, chocolate, candy bars, candy, dry
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cookies, other cookies, breakfast rolls, and pastries, which were
all considered to be unhealthy. Items such as water, fruit or
vegetable juice, coffee or tea, milk, milk substitutes,
unsweetened yoghurt, sweetened yoghurt, dried fruit, fruit, raw
vegetables, nuts and seeds, kebab and pasta cups were
considered to be healthy.
For each FFQ category, the daily intake was calculated by
multiplying the frequency of consumption with the quantity of
consumption per week (g) divided by 7. These daily intakes
were then summed to obtain the daily intake of healthy snacks
(g), unhealthy snacks (g), unhealthy drinks (mL), and healthy
drinks (mL). Subsequently, a healthy snack and a healthy
beverage ratio were then calculated. These ratios were calculated
as follows: gram healthy snacks or beverages/(gram healthy
snacks or beverages + gram unhealthy snacks or
beverages)×100. The higher this ratio, the more healthy the
snack and beverage intake of the adolescents was.

Fitness and Nutrition App Use
Frequencies of fitness and nutrition app use were assessed with
the questions: “How often do you use fitness apps on your
mobile phone or tablet?” with examples Nike+Running and
Fitness Pall and “How often do you use nutrition apps on your
mobile phone or tablet?” with examples Weight Watchers and
Calorie Counter. Response categories were (almost) never, a
few times a year, once a month, a few times per month, once
every week, a few times per week, and (almost) daily. The answer
format was adapted from a previous study on the change in the
frequency of media use among adolescents over time [43].
Response categories were rescaled to represent how many times
such an app was used in 1 week. Never and a few times a year
were set to 0, whereas other answer categories were given the
following values: once a month=0.25 (reflected using the apps
once every 4 weeks), a few times per month=0.5 (midpoint of
the interval), once every week=1 (reflected using the apps one
day a week), a few times per week=3.5 (midpoint of the interval),
and daily=7 (reflected using the apps every day of the week).

Perceived Behavioral Control, Social Influence, and
Attitudes
Perceived behavioral control to eat healthy, social norm of
healthy eating, social support to eat healthy, and attitudes to eat
healthy for the good taste of healthy foods, for overall health
and for appearance were measured via 13 items taken from an
existing valid and reliable healthy diet determinants
questionnaire (Table 1) [35]. All items were evaluated using a
5-point Likert scale. For the constructs perceived behavioral
control to eat healthy and attitude to eat healthy for overall
health and for appearance, mean scores ranging from 1 to 5
were computed by averaging the scores of the items used to
measure these constructs.
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Table 1. Overview used constructs, items, and anchors of the healthy diet determinants questionnaire.
Constructs

Questions

Anchors

Cronbach alpha

Perceived behavioral control (1-5)

Suppose you want to eat healthy...How hard is it for you to
eat healthy each day?

1=very hard and 5=not hard at
all

.71

How hard is it for you to eat a healthy diet at your home?
How hard is it for you to eat a healthy diet at your school?
Peer social norm (1-5)

How healthy does your best friend eat?

1=very unhealthy and 5=very
unhealthy

N/Aa

Peer social support (1-5)

How often does your best friend encourage you to eat a
healthy diet?

1=not at all and 5=very often

N/A

Attitude toward healthy eating for the
good taste of healthy foods (1-5)

A reason or benefit for me to eat healthy is that I like the
taste of healthy foods

1=completely disagree and
5=completely agree

N/A

Attitude toward healthy eating for
overall health (1-5)

I think healthy eating is important for my overall health

1=completely disagree and
5=completely agree

.79

A reason or benefit for me to eat healthy is that I feel better 1=completely disagree and
eating healthy
5=completely agree
A reason or benefit for me to eat healthy is that I stay in good
health
Attitude toward healthy eating for appearance (1-5)

A reason or benefit for me to eat healthy is...that I lose weight 1=completely disagree and
5=completely agree

.79

A reason or benefit for me to eat healthy is...that I can keep 1=completely disagree and
my weight as it is now and do not become overweight
5=completely agree
A reason or benefit for me to eat healthy is...that other people
admire me
A reason or benefit for me to eat healthy is...to have an attractive body
a

N/A: not applicable.

Height and Weight
Two trained research assistants measured body height and
weight using a standardized protocol [44]. Adolescents were
measured without shoes and were allowed to wear light clothing.
Body height was measured with a SECA Leicester Portable
Stadiometer with an accuracy of 1 mm. Weight was measured
with a calibrated electronic scale SECA 861 with an accuracy
of 100 g. Age and sex-specific body mass index z-scores (zBMI)
were calculated using Flemish 2004 growth reference data [45].
According to the International Obesity Task Force cut-off points,
adolescents were classified as either normal weight or
overweight [46].

Statistical Analyses
First, descriptive statistics of the sample were computed. Second,
associations between the independent variables (fitness and/or
nutrition app use frequency) and the dependent variables (zBMI,
the healthy snack ratio, and the healthy beverage ratio) were
assessed using multilevel linear regression analyses with a
three-level structure (adolescents within classes within schools)
to account for clustering of the data. Five consecutive models
were tested. Model 0 was an intercept-only model without any
level 1, level 2, or level 3 predictors; Model 1 was a
covariates-only model (gender and education type). Models 2
and 3 evaluated the singular associations of fitness or nutrition
app use frequency with the dependent variables by adding the
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fitness app use frequency or nutrition app use frequency to
Model 1. Model 4 examined the independent influence of fitness
and nutrition app use frequency by simultaneously adding both
fitness app use frequency and nutrition app use frequency to
Model 1. Model 5 explored the interplay between fitness and
nutrition app use frequency by adding the fitness app use
frequency × nutrition app use frequency interaction term to
Model 4. When evidence of interaction was found in Model 5,
a margins plot was computed to allow easier interpretation.
Gender and education type (two dummies) were operationalized
as categorical variables with 0=boys or general education.
Frequencies of fitness and nutrition app use were treated as
continuous predictors. As the intercept- and the covariates-only
models (Models 0 and 1) were less relevant to test the postulated
hypotheses, only Models 2-5 were presented.
Finally, to assess the mechanisms through which fitness and
nutrition apps influence behavior, mediation analyses were
executed for each app separately. Mediation of the associations
between the independent (zBMI, healthy snack ratio, or healthy
beverage ratio) and the dependent variables (fitness app use
frequency or nutrition app use frequency) by the healthy diet
determinants was explored with multiple mediation models.
These models were fitted using multilevel structural equation
modeling (MSEM; path analyses) with three levels for each of
the app-outcome combinations, resulting in 6 models. Mediation
was assessed following Preacher, Zyphur and Zhang [47,48]
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for the multilevel 1-1-1 model, using bootstrapped standard
errors for the indirect effects (1000 replications). The
coefficients shown in “Results” section, however, are the result
of single level generalized structural equation modeling (GSEM)
as the multilevel models did not provide substantial higher
efficiency, based on Akaike information criterion (AIC), and
computationally simpler models were thus preferred.
For both the multilevel regression models, as the multiple
mediation models associations were controlled for gender and
education type, continuous parameters were mean centered,
outliers were removed, unstandardized coefficients and their
standard errors were displayed, and associations with P value
<.05 were considered statistically significant. For all models
also the log-likelihoods and the log-likelihood tests compared
with the null model (intercept only), together with the explained
variances compared with the null model were computed. All
analyses were conducted using Stata version 13 SE (StataCorp
LP).

Results
Descriptives
Of the 1210 selected adolescents, 6% were absent or did not
receive parental consent and 2.8% returned a questionnaire of
unsatisfactory quality (more than 33% of the questions not
completed or straight-lining responses). Only 73% (889/1104)
of the adolescents who filled out the survey completed the
questions on app use and were considered for the analyses. The
mean age of these adolescents was 14.7 years 54.8% (481/878)
were male, 18.1% (145/803) overweight or obese, 46.1%
(410/889) enrolled in general, 34.7% (308/889) in technical,
and 19.2% (171/889) in vocational education (see Table 2).
Table 2 also shows the mean and standard deviations (SDs) for
the dependent and independent variables. The mean zBMI was
0.28 (SD 1.02), the mean healthy snack ratio 37.16 (SD 25.39),
and the mean healthy beverage ratio 72.76 (SD 24.79). Healthy
snacks and beverages thus accounted for 37.2% and 72.8%,
respectively, of the total snack or beverage intake in adolescents.

Table 2. Characteristics of the participants (n=889), zBMI, snack and beverage intake, perceived behavioral control, social influences, and attitudes.
Characteristics

% or mean (SDa)

Demographics
Overweight

18.1

Boys

4.8

General education

46.1

Technical education

34.7

Vocational education

19.2

Age

14.69 (0.81)

Use fitness apps

17.6%

Use nutrition apps

7.6%

Use both fitness and nutrition apps

1.7%

Frequency of use of fitness apps (0-7)

0.54 (1.47)

Frequency of use of nutrition apps (0-7)

0.16 (0.80)

zBMI

0.28 (1.02)

Healthy snack ratio

37.16 (25.39)

Healthy beverage ratio

72.67 (24.79)

Perceived behavioral control to eat healthy (1-5)

3.36 (0.82)

App use

zBMIb , healthy snack, and beverage ratio

Healthy eating determinants

Attitude to eat healthy eating for the good taste of healthy foods 3.70 (0.78)
(1-5)
Attitude to eat healthy for overall health (1-5)

3.70 (0.78)

Attitude to eat healthy for appearance (1-5)

3.03 (0.90)

Social norm to eat healthy (1-5)

3.12 (0.84)

Social support to eat healthy (1-5)

2.11 (0.95)

a

SD: standard deviation.

b

zBMI: body mass index z-scores.
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A total of 27.6% (245/889) of the adolescents used fitness and
nutrition apps, most of them used fitness apps (17.6%, 167/889).
A smaller group used both fitness and nutrition apps (7.6%,
63/889) and merely 3% (15/889) used only nutrition apps. The
mean frequency of use is less than once a month for nutrition
apps and between a few times per month and every week for
fitness apps.

Multilevel Associations
zBMI
Both fitness and nutrition app use frequency were singularly
associated with zBMI (see Models 2 and 3 in Multimedia
Appendix 1). The more frequent adolescents used fitness apps
(b=0.07 (0.02), P=.001) or nutrition apps (b=0.18 (0.03),

De Cock et al
P<.001), the higher the zBMI of the adolescents was. However,
when both fitness and nutrition app use frequency were
considered simultaneously (Model 4 in Multimedia Appendix
1), only nutrition app use frequency was independently and
directly associated with zBMI (b=0.16 (0.04), P<.001). In
addition, a significant interaction between fitness app use
frequency and nutrition app use frequency (b=−0.03 (0.02),
P=.04) in relation to zBMI was found (Model 5 Multimedia
Appendix 1) in a way that when fitness apps were more
frequently used, the association between nutrition app use
frequency and zBMI decreased (see margins plot in Figure 1).
Model 5 had the lowest log-likelihood and was thus the best
fitting model. Together with the covariates, fitness and nutrition
app use frequencies explained 7% of the variation in zBMI.

Figure 1. Margins plot zBMI and healthy snack ratio. Analyses controlled for sex and education type.

Healthy Snack Ratio
No significant singular or independent associations between the
frequencies of use of fitness or nutrition apps and the healthy
snack ratio could be observed (see Models 2-4 in Multimedia
Appendix 1). However, there was an interaction of fitness and
nutrition app use frequency (b=−0.84 (0.37), P=.03) with the
healthy snack ratio (Model 5 in Multimedia Appendix 1). More
specifically, the association between the nutrition app use
frequency and the healthy snack ratio was positive at low
frequencies of use of fitness apps. At higher frequencies, the
association between nutrition app use frequency and the healthy
snack ratio was negative (Figure 1). Here also, Model 5 was the
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best fitting model. The covariates together with the frequencies
of use of both fitness and nutrition apps explained 9% of the
variation in the healthy snack ratio.

Healthy Beverage Ratio
In contrast to fitness app use frequency, nutrition app use
frequency was significantly associated with the healthy beverage
ratio (see Models 2-4 in Multimedia Appendix 1). Adolescents
who used nutrition apps more often had a higher healthy
beverage ratio (b=2.96 (1.11), P=.008). Also, no significant
interaction of fitness app use frequency and nutrition app use
frequency was observed (see Model 5 in Multimedia Appendix
1). Model 5 again had the lowest log-likelihood and thus
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e58 | p.94
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provided the best fit. Together with the covariates, fitness and
nutrition app use frequencies explained 5% of the variation in
the healthy beverage ratio.

Multiple Mediation
The multiple mediation analyses indicated that both the fitness
and nutrition app use frequencies were positively associated
with social support to eat healthy (fitness apps b=0.05 [0.02],
P=.03; nutrition apps b=0.10 [0.04], P=.01) and attitude to eat
healthy for appearance (fitness apps b=0.05 [0.02], P=.008;
nutrition apps b=0.14 [0.04], P<.001) (see Figures 2-4, top).
The higher the app use frequency, the more positive the attitude
to eat healthy for appearance and the felt social support.
However, only attitude to eat healthy for appearance was found

to be a mediator. The attitude to eat healthy for appearance
mediated both the fitness app use frequency-zBMI relation (a
× b=0.02 [0.01], P=.02) and the nutrition app use
frequency-zBMI relation (a × b=0.04 [0.01], P=.001) (see Figure
3 and Tables 3 and 4). The higher the frequencies of use of
fitness or nutrition apps, the more positive the attitude to eat
healthy for appearance and the higher the zBMI. The
associations between the frequencies of use of nutrition or fitness
apps and the healthy snack ratio or the healthy beverage ratio
were not mediated by any of the proposed mediators. The
multiple mediation models explained, respectively, 9%, 11%,
and 16% of the variance in zBMI, the healthy snack ratio, and
the healthy beverage ratio (see Figures 2-4).

Table 3. Indirect effects multiple mediation with fitness app use frequency.
Indirect effect (a × b)

Bootstrapped SEa

z

P

Normal-based 95% CI

Perceived behavioral control to eat healthy

−0.00

0.00

−0.89

.37

−0.01 to 0.00

Attitude to eat healthy for the good taste of healthy foods

0.00

0.00

0.03

.98

−0.00 to 0.00

Attitude to eat healthy for overall health

0.00

0.00

0.28

.78

−0.00 to 0.00

Attitude to eat healthy for appearance

0.02

0.01

2.28

.02

0.00-0.03

Social norm to eat healthy

0.00

0.00

0.28

.78

−0.01 to 0.01

Social support to eat healthy

0.00

0.00

0.99

.32

−0.00 to 0.01

Total indirect effect

0.02

0.01

2.00

.046 0.00 to 0.03

Perceived behavioral control to eat healthy

0.11

0.11

1.01

.31

−0.10 to 0.32

Attitude to eat healthy for the good taste of healthy foods

−0.01

0.05

−0.19

.85

−0.11 to 0.09

Attitude to eat healthy for overall health

0.01

0.04

0.32

.75

−0.07 to 0.10

Attitude to eat healthy for appearance

0.08

0.07

1.07

.29

−0.06 to 0.22

Social norm to eat healthy

−0.00

0.03

−0.06

.96

−0.05 to 0.05

Social support to eat healthy

0.05

0.06

0.81

.42

−0.07 to 0.17

Total indirect effect

0.24

0.18

1.30

.20

−0.12 to 0.60

Perceived behavioral control to eat healthy

0.10

0.10

1.04

.30

−0.09 to 0.30

Attitude to eat healthy for the good taste of healthy foods

0.01

0.04

0.15

.88

−0.07 to 0.08

Attitude to eat healthy for overall health

0.04

0.06

0.62

.54

−0.08 to 0.15

Attitude to eat healthy for appearance

0.09

0.08

1.11

.26

−0.07 to 0.27

Social norm to eat healthy

0.01

0.05

0.24

.81

−0.09 to 0.12

Social support to eat healthy

0.08

0.07

1.24

.22

−0.05 to 0.21

Total indirect effect

0.33

0.17

1.97

.049 0.00 to 0.66

Mediator
zBMIb

Healthy snack ratio

Healthy beverage ratio

a

SE: standard error.

b

zBMI: body mass index z-scores.
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Table 4. Indirect effects multiple mediation with nutrition app use frequency.
Indirect effect (a × b)

Bootstrapped SEa

z

P

Normal-based 95% CI

Perceived behavioral control to eat healthy

0.00

0.01

0.87

.39

−0.01 to 0.02

Attitude to eat healthy for the good taste of healthy foods

−0.00

0.00

0.05

.69

−0.00 to 0.00

Attitude to eat healthy for overall health

0.00

0.00

0.29

.77

−0.01 to 0.01

Attitude to eat healthy for appearance

0.04

0.01

3.23

.001

0.02 to 0.07

Social norm to eat healthy

0.00

0.00

0.99

.32

−0.00 to 0.01

Social support to eat healthy

0.01

0.01

0.97

.33

−0.01 to 0.02

Total indirect effect

0.06

0.02

3.75

<.001

0.03 to 0.09

Perceived behavioral control to eat healthy

−0.26

0.22

−1.17

.24

−0.70 to 0.17

Attitude to eat healthy for the good taste of healthy foods

−0.05

0.12

−0.42

.68

−0.29 to 0.19

Attitude to eat healthy for overall health

0.03

0.10

0.29

.77

−0.16 to 0.22

Attitude to eat healthy for appearance

0.19

0.17

1.12

.26

−0.14 to 0.52

Social norm to eat healthy

−0.01

0.05

−0.18

.85

−0.10 to 0.08

Social support to eat healthy

0.10

0.13

0.73

.46

−0.16 to 0.36

Total indirect effect

−0.01

0.38

0.02

.99

−0.30 to 0.87

Perceived behavioral control to eat healthy

−0.24

0.20

−1.23

.22

−0.63 to 0.15

Attitude to eat healthy for the good taste of healthy foods

0.02

0.08

0.32

.75

−0.14 to 0.19

Attitude to eat healthy for overall health

0.08

0.14

0.56

.58

−0.19 to 0.34

Attitude to eat healthy for appearance

0.20

0.20

1.01

.31

−0.19 to 0.58

Social norm to eat healthy

0.06

0.07

0.91

.37

−0.08 to 0.21

Social support to eat healthy

0.15

0.14

1.12

.26

−0.12 to 0.43

Total indirect effect

0.28

0.35

0.79

.43

−0.41 to 0.96

Mediator
zBMIb

Healthy snack ratio

Healthy beverage ratio

a

SE: standard error.

b

zBMI: body mass index z-scores.
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Figure 2. Multiple mediation zBMI. Analyses controlled for sex and education type; * P<.05, ** P <.01, *** P <.001.
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Figure 3. Multiple mediation healthy snack ratio. Analyses controlled for sex and education type; * P <.05, ** P <.01, *** P <.001.
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Figure 4. Multiple mediation healthy beverage ratio. Analyses controlled for sex and education type; * P <.05, ** P <.01, *** P <.001.

Discussion
Principal Findings
This study is one of the first to investigate associations, both
independent and interactive, between commercial fitness and
nutrition app use frequencies and adolescents’ snacking and
drinking behaviors and BMI. A more frequent use of fitness
and nutrition apps was associated with healthier drinking habits
and a lower BMI. This study also assessed which determinants
mediated the relations between the use of fitness or nutrition
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apps and BMI, healthy snacking, or healthy drinking habits.
Only attitude to eat healthy for appearance was found to be a
mediator of the relations between the frequency of use of fitness
or nutrition apps and zBMI.
First, a total of 28% of the Flemish adolescents in our sample
reported to use fitness or nutrition apps in 2013. The mean
frequency of using fitness apps was between a few times per
month and every week and less than once a month for nutrition
apps. A study conducted in the United States in 2015 found that
around 58% of the US adults had downloaded a health app and
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that 65% of these also used this app daily [13]. Apart from the
country and the timing of the survey, the discrepancy between
our results and the 2015 US survey could also be attributed to
the surveyed population group. Possibly, adolescents use health
apps less frequently when compared with adults. More in-depth
research on the motives of adolescents to use health apps will
be needed in the future to understand why adolescents might
be less inclined to use such app when compared with adults.
Second, a higher use of nutrition apps was independently
associated with a higher zBMI. This was unexpected, possibly
adolescents using nutrition apps in this study were trying to lose
weight. Results confirmed that nutrition app users were indeed
more likely to be overweight (36% overweight) in comparison
to adolescents who do not use these apps (16% overweight).
Using nutrition apps could thus be part of interventions to lose
weight. A desire to lose weight was one of the most frequent
reasons to download a nutrition app in the United States [13].
Also, the more adolescents used nutrition apps, the more healthy
their beverage intake was. No other studies are available to
compare these findings with. No significant independent
association between fitness apps use frequency and the healthy
beverage ratio was found, nor were there significant independent
associations observed between fitness or nutrition apps use
frequency and the healthy snack ratio. The use of commercial
fitness and nutrition apps was thus only weakly associated with
healthier snacking and drinking habits in adolescents. This
limited influence might be a consequence of their often limited
theoretical ground. Our results support the conclusions from
reviews and content analyses, which indicated that commercial
fitness and nutrition apps tend to lack a thorough theoretical
base and therefore might not be effective in promoting good
health [14,15,24,29,31].
Third, evidence of an interaction between the frequencies of
use of fitness and nutrition apps was found for zBMI and the
healthy snack ratio, but not for the healthy beverage ratio.
Frequently using both fitness and nutrition apps was associated
not only with a lower BMI, but also with a lower healthy snack
ratio. The latter finding was unexpected; this could however be
a consequence of the perceived higher energy-needs of those
adolescents who frequently use fitness apps. These fitness app
users might consume more energy-bars that contain large
amounts of sugar and/or fat. More research will be needed to
further confirm our findings and to explore the existence of such
interactive influences for other health behaviors as well.
Research on adolescents’ motives for using and downloading
fitness and/or nutrition apps would also be helpful for a better
understanding and explanation of these interactions. Fourth,
higher frequencies of fitness and nutrition apps use were
associated with a more positive attitude to eat healthy for
appearance, which was in turn associated with a higher zBMI.
Adolescents with a higher BMI might thus use fitness or
nutrition apps to look good or to lose weight. Future research
could investigate whether these adolescents show dieting or
restrained eating practices and if these practices can (partially)
explain the association between nutrition or fitness app use and
a higher zBMI. No evidence of mediation was found for the
associations between the fitness or nutrition apps use frequency
and the healthy snack or beverage ratio. In general, little
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evidence of mediation was found; current commercially
available fitness and nutrition apps seem to influence only a
few key determinants of eating behaviors. The apps might hence
not incorporate the corresponding behavior change techniques
or use these techniques in an effective way. Our findings thereby
confirm those from several reviews and content analyses
[14,15,24,29,31] that report beneficial influence of commercial
fitness and nutrition apps on health is limited by their lack of
(effective) behavior change techniques. Apps aimed to change
behavior should thus focus more on targeting the key
determinants identified in the literature and incorporate the
corresponding behavior change techniques in an effective way
[12,29].

Strengths and Limitations
The strengths of this study were the use of a representative
sample, the objective measurements of height and weight, the
use of multilevel regression models and structural equation
modeling (SEM) to research the associations and mediations.
This study also has some limitations. First, this study considered
the use of general fitness and nutrition apps with a 12+ rating.
To date, only a few available health apps are specifically
developed for adolescents, and adolescents will thus use general
health apps. No assessment of the developmental appropriateness
of such apps was made. However, such an analysis is warranted
given that adolescents have other needs than adults, for example,
simpler interfaces and different app features based on
differentially identified behavior change techniques compared
with adults [12,49,50]. Unfortunately, at present, no coding
system and legalities related to age appropriateness of apps for
children and adolescents exist within the regulatory framework
of the EU [51]. Second, given the cross-sectional nature of this
study design, no statements about the causality of the
associations found could be made. Experimental research is
therefore needed to further examine how nutrition and/or fitness
app use influences BMI and eating behaviors or vice versa..
Third, all collected data except the anthropometrics were
self-reported and therefore subject to social-desirability bias.
Fourth, physical activity and total energy intake were not
assessed as this would have increased the participant burden
considerably. The survey was already quite lengthy (75 min),
which could have increased the chance of poor quality answers
at the end of the survey [52]. Three versions of the questionnaire,
in which the question were placed in another order, were
prepared and administered randomly (except for the
demographics, these were always presented first).

Conclusions
A more frequent use of a commercial nutrition app was
independently associated with healthier drinking habits in
adolescents, but with a higher zBMI. The interactive influence
of frequently using both fitness and nutrition apps, on the other
hand, was associated with a lower zBMI and less healthy
snacking habits. In addition, no evidence of mediation by key
determinants was found. Fitness and nutrition apps show some
association with healthier eating behaviors in adolescents, but
their potential for health promotion could probably be enhanced
by incorporating more (effective) behavior change techniques.
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Implications and Future Research
The present study was a first attempt to map adolescents’ use
of commercial health apps and to investigate the relation of
using these apps with adolescents’ health status in terms of
snacking and drinking habits and BMI. Further research is
needed to more fully comprehend adolescents’ motives for using
and downloading such apps. Future research should also
continue to explore adolescents’ use of commercial nutrition
and fitness to determine the possible usefulness of the current
fitness and nutrition apps for health promotion among
adolescents.
Better understanding of commercial fitness and nutrition app
use in adolescents can also guide efforts to develop effective
smartphone interventions for healthy lifestyles. In addition to
further researching the mechanisms of actions, future studies
could also explore what features of commercial apps are deemed

De Cock et al
effective and liked by adolescents. Evidence from adults
[10,13,26,53] in this regard cannot be extended to adolescents,
as adolescents have different preferences and need different
behavior change techniques than adults [12].
The demand for apps that promote healthy habits is high and
these apps are assumed to have a substantial potential for health
promotion initiatives. At this point, however, few effective
theory-based apps are available on the app market, especially
for adolescents. Public health professionals and app developers
should collaborate to design more theory-based apps to be used
in health promotion and fulfill the needs of the population [29].
Future research should thus focus on developing such apps, by
translating and incorporating the already identified effective
behavior change techniques into mobile apps and conducting
experimental trials to investigate their effectiveness on the
behavior of interest and its related determinants [29,31].
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Abstract
Background: Tobacco smoking is the leading cause of preventable death in the United States, and the annual economic burden
attributable to smoking exceeds US $300 billion. Obstacles to smoking cessation include limited access and adherence to effective
cessation interventions. Technology can help overcome these obstacles; many smartphone apps have been developed to aid
smoking cessation, but few that conform to the US clinical practice guideline (USCPG) have been rigorously tested and reported
in the literature. Clickotine is a novel smartphone app for smoking cessation, designed to deliver the essential features of the
USCPG and engineered to engage smokers by personalizing intervention components.
Objective: Our objective was to assess the engagement, efficacy, and safety of Clickotine in an initial, single-arm study.
Outcomes measured were indicators of engagement with the smartphone app (number of app opens, number of interactions with
the Clickotine program, and weeks active with Clickotine), cessation outcomes of 7- and 30-day self-reported abstinence from
smoking, and negative health events.
Methods: We recruited US residents between 18 and 65 years of age who owned an iPhone and smoked 5 or more cigarettes
daily for the study via online advertising. Respondents were prescreened for eligibility by telephone and, if appropriate, directed
to a Web portal to provide informed consent, confirm eligibility, and download the Clickotine app. Participants completed study
assessments via the online portal at baseline and after 8 weeks. Data were collected in Amazon S3 with no manual data entry,
and access to all data was maximally restrictive, logged, and auditable.
Results: A total of 416 participants downloaded the app and constituted the intention-to-treat (ITT) sample. On average,
participants opened the Clickotine app 100.6 times during the 8-week study (median 69), logged 214.4 interactions with the
Clickotine program (median 178), and remained engaged with Clickotine for 5.3 weeks (median 5). Among the ITT sample,
45.2% (188/416) reported 7-day abstinence and 26.2% (109/416) reported 30-day abstinence from smoking after 8 weeks.
Completer analysis focused on 365 (87.7%) of the 416 enrolled participants who completed the 8-week questionnaire revealed
that 51.5% (188/365) of completers reported 7-day abstinence and 29.9% (109/365) reported 30-day abstinence. Few adverse
events, mostly consistent with nicotine withdrawal symptoms, were reported and overall no safety signal was detected.
Conclusions: In this initial single-arm trial, Clickotine users appeared to demonstrate encouraging indicators of engagement in
terms of the number of app opens, number of program interactions, and continued engagement over time. Clickotine users reported
encouraging quit rates while reporting few adverse events. Future research is warranted to assess Clickotine’s efficacy in a
randomized controlled trial.
Trial Registration: Clinicaltrials.gov NCT02656745; https://clinicaltrials.gov/ct2/show/NCT02656745 (Archived by WebCite
at http://www.webcitation.org/6peTT4x60)
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Introduction
The burden of mortality and disease from tobacco use in the
United States is extensive. According to the latest report of the
Surgeon General regarding the consequences of 50 years of
tobacco use in the United States, tobacco smoking is the leading
cause of preventable death [1]. Each year the numbers surpass
480,000 deaths; 16 million people live with diseases brought
on by smoking; secondhand smoke contributes to the death of
more than 41,000 others annually; and approximately 5.6 million
children alive today who are younger than 18 years will die
prematurely as a result of smoking [2]. It is estimated that 15%
of all Americans aged 18 or older smoke tobacco in some form
[3], with 9 out of 10 adult cigarette smokers developing a
tobacco use disorder before their 18th birthday [4]. Annually,
the total economic cost attributable to smoking is now over US
$300 billion, with US $170 billion in direct medical costs [5]
and US $156 billion in productivity losses [2].
In 2010, approximately 7 out of 10 adult cigarette smokers
expressed a desire to quit [6]. However, most quit attempts fail:
only 3% to 5% of smokers maintain abstinence up to 1 year
after quitting [7]. On the other hand, dissemination and
accessibility of proven interventions continue to be limited. For
instance, cessation therapies are not always widely accessible
and, if they are, they tend to serve only a small population of
heavy smokers [7,8]. Furthermore, about 25% of patients
looking to stop smoking do not take prescribed medicine as
directed [9].
A solution to overcome these obstacles is to develop cessation
programs that include effective quit plans with substantial
population-level impact and that better ensure long-term
adherence. New technologies constitute a promising opportunity
to do this at the lowest cost due to high population reach and
immediate accessibility [10,11]. A large assessment study in a
US cohort found that 76% of smokers own smartphones,
meaning smoking cessation apps could be accessible for most
smokers and are a worthwhile option to consider [12].
Consequently, in recent years, there has been a proliferation of
apps designed to help users quit smoking. In 2013, there were
400 smoking cessation smartphone apps available in the United
States, with over 3.2 million downloads in the United States
alone [13], but only a small number of these apps [14] appear
to follow the US clinical practice guideline (USCPG) on treating
tobacco use and dependence [15]. Although the effectiveness
of many available smartphone apps for smoking cessation does
not appear to have been rigorously tested or reported, efficacy
studies of several recently developed apps have been published
(for example, apps that deliver Acceptance and Commitment
Therapy components [16], or text message-based apps that
provide support and interaction [17]). However, a recent review
of the content included in smartphone apps for smoking
cessation revealed that most of those evaluated did not include
behavior change techniques that have been shown to be effective
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in smoking cessation interventions [18], and most available
apps are not customized to users’ needs or personal
characteristics [19]. Thus, the development of smartphone apps
to deliver smoking cessation interventions appears to be
warranted, given the demonstrated need for such tools and early
evidence that these apps can be efficacious if they are designed
to include empirically supported behavior change techniques.
Clickotine is a novel smartphone app, designed and engineered
to deliver essential features of the USCPG that are amenable to
delivery via an app (advise and encourage to quit; assess
willingness to quit and enhance motivation; assist with quit
planning and connect with intervention, including advice on
pharmacotherapy, connection with counseling and medication
treatments, provision of social support, and connection with a
quitline; and arrange or provide follow-up) [15]. Through a
series of missions and interactions with the app, Clickotine
delivers these features, as well as empirically supported smoking
cessation intervention components (see App Description section
below for a description of the Clickotine program and empirical
support). The USCPG also recommends personalizing these
features as much as possible to maximize their efficacy. An
adaptive proprietary technology platform, Clickometrics, was
engineered to enhance engagement by personalizing the smoking
cessation intervention components that are delivered. This
innovative program is hypothesized to help individuals quit
smoking safely and effectively.
In this paper, we report initial results of an 8-week single-arm
clinical trial, in which we enrolled 416 participants to assess
the engagement and efficacy of Clickotine. Engagement with
an app is important to evaluate in preliminary studies, as these
interventions will only exert an effect if the users actually use
them. High attrition rates are often observed for mobile health
apps, potentially limiting their effectiveness [20,21], and
discontinuation of smartphone app use is a problem:
approximately 26% of app users discontinue after one use, and
74% discontinue by the 10th use [22]. Adherence to smartphone
interventions has been shown to predict smoking cessation [23].
It is therefore important to evaluate the engagement with novel
smartphone cessation apps in preliminary studies along with
efficacy. Indicators of engagement measured in this study were
the number of app opens, the number of interactions with the
Clickotine program components, and the number of weeks that
users remained active with the Clickotine program. In addition
to engagement, we also measured preliminary indicators of
efficacy, namely 7- and 30-day self-reported point prevalence
of abstinence from smoking, after 8 weeks.

Methods
We conducted an 8-week, single-arm clinical trial of Clickotine
(Click Therapeutics, Inc, New York, NY, USA). All study
procedures were reviewed and approved by Western Institutional
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Review Board (IRB) (Puyallup, WA, USA). The trial was
registered with clinicaltrials.gov (NCT02656745).

Participants
To be eligible, participants had to be aged 18 to 65 years, smoke
at least five cigarettes daily, want to quit smoking in the next
30 days, own an iPhone with iOS 8 or higher capabilities, be
willing and able to receive text messages, be able to comprehend
the English language, live in the United States, and provide
informed consent. The study aimed to include participants who
were current daily smokers. We chose the daily cigarette cutoff
of 5 to be consistent with other studies of comparable apps (eg,
Bricker et al [16]). We also included desire to quit smoking as
an inclusion criterion based on other cessation app studies’
inclusion criteria (eg, Bricker et al [16]). However, we assumed
desire to quit based on participants responding to the digital
advertisement, and we asked them about it during the phone
screening call although we did not formally measure it.

Recruitment
We recruited potential participants from May to July 2016.
Digital advertisements were posted to social media outlets
(Facebook, Craigslist, Twitter, Instagram, and Reddit), targeting
users who searched for “quit smoking” where possible. Digital
advertisements contained IRB-approved copy: “Ready to quit?
We’re ready to help. If you have an iPhone and want to become
smokefree while earning up to $100, we may have a great
solution for you.” The study director or a study team member
under his supervision contacted respondents by telephone to
prescreen for eligibility and, if appropriate, directed them to a
Web portal for the study. After providing online informed
consent and confirming eligibility, participants were sent an
email with a secure link to download the app. Providing
informed consent and downloading the app constituted
enrollment in the study; these respondents constituted the
intention-to-treat (ITT) sample for the study.

App Description
Clickotine adheres to the USCPG essential content features for
smoking cessation. The USCPG was developed for in-person
clinical settings and, as such, not all parts of the guideline will
apply for mobile phone apps [14]. In designing the Clickotine
program, we followed the parts of the guideline that are
appropriate and amenable for inclusion in a digital therapeutic
application: advise and encourage to quit; assess willingness to
quit and enhance motivation; assist with quit planning and
connect with intervention, including counseling and medications,
advice on pharmacotherapy, provision of social support, and
connection with a quitline; and arrange or provide follow-up.
These USCPG features were developed in consideration of
empirical support for their efficacy. For advising and
encouraging to quit, evidence exists that even brief advice to
quit from a counselor or health care provider significantly
increases long-term smoking abstinence rates [24]. Support for
assessing willingness to quit and enhancing motivation exists,
as evidence suggests that a variety of motivational interventions
can increase motivation for behavior change, including smoking
cessation [25-27]. The effectiveness of encouragement and
support as part of smoking cessation treatment (assisting with
http://mhealth.jmir.org/2017/4/e56/
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quit planning and connecting with appropriate interventions) is
consistent with the literature regarding the importance of
providing a caring, empathic, and understanding context in
making health behavior changes [28-30]. Evidence for the
effectiveness of arranging and providing follow-up in smoking
cessation treatment also exists—the USCPG recommends that
assessments within the first week after quitting should be
encouraged, as these can minimize relapse in quitters or
encourage abstinence in prequitters [31,32].
Clickotine follows these important USCPG guidelines and
personalizes these as much as possible via the Clickometrics
platform, which is engineered to enhance engagement. Upon
downloading the Clickotine app to their iPhone, users are
prompted to create a user profile and answer a brief
questionnaire on smoking behavior. The users then self-select
a quit date between 7 and 21 days after creating their user
profile. Based on the chosen quit date, personal characteristics,
and smoking characteristics (eg, name, age, sex, location, quit
motives, smoking history, and even the desired number of
messages per day as indicated by the user), users receive a
tailored plan of missions and messages. Within the context of
the USCPG features identified above, Clickotine delivers
intervention components that have demonstrated efficacy in
promoting smoking cessation: controlled breathing [33],
personalized messaging [34,35], social engagement [36],
encouragement of pharmacotherapy for cessation and of
medication adherence [37,38], and digital diversions, including
targeted strategies to cope with cravings, withdrawal symptoms,
and lapses (such as reviewing positive moments or previous
successes in weathering cravings) [39]. Delivery of these
components in adherence to the USCPG results in a set of
interactions for the user: controlling breathing, using digital
diversions, logging cravings, receiving personalized messages,
responding to messages, participating with “quit teams,”
completing missions, logging sentiments and feelings, logging
cigarettes smoked, journaling, learning about and using quit
aids, and interacting with supporters linked through the app.
Table 1 demonstrates the relationship between the USCPG
features and the set of interactions experienced by the Clickotine
user, and Figure 1 provides representative screenshots of
Clickotine interactions. The Clickotine interaction categories
do not map 1-to-1 onto the USCPG features, and some
interaction categories apply to multiple USCPG features or
stages of the Clickotine program. For example, some Clickotine
missions are designed to advise and encourage quitting (eg,
learn about the health effects of smoking), while others are
relevant for assessing willingness and enhancing motivation to
quit (eg, exploring the user’s quit motives); interacting with
supporters is relevant for enhancing motivation to quit in the
early stages (eg, connecting with supporters in-app, sharing
your desire to quit, and asking for support), as well as being
part of cessation intervention in the later stage of the program
(eg, updating supporters on progress); and logging cravings or
cigarettes smoked can be a mechanism for enhancing motivation
to quit and could also be a component of effective intervention.
Over the course of a user’s quit journey, in-app interactions are
emphasized until the quit date, whereas personalized messaging
is designed to become the primary engagement modality
following the quit date. In general, in this study, we sent a
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minimum of 1 personalized message per day to participants as
long as they had not deleted the app. If participants responded
to a personalized message or completed a mission in response,
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they were more likely to receive another; thus, participants
received different numbers of personalized messages.

Table 1. US clinical practice guideline (USCPG) features and associated Clickotine interaction categories.
Guideline

Clickotine interaction category

Advise and encourage to quit

Complete missions

Assess willingness to quit and enhance motivation

Complete missions
Log sentiments and feelings
Participate with “quit teams”
Interact with supporters
Log cravings
Log smokes

Assist with quit planning and connect with intervention

Complete missions
Control breathing
Use digital diversions
Participate with “quit teams”
Interact with supporters
Write in a journal
Learn about and use quit aid
Receive personalized messages
Respond to messages
Log cravings
Log smokes

Arrange or provide follow-up

Receive personalized messages
Respond to messages
Log cravings
Log smokes
Log sentiments and feelings

Data Collection
We collected baseline demographic and smoking characteristic
data via an online survey for participants who met the eligibility
criteria and gave informed consent. We also collected data on
smoking behavior, as well as engagement metrics including the
number of app opens and interactions with the Clickotine
program components in-app after downloading. We administered
a Web-based outcome survey 8 weeks after enrollment and, in
return for completing the 8-week survey, provided participants
with a US $25 Amazon gift certificate. Participants were notified
to take the online survey via text message with a link to the
survey on day 53 (3 days before reaching 8 weeks after initial
consent). Each day thereafter until participants completed the
survey, up to 7 days after the target date, they were contacted
via text message, email, or phone call. A sample text message
is: “Good Morning [name]! Your 8-week survey is ready! Fill
it out online to get your first Amazon gift card: http://xxxx.”
These in-app and online survey data were collected in Amazon
Simple Storage Service (Amazon S3; Amazon Web Services,
Seattle, WA, USA) with no manual data entry, and access to
all data was maximally restrictive, logged, and auditable.
A priori, the study data management plan defined 3 categories
of study team members: (1) participant-facing (having some
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interaction with participants; eg, recruitment or in-app), (2) data
team (maintaining the study database), and (3) study leadership
(not interacting directly with participants, and not having access
to the study database; only conducting analyses on relevant
variables provided by the data team after the database lock).
This means that access to data was restricted only to the
minimum set of actors in the minimal set of use cases needed
to complete the study. As per the approved study protocol, no
one outside of the designated data team had access to the data
and even the data team could not modify it. This procedure
follows the principle of least privilege [40]. This was just one
of the steps taken to ensure maximal objectivity and
transparency in this study conducted by the sponsor. Moreover,
the process that wrote the data from users to the database was
restricted to write only those files that were relevant to it and
had no ability to read data. All app and survey data were stored
in an isolated network. All survey data were collected via
preprogrammed, automated processes, and all collected data
were immediately made immutable and could not be changed
by the sponsor. These procedures were approved by an
independent IRB and were designed and implemented to
minimize potential biases unconsciously introduced by the
sponsor, which might have influenced the study data.
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Figure 1. Examples of interactions with the Clickotine program (left to right, beginning at top): choose a quit date; log cravings; mission: share quit
date with supporters; learn about quit aids; control breathing; receive a personalized message.

Measurements
Baseline Characteristics
We ascertained baseline demographic characteristics (age, sex,
race/ethnicity) and smoking characteristics (years smoking,
number of cigarettes smoked per day) via questions in the online
survey. Baseline nicotine dependence level was measured using
the Fagerstrӧm Test for Nicotine Dependence [41], administered
in the online survey upon study enrollment.
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Engagement
We measured engagement with the smartphone app in three
ways: the number of app opens; the number of interactions with
program components beyond app opens (see App Description
above); and the number of weeks in which the user remained
actively engaged with Clickotine (defined as having at least one
interaction with the program in the week, other than passive
receipt of a message). App opens is a standard and important
metric for measuring engagement with a digital therapeutic, for
smoking cessation [42] or other indications. App opens could
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be tallied over the course of the entire 8-week study. Clickotine
interactions could also be tallied over the entire course of the
study, across the categories in total and by category (controlling
breathing, using digital diversions, logging cravings, receiving
personalized messages, responding to messages, participating
with “quit teams,” completing missions, logging sentiments and
feelings, logging cigarettes smoked, journaling, learning about
and using quit aids, and interacting with supporters linked
through the app). It was not possible to confirm that a user read
a personalized message, so the count for “receiving personalized
messages” is the number of personalized messages the user was
sent.

Smoking Cessation
To detect a signal for smoking cessation in this short-term trial,
the 8-week questionnaire assessed self-reported 7-day and
30-day point prevalence abstinence [43-45]. Self-reported
smoking is a standard method for assessing the efficacy of
low-intensity interventions [46,47], which we used in this study.
Users answered the following question for 7- and 30-day time
frames: “Have you smoked (even a puff) in the last [7 or 30]
days?”

Medical Monitoring
Negative health events were ascertained via spontaneous report
by users in-app and via proactive ascertainment by a focused
question in the week-8 questionnaire: “At any point during the
study did you experience a negative health event?” All negative
health events reported were sent to the medical monitor for
evaluation. The medical monitor assessed each event and, when
needed in order to comprehensively assess and document
reported events, requested additional information from study
team members in contact with the participant. All events judged
to be clinically significant by the medical monitor were
considered to be adverse events. The medical monitor also
determined relatedness to Clickotine (possibly related, not
related) based on all available information and clinical judgment.
The intervention confers minimal risk and, other than referral
when appropriate, we delivered no medical intervention.

Data Analysis
We calculated descriptive statistics to estimate engagement with
the app and smoking cessation rates. Engagement was quantified
in three ways: the number of app opens during the 8-week study,
the number of Clickotine program interactions experienced by
the user (in total, and for each interaction category), and the
number of weeks the user remained actively engaged with
Clickotine. We estimated population-level engagement as the
mean (SD) values across participants or median (interquartile
range) values for instances of nonnormally distributed variables.
Smoking abstinence rates were calculated as the proportion of
the ITT sample that self-reported not smoking, not even a puff,
for at least 7 days and at least 30 days at the 8-week study end
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point. In this ITT analysis, nonresponders to the 8-week survey
were imputed as smokers. This method has been shown to yield
potentially biased results, by potentially inflating the proportion
of smokers compared with a completer analysis [48]. Despite
the potential for bias in smoking cessation trials, this method
for ITT analysis is expected for traditional clinical trials and
was conducted in this study. However, we also conducted
completer analyses on the sample that completed the 8-week
outcome survey for comparison with the ITT results.
We conducted post hoc analyses using logistic regression, due
to the nonnormal distributions of most of the predictor variables
and the dichotomous outcome variables, to explore associations
between baseline characteristics and engagement indicators,
between baseline characteristics and cessation outcomes, and
between engagement indicators and cessation outcomes in this
sample. As these were exploratory, hypothesis-generating
analyses, we evaluated each independent variable (baseline sex,
age, race/ethnicity, nicotine dependence level, years smoked,
cigarettes per day, and number of previous quit attempts) as a
predictor in a separate model, with app opens, Clickotine
interactions, and number of weeks active dichotomized into
high/low groups according to median split. We corrected critical
P values for multiple comparisons familywise (eg, .05/7=.007
for the analyses of 7 baseline predictors of each engagement
indicator). Similar models were run with 7-day and 30-day
cessation as the binary outcome to explore associations between
baseline characteristics and outcomes, with the same P value
correction (.05/7). Logistic regression analyses were also
conducted with app opens, Clickotine interaction counts, and
active week counts in separate models as engagement predictors
of cessation outcomes, with P values corrected for 3
comparisons for each outcome (.05/3=.02). Visual inspection
and analyses were conducted using IBM SPSS Statistics for
Mac version 24.0 software (IBM Corporation).

Results
Recruitment and Study Enrollment
After 63 days of social media advertising and recruitment, we
received 2050 contacts and conducted 617 telephone prescreens
of potentially eligible participants. Many of the 2050
respondents did not schedule or respond to the prescreening
call. Screening calls were conducted with participants until
approximately 600 were completed, which was the target to
yield a targeted ITT sample of >400. This resulted in 452
participants invited to provide online informed consent and who
were emailed a secure link to download the app. Of these, 416
participants ultimately downloaded the app and constituted the
ITT population. Of the 416 participants in the ITT sample, 365
completed the 8-week outcome questionnaire, yielding an 87.7%
retention rate. Figure 2 depicts the study flow diagram for this
trial.
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Figure 2. Study flow diagram. ITT: intention-to-treat.

Table 2 provides the demographic and smoking characteristics
of the study sample. At baseline, this sample reported a high
degree of nicotine dependence: the mean score on the
Fagerstrӧm Test for Nicotine Dependence was 6.1 (SD 2.2),
which falls in the high range for nicotine dependence (scores
between 6 and 7) [49]. On average, participants had been
smoking for 18.1 (SD 10.6) years, and were smoking 16.7 (SD
7.8) cigarettes per day. At baseline, 29 participants (7.0% of
the ITT sample) were using a pharmacotherapy smoking
cessation aid (nicotine replacement therapy or medication). At
study outcome, 66 participants (15.9% of the ITT sample) were
using a pharmacotherapy smoking cessation aid (nicotine
replacement therapy or medication).
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Engagement Indicators
The distributions were significantly nonnormal for app opens
(W416=.773, P<.001), Clickotine program interactions
(W416=.809, P<.001), and the number of active weeks with
Clickotine (W416=.892, P<.001) according to Shapiro-Wilk tests
of departure from normality. Table 3 provides the measures of
central tendency of these data: mean (SD), range, median, and
interquartile range. Table 4 describes the frequency with which
users encountered each interaction category, as well as the
proportion of program interactions each category represented.
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Table 2. Demographic and smoking characteristics of the study sample.
Characteristics

Mean (SD) or n (%)

Demographics
Age in years, mean (SD)

36 (10.8)

Female, n (%)

247 (59.4)

Race/ethnicity, n (%)
White

315 (75.7)

Hispanic

37 (8.9)

African American

22 (5.3)

Asian or Pacific Islander

11 (2.6)

Native American

5 (1.2)

Other/no response

26 (6.3)

Smoking characteristics
Fagerstrӧm score, mean (SD)

6.1 (2.2)

No. years smoking, mean (SD)

18.1 (10.6)

No. cigarettes per day, mean (SD)

16.7 (7.8)

No. of previous quit attempts in past year, n (%)
0

88 (21.2)

1

119 (28.6)

>1

166 (39.9)

Did not respond

43 (10.3)

Table 3. Engagement indicators over the 8-week study period.
Indicator

Mean (SD)

Median

Range

Interquartile range

App opens

100.6 (98.2)

69.0

3-780

36.0-134.75

Clickotine program interactions

214.4 (158.4)

178.0

20-1213

110.25-273.0

Weeks active with Clickotine

5.3 (2.4)

5.0

0-8

3.0-8.0

Table 4. Clickotine interactions by category over the 8-week study period.
Interaction category

Mean (SD)

% of total interactions Median

Range

Interquartile range

Receiving personalized messages

84.06 (44.87)

39.2

79.0

1-372

59-94.75

Logging cigarettes smoked

53.61 (73.78)

25.0

33.0

0-964

12-73

Completing missions

27.83 (22.48)

13.0

23.5

0-114

9-39

Logging cravings

15.09 (26.89)

7.0

5.0

0-224

2-15

Responding to messages

10.16 (24.12)

4.7

3.0

0-337

1-11

Controlling breathing

6.94 (10.49)

3.2

4.0

0-105

2-8

Journaling

4.42 (7.78)

2.1

2.0

0-87

0-5

Participating with quit teams

3.52 (15.21)

1.6

0.0

0-171

0-0

Logging sentiments and feelings

2.66 (6.69)

1.2

0.0

0-76

0-2

Using digital diversions

2.54 (11.90)

1.2

0.0

0-211

0-1

Learning about and using quit aid

1.82 (10.16)

0.9

0.0

0-165

0-1

Interacting with supporters

1.74 (4.04)

0.8

0.0

0-53

0-2

Total

214.4 (158.4)
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Cessation Outcomes
Table 5 summarizes the results of the ITT and completer
analyses of cessation outcomes. In the ITT sample (n=416), at
the end of the 8-week study period, 45.2% (n=188) of
participants reported achieving 7-day abstinence and 26.2%
(n=109) of participants achieved 30-day abstinence. Among the
365 study completers, 51.5% (n=188) of participants reported
achieving 7-day abstinence and 29.9% (n=109) of participants
achieved 30-day abstinence. In this study, participants did not
appear to reliably provide the in-app weekly smoking data. Only
47 of the 416 participants (11.3%) provided complete data in
the weekly cigarette counts; across all users, only 822 of the
3328 (24.7%) weekly cigarette counts were completed. Thus,
we derived smoking status from self-report in the baseline and
outcome surveys, and we did not use the in-app smoking data
in the analyses of cessation outcomes.

Safety Outcomes
Participants reported 4 negative health events spontaneously,
and reported an additional 32 in response to the focused safety
question in the 8-week questionnaire. Of these 36 negative
health events, 19 were considered clinically significant and
documented as adverse events. Of the 19 adverse events, 2 were

considered possibly related to Clickotine use in the judgment
of the medical monitor (nightmare, depressed mood). The most
common adverse events were fatigue (reported by 3 participants)
and mood change (reported by 2 participants); no additional
adverse events occurred in more than 1 participant.

Associations Between Baseline Characteristics,
Engagement Indicators, and Cessation Outcomes
Table 6 provides the results of the logistic regression analyses
of baseline characteristics predicting engagement indicators.
The only association surviving correction for multiple
comparisons was female sex predicting an increased likelihood
of being in the high app opens group.
Table 7 provides the results of the logistic regression analyses
of baseline characteristics predicting cessation outcomes. Older
age and greater number of years smoking appeared to predict
a decreased likelihood of reporting 7-day abstinence and 30-day
abstinence. Greater number of cigarettes smoked per day
predicted a decreased likelihood of reporting 30-day abstinence.
Table 8 provides the results of the logistic regression analyses
of engagement indicators predicting cessation outcomes. Greater
number of weeks active with Clickotine was associated with an
increased likelihood of reporting 7-day and 30-day abstinence.

Table 5. Intention-to-treat (ITT) and completer analysis results for smoking cessation.
Duration of abstinence

ITT analysis (n=416), n (%)

Completer analysis (n=365), n (%)

7 days

188 (45.2)

188 (51.5)

30 days

109 (26.2)

109 (29.9)

Table 6. Logistic regression analyses of baseline predictors of engagement indicators.
Engagement indicators

Age

Sex

Race/ethnicity

Fagerstrӧm score

Years smoking

Cigarettes
per day

Prior quit
attempts

Clickotine app opens (high/low according to median split)
ORa

1.018

0.563

1.044

1.071

1.019

1.025

0.990

95% CI

1.00-1.04

0.38-0.84

0.95-1.15

0.98-1.17

1.00-1.04

0.999-1.05

0.90-1.00

P value

.048

.005b

.36

.12

.047

.06

.7

Clickotine program interactions (high/low according to median split)
OR

1.018

0.668

0.990

1.070

1.023

1.026

0.981

95% CI

1.00-1.04

0.45-0.99

0.90-1.09

0.98-1.17

1.00-1.04

1.00-1.05

0.89-1.01

P value

.045

.04

.83

.13

.02

.047

.76

No. weeks active (>0 interactions/week)
OR

0.997

0.690

1.096

0.932

1.001

0.969

1.004

95% CI

0.98-1.01

0.47-1.02

1.00-1.21

0.86-1.02

0.98-1.02

0.94-1.00

1.00-1.01

P value

.75

.07

.06

.11

.92

.02

.24

a

OR: odds ratio.

b

P<corrected α (.05/7=.007).
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Table 7. Logistic regression analyses of baseline predictors of smoking cessation outcomes.
Cessation outcomes

Age

Sex

Race/ ethnicity

Fagerstrӧm score

Years smoking

Cigarettes
per day

Prior quit
attempts

ORa

0.969

1.415

1.094

0.948

0.965

0.976

0.987

95% CI

0.95-0.99

0.95-2.10

1.00-1.20

0.87-1.03

0.95-0.98

0.95-1.00

0.91-1.10

P value

.001b

.08

.06

.23

<.001b

.06

.74

OR

0.964

1.092

1.020

0.945

0.954

0.954

1.034

95% CI

0.95-0.98

0.70-1.70

0.92-1.13

0.86-1.04

0.93-0.98

0.92-0.99

0.94-1.14

P value

.001b

.7

.70

.25

<.001b

.005b

.37

7-day cessation

30-day cessation

a

OR: odds ratio.

b

P<corrected α (.05/7=.007).

Table 8. Logistic regression analyses of engagement indicators predicting smoking cessation outcomes.
Cessation outcomes

App opens

Interaction count

Active weeks

ORa

1.001

1.001

1.218

95% CI

0.999-1.003

0.999-1.002

1.12-1.33

P value

.27

.25

<.001b

OR

1.001

1.001

1.283

95% CI

0.998-1.003

0.999-1.002

1.16-1.42

P value

.57

.31

<.001b

7-day cessation

30-day cessation

a

OR: odds ratio.

b

P<corrected α (05/3=.017).

Discussion
In this initial digital study of Clickotine conducted with no
in-person visits, we assessed preliminary indicators of the
engagement with and efficacy of Clickotine. We measured
engagement using three indicators: number of app opens (median
69), number of Clickotine program interactions experienced by
the user (median 178), and the duration of active Clickotine use
(number of weeks active; median 5). These engagement
indicators suggest that participants were actively using
Clickotine during the 8-week study period. Clickotine also
appeared to be effective for smoking cessation: 26.2% of
participants reported achieving 30-day abstinence after 8 weeks.
The most commonly reported adverse events, fatigue and mood
change, are expected nicotine withdrawal symptoms [50].
Overall, we detected no safety signal in this study, and we expect
no adverse reactions with Clickotine use.
The user experience with Clickotine can be described based on
the frequency of the various program interactions a user
encountered. In this study, the most frequently encountered
feature was receiving personalized messages, which accounted
for 39.2% of Clickotine interactions on average. Logging
cigarettes smoked was the second most frequent category,
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accounting for 25% of interactions. Completing missions was
the third most frequently encountered category, which accounted
for 13% of interactions. For 5 of 12 interaction categories, the
median frequency was 0, indicating that roughly half of
participants did not encounter this type of interaction during
their use of Clickotine. This variability in the interaction
categories that participants encountered reinforces the
personalized and unique journey on which Clickotine takes each
individual user.
We conducted post hoc analyses to explore associations between
baseline characteristics, engagement indicators, and cessation
outcomes, as some associations have been suggested by previous
studies. For example, older age and female sex have been
associated with increased engagement with Web-based cessation
interventions [51] but have not been found to be associated with
use of a smartphone-based smoking cessation app [52]. Heavier
smoking has been observed to be associated with use of
Web-based interventions and smartphone apps [52,53].
Engagement with smartphone cessation apps, also referred to
as adherence, has been shown to predict cessation outcomes
[23]. Due to the exploratory, post hoc nature of the logistic
regression analyses we conducted in this study, we have
interpreted the results with caution to identify associations of
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interest for future study without drawing much of a conclusion
about these associations in the context of this study. In these
analyses, female sex appeared to be associated with increased
in-app opens. Older age, greater number of years smoking, and
greater number of cigarettes smoked per day appeared to be
associated with a decreased likelihood of smoking cessation.
Results suggested a possible association between an increase
in the number of weeks active with Clickotine and an increased
likelihood of smoking cessation. Not enough research has been
published on predictors of smartphone app use to make
comparisons with our study results but, in comparison with one
recent study [52], some of our results are contradictory: female
sex appeared to be associated with increased app opens, whereas
in the previous study female sex was associated with lower use
of certain app features. However, our study also appeared to
show a trend toward heavier smoking being associated with
increased app use, which would be consistent with the previous
study [52]. Nonetheless, these associations will be investigated
further in the next randomized controlled trials of Clickotine
that are conducted, in which statistical and clinical inference
will be possible.
This study was efficiently designed and conducted. No in-person
visits occurred, and all but one study interaction (the
prescreening phone call) was conducted electronically or in-app.
This study design enabled the study sponsor to handle a large
number of responders to the digital advertising (2050 responses)
and enroll the target sample size (400) in a relatively short time
(63 days). The study retention rates were encouraging: 365 of
the 416 participants completed the 8-week outcome
questionnaire, yielding an 87.7% retention rate in this trial. This
rate was higher than the retention rates observed in other
cessation trials. In one review of 28 Web-based studies, only 8
demonstrated retention rates greater than 80%, 8 demonstrated
50% to 80%, and 12 demonstrated retention rates lower than
50% [54]. In another review of 11 studies [55], the average
attrition rate at last follow-up was 38.2%. Comparisons with
these studies must be made with caution, however, as these were
Web based, whereas our study was smartphone based; the
follow-up periods were variable across studies, and some were
longer than the 8-week period of our study; and we compensated
participants for their time in our study, whereas participants did
not receive compensation in some of the other studies. These
factors could yield an inflated retention rate in our sample
compared with other studies. In comparison, a recent
smartphone-based app study, which included similar
compensation for participation and was also a single-arm study,
reported a retention rate of 84.8% [42]; another similar study
comparing 2 different apps reported a retention rate of 82.8%
[16]. These rates are similar to the rate of 87.7% observed in
our study and bolster confidence in this value as representative
of a digital trial of a smartphone-based smoking cessation app.
We studied Clickotine in isolation in this trial and did not
directly compare it with other app-based interventions. Although
there are factors that limit the ability to compare across unrelated
trials, such as differences in sample characteristics and trial
methodologies, descriptive rates of engagement and smoking
cessation can provide preliminary indications of comparability.
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In this study, the outcomes observed for Clickotine numerically
exceed those of the most comparable mobile apps that have
been clinically tested, such as SmartQuit 2.0 (16.6 app opens
in an 8-week study and 11% 30-day abstinence in a completer
analysis) [42] and the National Cancer Institute’s QuitGuide
(15.2 app opens in an 8-week study and 8% 30-day abstinence
in ITT analysis) [16]. We propose that components unique to
Clickotine may contribute to enhanced engagement and efficacy,
including Clickotine’s highly personalized features.
Certain limitations of this study warrant further discussion. First,
the follow-up period was relatively short; substantial relapse
naturally occurs after a 2-month follow-up [56] and only about
3% to 5% of smokers maintain abstinence up to 1 year after
quitting [7]. We will continue to observe participants in this
study and will report longer-term outcomes separately when
available. Nonetheless, this study was consistent with previous
smoking cessation studies in reporting 30-day point prevalence
abstinence rates. Second, we tested only the iPhone version of
the app in this study, as the Android version was not yet fully
developed by the time of study launch. Also, the average age
of participants in this study (36 years) is younger than is typical
for smoking cessation trials. Inclusion of younger, iPhone-only
users may limit the generalizability of findings. For example,
one cessation app study noted that iOS users demonstrated
indicators of greater motivation to quit compared with Android
users [57]. Third, this trial relied on self-reported smoking
cessation to estimate 30-day point prevalence abstinence. While
expert consensus suggests that biochemical verification of
abstinence is impractical and unnecessary in studies similar to
this one [58], future research will need to address this by
implementing biochemical verification of smoking cessation
(eg, exhaled carbon monoxide). Fourth, in a study of an
intervention conducted by the developer of the intervention, the
potential for biases (eg, rater biases, response biases) are noted.
Despite efforts to eliminate the opportunity for such biases
through the design and implementation of rigorous study
procedures, the potential for bias will limit the extent to which
our results can be interpreted beyond being preliminary
indicators. Fifth, some users (29 at baseline and 66 by study
outcome) were using a pharmacotherapy cessation aid during
the trial, which could have contributed to the cessation rates
observed and limits the ability to attribute cessation solely to
Clickotine. To overcome such limitations, a pivotal study of
Clickotine should evaluate efficacy and test superiority in a
blinded, randomized controlled trial conducted by an
independent party; include iPhone and Android versions of the
app; include an active comparator arm with an alternative mobile
app; feature longer-term follow-up; and ascertain abstinence
via biochemical verification.
In summary, the results of this initial evaluation suggest that
Clickotine participants engaged with the app and appeared to
remain engaged with the app for a majority of the study duration
on average, and that Clickotine use may be associated with
cessation outcomes. Future research is warranted to evaluate
the engagement with and efficacy of Clickotine in more robust
clinical trials, and to assess Clickotine’s long-term efficacy and
safety.
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Abstract
Background: Mobile phones are increasingly being used to deliver health information and health services globally. Mobile
health (mHealth) interventions may be well-suited for minority groups with greater barriers to accessing traditional health services.
However, little has been written about the process of culturally adapting interventions for multiple ethnic and cultural minorities
within a population.
Objective: This study describes the process of developing a culturally tailored text message-based maternal health program
(TextMATCH: Text for MATernal and Child Health) for Māori, Pacific, Asian, and South Asian families living in New Zealand.
We report on engagement and acceptability of the TextMATCH program.
Methods: Program data was examined to describe engagement with the program 18 months after implementation. Telephone
interviews were conducted with a sample of participants who consented to provide feedback on acceptability and relevance of
the program.
Results: A total of 1404 participants enrolled in TextMATCH over 18 months, with 18.52% (260) actively opting out at some
point (after 0 to 17 months of messages). It was found that 356 (70.9%) of the 502 eligible participants actively switched from
the initial pregnancy program to the baby program after delivery. Phone interviews were conducted with 29 participants including
6 who had withdrawn (duration of program from 3 to 16 months). Only 2 participants reported that the program was not useful,
with the remainder rating the usefulness of messages positively (average 4.24 out of 5). All participants stated that the messages
were relevant, culturally appropriate, and easy to understand. Most were happy with the specific advice and the language options
provided.
Conclusions: We have demonstrated the importance of an intensive approach to the development of a culturally adapted and
tailored mHealth program for multiple different cultural minority groups within our population.
(JMIR Mhealth Uhealth 2017;5(4):e49) doi:10.2196/mhealth.7205
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mHealth; short message service; maternal health; culture; text messages
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Introduction
Background
Mobile health (mHealth) is the use of mobile devices, including
mobile phones, to deliver health services and information [1].
Due to the high use of mobile phones and the low cost of
delivery, this mode of communication appears as an ideal
platform for the delivery of health interventions. mHealth
interventions are often designed as a means to reach underserved
groups like ethnic or cultural minorities. This is justified due to
the following reasons: (1) traditional health promotion methods
often fail to serve the group in question; (2) the low cost of
mHealth interventions make mHealth interventions feasible in
low-resource environments; (3) mobile phone use or use of
specific capabilities like text messaging or voice calling are
common within the group targeted; and (4) mHealth has proven
acceptable or effective in other, similar areas, or in feasibility
studies [2-8].
Adapting effective mHealth programs for multiple minority
populations requires attention to relevant cultural characteristics
[2-4,6,9,10]. Cultural adaptation may reflect the nuances of
language and cultural practices, so that health messages and
services reflect their history, health beliefs and norms, social
practices, and political and economic characteristics [10-14].
Some aspects of cultural adaptation that may improve the
sustainability and effectiveness of mHealth include the
consideration of users’ health beliefs and health literacy levels
in message development [2,5], and the accommodation of local
language and preferences in message content [3]. Cultural
adaptation of message content in mHealth interventions has
been executed in varying degrees from basic language translation
to a sophisticated process of consultation with prospective users
and data collection on barriers to services and health.
The process of the cultural adaption of mHealth interventions
can be broadly categorized into three categories:
1.

2.

3.

Translation only: mHealth intervention where content has
been translated into the local language or a language
nominated by users.
Translation and addressing group-specific barriers: the use
of a local or nominated language, alongside content tailored
to barriers in accessing services or health information which
were faced by the cultural group concerned.
Translation and sophisticated adaptation: the use of a local
or nominated language, alongside more complex adaptation
and development processes, involving members of the target
group.

However, there is a paucity of evidence to support the
effectiveness and desirability of cultural adaptation practices in
mHealth. In instances where perceptions of culturally adapted
mHealth interventions have been described, these perceptions
are positive [3,4,6,15-18]. A common factor is the lack of
investigation of the cultural appropriateness of messages
specifically.
One area of mHealth with some published descriptions of
cultural adaptation processes is in the field of maternal health.
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There is growing support for the use of mHealth, including text
messaging, in the field of maternal health [19], particularly for
the advancement of the millennium development goals to reduce
child mortality and improve maternal health in certain
populations.
Text4baby in the United States is a free maternal health text
message program, which is delivered in English and Spanish,
for pregnant women and mothers of babies aged under 1 year.
A survey assessed the linguistic appropriateness of the Spanish
messages finding that 98.3% of respondents receiving the
Spanish messages found the content to be clear and
understandable [18]. In addition, Parker et al [20] detailed the
translation, back translation, and intelligibility testing of English
text messages from the US-based Text4baby intervention,
translated into Russian. Expert checks of the messages were
used to test the intelligibility of the messages, which informed
pregnant women and mothers on how to keep themselves and
their baby healthy, according to gestational age [20].
Mobile Alliance for Maternal Action (MAMA) has conducted
cultural adaptation of a generic set of MAMA text messages to
create new versions including ChatSalud and Mom Connect
[21,22]. In Nicaragua, ChatSalud delivered sexual and
reproductive health-oriented information to reduce teen
pregnancy and the infant and maternal mortality associated with
it [21]. In-depth interviews with adolescents who had
participated in a pilot study of ChatSalud contributed relevant
information about their particular barriers to sexual and
reproductive health. Local health experts were also consulted
about development of message content, given their experience
of the population health threats in the area [21]. In South Africa,
Mom Connect text messages collected data from the mother
during pregnancy and the first year of the child’s life, and
delivered age- and stage-specific messages to inform and support
pregnant women and mothers [22]. Focus groups with
prospective users and consultation with local health experts
sought to ensure that the barriers addressed were relevant to the
target group. These included intimate partner violence,
depression, and persuading partners to use condoms during
pregnancy to prevent human immunodeficiency virus (HIV)
transmission. These processes resulted in MAMA South Africa
message content being provided in six different languages and
incorporating user comments and stories [22].
Although these studies have shown the feasibility of cultural
adaptation of text messaging programs in maternal health, more
evaluation of such interventions is needed to determine their
effectiveness [20].
In New Zealand, we have developed TextMATCH (Text for
MATernal and Child Health), an educational and supportive
text message program for pregnant, new mothers (of infants
aged until 2 years), and other family members. This program
was funded by the New Zealand Ministry of Health as part of
a broader initiative (Healthy Babies Healthy Futures, HBHF)
targeting the increasing rates of childhood obesity (11% of
children aged 2-14 years in New Zealand are reported to be
obese) [23]. Targeting interventions to families is seen as vital
in addressing increasing obesity rates. Commencing in
pregnancy, maternal and child nutrition and physical activity
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influence physiology in ways that contribute to disease risk and
lay the path for lifelong health.

•

TextMATCH was designed to cover three specific areas:

•

•

•
•

improve women’s health during pregnancy and the postnatal
period, through promotion of healthy eating and physical
activity;
promote healthy feeding of babies including encouraging
and supporting breastfeeding; and
promote healthy feeding (including the introduction of
healthy first foods) and physical activity of children at
preschool age.

TextMATCH, and the broader HBHF initiative it is embedded
in, have been developed specifically for Māori (the indigenous
population of New Zealand), Pacific, Asian, and South Asian
families. These are minority groups with particularly high rates
of childhood obesity (Māori 19% and Pacific 27%) [23] or with
particular needs arising from being new migrants who may not
be well-connected to, or have experience with, the New Zealand
health system. This paper describes the development and cultural
adaptation of TextMATCH specifically for these groups and
the feedback on its acceptability to date.

Intervention Development
The development of TextMATCH was guided by our previously
developed mHealth Development and Evaluation framework
[24], which provides a process to direct the development and
testing of mHealth interventions, with a focus on implementation
from the beginning, use of behavioral change theory, and
involvement of the target population. A summary of the
development process can be seen in Figure 1.
A governance group for the broader HBHF initiative, the Roopu
Kaitiaki, provided guidance on the primary focus and scope of
the program. This group represented a consortium of
community-based providers working with the target audience
of the program. The target population was defined as pregnant
women and mothers of babies aged under 2 years of Māori,
Pacific, Asian, and South Asian ethnic communities within two
health districts in Auckland, New Zealand. The target population
also included their extended families (whānau in Māori) and
anyone else who had influence on the health and wellbeing of
the pregnant women, babies, mothers, and their preschool
children.
The overarching principles agreed were
•
•
•
•

education for those with low health literacy;
targeting those who have relatively low involvement with
conventional support networks;
providing practical tips and suggestions that are relevant to
their specific contexts;
supporting improvements in health nutrition and uptake of
appropriate physical activity;
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linking pregnant women or mothers of young children and
their families to health and community services as early as
possible; and
using proven behavior change techniques and theories.

Formative Work
Formative work was conducted to inform development of the
program including the design, content, and implementation.
This included focus groups with the target audience and a review
of the literature, guidelines, and publicly available resources.
The focus groups aimed to determine how the intended audience
engaged with technology, how a technology-based health
program could benefit them during pregnancy and the first 2
years of their child’s life, and to understand cultural norms,
traditions, and beliefs around technology and maternal health.
A total of 4 culture-specific focus groups were conducted with
pregnant women, mothers of children aged under 2 years, and
their support people. Participants were identified by the
community organizations involved in the wider HBHF initiative.
All groups were positive about using technology to support
people to eat well and exercise during pregnancy and the first
2 years of a baby’s life. Technology preferences differed, with
some groups reporting a preference for mobile phone messaging
apps (such as WeChat, WhatsApp), whereas others reported
nonconsistent mobile phone ownership and a preference for text
messaging (short message service, SMS) due to limited data
access. Other factors of importance for a mHealth program were
being free, accessible on all types of mobile phones, and taking
into consideration that phones are sometimes shared among
family members. Therefore, in order to ensure greatest reach of
the intervention, SMS was agreed on as the mode of delivery.
Participants felt strongly that there was benefit to the messages
being offered to partners or fathers and other family members,
in addition to a pregnant woman or mother.
Consistent across the groups was a preference for New
Zealand-based guidance and references, as there was concern
that advice in internationally available apps may differ from
that in New Zealand. Differences in terminology were identified,
as well as culture-specific foods, practices, traditions, and
activities, providing rationale for culturally adapted versions of
the program. Preferences for languages varied, with all groups
recommending an English option and some Asian participants
requesting Simplified Chinese and Korean. In addition,
consulted health care providers recommended adding Japanese
and Te Reo Maori languages. Women in the Pacific Island and
Indian focus groups predominately felt that an SMS intervention
would be best in English. This was due to wanting the
intervention to be in the language they were likely to be
communicating with their lead maternal carers (LMCs) in for
consistency, as well as a general preference for texting in
English.
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Figure 1. TextMATCH development process. SMS: short message service.

A review of the current literature, New Zealand guidelines, and
resources was undertaken to establish key messages related to
nutrition and physical activity for the target population, as well
as other relevant areas.

Content Development
Findings from the formative work resulted in the development
of key messages for the intervention. The key messages were
then adapted into text messages limited to 160 characters. These
text messages were sent to a technical advisory group (TAG,
including local representatives from midwifery, public health,
nutrition, physical activity, Māori health promotion, primary
care, and postnatal providers) and revised before being sent to
a second panel of experts (obstetrician, pediatrician, and
academic experts in nutrition and physical activity) for review
to ensure factual correctness. Once the key text messages were
confirmed, they were then adapted into 4 cultural versions using
http://mhealth.jmir.org/2017/4/e49/
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the feedback from the formative work. These culturally adapted
messages were reviewed and adapted further by the 4 cultural
community groups in the consortium. Each cultural version was
adapted into 2 versions (total 8 versions); one for mothers and
the second one for other family members. Where needed, the
messages were then translated into other languages (Te Reo
Maori, Chinese, Korean, and Japanese) resulting in 16 different
versions of the TextMATCH program (see Table 1 for a
breakdown of the different versions). These were reviewed and
back-translated by the 4 community groups. The messages
underwent a final review before being loaded into the system
and tested. Although the development process was linear (Figure
1), if, at later stages in the development process, changes to
content were made, the affected content was rereviewed by all
levels of reviewers before being translated, rereviewed, and
tested.
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Versions of the program that were delivered in English included
greetings and other key words in the appropriate language (eg,
Hindi, Samoan, Tongan, Cook Island Maori, Tuvaluan, and
Tokelauan). The messages were also personally tailored by

including the participant’s name, baby’s name, and
gender-specific terms for messages after the baby was born (eg,
he or him or his). Examples of TextMATCH messages can be
seen in Table 2.

Table 1. TextMATCH versions.
Version number

Culture

Language

Relationship to baby

1

Māori

Te Reo

Mother

2

Māori

Te Reo

Other family member

3

Māori

English

Mother

4

Māori

English

Other family member

5

Pacific

English

Mother

6

Pacific

English

Other family member

7

Asian

Chinese

Mother

8

Asian

Chinese

Other family member

9

Asian

Korean

Mother

10

Asian

Korean

Other family member

11

Asian

Japanese

Mother

12

Asian

Japanese

Other family member

13

Asian

English

Mother

14

Asian

English

Other family member

15

South Asian

English

Mother

16

South Asian

English

Other family member

TextMATCH Program
The resulting TextMATCH program is individually tailored and
available in 16 different cultural versions and 5 languages (Table
1). A person is referred to TextMATCH using a short referral
form with questions to determine their specific TextMATCH
program. Once registered, they receive up to 3 free text messages
per week delivered to their mobile phone (see Figure 2). The
estimated delivery date or baby’s birth date determines where
in the TextMATCH program participants start. Messages are
personalized (with the recipient’s name, the baby’s name, and
gender) and tailored to the gestational age or age of the baby.
Messages not only focus on nutrition and physical activity for
pregnant women, baby, and wider family, but also cover a range
of health topics including immunizations, safety, support
services, weight gain, smoking, and emotional encouragement.

The program is unidirectional, but if a person is registered during
pregnancy they can self-switch to the baby messages, by free
texting into the system when their baby is born. People can
withdraw from the program by free texting the word “STOP”
at any time. The program is provided at no cost to recipients
including no cost to send text messages to switch to the baby
program, or to withdraw from the program.
The TextMATCH system is automated following registration.
Registration requires manual input of the recipient details for
the generation of message schedules. In addition, the system is
checked daily for unrecognized incoming messages and these
are actioned if needed. The ongoing costs of running the
program include the Gateway Company shortcode fees and per
text message costs, as well as a maximum of 1 hour of person
time per week to check the unrecognized incoming messages
and manage issues.

Figure 2. TextMATCH system overview. SMS: short message service.
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Table 2. A selection of TextMATCH messages.
Example message

Timing

Culture

Relationship to baby

Malo e lelei [firstname]. You are now registered for
TextMATCH. We will send you up to 3 messages per
week to support you to eat well & be active while pregnant

Registration (during pregnancy)

Pacific-Tongan

Mother

Kia ora [firstname]. Exercise is important for your health Pregnancy (14 weeks)
& for the mums health during pregnancy, aim for 30 min
of activity each day

Māori

Other family member

Iron is important to prevent you becoming too tired during Pregnancy (23 weeks)
pregnancy. Lean red meat, chicken, eggs, bajra flour,
cowpea, masoor dal & moth beans contain iron

South Asian

Mother

Talofa [firstname]. Keeping active towards the end of
pregnancy can be tough but the health benefits make it
worth it. Try swimming or a very gentle walk

Pacific-Samoan

Mother

Hi [firstname]. Congratulations on the birth of [babyCompletion of switch to baby program
name]. We hope you are enjoying this special & exciting
time. Thanks for having TextMATCH on board

Asian

Mother

Kia ora [firstname]. Breast milk is the perfect kai for your Postnatal (2 weeks)
baby - it’s healthy & it’s free! Please talk to your midwife
if you need help or support

Māori

Mother

Kia ora. Sounds, smiles, laughter, touch & interaction all Postnatal (17 weeks)
help [babyname] to develop. Spending time with [him/her]
will help to grow your relationship with [him/her]

Māori

Other family member

Don’t forget to take care of yourself, this includes eating Postnatal (22 weeks)
well & getting rest. To be able to look after [babyname]
you need to take care of yourself first

Pacific

Mother

Aim to feed [babyname] a variety of healthy choices in Postnatal (44 weeks)
every meal. Try boiling pumpkin or kumara together with
spinach or taro leaves for a nutritious option

Pacific

Other family member

Choose healthy foods for [babyname]. There is no need Postnatal (1 year 20 weeks)
to add salt, sugar, butter or ghee to [his/her] food. If you
want to cancel these messages, reply text STOP

South Asian

Mother

Pregnancy (36 weeks)

Engagement and Acceptability of TextMATCH
TextMATCH went live in August 2014 with people referred to
the program by community organizations within two urban
health districts in New Zealand. We conducted a study, 18
months post go-live, to assess the engagement and acceptability
of the program. The study had two aims:
1.

2.

To assess the engagement of participants with the
TextMATCH program, including enrollment and
disengagement rates.
To assess the acceptability of the TextMATCH program,
including its cultural appropriateness and relevance, reasons
for withdrawal, and to determine ways in which the program
could be improved.

Methods
Engagement
Engagement data collected by the content management system
was extracted on April 7, 2016. All data was kept private and
secure to respect the privacy of all intervention participants.
Data collected for the first 18 months was used in this analysis.
The data for each participant included program number
(indicating cultural group, language, and relationship); month
http://mhealth.jmir.org/2017/4/e49/
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registered; due date month and year; baby birth date and year;
whether they switched to the baby program from the pregnancy
program; whether they texted “STOP;” their withdrawal date
(if applicable); and completion date (if applicable). Descriptive
statistics were generated for baseline demographic and clinical
characteristics, and measures of engagement with the system.
Counts and percentages were reported for categorical variables,
along with means and standard deviations for continuous
variables.

Acceptability
Phone interviews were conducted between January and March
2016. All study documents and procedures were approved by
the New Zealand Health and Disability Ethics Committee
(15/CEN/210).
Participants included those who were registered for the
TextMATCH program between August 2014 and August 2015,
and who had previously agreed to be contacted about their
experience with the program. Potential participants were
excluded if it was known that they had experienced a
miscarriage; their due date fell during the study period; they
only spoke Japanese or Korean, as no interviewer was available
for these languages. We also excluded those who withdrew from
the program by texting “STOP” after receiving less than 2 weeks
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e49 | p.125
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of messages, as it was determined that this group would not
have received sufficient intervention to provide feedback for
this study. To ensure participants with a range of experiences
with the program were interviewed, potential participants were
split into four categories:
1.
2.
3.
4.

those who had received TextMATCH for 6 months or more;
those who had received TextMATCH for 3-6 months;
those who withdrew from the program by texting “STOP”
after receiving a minimum of 2 weeks of messages;
those that received TextMATCH during pregnancy but did
not self-switch to the baby messages following their baby’s
birth.

Eligible participants were sent a text message asking if they
would be interested in being contacted for an interview. In
addition, community providers contacted some eligible
participants to invite them to participate, to accommodate those
who did not have sufficient credit on their phones to respond,
and to ensure adequate numbers. If participants replied “yes,”
they were called by the research assistant for the interview.
Before commencing with the interview, they read the participant
information sheet and consent form, and verbal consent was
then obtained. Interviews were conducted in English or Chinese
based on participant preference. Following informed consent,
the researcher then went through the interview schedule with
participants covering the following topics:

•
•
•
•
•
•
•

General feedback
Usefulness of the messages
Appropriateness of the messages, with special attention to
the cultural adaptation of messages
Perceived impacts
If withdrew: reasons for withdrawal
If did not self-switch: reasons for not choosing to switch to
baby messages
Suggestions for improvements

The interview data was analyzed and summarized using
descriptive quantitative analyses including means, standard
deviation and proportions, and qualitative comments analyzed
using simple thematic analysis.

Results
Engagement
In the first 18 months of the TextMATCH program, 1404
individuals enrolled and over 98,000 messages were sent by the
system. The percentage of participants enrolled in each of the
16 different versions of TextMATCH varied (Table 3). Even
though TextMATCH is offered to other family members,
72.44% (1017) of individuals enrolled were mothers—almost
three times more than other family members.

Table 3. Enrollment in TextMATCH by version.
Version

Cultural group

Language

Relationship to baby

n (%)

1

Māori

Te Reo

Mother

17 (1.21)

2

Māori

Te Reo

Other family member

8 (0.57)

3

Māori

English

Mother

173 (12.32)

4

Māori

English

Other family member

55 (3.92)

5

Pacific

English

Mother

244 (17.38)

6

Pacific

English

Other family member

39 (2.78)

7

Asian

Chinese

Mother

283 (20.16)

8

Asian

Chinese

Other family member

67 (4.77)

9

Asian

Korean

Mother

51 (3.63)

10

Asian

Korean

Other family member

22 (1.57)

11

Asian

Japanese

Mother

8 (0.57)

12

Asian

Japanese

Other family member

0 (0.00)

13

Asian

English

Mother

19 (1.35)

14

Asian

English

Other family member

14 (1.00)

15

South Asian

English

Mother

222 (15.81)

16

South Asian

English

Other family member

182 (12.96)

Of the 1404 individuals who enrolled in TextMATCH, 260
(18.52%) actively discontinued the program by texting the word
“STOP.” Discontinuation rates varied between the TextMATCH
cultural versions; 14.1% of those registered for the Asian
versions of the program (#7-14) texted “STOP,” 15.9% of those
registered for South Asian versions (#15 and 16), 19.9% of
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those registered for Pacific versions (#5 and 6), and 29.2% of
those registered for Māori versions (#1-4).
For those who texted “STOP,” the average duration of messages
received was 3.84 months (SD 3.10; range 0-17 months). Of
the 502 individuals who were sent text messages prompting
them to switch from the pregnancy version of the program to
the baby version, 356 (70.9%) fully completed the three text
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messages required to switch to the baby program—74.6% of
mothers and 59.1% of other family members.

from TextMATCH by texting “STOP,” and 2 (7%) had not
switched from pregnancy to baby messages.

Acceptability

The mean number of months participants had received
TextMATCH messages for was found to be 7 months (range
3-16). Those who had stopped the messages or did not switch
over (n=8) received on average 6 months (range 3-9) of
messages. A summary of the TextMATCH version that the
interview participants had received can be seen in Table 4, and
participant’s demographic characteristics in Table 5.

A total of 52 people agreed to be contacted for an interview. Of
these, 5 declined to participate, 1 was unable to provide consent,
and 17 were unable to be contacted. A total of 29 interviews
were completed. Of those who participated, 12 (41%) had
received TextMATCH for 6 months or longer, 9 (31%) had
received TextMATCH for 3-6 months, 6 (21%) had withdrawn
Table 4. Interview participants by TextMATCH version.
TextMATCHa program #

Description (cultural group, language, relationship) No. of participants

No. by type of messages received
Only pregnancy messages

Only baby
messages

Both pregnancy and
baby messages

2

2

3

1

3

Māori, English, mother

4

5

Pacific, English, mother

5

1

7

Asian, Chinese, mother

11

3

8

8

Asian, Chinese, other family member

2

1

1

15

South Asian, English, mother

6

16

South Asian, English, other family member

1

All but 2 participants (27; 93%) reported that they found the
messages personally useful. For those who found it useful, the
mean rating on a scale of 1 (a little useful) to 5 (extremely
useful) was 4.24 (SD 0.80; range 2-5). Table 6 shows the mean
ratings by interview category and TextMATCH cultural version.
Many participants commented generally on the usefulness of
messages including that TextMATCH provided a timely

6
1

reminder of information which they previously knew.
Participants reported that the messages were also reassuring,
encouraging, and motivating. The 2 participants who reported
that the messages were not useful had reported finding the
content in the messages too basic and therefore not beneficial
to them.

Table 5. Characteristics of interview participants (n=29).
Characteristics

Number, n (%)

Gender: Female

26 (90)

Relationship
Mothers

26 (90)

Other family member(fathers)

3 (10)

Māori

5 (17)

Samoan

2 (7)

Niuean

1 (3)

Tuvaluan

1 (3)

Chinese

13 (45)

Indian

4 (14)

Nepalese

2 (7)

Sri Lankan

1 (3)

Ethnicity

b

Mean age (SD )

32.6 years (range 23–44)

a

TextMATCH: Text for MATernal and Child Health.

b

SD: standard deviation.
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Table 6. Mean ratings of usefulness for those reporting the program to be useful (n=27).
Grouping

n

Mean rating (SDa)

Range

6+ months

11

4.32 (0.64)

3-5

3-6 months

9

4.67 (0.50)

4-5

Withdrew

5

3.20 (0.84)

2-4

Did not switch

2

4.50 (0.71)

4-5

Māori (#1-4)

4

4.00 (0.82)

3-5

Pacific (#5-6)

5

4.20 (0.84)

3-5

Asian (#7-14)

11

4.23 (0.61)

3-5

South Asian (#15-16)

7

4.43 (1.13)

2-5

Interview category

TextMATCHb version

a

SD: standard deviation.

b

TextMATCH: Text for MATernal and Child Health.

All participants responded that the messages were relevant to
them, with many commenting that some were more relevant
than others (28; 97%). In addition, all study participants reported
finding the messages culturally appropriate and easy to
understand (29; 100%). Participants provided positive feedback
on the personalization of the messages; they enjoyed that the
messages included greetings in languages other than English
and having their names in the messages.

When asked whether they found the specific food practices and
activities mentioned in messages appropriate to them, all but
three reported that they were (27; 93%). Reasons why food
practices and activities were less relevant to participants included
that messages referring to meat were not relevant for vegetarians,
and that messages referring to dairy products or to prepreparing
and freezing meals were not relevant for many Chinese people.

Table 7. Perceived impacts of TextMATCH.
Impact

Number responded

Response YES: n (%)

Improvements to eating habits

29

18 (62%)

Improvements to family’s eating habits

29

16 (55%)

Positive changes to food shopping

29

19 (66%)

Positive impact on exercising

29

15 (52%)

Improvements to knowledge or understanding

29

21 (72%)

Feeling more supported

28

28 (100%)

Participants were also asked if there were any messages that
they found irrelevant or inappropriate with only 6 (21%)
reporting that there were. Of these, 3 felt that some proportion
of messages did not apply to their own pregnancy or child, but
many also commented that they were happy to ignore these.
Only one respondent felt that these represented a significant
proportion of the program, and said that this was because she
had a complicated pregnancy and birth.

competency rather than assisting people who did not speak
English.

When asked if they would have preferred the messages to be in
a different language, most (25; 89%) responded “no.” One
participant would have preferred the messages in Hindi, another
in Samoan, and one was happy with her Māori cultural messages
in the English language but would have preferred more phrases
and words in the Te Reo language. A separate question sought
participants’ suggestions about the provision of messages in
other languages. Suggested languages included Samoan (n=5),
Hindi (n=5), Tongan (n=1), Niuean (n=1), and Spanish (n=1).
Some of those suggesting Pacific languages stated that this
would be useful to improve their own Pacific language

(when it’s) a stressful time and then you get the
message and realize you're not doing too bad.
[Pacific, mother]
Over 50% of participants reported that the program had
improved both their eating habits (18; 62%) and exercise (15;
52%). Furthermore, all participants reported feeling supported
by messages (28; 100%). Those who felt they had not gained
knowledge from the program still found it useful because it
made them feel more supported. One mother commented:
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Perceived Impacts
Participants were asked about the impacts that they felt
TextMATCH had on themselves, their family, and their baby
(see Table 7). A common benefit of the messages appeared to
be the reminders and reassurance they provided:
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there’s a lot of time in isolation when it’s just you and
bubba, it’s quite nice to receive that message. [Māori,
mother]
A total of 21 (72%) participants reported improvements to their
knowledge and understanding. Some participants felt that the
program was ideally suited for first-time parents with less
baseline knowledge. However, one user stated that:
it’s quite empowering actually just to get that little
bit more information you think you know everything
after seven children so it’s actually quite cool. [Māori,
mother]
A total of 12 (41%) participants reported that they had family
members also receiving the messages. All remarked that it was
good for the partners to receive messages, as it put both parents
“on the same page” with regard to pregnancy and child care,
and many discussed message content. Many mothers also felt
that their partners were better able to care for them and the baby
as a result of the messages.
All participants (29; 100%) reported that they would recommend
the TextMATCH program to others. Reasons included that it
provides useful information and tips, uses a medium which is
very accessible and unobtrusive, provides valuable reminders,
and can benefit the whole family. Respondents also mentioned
that messages provided valuable support and encouragement
and would be especially useful for first time and younger
mothers.

Reasons for Disengagement
There were 6 participants (21%) who had texted in “STOP” to
withdraw from the program after an average duration of 6
months of messages (range 4-9 months). Four of these
participants reported that they withdrew due to not finding the
messages very useful or beneficial, one due to a technical issue,
and one reported that they had only wanted the messages during
pregnancy and so stopped once their baby was born. There were
2 participants (7%) who had not chosen to switch to the baby
messages after completing the pregnancy messages. One
reported that they had not realized that they had to text back to
sign-up for the baby messages, and the other reported that things
were hectic after the baby was born and so they forgot to switch.

Suggestions for Improvements
A total of 20 participants provided suggestions for how the
program could be improved. Most commonly, participants
suggested that the messages could contain more detailed and
specific information on the baby’s diet (especially solid foods),
recipes, and activities (like where to play outdoors; n=13).
Others thought that bidirectional messages to be able to ask
about certain aspects of the program would be useful (n=5).
Two participants suggested having extra optional message
streams for certain maternal health conditions (eg, hypertension
or diabetes), areas of interest (eg, diet), or for multiple
pregnancies (eg, twins). Other suggestions included information
about local events (n=1), the use of other social media like
WeChat to enable photo or video messages (n=1), more
emotional support for mothers (n=1), changes to the frequency
or timing of messages (n=4), and better channels for users to
recommend the program to others (n=1).
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Discussion
Principal Findings
The process of developing TextMATCH with specific cultural,
family, and language versions was extensive and
resource-intensive. It involved focus groups and testing directly
with the target audience. It also involved considerable input
from the community groups working with those families. This
resulted in what appears to be a rather simple program to the
end-user, but which is actually composed of 16 different
versions. The system rules ensuring that the correct version is
sent to each participant are based on just a small number of
questions. The engagement statistics and feedback from
participant interviews have indicated that there is value in this
process, with positive responses to the personalization and
relevance of the culturally tailored messages. Other benefits of
our program include the feelings of support reported by all
participants, and the inclusion of other family members receiving
the messages.
Some participants reported that some of the messages were not
useful for them, inappropriate or irrelevant. This feedback has
been taken into consideration and the program is being improved
based on their suggestions. Regardless, all those interviewed,
even those reporting it not to be of personal use, reported that
they would recommend the program to others. Although the
program appears to be well-received and perceived to be of
benefit, evaluation of its effectiveness has yet to be undertaken
and will be necessary to understand if it is impacting on health
outcomes.
Feedback from recipients as well as changes in evidence and
guidelines mean changes to the content of programs such as
TextMATCH need to be made from time to time. In this case,
messages are updated using the same process, requiring
significant time and input from reviewers before they are loaded
into the content management system. This needs to be factored
into the ongoing costs of the program.
We believe that it is important that mHealth programs target
minority and vulnerable populations, who may have difficulty
accessing traditional health services due to a variety of reasons.
These reasons can include language, cultural differences,
geography, travel, work, or roles caring for others. It is also
important to consider the technological infrastructure of a
setting, and the power dynamics which determine different
groups’ access to technologies, and how existing communities
and health systems will respond to mHealth [3,7,25].

Limitations
It is important that these findings be interpreted in light of the
limitations including the small number of participants
interviewed, potential sampling bias in those who agreed to an
interview, and unequal samples of cultural groups and interview
categories. The overall numbers of people using the Korean or
Japanese versions of the program at the time of interviewing
were not large and interviews could not be offered in these
languages, meaning the results cannot be generalized to those
receiving TextMATCH messages in those languages. Further
investigation is needed into reasons for disengagement in those
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who had withdrawn from TextMATCH within 2 weeks of
signing up as this group was not included in the study and could
provide valuable insight into engagement.

Conclusions
We have described how mHealth can provide access to health
information, motivation, reassurance, and support in simple
programs like TextMATCH. It can also link people to existing
community programs for appropriate in-person support. It is
important that mHealth programs are designed with the
involvement of these vulnerable groups in our populations, and

Dobson et al
that we take the time and extra resources required to ensure that
the programs will be relevant and appropriate for the context
of their daily lives. This is not simply about translating programs
that have been developed for the majority. We have described
here an extensive process of developing an intervention with
minority populations first. There is no “majority” (pakeha /New
Zealand European) version of TextMATCH. This process has
begun in collaboration with the community which cares for
these families of minority cultural groups and which shares their
culture.
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Abstract
Background: Type 2 diabetes mellitus (T2DM) is a disease affecting approximately 29.1 million people in the United States,
and an additional 86 million adults have prediabetes. Diabetes self-management education, a complex health intervention composed
of 7 behaviors, is effective at improving self-care behaviors and glycemic control. Studies have employed text messages for
education, reminders, and motivational messaging that can serve as “cues to action,” aiming to improve glucose monitoring,
self-care behaviors, appointment attendance, and medication adherence.
Objectives: The Text to Move (TTM) study was a 6-month 2-parallel group randomized controlled trial of individuals with
T2DM to increase physical activity, measured by a pedometer. The intervention arm received text messages twice daily for 6
months that were tailored to the participant’s stage of behavior change as defined by the transtheoretical model of behavior
change.
Methods: We assessed participants’ attitudes regarding their experience with text messaging, focusing on perceived barriers
and facilitators, through two focus groups and telephone interviews. All interviews were audiorecorded, transcribed verbatim,
coded, and analyzed using a grounded theory approach.
Results: The response rate was 67% (31/46 participants). The average age was 51.4 years and 61% (19/31 participants) were
male. The majority of individuals were English speakers and married, had completed at least 12th grade and approximately half
of the participants were employed full-time. Overall, participants were satisfied with the TTM program and recalled the text
messages as educational, informational, and motivational. Program involvement increased the sense of connection with their
health care center. The wearing of pedometers and daily step count information served as motivational reminders and created a
sense of accountability through the sentinel effect. However, there was frustration concerning the automation of the text message
program, including the repetitiveness, predictability of text time delivery, and lack of customization and interactivity of text
message content. Participants recommended personalization of texting frequency as well as more contact time with personnel for
a stronger sense of support, including greater surveillance and feedback based on their own results and comparison to other
participants.
Conclusions: Participants in a theory-based text messaging intervention identified key facilitators and barriers to program
efficacy that should be incorporated into future texting interventions to optimize participant satisfaction and outcomes.
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Introduction
Background
Type 2 diabetes mellitus (T2DM) is a disease affecting
approximately 29.1 million people in the United States, and an
additional 86 million adults have prediabetes [1]. Diabetes
self-management education, a complex health intervention
composed of 7 behaviors: (1) blood glucose self-monitoring,
(2) taking medications, (3) healthy eating, (4) being active, (5)
reducing risks, (6) healthy coping, and (7) problem solving, is
effective at improving self-care behaviors and glycemic control
[2]. Yet many individuals with T2DM fail to adopt and sustain
a more active lifestyle despite its benefit on both health
outcomes and quality of life [3-5].
Multiple meta-analyses have demonstrated overall success of
mobile-based (mHealth) interventions with text messaging for
glucose self-monitoring and glycemic control while results for
long-term physical activity improvement among those with
T2DM have been mixed [6-8]. However, mHealth is viewed as
a promising intervention platform given the ubiquity of cell
phones with texting and Internet access capabilities including
among racial and ethnic groups and those with low
socioeconomic status [9-11]. In fact, a 2015 Pew Research
Center survey found that 92% of adults in the United States
own a cell phone [12]. Importantly, mobile technologies can be
tailored to an individual’s health behavior needs thus increasing
the likelihood of initiating and maintaining lifestyle change [6].
Furthermore, text message-based studies have been shown to
be a low-cost and feasible method of conveying health
information because message banks can be predesigned and
automatically sent to individuals on a set schedule. Studies have
employed text messages for education, reminders, and
motivational messaging that can serve as “cues to action,”
aiming to improve glucose monitoring, self-care behaviors,
appointment attendance, and medication adherence [6,13-17].
The Text to Move (TTM) program was a 2-parallel group
randomized controlled trial that recruited participants with
T2DM from health centers affiliated with a large academic
center [18]. All individuals in the study were given an ActiPed+
pedometer—a small, wireless activity sensor—that recorded
daily step count, distance traveled, calories burned, and activity
time. Daily step counts were uploaded either manually or
automatically (via Bluetooth wireless technology) onto a
Web-based portal. The per subject, per month cost of TTM was
approximately US $30.
Participants in the intervention arm were sent two messages a
day for a 6-month period. An interdisciplinary team of
physicians and health researchers created a bank of over 1000
text messages; subsequently, a behavioral psychologist grouped
messages into the stages of behavior change specified by the
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transtheoretical model of behavior change [19,20]. The
Transtheoretical Model states that behavior change is a nonlinear
and dynamic process that involves 6 stages: precontemplation,
contemplation, preparation, action, maintenance, and termination
[21]. Participants’ stage of change was measured at enrollment
and reevaluated every month, dictating the content of text
messages sent. The messages were designed to provide
bite-sized (160-character length) coaching based on daily step
count, captured by pedometers, and preset physical activity
goals that were agreed upon at the initial visit. The messages
aimed to provide support, health education, motivation, and
reminders to promote healthy behaviors. The text messages
were designed at a 3rd grade reading level and were provided
in English or Spanish, according to participant preference.
Finally, to optimize engagement, two messages per week were
question-based and required a simple response from participants.
The TTM study design was first tested for participant acceptance
in a 3-week feasibility study with 20 individuals [22].

Purpose of the Study
Behavioral interventions should be theory-driven and take into
account a participant’s beliefs, preferences, readiness for change,
and perceived risks and benefits. Currently, there is a paucity
of published studies that assess participants’ experiences with
text messaging interventions, hindering the development of
successful, patient-centered programs. The purpose of this study
was to collect participants’ feedback from the TTM program in
order to ascertain the facilitators and barriers to participant
engagement. In addition, we inquired about (1) overall
satisfaction and perceived effect of participating in the TTM
program, (2) knowledge of and barriers to physical activity, (3)
perception of text message frequency, content, style, and impact
of texts on physical activity, (4) effect of wearing a pedometer,
and (5) barriers to intervention efficacy.

Methods
Recruitment
The study was approved by the Institutional Review Board for
the Massachusetts General Hospital and registered at
clinicaltrials.gov/ct2/show/NCT01569243. A total of 98
individuals completed the TTM study of which 46 were assigned
to the intervention arm and were contacted for poststudy
interviews 6 months to 1 year after the study concluded.

Study Procedures
All English-speaking TTM intervention participants were asked
to participate in one of two focus groups held at two health care
centers where participants were originally recruited. These focus
groups spanned 90 min, were conducted in English and
employed an in-depth, semi-structured guide (see Multimedia
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e54 | p.134
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Appendix 1). Participants were compensated US $40 for
attending.
If an individual did not attend a focus group or was
Spanish-speaking, they were contacted for a telephone interview.
Interviews were conducted either in English or Spanish by one
of two trained researchers using an adapted questionnaire from
the focus groups (see Multimedia Appendix 2) to facilitate
telephone engagement. Interviews lasted at most 45 min and
participants received US $25. The interview guide was
professionally translated to Spanish and reviewed for accuracy
by two native Spanish speakers. Saturation was reached when
members of the study team determined participant responses
were reoccurring and no new insights or information was being
gathered [23,24].

Data Analysis
All interviews and focus group sessions were audiorecorded,
professionally transcribed verbatim, and then reviewed by team
members for accuracy and completeness. Transcripts were
analyzed with NVivo 9 (QSR International Pty Ltd, Version
9.2.81.0, 2010). A grounded theory approach was used in data
analysis, beginning with two researchers reading three transcripts
and identifying main themes [25]. Three additional transcripts
were chosen based on richness of text, and four team members
read through each transcript, modifying the codes, proposing
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subthemes, and drawing connections between codes. All four
researchers conferred and discussed disagreements with our
application of codes, ultimately finalizing a thematic framework
through consensus. Using this framework, two researchers
double-coded two additional transcripts and compared our
results to ensure high intercoder reliability. In asking the same
questions in the one-on-one interviews and focus groups, the
content was comparable although it was not possible to quantify
our results [25].

Results
Participation
Figure 1 shows the recruitment of the 46 participants from the
TTM intervention arm to attend a focus group or complete a
phone interview 6 months to 1 year after the study concluded.
For the focus groups, 38 English speakers were invited, 14
agreed to participate, and 12 individuals attended (7 in the first
focus group and 5 in the second). Of the remaining 34
individuals who did not partake in a focus group, 24 agreed to
participate in a phone interview and were scheduled, 19
individuals participated, and 4 were conducted in Spanish. In
total, 31 of the 46 individuals who completed the TTM
intervention participated in either a focus group (n=12) or a
one-on-one interview (n=19), yielding an overall response rate
of 67% (31/46 participants).

Figure 1. Recruitment of participants from Text to Move (TTM) intervention arm.
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Participant Characteristics
Of the 31 participants, 19 were male, and the average age was
51.4 years (see Multimedia Appendix 3 for full demographics
table). The majority of individuals were married and English
speakers, had completed at least 12th grade or attained a General
Education Development (GED; ie, high school equivalency
diploma). Approximately half of all participants were employed
full-time. Compared with individuals who did not participate,
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participants in postintervention follow-up sessions were not
significantly different in demographic characteristics.

Thematic Analysis
On the basis of English and Spanish interviews, four domains
emerged from our analysis: (1) effect of study participation, (2)
effect of wearing the pedometer, (3) effect of text messages,
and (4) barriers to intervention efficacy. The following are select
quotes in conjunction with Textboxes 1-4.

Textbox 1. Domain 1: themes and subthemes with associated quotes.
Effect of participating in Text to Move (TTM)
Increase in daily disease awareness
•

Diabetes is an everyday part of my life. Insulin, pills, of course exercise. I thought (TTM) was awesome, actually. It kind of reminded me every
time I got a text.

Program integrated into daily life
•

I mean, first describing it, it seems like, “Oh this may be a pain,” but once it’s just like everything else, once you implement it into your lifestyle
it becomes second nature and it really wasn’t that bad.

Connections arising from participation
•

•

Increased connection and sense of support from health care team
•

I did try to do the best that I could, so that the research could open up more doors or more windows to people to get the job done the right
way, to help out others.

•

For me, (the program) did matter because it means that I was doing something that people were putting the time and money into it. Because
even if it would have been that I didn’t get anything back, any positive feedback or a reminder, I would have been out. They don’t care. So
if they don’t care, why should I care? But just by receiving those text messages on a daily basis and just seeing on the computer how good
I was doing, it just kept giving more encouragement for me to do the right stuff.

Ambivalence or no change in connection nor sense of support from the health care team
•

I wanted to believe that there was actually a person who gave a crap about what my data said. It didn’t feel that way.

Textbox 2. Domain 2: themes and subthemes with associated quotes.
Effect of wearing the pedometer and receiving texts on daily step count
Motivational through viewing step count and related texts
•

I’m very much like you where I need that instant—like I need it right now to show me. So with that (pedometer), when I would go home and see
the numbers, that would motivate me, when I saw how close I was...I’d go outside at 11:40 (pm) because I knew I had 20 minutes.

•

I was challenging myself to do better and to go farther than previous...I knew what I did the day before and was like, “How do I challenge myself
to go a little bit farther, to push myself a little bit hard today?”

•

It was very great to have it working correctly, and synchronized (to the) computer, and you could have the graph to see if you were up by a little,
you know, how it worked, or your level, you know, how you were doing. A lot of people are visual. So when you see that visual in front of you,
it’s very powerful.

Sentinel effect from using the pedometer and receiving step count information
•

I’d feel guilty if I didn’t reach my goal everyday...I felt bad, like I’m not doing my homework.

•

It made me feel motivated...I would (exercise) because I was afraid they were going to say, “Hey! Get off that sofa!”

Evangelizing new technology to others not involved in study
•

I told all my friends actually, everybody was asking me, “What’s that in your shoes?” Because I put it in my shoes, and I told them that’s to make
me move (chuckles).
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Textbox 3. Domain 3: themes and subthemes with associated quotes.
Effect of text messages
Text messages as daily reminders
•

I never expected that it was a live person behind. I knew it was kind of like, this is six o’clock. I’m going to get the message, whether it’s the same
one that I had before. I just knew it was like a tool and a reminder. I did find it like a reminder.

Text messages as informational or useful for idea generation for increasing physical activity
•

There were some times that, let’s say I didn’t walk. They would be like, “Try to do this type of exercise”...They would give me an example of
what other exercises I could have done or stuff like that. So it opens up your mind to see what other things you can do.

Textbox 4. Domain 4: themes and subthemes with associated quotes.
Barriers to Text to Move (TTM) intervention efficacy
•

Technical issues

•

Personal reasons
•

Lack of investment in the study

•

Comorbidities or physical pain prevented exercise

•

Environmental factors
•

•

Dislike of automation of text messages
•

Text messages were too repetitive and predictable
•

I can tell that they were a can of limited messages that were repeating over and over again. It seemed like it was coming out and it was
automated, almost like an alarm clock, that would give you a text. I would almost expect it.

•

Inability to control text frequency

•

Lack of personalization

•

•

The text messages, I thought, were too generic. I thought that they should be specifically more to your accomplishments, and not just
the general daily thoughts of the people that are programming it.

•

(The messages) should specifically target that individual...relating to what you are achieving, or what you’re trying to achieve.

Lack of interactivity of text messages
•

•

It would have been nice, like if it was raining out, we’re all in the same area, “Even though it’s raining out, you can still get active.”

You should be able to voice your opinion, which you can’t answer them back when they send you a message. That they should let you
do.

Limited knowledge of recommended physical activity

Domain 1: Effect of Study Participation
Theme: Increase in Daily Diabetes Awareness
Overall, most respondents reported that participation increased
awareness of the daily presence of diabetes in their lives and of
their current levels of physical activity.
Theme: Program Integrated into Daily Life
Many participants explained that once they grew accustomed
to wearing the pedometer and began to anticipate text messages,
the program was incorporated into their daily routine.

Theme: Connections Arising From Participation
Increased Connection and Sense of Support From Health
Care Team
Several participants exhibited high relationality within the TTM
program, noting that their involvement made them feel as if
“someone cared.” A focus group participant explained, “It felt
like, yea, someone cares what I did today. Even though I have
great support from my family, it’s my private, personal, little
cheerleader.” Other respondents relayed feelings of “being a
part of a team” during participation in the TTM study.
Furthermore, when asked if and how the program altered
participants’ views of their clinician or health care center, many
described developing a more positive outlook. In fact,
approximately one-third of participants reported that it was their
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physician who introduced them to the program and encouraged
them to enroll. One individual recollected, “If (doctors) mention
it to (patients) in the right way, like my doctor did, you’d want
to get involved. I believe my doctor’s the one who really made
me feel comfortable about it.”
Ambivalence or No Change in Connection Nor Sense of
Support From Health Care Team
Almost half of the participants demonstrated low relationality
during the program. In other words, many felt that their
involvement in the TTM program was arbitrary and they did
not believe that anyone was monitoring their progress. When
asked who they perceived to be sending the text messages, a
quarter of respondents had no opinion of the sender. They
expressed ambivalence when asked how the program impacted
their view of their health care center or physician, stating that
their health care provider was not aware of their involvement.

Domain 2: Effect of Wearing the Pedometer and
Receiving Texts on Daily Step Count
Theme: Motivation Through Viewing Pedometer Step Count
and Related Texts
For over half of participants, the pedometer proved to be a
motivating tool, as step count was perceived as a tangible and
realistic target. One female described, “...I would see my
numbers and I’m like, ‘I’m so close to this goal.’ I would go
out in my backyard and just walk in circles just to get to that
next level.”
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common. For example, a participant described, “It reminded
me about taking my medication, it reminded me, ‘Yeah, I need
to get up and go exercise.’ I always thought it would be good
for quitting smoking, too.”
Theme: Text Messages as Informational and Useful for Idea
Generation for Increasing Physical Activity
A few individuals recalled that the texts provided helpful hints
on ways to increase physical activity. One participant recounted,
“Instead of parking right next to the door at my work, I parked
at the very end of the parking lot and walked. It was one of these
things, those little reminders, ‘don’t park so close to your work,’
‘don’t park so close to the mall entrance,’ ‘park farther away,’
and get in a few more minutes of walking a day.”

Domain 4: Barriers to Text to Move (TTM) Intervention
Efficacy
Theme: Technical Issues
The most common complaint with the TTM program was
malfunctioning of the pedometer or computer software, which
led to illogical text messages being sent to participants.
Technological issues were a source of frustration with a quarter
of respondents. Two participants reported having trouble using
their phone keypads to write a text, preventing a response to
question-based messages.
Theme: Personal Reasons
Lack of Investment in the Study

Specifically, “seeing the numbers” represented a goal that
participants could attain. Many participants described that
knowing the previous day’s step count provided a measure that
could be reached or surpassed the following day. The Web-based
portal was generally viewed favorably, as several participants
noted that it was helpful to track progress longitudinally and
observe patterns of physical activity.

Individuals often cited reluctance toward physical activity or
diabetes self-management as reasons why TTM was not
effective. For instance, a couple of participants revealed that
they were not emotionally invested in the program. In discussing
the text messages, one man said, “They weren’t
supportive—they probably would have been supportive if I was
willing to do stuff.”

Theme: Sentinel Effect From Using the Pedometer and
Receiving Step Count Information

Comorbidities or Physical Pain Prevented Exercise

Over half of participants explained that they felt their
performance in the TTM program was being monitored closely
and thus they felt motivated to improve their levels of physical
activity. This awareness of being monitored and the subsequent
adjustment of behavior is known as the “sentinel effect.” For
instance, one individual stated, “The majority of the time I was
physically active because I knew I was being monitored, and I
was trying to challenge myself.”
Theme: Evangelizing New Technology to Others Not
Involved in Study
A few individuals were very enthusiastic about sharing the
technology with family, friends, and colleagues.

Domain 3: Effect of Receiving the Text Messages
Theme: Text Messages as Daily Reminders
Most participants regarded the text messages as daily reminders
about physical activity or a diabetes self-care behavior. This
perception of the text messages as a functional tool, rather than
a source of motivational or educational information, was very
http://mhealth.jmir.org/2017/4/e54/
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About half of respondents explained that comorbidities or pain
prevented physical activity. A few participants wished the text
messages had taken into account the physical challenge
associated with the transition period between a sedentary and
active lifestyle. For example, “I kind of ignored (the text
messages) because if I was hurting I would do nothing. I would
just not pay attention to it.”
Environmental Factors
Many individuals reported that there were external factors
inhibiting physical activity such as inclement weather, time
constraints, or exhaustion from daily work requirements.
Theme: Dislike of Automation of Text Messages
Text Messages Were Too Repetitive and Predictable
Many participants divulged that the text messaging component
became predictable, monotonous, and toward the end of the
program they would ignore the texts. One male respondent
elaborated, “When they’re repetitive, they were nagging because
it’s like, ‘I already read this, I need something new’... it’s kind
of sad, but at the end of it, it was like really annoying.”
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Inability to Control Text Frequency

satisfaction with the program, with over 90% of respondents
agreeing that they would recommend the TTM program to a
friend with some participants evangelizing the pedometer and
TTM to others not involved in study. Yet, several themes reveal
sources of frustration among study participants, including a lack
of control over program intensity, impersonalization of text
messages, and limited feedback from study coordinators. At the
same time, we found that participants’ views on TTM were
impacted both by social influences and personal reasons.

A few participants reported that they became weary of the
unchanging frequency and timing of the text messages. Although
over half of respondents “felt fine” with the number of the texts
messages, a few said that there were too many. Several
participants expressed interest in controlling the amount and
timing of the messages that they received.
Important to note, whereas a few participants were dissuaded
by the automation of the program, others did not mind the
consistency of the text messaging system. One man stated, “To
me it didn’t matter, because when you get a text message it’s
so impersonal that it doesn’t matter who it comes from, where
it comes from. As long as it says the right thing.” In discussing
the amount and regularity of the text messages, one man
explained, “I would say no, not annoyed. I like the word
‘nagging’ better. It was like motherly love.”
Lack of Personalization of Text Messages
There was frustration with the lack of personalization of the
text messages. Several participants stated that they would be
more likely to read the texts if they contained information
specific to their health goals or progress. In addition to
addressing activity goals, many participants agreed that they
would like the text messages to include a personal touch, such
as their name.
Lack of Interactivity of Text Messages
The lack of interactivity associated with the text messaging
system was another source of dissatisfaction, participants often
asserting, “there was no way you can respond.”
Theme: Limited Knowledge of Recommended Physical
Activity
There was a lack of differentiation between physical activity
and exercise. When probed during the one-on-one interview,
only 4 participants identified the two as separate constructs.
When questioned about the recommended level of physical
activity for individuals with T2DM, approximately half of
individuals said that they were not aware of the guidelines. A
few respondents said that they received information on
appropriate activity levels from their physician, whereas others
said that they knew that physical activity was important,
although they were not sure how much was necessary. When
asked the most frequent form of physical activity that they
partake in, half of participants replied, “walking,” whereas
one-third of respondents answered, “use of equipment or
weights.”

Discussion
Principal Findings
This study reports the perspectives of participants who
completed a texting-based physical activity program for
individuals with T2DM. TTM was a unique program for three
significant reasons: (1) it combined pedometer and text-message
components, (2) the text messages were developed based on
the transtheoretical model of behavior change, and (3)
participants could move between stages of change according to
pedometer activity input. There was general participant
http://mhealth.jmir.org/2017/4/e54/
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To start, participants varied in their preferences for program
intensity stating that they wanted more control over texting
frequency. Our finding is consistent with the variable-ratio
schedule operant conditioning phenomenon in which a schedule
of behavioral learning reinforcement is accomplished through
an unpredictable sequence of communication or rewards. This
schedule creates a steady and high rate of behavior change
compared with a fixed schedule that was used in TTM [26].
Other studies have allowed participants to control the frequency
and timing of text messages [6,27]. One texting-based weight
loss program was designed to automatically reduce the number
of text messages sent to a participant if their response rate was
declining, aiming to minimize annoyance [28]. Texting-based
interventions should utilize the variable-ratio schedule or permit
greater participant autonomy in regulating text frequency in
order to reduce texting fatigue and increase the likelihood of
engagement.
In addition to the frequency pattern of messages, meta-analyses
of technology-based studies suggest that personalization of
message content can lead to higher participant retention and
engagement [6,7]. Our results corroborate these findings.
Tailoring encompasses three domains: personalization, feedback,
and content matching (identifying determinants of a given
behavior that an individual must focus on to achieve that
behavioral outcome [29]). In content matching, potential barriers
to physical activity could be identified at enrollment and text
content adjusted to incorporate tailored solutions [30,31]. In
addition, teaching problem solving techniques has been shown
to be an essential component of behavior interventions and could
be easily integrated into mHealth programs [29] enhancing
participants’ self-efficacy and empowerment for long-term
behavioral change [32]. TTM respondents recommended that
messages could incorporate not only name and gender, but also
the participant’s behavioral preferences and goals, perceived
barriers, previous text responses, and medical status. Through
personalizing text messages, participants could feel “coached”
as opposed to “hassled,” potentially increasing their attention
to messages. Importantly, the feasibility of personalization has
been demonstrated in several texting-based studies that rely on
low-cost computer programming to formulate messages [32,33].
Immediate feedback is also considered a cornerstone of a
tailored invention as it is used to validate and encourage
participants’ progress [34-36]. TTM was characterized by mostly
unidirectional, computer-generated communication that many
participants found exasperating. However, other participants
reported increased connections arising from participation and
were very pleased with the program’s design. Evidence of high
relationality included perceived programmatic or clinical
support, being “a part of a team” and the “sentinel effect” (ie,
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the tendency for performance to improve when participants
become aware that their behavior is being evaluated and believe
that meaningful consequences could follow). Our results suggest
that through amplifying the “human component” via
interactivity, the monotony of automated messaging, often
necessary due to feasibility and cost restrictions, could perhaps
be overcome. For example, CareSmarts, a successful diabetes
behavioral
modification
intervention,
combined
computer-generated text messaging with remote nursing support
[27]. The interactive nature of the text messages allowed for
immediate nurse follow-up if a health problem arose. Although
we were unable to correlate relationality with outcomes,
previous studies link participant awareness of “someone on the
other end” to greater participant activation, retention, higher
self-efficacy (ie, an individual’s belief that a behavior-specific
goal can be achieved), and greater physical improvements,
including a larger reduction in HbA1c (glycated hemoglobin)
[7,27,35,37-39]. It is important to consider that requiring a
response from participants may entail a higher level of mobile
phone proficiency. At the same time, expanding the role of
program staff may increase social support and subsequently
improve diabetes self-management [40]. There is limited
evidence that text messages are a sufficient stand-alone tool to
engage patients in long-term, complex behavioral change and
our findings highlight the value of maintaining human
interaction in a technology-based program [41].
Identified themes pertaining to preference for increased
relationality align with the unified theory of acceptance and use
of technology (UTAUT), which outlines several factors
influencing technology adoption: effort expectancy (perceived
ease of use of the technology); performance expectancy
(perceived usefulness of the technology); and social influences
(perceived expectations from others regarding one’s personal
use of the technology [42]). Effort expectancy is essential to
technology adoption and future studies will need to offer varying
degrees of continual technical support. Problems with
technology was the most frequent complaint among participants
and perhaps contributed to disengagement with the program.
Our analysis also revealed that performance expectancy and
social influence shaped participants’ perceptions of the TTM
program, particularly if they felt connected to their health care
provider and clinic. Prior studies have found that participation
over time in mHealth interventions can be improved through
regular reminders from clinicians and that there is a patient
preference for occasional in-person interaction with physicians
[43,44]. mHealth interventions should underscore perceived
support from clinical team members and further investigate
optimal contact intensity for program success. This is critical
when considering the importance of end-user satisfaction in
increasing long-term success [45].
Finally, it is important to recognize that T2DM is a multifaceted
condition affected by a range of behavioral and physiological
processes. The theme describing text messages as reminders,
which while useful to many, reveals that TTM may have been
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too narrow in scope to promote long-term behavioral change.
Unlike interventions aimed at achieving smoking cessation or
hand washing, programs that seek to increase physical activity
levels may require a more comprehensive approach [46,47].
Several texting-based studies that address physical activity along
with supplemental behaviors such as diet, tobacco use, and
diabetes self-care activities, have demonstrated greater health
outcomes and lower attrition rates [48,49]. Other studies
involving individuals with T2DM have successfully integrated
a glucometer with a mobile device to monitor blood glucose
levels [45,50]. There are several behaviors implicated in T2DM
outcomes and interventions should reflect this complexity. Prior
non-mHealth physical activity behavioral interventions have
included additional features that may be of use in mHealth-based
studies: (1) goal setting; (2) behavioral contracting; and (3)
adjustable physical activity goals that are personalized to a
participant’s stage of change [49].

Limitations
Despite study strengths, our results should be interpreted with
the following limitations. First, interviews were conducted half
a year to one year following closeout of the 6-month TTM
program. Therefore, recall and social desirability biases may
have impacted participant responses to be more favorable than
if collected during or immediately after the intervention.
However, we are reassured that the data collected during focus
groups and one-on-one interviews, though spaced months apart,
revealed common themes. Finally, our results may not be
generalizable to other settings because our participants were
recruited from community health centers aligned within a large,
urban academic health center in Massachusetts. Participants
were mostly English-speaking and had high levels of educational
attainment and employment.

Comparison With Prior Work
Texting-based interventions have the potential to improve
diabetes self-management and enhance physical activity in
individuals with type 2 diabetes. Future studies should prioritize
participant involvement and input in the design of texting
features [51]. In addition, enhancing the human connection, via
in-person or telephone contact, while also providing personal
feedback and problem solving guidance may increase program
efficacy, as participants are made to feel accountable and
supported during the study. Finally, including supplemental
health behaviors in the content of text messages, such as diet
and medication adherence, may aid in participant engagement.

Conclusions
Although text messaging represents a scalable and cost-effective
method of facilitating communication between patients and their
health care team [52], our results suggest that texting should
not substitute, but rather supplement clinical support. In all,
twice-daily text messages paired with a pedometer device were
generally accepted as congruous tools to motivate and monitor
physical activity for individuals with type 2 diabetes.
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Abstract
Background: Nutrition and diet apps represent today a popular area of mobile health (mHealth), offering the possibility of
delivering behavior change (BC) interventions for healthy eating and weight management in a scalable and cost-effective way.
However, if commercial apps for pediatric weight management fail to retain users because of a lack of theoretical background
and evidence-based content, mHealth apps that are more evidence-based are found less engaging and popular among consumers.
Approaching the apps development process from a multidisciplinary and user-centered design (UCD) perspective is likely to help
overcome these limitations, raising the chances for an easier adoption and integration of nutrition education apps within primary
care interventions.
Objective: The aim of this study was to describe the design and development of the TreC-LifeStyle nutrition education app and
the results of a formative evaluation with families.
Methods: The design of the nutrition education intervention was based on a multidisciplinary UCD approach, involving a team
of BC experts, working with 2 nutritionists and 3 pediatricians from a primary care center. The app content was derived from
evidence-based knowledge founded on the Food Pyramid and Mediterranean Diet guidelines used by pediatricians in primary
care. A formative evaluation of the TreC-LifeStyle app involved 6 families of overweight children (aged 7-12 years) self-reporting
daily food intake of children for 6 weeks and providing feedback on the user experience with the mHealth intervention. Analysis
of the app’s usage patterns during the intervention and of participants’ feedback informed the refinement of the app design and
a tuning of the nutrition education strategies to improve user engagement and compliance with the intervention.
Results: Design sessions with the contribution of pediatricians and nutritionists helped define the nutrition education app and
intervention, providing an effective human and virtual coaching approach to raise parents’ awareness about children’s eating
behavior and lifestyle. The 6 families participating in the pilot study found the app usable and showed high compliance with the
intervention over the 6 weeks, but analysis of their interaction and feedback showed the need for improving some of the app
features related to the BC techniques “monitoring of the behavior” and “information provision.”
Conclusions: The UCD and formative evaluation of TreC-LifeStyle show that nutrition education apps are feasible and acceptable
solutions to support health promotion interventions in primary care.
(JMIR Mhealth Uhealth 2017;5(4):e48) doi:10.2196/mhealth.7080
KEYWORDS
mHealth; child; overweight; pediatrics; health behavior; evaluation studies
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Introduction
Background
Mobile technology has experienced impressive gains in
popularity in recent years [1]. As people typically develop a
strong attachment to their mobile devices and frequently keep
this technology with them all the times, mobile platforms
provide a critical source of information and motivation for
engaging users with health interventions and behavior change
(BC) [2-3]. Mobile devices increase the potential to promote
healthy nutrition behaviors, and today nutrition and diet apps
represent the fastest growing field of health promotion apps [4].
Mobile health (mHealth) apps for nutrition education can be
suitable solutions to support parents’ involvement in childhood
weight management interventions provided in primary care, as
this is often the families’ first point of contact with the health
care system [5,6]. The delivery of a primary care intervention
by leveraging on digital and mobile support facilitates a higher
compliance to it by the target users such as parents, who might
have tight daily agendas, difficulties in tracking children’s
weight-related behaviors over a day per week on paper diaries,
and location difficulties [7]. Also, nutrition education apps make
it possible to follow up healthy eating interventions long after
their completion, a time when relapses are most likely to occur,
thus supporting maintenance of healthy behavior in the
long-term [8].
Today, a large consensus exists in recommending the
development of mHealth interventions as based on evidence,
BC theory and taxonomies, as well as on formative evaluation
with the target user groups [9,10]. However, still a majority of
children weight management apps do not use any recommended
strategies or behavioral targets [11], and a few apps specifically
target parents or families, which instead play a key role in
supporting children’s adoption of healthy lifestyles [12,13].
Moreover, recent studies have shown that commercial mHealth
apps are more engaging and better appreciated by users with
respect to evidence-based mHealth apps [14], but the quality of
information provided by commercial mHealth apps is often
rated as quite poor [15,16]. This suggests that a thorough
user-centered design (UCD) approach informed by
theoretical-empirical knowledge, as well as by user engagement
principles, is required today to ensure a wide adoption of the
mHealth intervention provided [10,17-19].
Involving all relevant stakeholders and target users in the
development of such interventions may help improve their
effectiveness and acceptability [20,21]. Getting early feedback
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from end-user populations helps ensure quality and usefulness
of content, and the involvement of stakeholders who play a role
in providing care to or managing overweight children is the key
to inform feasibility and usability of the solutions designed [22].

User-Centered Approach
This study describes how a UCD approach [23] founded on
primary care practices and requirements was deployed for
developing the TreC-LifeStyle app for nutrition education, and
how the validity of the mHealth intervention designed was tested
with representatives of the target user group in a formative
evaluation.

Methods
mHealth Intervention Design and Development
The design and development process of the TreC-LifeStyle
mHealth intervention followed four main stages (Figure 1):
1.

2.

3.
4.

Collecting requirements from primary care professionals
on nutrition education practices, guidelines, and on the
typical profiles of parents or families that could most benefit
from the intervention
Prototyping the app features based on the collected
requirements and on a review of nutrition education apps
already available in the market
Revising the prototyped features with pediatricians and
nutritionists with respect to content and BC strategies
Deploying the intervention in a formative evaluation study
with target families for further refinement of the mHealth
app and intervention

In stages 1 and 3, several meetings were held in 2015 among
the design team, involving experts in BC interventions, working
together with 3 pediatricians and 2 nutritionists from primary
care services in the Trento region (Italy). In stage 2, the design
team reviewed state-of-the-art features in nutrition education
apps available in the market, then mapped the requirements
collected with the most appropriate BC techniques proposed by
international standards and taxonomies [24]. It also developed
a concept for providing the mHealth intervention in the most
intuitive way, reducing as much as possible attention thefts by
the app for children’s food intake reporting and monitoring by
parents.
In stage 4, a protocol for the formative evaluation study was
prepared by the design team and then deployed for
understanding usability and feasibility of the mHealth
intervention with target users.
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Figure 1. The design and development stages of the mHealth app intervention. BC: behavior change.

Nutrition Education Requirements
In stage 1, pediatricians helped better understand the nutrition
education practices and typical interventions provided in
pediatrics primary care to prevent children from being
overweight [25], as well as the main obstacles met by parents
and families in adopting healthy eating behaviors. A main
objective for pediatricians is to teach parents how to adhere to
the eating guidelines provided by the Mediterranean Diet and
the Food Pyramid while educating their children on healthy
nutrition and managing them. Parents of overweight or obese
children aged 6-12 years often seek support from primary care
services, they might be prepared to change, but often fail in
putting into practice healthy eating practices. In recent years,
pediatricians tend to recommend nutrition education programs
based on Therapeutic Patient Education [26] rather than Dietetic
Therapy [27], as prescriptive dietary approaches are often
perceived as more stigmatizing of individuals’ behaviors and
were found less acceptable and effective in achieving BC in the
short- and long-term [28]. Educational approaches avoid an
exclusive focus on children’s food intake calories control, but
encourage parents to become more aware about their children’s
lifestyle, including both eating behavior and physical exercise
and the complex system of emotional perceptions related to
food intake. Accurate, reliable, and personalized monitoring of
children’s lifestyle is always a challenge during primary care
intervention; mHealth apps can improve the delivery of these
http://mhealth.jmir.org/2017/4/e48/
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interventions, helping nutrition education to turn into effective
BC, but they need to be enough motivating and engaging to be
used by families to achieve the desired objectives.

TreC-LifeStyle App Description
As an output of stage 2, a first prototype of the mHealth app
was developed based on a mapping of the requirements collected
from primary care experts with nutrition education features most
likely to support the desired BC effectively (Table 1).
The mobile app is part of the TreC platform used in the Trento
region as a citizen-controlled clinical record system allowing
users to manage their own health and facilitating
communications with health care professionals and institutions
[29,30].
In case of the TreC-LifeStyle solution, pediatricians can access
data of their patients (child or parent) from a Web app dashboard
(Figure 2) integrated into the TreC platform; they can configure
the app intervention for each patient, prescribe it as a nutrition
education intervention, and visualize data related to the
intervention to inform follow-ups with patients. The
TreC-LifeStyle prototype app was developed for Android
devices only in this phase, with the plan of implementing both
Android and iOS versions of the mobile app after the formative
evaluation phase. To ensure confidentiality of the data acquired,
the TreC-LifeStyle platform saves data in the local database of
the user mobile phone device, in an anonymized format. The
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anonymized data are then transferred on to a server by means
of rest calls requiring security authentication of level 2
(username and password). This way, the identity of the
user-participant is only known by the pediatrician who has
prescribed the mHealth intervention.
The target user of the TreC-LifeStyle intervention is the
child-parent–dyad in need of overweight or obesity prevention
support. In order to minimize possible acceptability concerns
related to young children’s use (and possible abuse) of the

mobile technology, the TreC-LifeStyle app is meant to be
installed on the parent’s mobile phone and used primarily by
the parent as a supporting tool for more precise monitoring of
the child’s food intake and physical activity during the
intervention. To ensure child engagement during the BC
intervention, the child is asked to wear a bracelet (synchronized
to the mobile app) for automatic tracking of daily steps to be
reviewed with the parent on the TreC-LifeStyle home display
and for checking the achievement of daily physical activity
goals.

Table 1. Mapping of user requirements to TreC-LifeStyle app features and behavioral change techniques.
User requirements

App features

Behavioral change techniques

Time-saving, convenient, intuitive interac- Food intake dashboard (including recommended portions and quantition
ties), virtual coaching messages

Instruction on how to perform
the behavior

Digital tracking of child’s food intake over Colors of food categories on dashboard, reports of meals and nutrient
time
balance

Monitoring of the behavior

Tracking of compliance with healthy nutri- Color or blinking of food boxes on dashboard, color of nutrient bars
tion guidelines
on reports

Feedback on the behavior,
prompt or cues

Automatic tracking of child’s physical
activity

Daily steps display

Review behavioral goal achievement

Motivation to increase physical activity

Steps label in gold

Rewarding

Memory aid for future food purchases

Shopping list

Information provision

The concept design of TreC-LifeStyle app was based on the
following principles:
1.

2.

3.

The delivery of evidence-based nutrition education content,
compliant with primary care practices, supporting
knowledge and adoption of the Mediterranean Diet, Food
Pyramid guidelines [31-33], and at least 10 K steps of daily
physical activity by children.
A low-burden reporting of children’s food intake by parents
by means of an intuitive food dashboard screen on the app
(Figure 3), based on the food categories recommended by
international and national guidelines on healthy nutrition
[31-33], combined with monitoring, feedback, rewarding,
and virtual coaching features proposed by international
taxonomies of BC techniques [24].
Automatic tracking of children’s physical exercise by means
of commercial devices like Jawbone and Misfit bracelets
integrated with the app’s features: The number of daily
steps detected from the wearable device is displayed on the
home page of the mobile app, close to the display of the
calories intake. When the child reaches the goal of 10 K
steps per day, the steps label turns to gold to acknowledge
the goal achievement.

Children’s daily food intake reporting is done by parents who
play a key role in children’s nutrition management, by selecting
food elements on the app dashboard with a few clicks (Figure
3): When correct food elements and portions are selected, the
corresponding food box turns green, if food elements and
portions exceed the recommended quantities, the box turns red
whereas unselected food elements and portions remain gray.
Gray boxes go on a blinking mode when the participants have
filled in their daily food intake without including sufficient types
and quantities of recommended food. This is to prompt the
parent participant to align with the guidelines’ indications.
http://mhealth.jmir.org/2017/4/e48/
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Colored bars in the app display also help the parent participant
to achieve a better balancing of nutrients in children’s meals;
red bars are shown to indicate excessive quantities consumed
in a meal or nutrient (eg, lipids, carbohydrates). The bars’
lengths are used to indicate at a glance that different meals have
different importance during a day.
Additional monitoring and feedback features (Figure 3) allow
the parent participant to (1) monitor the food consumed, in a
day or week, (2) visualize calories intake distributed in the
principal meals and nutrients through progress bars. Based on
personal food intake statistics, the virtual coaching function
sends to the user daily reports summarizing deviations versus
correct nutrition behavior with respect to the healthy diet
guidelines. The virtual coach also sends notifications reporting
guidelines for healthy diet adoption during the first 11 days of
intervention (1 per day), covering basic topics relevant to
nutrition education. Other more detailed information about food
properties are available and can be inspected by the user on the
app.
The app also provides a simple shopping list feature, allowing
a parent participant to mark food to be purchased over a week,
with the possibility of changing the family size (Figure 3).
During stage 3, the prototype concept and design were presented
to the clinical stakeholders involved in stage 1 who revised both
the app content and the BC features.
A main suggestion provided by pediatricians was to keep the
overall mHealth intervention within a duration period of 6
weeks, as this is aligned with the typical brief prevention
programs delivered in primary care to families to support
children’s weight management. Clinicians also advised to keep
the food intake-reporting task on the app as simple and low
demanding as possible for the participants in the initial phase
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e48 | p.148
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of familiarization with the mHealth intervention. Based on these
suggestions, a basic version of the app (vA) was provided to
participants in the first 3 weeks of the intervention, not requiring
an exact specification of children’s food intake, but a simple
reporting of type of food and portions consumed by children.

Gabrielli et al
In the following 3 weeks of the intervention, the app
automatically upgrades to a more advanced version (vB), where
more precise quantities of food intake, dressing of food, and so
on can be reported.

Figure 2. The TreC-LifeStyle mobile and Web platform.

Figure 3. Screenshots of the TreC-LifeStyle app features: food-intake reporting, weekly report, and shopping list.

Formative Evaluation
In stage 4, a protocol for conducting a usability and feasibility
study of TreC-LifeStyle was prepared and discussed with the
clinical stakeholders to ensure alignment during the pilot.
Researchers obtained ethics approval of the study protocol by
their Institutional Review Board. As shown in Figure 4, the
study involved 3 screening meetings with participants at the
primary care offices. At the pilot start, to assess (1) parents’
knowledge of the Mediterranean Diet (KMD) guidelines; (2)
http://mhealth.jmir.org/2017/4/e48/
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state of change (SoC) for healthy nutrition-measured by an
adapted version of the URICA-short-form scale, based on the
4 readiness to change states of the Transtheoretical Model of
Change [34,35]; and (3) intention to use (IU) technology for
nutrition education, as well as to train participants on usage of
the app and of the activity tracker. After 3 weeks of the app vA
usage to assess any change on the screening factors and evaluate
parents’ perceived usability of the app (System Usability Scale
Questionnaire [36]). After 6 weeks from the study start, to assess
any change on the screening factors after using vB of the app
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e48 | p.149
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and to investigate more in depth the participants’ experience
with the mHealth intervention in a final semi-structured
interview involving both parents and children. Participants were
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allowed to continue to use TreC-LifeStyle and the activity
tracker for the following weeks, on a voluntary basis.

Figure 4. Protocol of the TreC-LifeStyle’s formative evaluation conducted in stage 4. vA: version A; vB: version B; KMD: knowledge of the
Mediterranean diet; SoC: state of change; IU: intention to use; SUS: system usability scale.

Study Participants
A convenience sample of 6 families attending a pediatric center
in the Trentino area for problems related to overweight children
was recruited. The group included parents with children aged
7-12 years, classified as overweight (BMI 85th-94th percentile),
familiar with the use of mobile phone technology. Families with
children already affected by obesity and by motor impairments
limiting physical activity were excluded.
Participants were contacted and invited to join the study by
phone. If they were interested in participating, an appointment
for a recruitment and introduction session was made at the
pediatric center. Parent participants provided written informed
consent prior to their inclusion in the study.

Data Analysis
Descriptive frequency analyses were conducted on the
quantitative data about the use of the TreC-LifeStyle app with
respect to the prescribed intervention phases. At the qualitative
level, positive, negative, and improvable aspects of the
participants’ experiences with the TreC-LifeStyle app versions
were descriptively coded. Interviews were transcribed verbatim
and participants were assigned a numerical indicator (eg, Parent
1=P1). Transcribed data were subjected to an inductive thematic
analysis procedure [37], which enabled the researchers to break
down the data and identify some core themes that could have
relevant implication for the future refinement of the mHealth
intervention. Three team members completed the analysis
independently. Transcripts were read several times to identify
units of meaning in the data. Units of data (quotes) were isolated
and similar quotes were grouped together as themes. Data coded
within each theme were compared to ensure exclusivity. Themes
were placed into 1 of 3 inductively generated groups according
to positive feedback, negative feedback, and recommendations
for improvements expressed by participants’ quotes. These
http://mhealth.jmir.org/2017/4/e48/
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groups were initially created by 1 researcher and then
independently verified by 2 other researchers. Themes arising
from postintervention interviews were compiled and presented
in a tabular form. A meeting among the 3 researchers was finally
held to revise the list of themes in the groups and resolve any
difference.

Results
Screening Outcomes
The participants group included 6 parents (5 females, 1 male)
of 6 overweight children (2 females, 4 males), mean age 9.16
years (SD 2.13). No participant dropout occurred during the
prescribed intervention phase (first 6 weeks of app usage).
Parents’ KMD was good before the intervention and slightly
improved at the end of the intervention (mean score from 12.5
to 12.70 on a total score of 15) with more than 80% of correct
responses provided.
It was found that 4 out of 6 parent participants were classified
at contemplation SoC before the intervention, but moved to
action level after the 6 weeks’ intervention (Table 2).
All parent participants expressed a strong IU mobile apps for
supporting the acquisition of healthy nutrition and lifestyles by
children, both before and after the intervention (average rating
was 5 on a 5-point Likert scale).

Usage Patterns and Usability of the TreC-LifeStyle
App
During the pilot study, TreC-LifeStyle’s app was used by both
parents and children in 3 out of the 6 families involved (P2-child
aged 10 years, P3-child aged 12 years, and P6-child aged 11
years). In the above three cases, both children and parents shared
the food-intake reporting task and used the app during the study.
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e48 | p.150
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In other cases, it was the parent participant using the app for
food-intake reporting and analyzing feedback, whereas the child
wore the activity tracker and checked with the parent the
achievement of the activity goal of 10 K steps per day on the
app mainly.
The adherence to the mHealth intervention was very high during
the first 6 weeks, with a percentage of meals inserted always
higher than 90% (mean number of meals inserted per day 2.79),
showing that participants kept track of most of their meals and
were compliant with the intervention request. This finding also
shows a good user acceptance and effectiveness of the BC
techniques “instruction on how to perform the behavior,”
“feedback on the behavior,” and “prompt or cues” implemented
by means of the food intake dashboard of the app and of the
virtual coaching function. In the follow-up phase, when families
could use the app on a voluntary basis, 2 participants almost

dropped out (P2 and P6) and the other participants lowered
interaction with the app considerably (mean number of meals
inserted per day 0.44). The follow-up phase occurred during
children’s summer holidays, and this had a strong impact on
families’ daily routines and usage patterns (eg, in summer
schools children were not allowed to use wearable devices for
security reasons).
The frequency of usage of the daily statistics on food intake
reported (Table 2), as well as of weekly statistics and of the
shopping list feature shows that these app’s functionalities were
rarely used by parent participants during the study. Therefore,
a refinement of the app features supporting the BC techniques
“monitoring of the behavior” and “information provision” is
required, in order to make these features more engaging and
useful from a user’s perspective.

Table 2. State of change (SoC), pre-post intervention, daily statistics visualization, percentage of goal achievement (10 K steps per day) in the last 3
weeks of intervention, difference of total deviations from healthy diet in week 1 and week 6 by participants (n=6).
Participant

SoC
pre-post intervention

Daily statistics visualization % of physical activity goal achievement–last 3 weeks of intervention

Difference of total deviations from
healthy diet in week 1 and week 6

P1

Maintenance

62

121

0

P2

Contemplation-action

9

133

2

P3

Contemplation-action

9

74

0

P4

Contemplation-action

195

138

1

P5

Maintenance

18

101

−1

P6

Contemplation-action

0

113

−5

The result of children’s physical activity tracking was very
positive, with most of the children participants reaching, and
even overpassing the daily goal of 10 K steps (Table 2).
Therefore, we can state that the app features related to the BC
techniques “review behavioral goal achievement” and
“rewarding” contributed well in supporting children’s
engagement with the TreC-LifeStyle intervention and their
motivation to reach physical activity goals.
By comparing the number of food portion deviations from
healthy diet guidelines during week 1 (W1) and week 6 (W6)
of the study (beginning and ending weeks of the intervention),
we observed that 2 children showed stable behavior, 2 children
made a few more deviations, and 2 children made fewer
deviations (Table 2). It was noted that the absolute number of
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deviations per week was not very high in both weeks, which
indicates a persisting commitment of participants to comply
with the objectives and indications provided by the nutrition
education intervention.
Overall, parent participants rated the usability of TreC-LifeStyle
app very positively. Both app versions vA and vB were assessed
as being at the best imaginable level of usability, obtaining SUS
mean scores of 95 and 97.92, respectively.

Qualitative Evaluation of the Intervention
Table 3 presents a list of core themes regarding positive,
negative, and improvable aspects of the app design reported by
participants during the interviews carried out at the end of the
mHealth intervention.
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Table 3. List of core themes and relative example quotes derived from the qualitative analysis of participants’ post-intervention interviews.
Themes groups

Themes

Example quote

Positive feedback

Simplicity of food-intake reporting I prefer vB as it is more precise regarding calories...and food quantities... [Parent,
P6]
Conscious food purchases

We have changed our habits at the store...we do not care much about special
offers anymore. [Parent, P3]

Family awareness of dietary
choices

I realized that I used to prepare French fries or fried food too often... [Parent,
P6]

Influence on meals preparation

Mom and daddy checked the app to decide what to prepare for lunch and dinner...
[Child, P3]

Children’s goal-driven motivation I use the app more if there is the bracelet...I want to achieve the goal 100%...
[Child, P2]
Negative feedback

Recommendations for improvement

Difficulties with food portion assessment

It was not easy sometimes to know the portion of food consumed... [Parent, P5]

Poor engagement with secondary
app’s features

We did not understand much the functionality “shopping list” so we never used
it [Parent and child, P1]

Problems with children’s use of
wearable trackers

I could not wear the bracelet during some of the sport activities at school, it was
forbidden [Child, P2]

Visual display of calories intake
or burnt

It would be interesting to have the app showing information about burned
calories or intake [Parent, P4]

Support to food categorization

It would be good to get some app’s help on categorization of some particular
foods, like “polenta” [Parent, P6]

Healthy recipes provision

I would like to receive suggestions on recipes for next meals, as some days it is
not easy to find new ideas for meals preparation [Parent, P5]

All interviewees reported that both the app versions were
intuitive to use and valuable as educational tools to deepen their
knowledge of healthy nutrition and of the Mediterranean Diet.
Most participants expressed a preference for vB over vA, by
saying that vA was good enough to get some general knowledge
of healthy nutrition, but vB was more precise and allowed a
more accurate input of food intake also in terms of quantity.
Some participants also thanked the app intervention, as their
family had become more aware about dietary choices over a
week, and less influenced by special offers at the store when
buying food.
Participants reported being influenced by the feedback provided
by the mobile app, which marked the categories of food in red
when deviating from a healthy diet. The food categories marked
in red were checked every evening, after dinner, affecting
decisions about meals to be prepared the day after.
A strong support for motivating the app usage over the
intervention was provided by the associated wearable devices
used to track the physical activity of children, which triggered
participants’ interest in monitoring and reflecting over calories’
intake versus consumption during the day. Parents reported that
children were very interested in monitoring their activity levels
and they tried to comply with the 10 K steps per day goal every
day, as confirmed also by the activity logs.

approximate, or exact food quantities, as well as the dressing
of the food consumed.
Most participants did not use at all or accessed a few times the
weekly reports of the monitoring feature and the shopping list
feature. It is likely that participants did not find these features
particularly useful, which turned out not to contribute much to
the user engagement with the app.
Some participants also reported issues with the use of the
Jawbone or Misfit devices to be worn by their children during
the intervention. For example, during sport activities, children
were not allowed to wear the device and this prevented a full
synchronization of the physical activity tracking with the diet
monitoring features.
Participants were recommended to refine the mobile app by
including a visual display of balance between calories intake or
burning, which was not provided in the tested app versions.
They also asked to facilitate as much as possible the input of
some types of food that were less obvious to categorize (eg,
corn item under cereals). Moreover, they proposed adding app
suggestions on healthy recipes for next meals preparation, in
order to consolidate their adoption of the Mediterranean diet in
their daily lives.

Participants found some difficulties in reporting food intake
especially with vA, as they could not find out how to specify,
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Discussion

supporting participants’ self-regulation [42] and an increasing
of physical activity [43,44].

Principal Findings

However, we observed a considerable drop in the number of
daily meals inserted in the app during the follow-up period
(mean 0.44), which confirms how food intake recording might
impose a high level of burden on users and represent a main
challenge if requested out of BC interventions provided by
health care providers [45]. A revised version of our mobile app
will feature 3 different steps or levels of nutrition education to
go through, raising first the user’s awareness on categories of
food consumed over a week, then on portions, and finally on
balance of nutrients. This way the educational support provided
by the app and virtual coaching system developed is expected
to help the user to deepen their learning of healthy eating
behaviors, step by step, unlocking contents at growing levels
of detail.

To our knowledge, this is one of the first studies documenting
the UCD of an mHealth app intervention for nutrition education
targeting children aged 7-12 years, developed starting from the
needs and practices of primary care in pediatrics, also
investigating in depth the user compliance and experience with
the intervention by 6 families over a period of 6 weeks.
All participants used the app regularly during the intervention
period, showing a good compliance of users with the nutrition
guidelines and the physical activity goals. Shared usage of the
mobile app was observed especially in the families of children
aged 10-12 years, so this might further suggest the acceptability
and appropriateness of mHealth solutions for this target user
group. As this was a pilot study aimed at testing and further
improving our mobile app before its larger deployment, we
focused on the usability and feasibility of the mHealth
intervention, aimed at realizing an effective human and virtual
coaching system for nutrition education programs in primary
care.

Design of an mHealth Intervention for Obesity
Prevention in Pediatric Primary Care
The main difference between our TreC-LifeStyle app and
commercial nutrition apps is that it targets families of
overweight children attending pediatric primary care programs.
Therefore, it is fully integrated with health promotion knowledge
and approaches based on clinical evidence and it allows tailoring
of the intervention to the specific needs and profile of each
participant (eg, configuration of the app based on children’s age
and weight by the pediatrician before prescription). Beyond
supporting a more precise assessment and personalized
intervention for obesity prevention in childhood, the
TreC-LifeStyle approach has the potential to scale-up to become
a useful tool for delivering prevention programs to the target
population groups, by leveraging on participants’ motivation,
knowledge, and self-management skills [38] combined with
clinical coaching and support by pediatricians. From a health
care perspective, the TreC-LifeStyle platform is an effective
cost-benefit solution for collecting data on children’s behaviors
and lifestyle more reliably, which can be used during primary
care visits to inform doctor-patient dialog and facilitate BC
goals [39]. This is also aligned with previous research, showing
that stand-alone mHealth technologies are unlikely to drive BC,
but are most useful when used concurrently with traditional care
[40,41].

User Experience of the Mobile App
The analysis of the mobile app usage by participants showed a
very high adherence to the intervention over its 6 weeks’
duration, with a mean number of meals inserted per day of 2.79.
The most frequently used features of the app were the food
intake reporting and feedback dashboard, as well as the
monitoring of the physical activity levels, that turned out to be
also the most appreciated functionalities of the app from the
participants’ subjective reports. These results are consistent with
previous research, which shows the benefit of mHealth apps in
http://mhealth.jmir.org/2017/4/e48/
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Usability of TreC-LifeStyle was rated as very good by all
participants. A positive effect of the intervention was also
observed in terms of parent participants’ SoC, achieving action
or maintenance levels for all participants after the first 3 weeks
of the intervention. However, a deeper analysis of participants’
comments on their user experience with the app indicated that
additional support in defining or inserting food quantities should
be provided. Another requested improvement of the app
regarded the visual display of the ratio between calories intake
and burnt and a possible replacement of the shopping list feature
with a more engaging support in recommending recipes
preparation compliant with healthy dietary guidelines. It is likely
that the design of some app features related to the BC techniques
“monitoring of the behavior” and “information provision” was
not optimal for ensuring parents’ engagement, which is
important for BC [46]. In our revised app, the virtual coaching
function proactively invites the user to consult the reporting
features periodically (eg, in the evening, weekend) and takes
into account user’s current deviations from healthy guidelines
to propose goal settings and suggestions relevant to rebalancing
food intake and unhealthy behaviors.

Limitations
There are several limitations in this study. First, developing an
mHealth intervention by deploying UCD methodology is rather
time- and resource-intensive [9-47]. Some refinements of the
features developed need to be implemented before a future
large-scale deployment of our app, and going through the
different phases of our intervention design took much longer
than the typical design time frame of commercial apps for health
promotion [48]. Another limitation is that our pilot study
involved a small group of participants (parent participants were
mainly mothers), which may not reflect the need of other
families of overweight children in our target population.
However, to our knowledge, this study is one of the first to
assess the usability and feasibility of a mHealth app intervention
targeting families of overweight children aged 7-12 years over
a 6-weeks' deployment and follow-up period in a primary care
setting. Relevant mHealth solutions and evaluation studies are
reported in [49,50], but they were targeting families of children
or adolescents aged 10-17 years. All our participants used the
app frequently over the intervention weeks, reporting positive
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e48 | p.153
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effects in terms of children compliance with nutrition and
physical activity goals.
TreC-LifeStyle mobile app has the potential of better supporting
primary care clinicians in providing effective prevention and
health promotion programs related to children’s lifestyles, but
further improvements of the app in terms of long-term user
engagement, nutrition coaching, and food-intake monitoring
functions need to be implemented before a next large-scale trial
deployment.

Conclusions
TreC-LifeStyle mHealth intervention has the potential to become
an effective solution for supporting health promotion and

Gabrielli et al
prevention programs for children’s weight management in
primary care. The UCD and clinically founded methodology
used to design the app—which combines healthy lifestyle
guidelines, food-intake monitoring and intuitive feedback, as
well as Web-based data sharing with pediatricians for
evidence-based dialog—is a significant advance over the
functionality of current commercially available food journaling
apps, and may represent the kind of mHealth interventions best
fitting the requirements of primary care practice. Future
refinements of the app ensuring user engagement and
maintenance of healthy behaviors after the intervention are to
be considered and tested further.
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Abstract
Background: Type 1 diabetes (T1D) afflicts approximately 154,000 people under 20 years of age. Three-quarters of adolescents
are not achieving glycosylated hemoglobin (HbA1c) targets, which leads to negative health outcomes. Mobile health (mHealth),
the use of technology in health, has been used successfully to improve health in many chronic conditions, including diabetes.
Objective: The purpose of this study was to use patient-centered research methods to inform and improve the design and
functionality of our T1D app, MyT1DHero, and to provide insight for others who are designing a health app for adolescents and
parents.
Methods: This study included data from focus groups with participants recruited from the Juvenile Diabetes Research Foundation
(JDRF) southeast Michigan’s family network. All data collected during the sessions were audio-recorded, transcribed, and coded.
Results: Four key themes were identified: (1) diabetes is unpredictable, (2) negative and frustrated communication, (3) motivations
to use an app, and (4) feedback specific to our app.
Conclusions: A patient-centered approach was used to assist in the development of an app for adolescents with T1D. Participants
were satisfied with overall app design; customization, interactivity, and tangible rewards were identified as being necessary for
continued use. Participants believed the app would help improve the communication between parents and adolescents. Many
apps developed in the health context have not used a patient-centered design method or have seen vast improvements in health.
This paper offers suggestions to others seeking to develop apps for adolescents and their parents.
(JMIR Mhealth Uhealth 2017;5(4):e53) doi:10.2196/mhealth.6654
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mHealth; qualitative research; type 1 diabetes; family
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Introduction
Type 1 Diabetes
Type 1 diabetes (T1D) afflicts more than half a million children
aged 0-14 years worldwide [1]. Many individuals are diagnosed
with T1D at a young age, which requires parents to take
responsibility for managing their child’s chronic health condition
[2]. Proper management includes monitoring multiple daily
blood glucose measurements, physical activity, carbohydrate
intake, and adjusting insulin doses with the use of multiple daily
insulin injections or an insulin pump for basal and bolus insulin
delivery [3,4]. Glycemic control is monitored quarterly at
medical visits with the glycosylated hemoglobin (HbA1c) test.
As children become teenagers, they steadily transition toward
self-management, gaining more responsibility for their T1D
care, and their parents gradually relinquishing control [5]. This
transition period is often difficult because of the complexity of
managing T1D in the context of suboptimal communication
between the child and parent, often resulting in deleterious
health outcomes [6]. Inadequate management during this
transition increases the risk of severe hypoglycemia, which can
lead to seizures or coma, and ketoacidosis, which can cause
neurologic sequelae and even death [7,8]. The long-term
consequences of poor diabetes management include
cardiovascular disease, stroke, kidney disease, blindness,
amputation, and premature death [7-9]. Successful transition is
critical to the health and well-being of the teen. Identifying
interventions to aid in the transition of care can ultimately
increase positive health outcomes and the quality of life for
adolescents with T1D [10].
As a result of the complexity of managing T1D, there is often
a lack of adherence to proper T1D self-care, resulting in an
unsuccessful transition [11]. Approximately 75% of teens are
not achieving American Diabetes Association (ADA) HbA1c
targets during this transition period [12]. Therefore, identifying
and finding solutions to help adolescents attain the knowledge
and skills needed to succeed in diabetes management is
imperative to increasing positive health outcomes [13]. To ease
the transition, interventions that aim to improve productive
communication between parents and teens, help build trust and
autonomy, and develop problem-solving skills which have
demonstrated improved diabetes outcomes [14]. Unfortunately,
parent-teen communication is difficult during this transition
time, particularly when interactions regarding their diabetes
management are often negative [15]. For instance, teens feel
their parents are nagging them about their diabetes care [16].
Infusing positive communication into the parent-child
relationship is fundamental to the success of this difficult
transition [17]. Building trust and autonomy is also important
to allow the parent to take a step back from care and give
responsibility of disease management to the teen. Finally,
problem-solving skills for both the parent and the teen can
further improve communication and trust, ultimately improving
diabetes outcomes.

mHealth
Mobile health (mHealth), the use of mobile technology in health,
has been used in many health contexts, including asthma, pain
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management, depression, pregnancy, and others for more than
a decade and has demonstrated positive outcomes [18-26].
Despite the proliferation of these health apps (over 165,000
available in Google Marketplace and Apple Store), very few
have been developed using a patient-centered design [27]. The
use of mHealth in diabetes care has been reported as useful in
improving trends, but interventions have not been tested over
a period of time sufficient to determine long-term engagement
[28,29]. A recent study has called for patients to be more
engaged in the design and development process [30]. Other
studies have explored the wants and needs of an app for people
with diabetes. Researchers have found that ease of use, timely
and accessible information, and good visual appearance of the
technology are all important [31,32]. Building an mHealth
intervention using a patient-centered process to increase
communication, trust, and autonomy should facilitate the goals
of a successful transition to independence and achieving positive
health outcomes and quality of life.
Examining the literature regarding participatory design within
T1D and apps, we were unable to find any research that reported
including both the parents and the child in the design. Previous
research describes working with clinicians and developers
[33,34], adults with T1D [35,36], or only the adolescents with
T1D (no discussion with the parents) [19]. However,
parent-child communication is critical during the transition to
self-care and should be of central concern when designing an
app for this context. Thus, our study focuses on communication
that occurs between the parent and their child surrounding the
management of diabetes, as it relates to the development of our
app. Our expectation is that an app focused on easing the
difficulties of diabetes-specific communication will result in
positive health outcomes and better quality of life for both
adolescents and their parents [37]. Therefore, we sought to better
understand the perspective of both groups and gather feedback
regarding our prototype.
The objective of this study was to use patient-centered research
methods to inform and improve the design and functionality of
our type 1 diabetes app, MyT1DHero. Additionally, we hope
to provide insight for others who are designing a health app for
adolescents and parents. To inform development of the app, we
conducted qualitative focus groups to further explore how teens
with T1D and their parents communicate about diabetes, what
motivates them to use different apps and games, and evaluate
their perceptions of our proposed app.

App Description
MyT1DHero is a self-management mobile app that aims to
encourage adolescents aged 10-15 years to self-manage their
diabetes by recording their blood glucose (BG) values while
allowing the parents seamless access to these same values. See
Figure 1 for example screenshots of the app. The parent users
have a separate login that allows them to access the app and
review their child’s BG value history from their own phone.
The parent and adolescent may also exchange messages via the
app that are geared to facilitate positive communication. In
addition, the app will have customizable test reminders, BG
ranges, and an educational component that provides diabetes
information and social support.
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Figure 1. App screenshots.

The adolescents will also earn points based on app usage. The
accumulated points will allow for the adolescent to purchase
“accessories” to customize their avatar, or a virtual character
on the app.

Methods
Recruitment and Participants
Participants were recruited via the Juvenile Diabetes Research
Foundation (JDRF) southeast Michigan’s family network,
including Facebook, Twitter, and their email listserv. Inclusion
criteria included: the adolescents must: (1) have a T1D diagnosis
according to the ADA practice guidelines, (2) be 10-15 years
old, (3) have had a diagnosis of T1D for at least six months,
and (4) be fluent in English. The parent or guardian must: (1)
have an adolescent with T1D who is 10-15 years old and who
has had a diagnosis for at least 6 months and (2) be fluent in
English. The study was approved by the Michigan State
University Institutional Review Board. There were 5 adolescent
participants in the focus group aged 10-13 years. The parent
focus group had 7 participants, each with a child having a
diagnosis of diabetes for 4-6 years. Three of the parents did not
have an adolescent participating in the focus group.
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Procedure
Figure 2 summarizes the content of the focus group protocol.
Parent and adolescent focus groups were conducted separately.
The adolescent focus group comprised 5 individuals, which
included 4 males with a mean age of 11.6 years old (range 10-13
years), and the adolescents had a diagnosis duration of 4-6 years.
The parent focus group comprised 7 individuals and included
6 females. They ranged in age from 35 to 60 years, all white,
two had some college, two had a bachelor’s degree, and two
had master’s degrees. The average income based on the
participants’ zip code was US $80,902.20 (range: US $46,649
to US $112,774). They all resided in southeast Michigan.
Each group consisted of two sections; in the first, participants
were asked about their daily diabetes management routine, how
their child’s diabetes is managed (ie, amount of child
responsibility), and overall communication with each other,
including how often they communicate, the tone or feel of the
communication (eg, positive, happy, nagging), and the channel
in which they communicate (eg, phone, text, face-to-face).
Gaining the perspectives of both parent and adolescent is key
to designing a patient-centered app that fits the context of disease
management from the point of view of those directly affected.
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Figure 2. Focus group protocol content.

Additionally, we asked about current apps that they used for
both diabetes management and for general entertainment. For
the second portion of the focus group, the participants were
given a demonstration of our app prototype. We asked them
general questions about the app, what they liked about it, what
they would change, and what would motivate them to use it.
The parent focus group lasted for 107 min and the adolescent
focus group lasted for 72 min.

Data Analysis
All of the data collected in the focus groups were
audio-recorded, transcribed verbatim, and coded using NVivo
version 11 (QSR International Pty Ltd) software. Using
inductive thematic analysis, part of the team iteratively
developed a set of themes that captured the focus group dialog
(BH, DH, AH, KM, and MK) [38]. The codes were presented
to the whole group for clarification and feedback. Then, two
members of the team (KM and MK), coded a random selection
of the transcripts to ensure reliability. Once reliability was
obtained, each transcript was coded independently by the coders.
They then came together to compare and evaluate the codes.
Disagreements were resolved through discussion.
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Results
Key Themes
Four key themes were identified. These included (1) diabetes
is unpredictable, (2) negative and frustrated communication,
(3) motivations to use an app, and (4) feedback specific to our
app. The following section describes each theme, along with
descriptive quotes.

Part 1
This part of the focus group asked participants about how they
manage their diabetes and general communication around
diabetes. We believe that this is key in understanding how our
app could help them in their daily lives.

Diabetes Is Unpredictable
We first asked participants about their personal experience with
diabetes and how communication about diabetes occurs between
the parent and adolescent. From this line of questioning, two
subthemes emerged: (1) Daily care is not an “exact science,”
and (2) the transition of care increases the unpredictability.
When discussing daily diabetes care, the parent participants
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discussed at length the importance of having good control of
their child’s disease. Strategies that were successfully used for
glycemic control on one day did not necessarily work another
day. One parent stated:
There’s no exact science to it, it’s all a guessing game,
and so it gets pretty frustrating.
Another parent stated:
You know, like, it isn’t an exact science and sometimes
all those numbers that I write down—there’s too many
factors to play into it.
A third parent echoed those statements and said:
We have six years of paper records...a constant deluge
of information. It’s information that somebody should
be able to use but it doesn’t get used because it’s not
an exact science.
Because of this unpredictability, parents frequently measure
their child’s blood glucose level 8 or more times per day and
even have to wake up in the middle of the night to check their
child. One parent reported:
I think we had two episodes of her going almost
dangerously low and almost going into shock at night
so that definitely sensitized us to be concerned at
night. We used to get up two, three times a night and
check her.
Additionally, the parents stated they often worry about their
child because they have seen how fast a change in blood glucose
can occur. One parent told us:
There was no warning or anything (regarding low
blood glucose) and I know (it) could just go that fast
from (normal)—it does happen quickly.
The transition of diabetes care from the parent to the adolescent
also causes some unpredictability. The adolescents had a good
understanding of the required treatment; however, they too
expressed feeling overwhelmed with the amount of information
to consider and the uncertainty about knowing what to do all
the time. One adolescent stated:
I do a lot of it (diabetes management), but sometimes
I get confused on the carbs, so I have to look it up or
have someone to help me out for the day.
Another followed up:
It’s hard to do and I don’t always know what to do.
One of the parents commented on this transition saying:
They want to be independent and yet they need to be
reminded. They forget, almost, that this is their issue.
And again, they want to be independent but they want
to be boys too.

Holtz et al
at, rather than with, their child. For instance, one parent said
that she says to their daughter:
You’ve got to start taking responsibility for this. It’s
either going to be you or it’s going to me. And I know
that you don’t want it to me be, so get on track, and
start hitting this like you’re supposed to. It’s trying
to get her to think about it.
Another parent echoed this by saying:
You take care of it or I do. And you know what it
means when I have to take care of it. It’s a lot more
nagging.
One parent said of her child attending a sleepover:
My conversation with her was, ‘I’ll get a phone call
or text from you at three a.m., right? Yes, I will. And
what will happen if I don’t get it? I’ll be pounding on
the door.’ We’ve had to do that, so that conversation
sometimes has been not so good.
All of the parents said that they knew they were frequently
asking their child for blood glucose numbers and about testing.
None of the parents talked about using any strategies to
communicate in a positive manner with their child surrounding
diabetes management. This is not to say that they are unaware
of this issue. When we asked about this, one mom said:
They are doing a great job. I mean, just the word
thanks. I don’t think we say it enough.
They have good intentions to communicate positively with their
child about diabetes, but the need to have their child’s blood
glucose numbers overshadows any conscious effort at
communicating positively.

Part 2
In this section of the focus group, we asked them about their
current use of apps to help manage diabetes and what keeps
them using technologies. We then conducted a demonstration
of our app prototype and gathered feedback.

Use of Apps to Manage Diabetes
None of the parents or the adolescents currently used an app
for diabetes management or carb counting. The only technology
that the parents used were programs for pump or meter
downloads, like Diasend, and they generally only looked at
those before attending a doctor’s appointment. One parent said:
It’s like oh crap, we have a doctor’s appointment
tomorrow. Give me your pump and let me download.
Another parent said she gives their health care provider their
username and password, so they could access their child’s
information. Parents did, however, express that having these
downloads at least once a week would be helpful.

Negative and Frustrated Communication

Motivation

The unpredictable nature of changes in blood glucose often
induces parental frustration, which leads to poor quality
communication with their child. We noted that when the parent
was describing their communication style, they seemingly talked

Overall, the respondents mentioned three key motivations for
the use of a health-tracking app. These motivation themes
included customization, interactivity, and tangible rewards.
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types and times. Customization spurred many ideas of how and
why they would use the app. They wanted to be able to enter
favorite foods or restaurants to get the nutritional information.
One mom said:
(I’d) put fruit roll-ups on there because it’s not in the
(diabetes education) book.
Another idea included being able to customize some of the
messages that the app sent, to both the child and the parent. A
mother suggested being able to add in your own reminders. She
said:
Would it be possible, to type in your own message?
Like, say you want to write a Bible verse that’s
encouraging or uplifting or something like that, or
your own motto or something.
The timing of the testing and the reminders the app set seemed
to be a key. One parent stated:
What if the reminders—what if you could set whatever
time you wanted the reminder to be instead of having
them automatic.
Another parent went on to say:
If you (allow a test within) a range...They might not
be in a specific space where they can drop everything
and test. It does take a minute or two to actually test.
Interactivity was another motivation suggested by the
participants. This refers to not wanting to simply be told
information, but to be able to interact with the app in interesting
and meaningful ways. For instance, adolescents like the idea of
being part of a team. In a popular app-based game that the
adolescents played, they worked in teams or clans to defend
villages and farms. Thus, they were especially keen on being
able to join a team to earn points. One adolescent stated:
Everyone who uses the app has a team and the team
with the most points wins.
They also liked the idea of getting individual points in order to
get virtual character badges, new “powers” or tools, clothing,
and or accessories. One adolescent suggested:
If you get a bunch of points, you could have a
character with like a hat and sunglasses or something.
Along with those intrinsic motivations, tangible rewards like
earning points redeemable for purchases made at the Apple
iStore, Google Marketplace, or Amazon were very popular. For
example, a parent said:
The Amazon gift card thing—for mine because they
are teenagers and are like—Amazon is the best thing.
One of our adolescents echoed this sentiment stating, “Maybe
get points on Amazon.” The adolescents were excited about the
idea of getting points through the app. One suggested that the
more a person opened the app and used the app to enter blood
glucose values, the more points would be earned. One adolescent
stated that they would also like to be able to redeem the points
with their parents.
You could use the points for a day of no nagging (from
the parents).
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App Feedback
One of the key features of this app was to show parents that
their children have tested their blood glucose, but not to show
the number immediately. This is designed to increase trust,
self-efficacy, and autonomy to help the transition process. We
asked both the parents and the adolescents specifically about
this feature. All of them said that the parent needs to know the
test number immediately. One stated:
His numbers are all over the place. You know, I
wouldn’t feel comfortable with that (not seeing the
numbers right away).
The parents were also aware that they have difficulty in
relinquishing control over their child’s diabetes care
management. For example, one mom said:
I mean, it’s nice to have a break as a parent but I
can’t have a break right now.
The adolescents mostly agreed that the parent should see the
number, but more as a way to move the conversation from
face-to-face to the app. One adolescent stated:
They should be able to see the low and the high, but
they don’t need to see the regular number. Because
they’re just like—check their phone, like oh, she’s
alright.
Both groups gave positive reviews of the overall app as well as
the different features within the app. One mom thought that
having the app mediate the communication would be very
helpful. Rather than the parent constantly telling the child what
to do, the app would remind them to stay on top of their
management, allowing more time for the parent to communicate
with their child about things other than diabetes. The parents
also suggested the use of emojis; one said:
I think you could also have emojis that are sad faces
or tears or like a heart.
One of the adolescents repeated this idea stating:
I think like maybe if they (parents) could text you an
emoji thumbs up that would be good.
Another said:
(The kids) lie because they don’t want you to be
disappointed, they don’t want you to be mad, they
don’t want you yelling at them. So I think this (the
app)—doing it this way would take that whole
scenario out of it.

Discussion
Principal Findings
mHealth used for diabetes management is growing as a method
to improve adherence and health outcomes. Using a
patient-centered approach, this study sought to understand parent
and adolescent perspectives of on-going development of a T1D
app. To fully understand how an app could be engaging to both
the parent and the child, it was important to understand the
environment in which an app would be used. To achieve this
goal, we asked parents and adolescents to tell us about how they
currently manage the child’s diabetes and how they
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communicate about the disease. We then showed them a
demonstration of our prototype app to obtain their perspectives
on the app and additional components they thought the app
should have.
These focus groups acknowledge the complexity of disease
management and the frustrations in communication for families
with an adolescent with T1D. Parents feel the need to remain
in control because the day-to-day management of diabetes is
very unpredictable. Consistent with other research, the
unpredictability fuels some of the frustration that the parent and
the adolescent feel and ultimately leads to inadequate
communication strategies [23]. Our proposed app is designed
to help improve the communication between the parent and
their child. The app helps monitor the adolescent’s blood glucose
and provides positive message prompts to the parent for better
communication.
In order for an app to be successful and provide benefit to users,
people must actively use it. We asked about different strategies
that would keep the users engaged with the app. Customization,
interactivity, and tangible rewards were discussed as motivating
factors of using the app [37]. This is similar to other studies that
have concluded that customization is important to appeal to the
needs of various users and that it is imperative to discuss what
options should be customizable [39-41]. Having the app be
interactive was also stated as a motivation for engaging and
using the app. Currently, there is limited interactivity in the
downloads of their meter or their pump, which could be one
cause of their low usage. Past research has demonstrated that
having interactive functions have improved usability and
resulted in higher engagement [42-45]. Through these focus
groups, we have decided to integrate more interactivity in the
app through some of the customization features, as well as
through how the parents and child communicate through the
app.
Participants also agreed that providing tangible rewards or
financial incentives would motivate users to remain engaged
with the app. Some research has shown that financial incentives
are key motivators in weight loss and smoking cessation [46].
Ethical issues remain related to incentivizing individuals in this
manner and what this practice might mean particularly for
disadvantaged populations [47]. Additionally, there are issues
of long-term sustainability both in terms of the health impacts
and how the program would be able to continue to provide those
incentives [48]. Because of these issues, we have decided to
use some gamification techniques to reward use of the app. The
utilization of gamification seeks to encourage users to complete
specific tasks within a nongame environment [49-51]. There
are several ways to do this, which include giving points every
time a user opens the app, and having participants earn badges
or points to “buy” items for avatars. Past research has suggested
that having an environment that is enjoyable to use can increase
health knowledge, efficacy, and adherence to their daily care
can improve health outcomes [52-56].
A striking feature from the parent focus group was how parents
reported communicating with their child about diabetes. In the
current communication cycle, parents often report becoming
frustrated and upset with their child, which does not help them
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learn how to handle the issue in a positive manner [57]. This
may lead to the adolescent lying to their parents in hopes of
preventing them from becoming frustrated or upset. This leads
to further deterioration in the quality of the parent-child
communication. In short, the parents talk at their adolescent,
commanding them to pay attention to their care rather than
working with them to successfully manage diabetes. Therefore,
we believe adding problem-solving resources and features to
the app would be beneficial. Problem solving, defined by Yeates
and colleagues [58], is conceptualized as defining a problem,
generating alternative strategies, evaluating outcomes, and
selecting a strategy. Some literature has demonstrated positive
associations between problem-solving behaviors and improved
HbA1c; however more research is needed in this area [59].
An inherent feature of technology is its distance between users.
Past research has suggested that “online interaction reduced
embarrassment that might be experienced in face-to-face
interactions and thus encourages self-disclosure” [60]. There
are many studies demonstrating that computer mediated
communication enhances self-disclosure [61-62]. This is
especially important for adolescents who, developmentally, are
often hyper self-aware and self-conscious [62]. As the proposed
app will notify parents that their child has measured their blood
glucose level, and in some cases report what the blood glucose
level is, parents will be able to respond with affirmative
preprogrammed messages through the app. We believe that the
outcome of app use will change the dynamic of the
communication. The adolescent will be more likely to provide
true numbers and the parents will have preprogrammed messages
with which they can respond, thereby making communication
less frustrating and a more honest and constructive exchange.
One of the desirable app features that the adolescents mentioned
was to join a team. A growing number of researchers are starting
to focus on social interaction in mobile apps. Although fun is
the primary reason many use apps, social interaction was
reported as the second reason to play games [63]. Using
technology in a group leads to greater enjoyment, lower dropout
rate, and longer engagement compared with individual play
[64]. It has been shown in health and sports studies that most
people enjoy playing in a group more than by themselves [65].
Additionally, past research has demonstrated improvement in
glycemic control for children with T1D can result from the
responsibility of caring for others [66]. Researchers hypothesized
that the structured care provided cues that translated to the
performance of diabetes self-management behaviors. This
suggests that by caring for another, possibly through a team
setting, individuals learn to care better for themselves.
Implications for other groups developing an app for children
with a chronic disease and their parent include understanding
the current communication context that disease management
takes place in. As a result of this insight, we were able to add
a problem-solving framework into our app. We were also able
to understand the importance of having the messages and
reminders come from the app and not the parent. Team
participation within the app appears to be a way to keep the
adolescents engaged and responsible for their own care. Finally,
we learned that some type of reward needs to be added. To
achieve this goal, we have added the ability for the adolescent
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to purchase different accessories for their in-app avatar. Without
understanding the communication that currently takes place
between the parent and the child, we would have not been able
to make these adjustments.
Whereas there are some limitations to this work, the goal was
to gain a patient-centered perspective on the app design to date.
These focus groups are not representative of all mHealth apps,
as ours is specifically for adolescents with T1D and includes
their parent. Additionally, our sample size was small. However,
we believe that this work provides information that may help
others in their app development process. Future studies of this
type should include larger samples, including a wider age range
of youth.

Holtz et al

Conclusions
This app has the potential to provide parents the security they
need to start transitioning diabetes management to their children
and allowing them to develop the confidence needed for ongoing
optimal control of their diabetes. This study used an original
app idea and demonstrated a prototype of the app to help guide
both the parents’ and the adolescents’ perspectives to design
this patient-centered diabetes app. Overall, the app review was
positive and the participants thought it would be useful to aid
in the transition to adolescent self-management. Understanding
the needs of patients and caregivers will help better inform the
development and design of the app. This study also provides
others with strategies that can be incorporated into the
development of other health apps, including use of a
patient-centered design, incorporating interactivity, use of
customization, and building teams within the app.
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Abstract
Background: Nonadherence produces considerable health consequences and economic burden to patients and payers. One
approach to improve medication nonadherence that has gained interest in recent years is the use of smartphone adherence apps.
The development of smartphone adherence apps has increased rapidly since 2012; however, literature evaluating the clinical app
and effectiveness of smartphone adherence apps to improve medication adherence is generally lacking.
Objective: The aims of this study were to (1) provide an updated evaluation and comparison of medication adherence apps in
the marketplace by assessing the features, functionality, and health literacy (HL) of the highest-ranking adherence apps and (2)
indirectly measure the validity of our rating methodology by determining the relationship between our app evaluations and
Web-based consumer ratings.
Methods: Two independent reviewers assessed the features and functionality using a 4-domain rating tool of all adherence apps
identified based on developer claims. The same reviewers downloaded and tested the 100 highest-ranking apps including an
additional domain for assessment of HL. Pearson product correlations were estimated between the consumer ratings and our
domain and total scores.
Results: A total of 824 adherence apps were identified; of these, 645 unique apps were evaluated after applying exclusion
criteria. The median initial score based on descriptions was 14 (max of 68; range 0-60). As a result, 100 of the highest-scoring
unique apps underwent user testing. The median overall user-tested score was 31.5 (max of 73; range 0-60). The majority of the
user tested the adherence apps that underwent user testing reported a consumer rating score in their respective online marketplace.
The mean consumer rating was 3.93 (SD 0.84). The total user-tested score was positively correlated with consumer ratings
(r=.1969, P=.04).
Conclusions: More adherence apps are available in the Web-based marketplace, and the quality of these apps varies considerably.
Consumer ratings are positively but weakly correlated with user-testing scores suggesting that our rating tool has some validity
but that consumers and clinicians may assess adherence app quality differently.
(JMIR Mhealth Uhealth 2017;5(4):e45) doi:10.2196/mhealth.6582
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Introduction
Background
Evolution in our health care system and technological advances
in recent years have sparked renewed awareness of medication
nonadherence; however, it continues to be a problem for our
society [1]. Nonadherence produces considerable health
consequences and economic burden to patients [2-5]. The
repercussions of nonadherence may ultimately impede the
appropriate management of common chronic diseases.
Unintentional nonadherence is a category of nonadherence that
implies that the patient intends to take their medications, yet
fail to do so for reasons such as forgetfulness or thoughtlessness
[2]. Numerous strategies aimed at improving unintentional
nonadherence have been studied. The use of smartphone
medication adherence apps to improve unintentional
nonadherence is one innovative approach that has recently
gained interest [2,6]. Data suggest the use of or ownership of a
smartphone continues to increase. According to the Pew
Research Center’s Spring 2015 Global Attitudes Survey, an
estimated 89% of the US population used the internet or reported
owning a smartphone [7]. Estimates in 2015 also revealed that
62% of smartphone owners in the United States used their
smartphone to find information about a health condition [8].
Adherence apps must be downloaded and installed using a
cellular connection; however, many do not require active internet
connections to access information or provide medication
reminders. These adherence apps can also combine all of the
user’s medication-specific material into one source to provide
a more efficient way for individuals to participate in their disease
management and care [2,6]. Given the proliferation in
smartphone use, adherence apps represent a more accessible
approach to address unintentional nonadherence in that they are
easy to obtain and are available at all times to provide
information to patients about their medications.
The development of smartphone adherence apps has increased
sharply since 2012. In 2012, there were approximately 160
unique medication adherence apps available [2]. In 2014, the
number of adherence apps ballooned to more than 400 [6]. This
substantial increase in the adherence app marketplace reflects
the high demand for this tool. Literature evaluating the clinical
app and effectiveness of smartphone adherence apps to improve
medication adherence is generally lacking. Study results
indicating that medication reminder systems (eg, short message
service [SMS] text messages) can increase medication adherence
and may offer promise that adherence apps may also improve
adherence [9-11]. A randomized trial conducted in Spain found
that an app can improve self-reported adherence, but similar
results in the United States have not yet been reported [12]. One
study revealed that kidney transplant recipients were interested
in using a smartphone app to remind them to take their
medications, but they also reported perceived barriers to using
these apps (eg, turning the phone off periodically, annoying
alarms, an app that is not flexible to work with irregular
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schedules, and so on) [13]. Currently, a first of its kind
randomized controlled trial designed to rigorously evaluate an
app’s effect on blood pressure and medication adherence is
underway [14]. Research also demonstrates lower health literacy
(HL) is associated with decreased odds of participating in mobile
health (mHealth) interventions for diabetes [15,16]. Although
published data regarding efficacy, safety, or clinical outcomes
for adherence apps are scarce [14,17], patients are using these
apps and many groups of people have positive attitudes toward
the use of this type of tool [18]; therefore, health care providers
should be able to serve as a resource for patients to help identify
an app that may best suit their needs with regard to its adherence
features, functionality, and level of HL [2,6].
Previously, our group developed methods to compare adherence
apps and identify those that offered a wide range of features
that may be the most appropriate to recommend to patients [2,6].
From that work, a searchable online resource
(medappfinder.com) was developed to help patients and
providers identify and compare adherence apps based on
usability, HL, and features that meet their individual needs [6].
The methods and analyses performed to develop these resources
were standardized and represented a health care provider
viewpoint. Thus, a limitation to these efforts is that patient
viewpoints were lacking. Given the number of adherence apps
and the rate at which the marketplace expands, directly
incorporating patient viewpoints into these assessments is not
feasible. However, most apps generally have consumer reviews
posted in their online marketplaces. Such consumer reviews for
adherence apps represent the viewpoint of the patient or their
caregiver. Although these reviews have not been rigorously or
systematically analyzed, such an analysis could indirectly
provide the patients’ viewpoint of a given adherence app.

Objective of the Study
The objective of this study was to (1) provide an updated
evaluation and comparison of available medication adherence
apps in the marketplace by assessing the features, functionality,
and HL of the highest-ranking adherence apps across 5 domains
and (2) indirectly measure the validity of our rating methodology
by determining the relationship between our app evaluations
and online consumer ratings. We hypothesized that consumer
ratings and our ratings would be modestly correlated.

Methods
Marketplace Search
In June 2015, an additional Web-based app marketplace (the
Microsoft Store [Windows]) and those included in prior analyses
(iTunes [iOS], Google Play [Android], Blackberry App World)
were analyzed to find all available adherence apps capable of
producing medication reminders. The following keywords:
alarm, alert, med(s), and pillbox were added to our existing
search terms (ie, adherence, compliance, dosage, dose, drug,
medication(s), pharm, pharmacy, pill(s), prescription, remind,
reminder, Rx, script, take, therapy, treat, and treatment) [2,6]
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e45 | p.170
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and used to identify these apps. In addition, “health and diet,”
“health care services,” and “medical guides” categories were
used to identify any additional adherence apps that may have
not been found using keyword searches. Adherence apps were
cataloged using the full name, manufacturer, and operating
system (OS). To be included in the analysis, adherence apps
had to be available in English and claim to send medication
reminders. For adherence apps with both a free or lite and paid
or pro version, only the paid or pro versions were recorded,
evaluated, and scored for possible user testing, but it was noted
if there was also a free version. Since our focus was to rate apps
that could be used in a general ambulatory population, apps
specific to one type of medication (eg, insulin) or a single
disease state (eg, hypertension) were excluded. Apps that were
specific to an independent pharmacy and/or required a specific
prescription number or insurance type (eg, Humara Pharmacy
and NexJ Health Coach) were also excluded from evaluation.

Initial Evaluation and Scoring
Adherence apps were evaluated using previously described
processes [2,6], which were developed based on author
consensus before adherence app evaluation, and thus, reflects
perspectives of the authors (eg, academicians, clinical
practitioners, HL specialists, and student pharmacists). This
rating system includes 28 features divided into 4 domains:
Adherence Attributes, Medication Management, Connectivity,
and General Features. It was found that 27 of the 28 features
were nominally weighted as previously described from 1 to 3
(1, modest; 2, moderate; and 3, high), based on the authors’
views on its relevance and impact in its respective domain [2,6].
To reflect the growing marketplace, the scoring for the feature
“Latest Revision Update” was modified from our prior methods.
This feature is scored based on the frequency of continued app
updates or support by developers. For this analysis, like before,
3 points were awarded if the app had been updated in the 6
months before the analysis, and 2 points were awarded if the
app had been updated more than 6 months, but 12 or less months
before our analysis. However, an app that had not been updated
in more than a year previously received 1 point [6], but in this
analysis, this was changed so that an app that had been updated
13-18 months before the review, received 1 point. An app that
had not been updated in more than 18 months before this review,
received a score of 0. No other scoring modifications were made.
Using this rating system, two investigators independently
analyzed the developers’ claims along with available screenshots
of each adherence app in the online marketplace to determine
whether an app possessed any of the 28 author-identified
features to assign a score. The initial scores based on developers’
claims were used to identify the 100 highest ranked unique
adherence apps. Those available on multiple platforms (eg,
Medisafe, which is available on both iOS and Android), were
evaluated separately to identify any differences between the
platforms.

User Testing
To compare the developers’ claims against the actual quality
and functionality, the top 100 highest-ranking unique adherence
apps underwent user testing by the same two evaluators using
previously described methods [6]. Briefly, adherence apps that
http://mhealth.jmir.org/2017/4/e45/
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could not be installed or set up by at least one researcher due
to inefficiencies or malfunctions with the app were excluded
from further evaluation (eg, apps that continuously crashed,
apps requiring an activation code, and inability set-up reminders
despite contacting the app developer). To maintain a total of
100 unique user-tested adherence apps, those excluded from
user testing for any reason were replaced with the next
highest-ranking unique app based on initial score. Adherence
apps available on both iOS and Android were rated for both
platforms and given two scores, which were cross-verified and
any score discrepancies resolved. The sum of the weighted
scores determined an initial score, which was used to rank the
adherence apps. Counting multiplatform adherence apps only
once, the top 100 highest-ranking apps were then identified for
user testing. Apps in the top 100 highest-ranking apps that had
not been updated in the last 18 months before review were not
retested. Aside from receiving a zero for the feature “Latest
Revision Date,” these adherence apps received the same initial
and user-tested scores as in our previous analysis [6]. Each
adherence app was installed using a smartphone or tablet and
tested for a minimum of 4 days and a maximum of 7 days using
a standardized 6-drug regimen similar to prior analyses (ie,
vitamin E, 400 IU once daily; diltiazem, 120 mg twice daily;
simvastatin, 40 mg once daily at bedtime; azithromycin, 500
mg once daily for 3 days and then stop; and alendronate, 35 mg
once weekly); however, instead of a prednisone taper regimen
used in our prior analyses [2,6], the 6th drug used for the
standardized regimen was methylnaltrexone, which should be
consumed 12 mg every other day. Adherence apps unable to
create reminders for a once weekly medication (ie, alendronate)
were tested over 4 days, whereas those with this capability were
tested over 7 days.
To assess the 28 possible author-identified adherence app
features, the two evaluators used the same rating scale used in
the initial evaluation with one update to the scoring process. In
the initial evaluation, the feature, “Capability of Complex
Medication Instructions,” was scored dichotomously as “yes”
or “no” to reflect the presence or absence of this feature as
discerned from the available developers’ descriptions and/or
screenshots. However, during user testing, this feature was
assessed using three possible rating options to reflect the actual
performance and the degree to which an app could perform this
feature (ie, create reminders for multiple medications and
schedules that comprise complex medication instructions). The
score given to each app for this feature was based on the number
of reminders created for the more complex medication regimens
(ie, azithromycin, alendronate, and methylnaltrexone). The
maximum score of 3 was awarded when an app could create
reminders for all of these medications. If an app was able to
create reminders for only two, it received a score of 2.
Adherence apps that could only create a reminder for one of
these medications were assigned a score of 1. A score of 0 was
assigned if an app was unable to create reminders for any of
these medications. In these cases, it was decided that assigning
a 0 for this feature was preferable to complete exclusion because
these adherence apps are still available for potential patients to
download. In retaining these adherence apps, this information
can be shared with consumers to avoid the possible frustration
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e45 | p.171
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had they downloaded based solely on developers’ claims and
screenshots of apps in the marketplace.

Results

In addition to the 28-feature author-identified rating system, 12
HL-focused attributes were evaluated and scored using a tool
endorsed by the Institute of Medicine (IOM) [19] as previously
described by Heldenbrand et al [6]. A separate domain was
created and each attribute was scored using a Likert scale (1-5)
with a maximum of 60 points. To prevent skewing the total
user-tested scores, this domain’s scores were scaled with one
point to be added for each 12-point increment in the HL domain
score. The 12 feature’s scores were summed with a possible
range of 12-60. For example, a HL score of 1-12 had 1 point
added to the user-tested score, and a score of 13-24 had 2 points
added.

Initial Search

The user-tested scores were calculated using the sum of the four
original domains scores (max possible: 68) and the HL domain
score (max possible: 5), creating a maximum user-tested score
of 73. The user-tested scores, including those for the HL domain,
were cross-verified by the two evaluators. Any adherence apps
with scoring discrepancies between the two evaluators were
reinstalled, and it was confirmed whether or not that adherence
app possessed a particular feature. Following cross-verification,
each app was given a final user-tested score which was then
used to rerank the adherence apps.
To indirectly measure the patients’ viewpoint of adherence apps,
available consumer ratings and the number of app downloads
as of June-July 2015 were obtained from Google Play and
iTunes. Pearson product-moment correlations were estimated
between consumer ratings, user-testing total scores, and domain
scores as a check of the validity of our user rating methodology.
Using the obtained consumer ratings, we evaluated correlations
between our ratings system based on manufacture claims and
consumer ratings. We expected to find medium correlations
between consumer ratings and our user domain scores. To
classify correlations, we used the empirically based thresholds
for correlations of small <0.20; medium (moderate)=0.20-0.30;
and large >0.30 [20,21]. Finally, ordinary least square regression
models were estimated using consumer ratings as the dependent
variable and individual domain scores and individual items as
independent variables.
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There were 824 adherence apps discovered across the 4
platforms including 378 iOS, 305 Android, 105 Windows, and
36 Blackberry. After applying exclusion criteria, 179 adherence
apps were excluded (17 duplicates and 162 specific to a single
medication and/or disease state), leaving 645 eligible for
evaluation. Of the remaining adherence apps, 71% (461/649)
were available on only one platform (208 iOS, 156 Android,
20 Blackberry, and 77 Windows) and 29% (184/634) were
available on multiple platforms. Of the 645 adherence apps
assessed based on developer claims, the median score was 14
with a mean of 15.5 (SD 9.4) and ranged from 0 to 60 (max
possible: 68).

User Testing
From the initial assessment based on developer claims, the top
100 highest-ranking unique adherence apps underwent user
testing to assess features and HL resulting in a user-tested score.
Due to the multiplatform adherence apps, a total of 144 apps
were tested (75 iOS, 62 Android, and 7 Windows). Blackberry
adherence apps were excluded due to the lack of devices
available to test these apps. During user testing, 34 adherence
apps were unable to be installed and/or set up by at least one
researcher and were ultimately excluded from further evaluation.
The most common issues included apps that continuously
crashed despite using multiple devices (eg, iPhone 5, iPhone
6s, and iPad for iOS apps), the need for a specific activation
code from a primary care physician and/or pharmacy to set up
and use the adherence app, and inability to set up reminders
despite contacting the app developer which excluded 5, 11, and
8 apps, respectively. These were replaced by the next 34
highest-ranking adherence apps so that ultimately 100 unique
apps were tested and given a user-tested score. The median
overall user-tested score was 31.5 and ranged from 0 to 60 (max
possible: 73). When compared with initial scores, 32% (46/144)
of app scores decreased and 68% (98/144) of scores increased
following user testing. Select features from each domain along
with their frequencies can be found in Table 1. The overall
user-tested score for the domains listed below can be found in
Table 2. Table 3 reports the attribute scores of the 13 highest
ranked adherence apps.
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Table 1. Select adherence app feature frequencies based on user testing (max N=144).
Domain

Frequency

Featurea

n (%)
Adherence Attributes

Medication Management

Connectivity

General Features

Customizable reminders

57 (39.6)

Refill alerts

67 (46.5)

Ability to postpone reminder

71 (49.9)

Specific medication reminders

94 (65.3)

Medical social networking

18 (12.5)

Tracks missed or taken doses

88 (61.1)

Medication database

70 (48.6)

Multiple profiles

69 (46.9)

Food and drug interactions

15 (10.4)

Refill from a specific pharmacy

14 (9.7)

Export or share information

93 (64.6)

Reminders with no connectivity

82 (56.9)

Cloud storage

81 (56.3)

Patient Web portal

36 (25)

Provider Web portal

15 (10.4)

HIPAAb statement

15 (10.4)

Multiplatform

90 (62.5)

Multiple language options

30 (20.8)

Completely free

87 (60)

Password option

90 (62.5)

a

Not a comprehensive list of features assessed.

b

HIPAA: Health Insurance Portability and Accountability Act.

Table 2. Overall user-tested domain scores.
Domain

Median (range)

Max possible

Adherence Attributes

8 (0-21)

21

Medication Management

5 (0-14)

15

Connectivity

5 (0-10)

13

General Features

9 (1-16)

19

Health Literacy

36 (22-49.5)

60

(scaled score)

4 (2-5)

(5)

http://mhealth.jmir.org/2017/4/e45/

XSL• FO
RenderX

JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e45 | p.173
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

Dayer et al

Table 3. Highest-ranking adherence apps’ user-tested domain scores.
Apps

Operating system

Initial
score

User-tested Adherence
score
attributes

Medication Connectivity General
managefeatures
ment

Health User-tested Latest revilitera- score+HLa sion dateb
cy

iOSc

Ad

Max:
68

Max: 68

Max: 21

Max: 15

Max: 13

Max: 19

Max:
5

Max: 73

Medisafe

X

X

47

55

21

10

8

16

5

60

July 2015

Care4Today

X

X

35

49

17

8

10

14

4

53

May 2015

CareZone

X

X

37

47

17

8

10

12

4

51

July 2015

X

32

46

21

7

8

10

4

50

December
2013

MedPal

We

MyMeds

X

X

38

47

18

9

10

10

3

50

March
2015

CareSync

X

X

30

44

12

10

10

12

4

48

June 2015

Dosecast Premium

X

X

43

44

16

8

8

12

3

47

July 2015

Mango Health X

X

35

38

14

7

6

11

4

42

May 2015

GenieMD

X

X

35

38

8

13

7

10

3

41

January
2015

MyHealthSaverz

X

X

38

37

13

8

5

11

4

41

March
2015

41

38

10

11

7

10

3

41

December
2014

X

33

36

9

10

8

9

4

40

July 2014

X

59

36

5

11

7

15

2

40

June 2015

Pill Reminder X
by Drugs.com
eMedsMate
ZibdyHealth

X

a

HL: health literacy.

b

At the time apps were cataloged (June-July 2015).

c

iOS: Apple.

d

A: Android.

e

W: Windows.

Adherence Attributes
During user testing, 9% (13/144) of adherence apps were unable
to reliably send medication reminders although the developers’
descriptions and/or available screenshots claimed to have this
function, and thus received a 0 for their final user-tested score
in this domain.

Medication Management
The ability of adherence apps to accurately send reminders on
complex medication regimens varied greatly. It was found that
40% (58/144) of adherence apps were able to create reminders
for all three medications with complex schedules (ie,
azithromycin, alendronate, and methylnaltrexone) and 9%
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(13/144) were unable to create reminders for any of these
medications.

Connectivity
This domain has changed the most since previous medication
adherence app studies [2,6] as seen in Figure 1. The number of
adherence apps that can export or share information has grown
238% since initial analysis in 2012 (93 vs 39 apps, respectively).
Medical social networking, a feature that allows the patient to
choose caregivers or providers to actively monitor and
participate in the patient’s medication adherence, was absent in
all apps in 2012 [2], but was present in 13% (18/139) of
adherence apps in this analysis.
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Figure 1. Changes in advanced connectivity features.

General Features
Of the 57 adherence apps that had a pro or paid version, 60%
(34/57) also had a free version. In total, 60% (87/144) were
completely free. Adherence app prices ranged from free to US
$23.99/year, with the average cost being a one-time purchase
fee of US $1. Additionally, some adherence apps were free to
download, but required in-app purchases to unlock extra
features.

Health Literacy
The plain language feature had a median score of 1, which was
the lowest-scoring feature of this domain. Adherence apps were
given this score based on the number of words with greater than
three syllables (eg, medication, prescription, and interaction).
The highest-scoring features were the use of bullets and/or short
lists and having adequate white space or little clutter, which
both received a median score of 4.

Relationship Between Adherence App Evaluations and
Consumer Rating
Of the 645 adherence apps initially evaluated using developer
claims, 67% (417/645) had a consumer rating score. The mean
consumer rating was 3.54 (SD 1.14) with a minimum rating of
1 and a maximum rating of 5. The total score based on
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developers’ claims was positively and moderately related to
consumer ratings (Table 4; r=.2399, P<.001). All domains were
significantly positively correlated with consumer ratings, but
only the General Features domain had a correlation of at least
0.20.
The majority of the 144 adherence apps that underwent user
testing had a consumer rating score. The mean consumer rating
was 3.93 (SD 0.84). The total user-tested score was positively
and almost moderately correlated with consumer ratings (Table
4; r=.1969, P=.04). Only the Connectivity domain score was
significantly and moderately correlated with consumer ratings,
whereas the small correlation with the General Features domain
score trended toward significance (P=.05). The HL domain
score was significant and negatively correlated with consumer
ratings (r=−.1942, P=.04).
Because the General Features domain based on user testing and
developer claims were positively related to consumer reviews,
ordinary least square regressions were estimated between the
individual items within the General Features domain and the
other domain total scores. The model explained 33% of the
variability in consumer ratings of the adherence apps user tested
(data not shown). Only one item of the General Features domain,
whether the app was free or not, was significantly and positively
related to consumer rating (beta=.43, P<.001).
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Table 4. Pearson correlation coefficients between consumer ratings and adherence app evaluations based on developers claims and user testing.
Domains

Developers claims

User testing

N=417

N=144

Adherence Attributes

0.1631 (P<.001)

0.0569 (P=.55)

Medication Management

0.1302 (P<.001)

0.1488 (P=.12)

Connectivity

0.1275 (P<.001)

0.2362 (P=.01)

General Features

0.2575 (P<.001)

0.1845 (P=.05)

Health Literacy

N/Aa

−0.1942 (P=.04)

Total score

0.2399 (P<.001)

0.1969 (P=.04)

a

N/A: not applicable.

Discussion
Principal Findings
There has been a 515% increase in the number of recorded
adherence apps since 2012 (160 in 2012 vs 824 in 2015; Figure
2) [2]. The Windows platform, which was added to our analysis
in 2015, had 105 adherence apps. This search revealed that 83
of the adherence apps recorded from the summer of 2014 could
not be found in 2015. There continues to be extreme variability
in the quality and functionality of adherence apps which could
decrease the likelihood of consumers finding the best adherence
app on their first attempt. Thus, resources that compare and
contrast adherence apps for patients and providers (ie,
medappfinder.com) could help in determining specific, desired
features and help locate the highest-ranking adherence apps
containing those selected features (Multimedia Appendices 1-3).
Providers should be familiar with several quality adherence
apps to recommend to patients as an additional tool for patients
to use in addressing medication nonadherence.
Data on the effectiveness of adherence app medication reminder
systems for a variety of disease states or specific populations
are sparse, and the overall effectiveness of adherence apps for
patients with chronic conditions is still unknown [12,22-26].
Therefore, there is a continued need for randomized controlled
trials using rigorous research methodologies to establish an
evidence-base for effective medication adherence apps.
The positive small to modest correlations between consumer
ratings and our methods used to assess adherence apps provide
some evidence of the validity of our approach in evaluating
adherence apps. We expected to find modest correlations
between our ratings and consumer ratings and these were
observed empirically in our assessment based on developer’s
claims and were almost of moderate strength for (r=.1969) user
testing total scores. Not surprisingly, the General Features
domain which assesses the frequency of updates, charges,
advertisements, and photos was most strongly correlated with
consumer reviews and the strongest individual item associated
with consumer reviews was whether or not the adherence app
was free of charge. Because there were many more apps with
initial scores based on claims (n=417) compared with those with
user-testing scores (n=144), the correlations for the user-tested
scores bordered on significance while even small correlations
for initial scores based on claims were significant. For some of
http://mhealth.jmir.org/2017/4/e45/
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the domain scores, we only found small correlations (r<.20),
which was lower than anticipated. This may be due to low
reliability of consumer ratings described below, possible
reliability or validity issues with our approach in assessing the
domains, or fundamental differences in how consumers and
clinician perceive medication app quality.
However, the small yet significant negative correlation between
our HL assessment and consumer ratings suggests our
assessment of HL may need refinement. This disparity requires
further investigation. It is possible that the consumer ratings
may be measured with error, or perhaps the findings reflect a
selection bias of persons who download and take the time to
rate and write reviews of adherence apps. Such individuals by
virtue of owning a smartphone and downloading the adherence
app may have higher educational attainment and higher levels
of HL. Consequently, they may be more likely to prefer more
sophisticated language and displays than those recommended
by IOM best practices, which address the needs of individuals
with low HL. In our approach to assessing HL aspects of
adherence apps, we adapted the IOM’s recommendations for
designing health literate mobile apps into a scored scale that
was used to evaluate each user-tested adherence app [19]. The
scale was applied by two independent evaluators to assess HL
and to increase the reliability of our approach. Such selection
bias, if present, would result in poorer consumer ratings for
adherence apps with simpler designs and features. Alternatively,
the consumer rating scores may also not be reliably and validly
recorded. Consumer reviews are the mean scores of individual
reviews and some apps are reviewed by nearly 100,000 persons
and others by less than 5 persons. Further complicating the
interpretation of consumer reviews, Android adherence apps
include reviews from all app versions, and thus, the reviews
incorporate assessments of earlier app versions that may have
since been updated and improved. Conversely, iOS adherence
app reviews can be limited to the most recent version of the
product. To mitigate this discrepancy between platforms,
investigators recorded reviews from the iTunes marketplace
using the “all versions” option. Considering that updating an
adherence app does not guarantee an improvement in the overall
product, these differences in reporting of consumer reviews in
Web-based marketplaces complicates the analysis.
The top three highest-ranking adherence apps were updated
within 1-3 months of data collection. This suggests how these
adherence apps (ie, Medisafe, Care4Today, and CareZone) have
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(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
kept their services well-run and efficient. These apps are also
available on multiple OS’s which adds to their convenience. A
new OS, Windows, was included and analyzed for this study
and two adherence apps with this system were highly ranked
initially (ie, eMedsMate and ZibdyHealth); however, after user
testing, ZibdyHealth’s score dropped due to their Adherence
Attributes domain which demonstrates the importance of the
user testing portion of this project.
Recent advancement in adherence app connectivity features has
increased 238% since our initial evaluation of the app
marketplace in 2012 [2]. Medical social networking and the
real-time adherence monitoring for both patients and providers
are the two features in which notable advancement has been
observed since our initial work, particularly among the more
advanced adherence apps. Medical social networking allows
the patient to choose caregivers or providers to be in their

Dayer et al
network and receive notifications if the patient misses a dose
of their medication. This is especially helpful for the forgetful
patient. Real-time adherence monitoring can generate
encouraging adherence reports for patients, or be used by
providers when assessing the patient’s response to medications
during clinic visits. Other adherence app technologies that could
be promising involve increasing interactivity of the app by
offering rewards for desired behaviors with the ultimate goal
of promoting habit formation [23,27,28]. This “gamification”
and rewards strategy has been used successfully by apps in the
mHealth sector for fitness, smoking cessation, and adolescent
diabetes self-management [23,24,27,29-32]. Of course, these
improvements in connectivity may improve user satisfaction or
the value they place on the adherence app, but demonstrating
that these advancements in functionality specifically improve
medication adherence or patient outcomes will take considerable
study.

Figure 2. Changes in the online marketplaces.

Limitations
The following limitations should be considered when
interpreting the findings presented herein. As briefly discussed
above, consumer ratings introduce potential selection bias,
specifically when evaluating how “health-literate” an app is.
Such potential is possible, because the demographics and other
characteristics of consumers who rate and review adherence
apps are unknown. Thus, it is not known if the raters are
representative of users who may need adherence apps the most,
namely those with poor health outcomes, often related to low
HL. Second, the IOM recommendations for designing HL into
mobile apps, which were used as rating criteria in this project
http://mhealth.jmir.org/2017/4/e45/
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to assess how “health-literate” the adherence apps are, were
only promulgated in 2014. Therefore, it is unknown whether
developers are fully aware of these recommendations or the
extent to which they have purposefully tried to implement them
into their adherence app designs. Although our rating system
assesses the inclusion of features consistent with the IOM
recommendations, it does not capture when these features were
added or how well they address the IOM recommendations.
Finally, the attributes and scoring approach reflect the health
care provider and research perspectives and not necessarily the
consumer or patient perspective. Our ratings, however, were
positively correlated with consumer reviews suggesting that our
ratings, at least in part, may also be useful to end users.
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Conclusions
Medication
nonadherence,
particularly
unintentional
nonadherence, continues to complicate the management of those
with chronic illnesses. With ongoing proliferation of
smartphones and mobile technology, the adherence app
marketplace continues to rapidly expand. Past analyses of
desirable attributes of adherence apps from a health care

Dayer et al
provider vantage point correlate with unsolicited consumer
reviews of the apps. Although consumer-provided reviews of
adherence apps provide an indirect method to assess the patient
or caregiver perspective of adherence apps, they do not correlate
with standardized health care provider assessments of the “HL”
of such apps. Future studies are needed to improve the external
validity of the HL assessments of adherence apps.
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Abstract
Background: To facilitate decision-making capacity between options of care under real-life service conditions, clinical trials
must be pragmatic to evaluate mobile health (mHealth) interventions under the variable conditions of health care settings with a
wide range of participants. The mHealth interventions require changes in the behavior of patients and providers, creating
considerable complexity and ambiguity related to causal chains. Process evaluations of the implementation are necessary to shed
light on the range of unanticipated effects an intervention may have, what the active ingredients in everyday practice are, how
they exert their effect, and how these may vary among recipients or between sites.
Objective: Building on the CONSORT-EHEALTH (Consolidated Standards of Reporting Trials of Electronic and Mobile
HEalth Applications and onLine TeleHealth) statement and participatory evaluation theory, we present a framework for the
process evaluations for mHealth interventions in multiple cultural settings. We also describe the application of this evaluation
framework to the implementation of DREAM-GLOBAL (Diagnosing hypertension—Engaging Action and Management in
Getting Lower BP in Indigenous and LMIC [low- and middle-income countries]), a pragmatic randomized controlled trial (RCT),
and mHealth intervention designed to improve hypertension management in low-resource environments. We describe the evaluation
questions and the data collection processes developed by us.
Methods: Our literature review revealed that there is a significant knowledge gap related to the development of a process
evaluation framework for mHealth interventions. We used community-based participatory research (CBPR) methods and formative
research data to develop a process evaluation framework nested within a pragmatic RCT.
Results: Four human organizational levels of participants impacted by the mHealth intervention were identified that included
patients, providers, community and organizations actors, and health systems and settings. These four levels represent evaluation
domains and became the core focus of the evaluation. In addition, primary implementation themes to explore in each of the
domains were identified as follows: (1) the major active components of the intervention, (2) technology of the intervention, (3)
cultural congruence, (4) task shifting, and (5) unintended consequences. Using the four organizational domains and their interaction
with primary implementation themes, we developed detailed evaluation research questions and identified the data or information
sources to best answer our questions.
Conclusions: Using DREAM-GLOBAL to illustrate our approach, we succeeded in developing an uncomplicated process
evaluation framework for mHealth interventions that provide key information to stakeholders, which can optimize implementation
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of a pragmatic trial as well as inform scale up. The human organizational level domains used to focus the primary implementation
themes in the DREAM-GLOBAL process evaluation framework are sufficiently supported in our research, and the literature and
can serve as a valuable tool for other mHealth process evaluations.
Trial Registration: ClinicalTrials.gov NCT02111226; https://clinicaltrials.gov/ct2/show/NCT02111226 (Archived by WebCite
at http://www.webcitation.org/6oxfHXege)
(JMIR Mhealth Uhealth 2017;5(4):e47) doi:10.2196/mhealth.7044
KEYWORDS
mobile health; health care texting; SMS; protocol; process evaluation; process assessment (health care); health services, Indigenous;
Tanzania; community-based participatory research; DREAM-GLOBAL

Introduction
Pragmatic RCTs and mHealth Interventions
Explanatory randomized controlled trials (RCTs) are the gold
standard for measuring efficacy, the cause and effect relationship
in treatment intervention research in medicine, and are
instrumental in providing evidence for Clinical Practice
Guidelines (CPGs). A key requirement of explanatory RCTs is
the stringent standardization of the tested intervention, which
(while challenging) is realistic; for example, in pharmaceutical
trials that occur in clinical settings where a single variable can
be reasonably well controlled. Standardization in explanatory
RCTs removes bias and thus results in substantial rigor and
strong internal validity; however, in contrast, external validity
(ie, the applicability in diverse clinical settings) is often
compromised and consequently applying RCT results to
populations outside the study’s scope can be problematic [1,2].
Health care interventions are typically difficult to standardize
because they are complex with long, nonlinear implementation
chains that may have unexpected outcomes in disparate settings.
Similarly, mobile health (mHealth) interventions usually contain
multiple active components that may require changes in the
behavior of patients and providers. These behaviors in turn are
driven by numerous social, cultural, and environmental factors,
thus creating considerable complexity and even ambiguity
related to causal chains [3,4]. Therefore, a shortcoming of the
robust explanatory RCT methodology is that this approach often
falls short of providing answers needed in mHealth interventions
and everyday clinical care practice [5]. To facilitate the
decision-making capacity between options of care under real-life
service conditions, clinical trials must be pragmatic to evaluate
an intervention under the variable conditions of health care
settings with a wide range of participants [6].

Evaluating and Reporting Pragmatic RCTs of mHealth
Interventions
To be truly useful for decision making, pragmatic trials require
detailed and standardized reporting with sufficient transparency
to communicate what works and what does not work for whom
and under what circumstances. The prevailing international
standard for reporting trials in general is the CONSORT
statement [7], which has been expanded by Zwarenstein and
colleagues [6] to reflect the complexity of issues that may impact
on pragmatic trials. For Web-based and mHealth interventions,
Eysenbach and colleagues have called for further expansion of
reporting
requirements.
They
developed
the
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CONSORT-EHEALTH (Consolidated Standards of Reporting
Trials of Electronic and Mobile HEalth Applications and onLine
TeleHealth) statement to ensure reporting of sufficient detail
for replication and theory building specifically to eHealth [8].
The reporting standards are designed to provide important
guidance for reporting trials in general, but they do not
distinguish specific elements that should be researched during
the process of implementation and juxtaposed with outcome
research at the end of the trial.
Although the key research outcome of a complex intervention
focuses on the effectiveness of the intervention in everyday
practice, the process evaluation in contrast assesses how closely
the intervention was actually implemented as intended in the
study protocol. Process evaluation data explain why a study
unexpectedly did not achieve anticipated outcomes or if achieved
outcomes are truly a consequence of the intervention. Process
evaluations therefore help to distinguish between the reasons
for lack of outcome as follows: (1) a consequence of either
implementation failure or (2) the failure of the intervention
itself. In multisetting studies, the process evaluation also
facilitates an examination of differences in outcome and
documents program adaptations at various sites. Process
evaluations shed light on the range of unanticipated effects an
intervention may have, what the active ingredients in everyday
practice are, how they exert their effect, and how these may
vary among recipients or between sites [9].

Investigating Implementation Factors in Multisetting
RCTs
Although standardized reporting of pragmatic trials is crucial
to our understanding of how and why complex interventions
work, a difficulty related to good reporting is that neither all
the active components nor implementation barriers are known
before the start of a trial; instead issues are often discovered
during the implementation process and may vary between
settings, thus requiring an emergent rather than predetermined
study of implementation. Consequently, a key opportunity for
the discovery and description of the unanticipated active
components is the process evaluation. We argue that
standardized reporting frameworks for pragmatic RCTs must
allow for flexibility to permit investigators to explore emergent
processes, once work on the trial has commenced, to ensure
rigorous documentation of the evolving and capricious aspects
of implementation. Therefore, a process evaluation plan that
systematically seeks to document not only the standardized
implementation items but also the emergent aspects of
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implementation must be a critical piece in the documentation
of pragmatic trials, particularly when diverse cultural settings
are involved.
Recommendations for the design of process evaluations of
complex interventions have been published [9-12]. We maintain,
however, that little work has focused on developing theoretical
approaches that would help researchers to reduce the complexity
of the process evaluation by focusing on those functional
components that are most relevant to community stakeholders
as well as researchers in mHealth interventions.
Although there can be no single definition of what elements
comprise the process evaluation of the implementation of
mHealth interventions, we deconstruct the functional
components that are most significant to researchers, policy
makers and implementation science in this study. Building on
the CONSORT-EHEALTH statement and participatory
evaluation theory, we present a framework for the process
evaluations for mHealth interventions focusing on active
components of the intervention in multiple cultural settings. We
also describe the application of this evaluation framework to
the implementation of DREAM-GLOBAL (Diagnosing
hypertension—Engaging Action and Management in Getting
Lower BP in Indigenous and LMIC [low- and middle- income
countries]), a pragmatic RCT and mHealth intervention designed
to improve hypertension management in low-resource
environments. In addition, we describe data collection tools and
processes that were developed to collect the process evaluation
data necessary to inform implementation of the pragmatic RCT
and to inform future scale up of DREAM-GLOBAL in various
geographic and cultural settings.

Methods
The DREAM-GLOBAL RCT
DREAM-GLOBAL is a pragmatic RCT that can be described
as a complex mHealth intervention. It is a research project
designed to increase the capacity for affordable, evidence-based,
guidelines-driven hypertension management interventions at
the patient, provider, and community level by leveraging existing
mobile telecommunication technology and task shifting (findings
by Yeates K et al, unpublished data, 2016). This study was
funded by The Canadian Institutes of Health Research, Grand
Challenges Canada, and by the Global Alliance for Chronic
Diseases and involves diverse cultural and geographic settings,
including Indigenous communities in Canada and the
Kilimanjaro region of Tanzania.
The DREAM-GLOBAL mobile technology consisted of health
care short messaging services (SMS) texting to support patient
hypertension self-management and to facilitate decision support
for health care providers. The program theory was informed by
the Canadian Hypertension Education Program CPGs drawing
on evidence for the prevention of high Blood Pressure (BP)
through dietary sodium restriction, BP measurement, education
interventions for health care providers and patients,
inter-professional care, health systems, and interventions such
as automated reminder systems [13,14].
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Specifically, the DREAM-GLOBAL RCT was designed to test
the effectiveness of mobile phone–based SMS feedback to
patients and providers tailored to patients’ BP measurements
using artificial intelligence. Briefly, in this intervention,
nonmedical workers used Bluetooth-enabled BP monitors to
record and transmit BP readings from patients with hypertension.
Mobile phones were used for storing and transmitting the patient
roster and BP readings to a server. The server then sent text
messages to the participating patients with their individual
results. Study participants were randomized into two groups:
one group received a set of cardiovascular health promotion
messages and the second group received the same set of
messages and additional “active” messages that support
self-management by indicating requirement for attendance at
medical appointments, rationale for drug therapy, and adherence
to medication regimes, and messages directly reflective of their
blood pressure readings. In addition, DREAM-GLOBAL closed
the loop for sharing of clinical health information among health
care providers.

The DREAM-GLOBAL Constructivist Approach to
the Process Evaluation
Our review of the RCT reporting and process evaluation
literature revealed that there is a significant knowledge gap
related to the development of a process evaluation framework
that can accommodate the values of community-based
participatory research (CBPR) and the importance of
acknowledging diverse cultural perspectives and settings. We
used a medical anthropology approach to develop a framework
reflective of participatory evaluation theory and specifically
focused on meeting the information needs of academic and
community stakeholders for mHealth interventions in diverse
settings. The process evaluation framework was informed by
the following 3 main factors:
1.

2.

3.

A review of current process evaluation theories applied to
complex interventions and established RCT reporting
requirements;
Formative DREAM-GLOBAL CBPR in diverse cultural
settings, including ethnographic notes, research engagement
and implementation research notes, and reflective discussion
sessions with research and community teams collected
during formative research. This data represents a substantial
set of qualitative data collected over the period of 1.5 years
[15,16];
mHealth-specific topics within the context of international,
culturally, and geographically diverse low-resource settings
[17].

Current Process Evaluation Theories
Various approaches to the evaluation of complex interventions
have been described in the literature. Bamberger and colleagues
stressed that no single methodology can address all dimensions
of complexity and that a careful mapping of complexity
dimensions is necessary to design an evaluation [18,19]. They
offered a conceptual framework of 5 sources of complexity in
the evaluation of interventions as follows: (1) the nature of the
program (what does the intervention look like), (2) the context
within which the program is embedded, (3) the interactions
among the different stakeholders and agencies involved in the
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program,(4) the nature of processes of change and causality
(how does the program effect change in society and how can
change be captured), and (5) the nature of the evaluation process
(how to deal with divergent stakeholder interests and incentives,
data availability, resources, etc) [20].
In contrast, Damschroder and coworkers conducted a review
of the literature and identified 5 major domains for the
evaluation of implementation: intervention characteristics, outer
setting, inner setting, characteristics of the individuals involved,
and the process of implementation. The respective domains are
further broken down into a total of 37 subcategories such as
cost, policies, implementation climate, stage of change, and
engagement [21].
Realist evaluation approaches have also been applied to process
evaluations of complex interventions [22]. The realist evaluation
questions include: “What works, for whom, in what respects,
to what extent, in what contexts, and how?” To answer these
questions, realist evaluators tried to identify the underlying
mechanisms that explain how the outcomes were caused and
the influence of context on the intervention [23]. Although the
main realist evaluation questions can be adapted to various
projects, there is a lack of consensus and consistency in defining
the major domains of “mechanism” and “context.” This limited
its utility in the development of a concise framework for process
evaluations aimed at mHealth interventions, particularly when
sources of complexity include culturally and geographically
diverse low-resource sites, such as the DREAM-GLOBAL trial
[24].
The Medical Research Council’s (MRC) guidance report is a
framework for process evaluation of complex interventions and
builds on the 2008 MRC guidance document for complex
interventions, which recognized the importance of process
evaluation within trials [11,12]. It builds on three concepts for
a process evaluation design namely the description of the
intervention, the mechanisms, and the context. These concepts
align with realist evaluation theory, although the authors do not
recommend specific evaluation theories or approaches. The
authors argue for clear descriptions of intervention theory and
identification of key implementation process questions and
tailoring of the evaluation to the intervention.
While all these frameworks will result in the documentation of
important aspects of a process evaluation, there are also serious
limitations. For example, although these approaches advocate
to examine the setting of the intervention, it is not clear which
aspects of the setting evaluators should be focused on. Another
limitation specifically associated with realist evaluation
approaches is that realist philosophy presupposes that “reality
can be experienced and shared by everyone in precisely the
same way” [25]. However, in a multicultural context, there is
often little knowledge and experience that is shared between
the researchers and those who interact with the intervention. It
is precisely the lack of a shared culture that makes
implementation particularly difficult to predict, unless the
differences in how the intervention is experienced in various
cultural settings are acknowledged and actively researched. We
argue that it is particularly important when dealing with
evaluations in multiple cultural settings to use a constructivist
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approach which acknowledges the knowledge and experience
constructed by the individuals and societies. Participatory
evaluation theory provides an excellent framework, as this
approach incorporates the perspective and lived experience of
local stakeholder in all aspects of evaluation. The participatory
evaluation approach includes a community-based discovery
process of implementation issues that integrates local knowledge
and is essential to the development of a good evaluation
framework for health interventions designed to work in diverse
settings.
We argue that given the complexity of mHealth interventions
and the multiple cultural settings of trials such as
DREAM-GLOBAL, it would be naive for an evaluator to
identify a priori the most important active components of the
intervention and related evaluation research questions. Local
knowledge and expertise of community stakeholders is urgently
needed not only for successful implementation of
DREAM-GLOBAL but also to understand implementation
barriers and required adaptations. We therefore intentionally
moved away from notions of the detached objectivity of a
positivistic oriented evaluation which would marginalize local
knowledge and emergent understandings. Instead of applying
a constructivist evaluation approach, the research team entered
the development of the process evaluation as “learners, not
claiming to know preordinately what is salient” [26]. The
collaborative process, characteristic of constructivist inquiry
supported a discovery process informed by dialogue, negotiation,
and verification with stakeholders to identify the most relevant
evaluation domains related to implementation [26].

Formative Community-Based Participatory Research
CBPR has been defined as “a collaborative research approach
that is designed to ensure and establish structures for
participation by communities affected by the issue being studied,
representatives of organizations, and researchers in all aspects
of the research process to improve health and well-being through
taking action, including social change” [27]. CBPR principles
have been incorporated into DREAM-GLOBAL. During
formative CBPR research for this project, we developed an
information gathering and dialogue tool, consisting of the
following 3 phases: (1) a community profile tool, (2) an
interview guide to facilitate the discussion of strategic topics
related to implementation with key stakeholders in the
community, and (3) a focus group guide to lead a dialogue on
community-specific issues related to the intervention. The
methodology has been previously published [15]. A thematic
analysis of this qualitative data as well as participant observation
data from community visits and team meetings provided initial
process evaluation domains and evaluation research questions.
We then further compared and contrasted our formative data
with the evaluation literature, specifically the MRC guidelines
[12] and CONSORT-EHEALTH extension. We ensured that
the basic process evaluation domains would address the most
important research questions that are meaningful and of
immediate importance to community and policy maker
stakeholders.
The finalization of the process evaluation domains was
facilitated by monthly team discussions and several evaluation
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e47 | p.184
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meetings over the period of 12 months where the literature,
formative research evidence, ethnographic notes, and stakeholder
discussion notes were analyzed, and eventually consensus was
reached on the most significant process evaluation domains.

Integration of the Process Evaluation Research Into
the DREAM-GLOBAL Trial
The pragmatic trial is designed to test the program theory of
DREAM-GLOBAL—to facilitate the control of BP in
low-resource environments through evidence-based text
messaging, targeting patients, and enabling feedback to health
care providers. The formative research was designed to generate
technological, cultural, social, and health systems data to
determine feasibility and, if necessary, plan for tailoring the
implementation for each DREAM-GLOBAL site [15,16]. The
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process evaluation protocol was nested within the pragmatic
trial and followed the formative research before implementation
of the trial and preceded outcome research (see Figure 1). The
purpose of the process evaluation was primarily to evaluate the
process of implementation of the trial; however, it will also
generate information that will be valuable for potential posttrial
scale up of DREAM-GLOBAL. The objectives of the process
evaluation were to examine (1) what was delivered, including
the quality (fidelity) and quantity (dose); (2) how delivery of
the intervention was achieved; as well as (3) how the mHealth
intervention required adaptations or innovations within the
context of international, culturally, and geographically diverse
low-resource settings [28] and 4) any unanticipated outcomes
[12].

Figure 1. DREAM-GLOBAL process evaluation relationship to formative research and trial research (I-RREACH, Intervention and Research Readiness
Engagement and Assessment of Community Health Care).

Ethics
The study involved Indigenous people and is built foremost on
strong commitment to respectful, CBPR with First Nations
communities as partners in research as outlined in the
Tri-Council Policy Statement (TCPS 2) [29]. We therefore
sought academic ethics review as well as community-based
First Nations ethics review for the clinical trial as well as the
process evaluation research. Furthermore, the research team
also sought formal approval and permission for
DREAM-GLOBAL implementation from First Nations decision
makers in each of the participating communities after local,
in-person presentations. Academic ethics approvals include the
following: (1) Queen’s University Health Sciences and Affiliated
Teaching Hospitals Research Ethics Board, Kingston, Ontario
(DMED-1603-13); (2) Sunnybrook Health Sciences Centre
Research Ethics Board, Toronto, Ontario, (#182-2013) and (3)
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the National Institute for Medical Research Tanzania
(NIMR/HQ/R.8a/Vol.IX/1698). Community-based ethics review
in First Nations communities included The Cree Board of Health
and Social Services of James Bay, Ontario and Manitoulin
Anishinaabek Research Review Committee (MARRC), Ontario.
The study was also formally approved by decision-making
bodies in all participating communities through Band Council
Resolutions in participating First Nations.

Trial Status
The implementation of the RCT (ClinicalTrials.gov registration:
NCT02111226. 2014) is currently ongoing and is expected to
be completed by December 2017. The data analysis had not
begun at the time of submission of this protocol.
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Results

four levels correspond with the organizational evaluation
domains (see Textbox 1).

Organizational Levels of the Process Evaluation

These four organizational levels critically impact on the primary
outcome of the mHealth intervention, that is, improvements in
BP. The process evaluation framework therefore examines
implementation from each of these four organizational
perspectives.

Four human organizational levels of participants impacted by
the mHealth intervention were identified in our analysis and
included patients, providers, community and organizations
actors, and health systems and settings (see Figure 2). These
Textbox 1. Human organizational levels.
•

Patient participants comprise the primary target population of the intervention, in this case people with hypertension are enrolled in the study.

•

Provider participants are care and service providers whose work is to some degree altered by the intervention.

•

Community and organization members are people whose immediate social environment impacts on the intervention, for example, those who
permit the implementation or approve changes in work flow. They may also be decision makers.

•

Health system and setting members are people or structures that impact on the implementation at a systems level, such as local and district level
decision makers and National health policy makers.

Figure 2. Major factors that interact with the DREAM-GLOBAL mHealth intervention.

Primary Implementation Themes in the Process
Evaluation
We thematically reanalyzed qualitative data collected during
the formative research and found four primary implementation
themes that interact with the four organizational domains
described above. The primary implementation themes for each
of the organizational domains were (1) identification of the
major active component of the intervention (or program theory),
(2) the technology of the intervention, (3) cultural congruence,
and (4) task shifting. In addition, participant observation research
and ongoing collaboration meetings with community
stakeholders helped to identify emergent issues and the
importance of these issues. We therefore learned the importance
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of documenting unintended consequences, which became our
fifth primary implementation theme.

Development of Evaluation Questions
The interaction between the organizational levels and the
primary implementation themes will be explored in this process
evaluation. Using the four organizational domains and their
interaction with the primary implementation themes, we
developed detailed evaluation research questions and the
identified data or information sources that we concluded would
best answer our questions. The evaluation questions and data
sources are presented in Multimedia Appendix 1.
For example, one issue identified as a primary implementation
theme in our formative work was the notion of task shifting.
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Task shifting in health care is a process where specific tasks are
delegated to health care workers who have fewer qualifications
but have received competency training [30]. In
DREAM-GLOBAL, the task of measuring BP is shifted from
a medical to a nonmedical worker. Applying this implementation
theme to the four domains of our framework, we developed
queries to explore the impact of task shifting on each of the four
human organizational levels:
1.
2.

3.
4.

Patients have to be comfortable with the task shifting.
Nonmedical providers should be confident and willing to
take on this new task, and medical providers should be
confident on the nonmedical providers to accept that
measurements are accurate, in order to act on them
The organizational decision makers have to be in a position
where they can assign the new tasks.
Health system decision makers must support the shift
instead of posing barriers (eg, funding or licensing issues).

Discussion
Principal Findings
The DREAM-GLOBAL RCT constitutes a complex mHealth
intervention because it is designed to affect change in the
behavior of patients, providers, and local systems in order to
achieve the primary outcome: lowering BP through management
according to CPG. The DREAM-GLOBAL RCT intervenes at
multiple points in the care normally provided to patients with
hypertension. It combines a chronic care management approach
with medical task shifting to community health resource and
community health workers in order to ensure hypertension care
is delivered according to CPGs, even in low-resource
environments such as Indigenous communities in Canada and
Tanzania.
Given the complexity of the program, extensive formative
research was necessary to understand the local health care
system before initiating program implementation. This was
necessary for the program to be adapted to patients and providers
in diverse cultural contexts and health systems [15]. However,
we also realized that some adaptations to optimize integration
with existing health services and to minimize undue increased
workload and systemic barriers could not be anticipated before
implementation and that required an openness to flexibility
during the process of implementation. In line with Bumbarger
and Perkins [28], we wanted to document the unanticipated
issues and distinguish between “innovation” (skilled
implementers actively attempting to make an intervention better
fit their population or setting) and “drift” (unintentional
shortcomings arising from barriers to full implementation) [12].
The research team anticipated the possibility of emerging
elements that should be examined in a process that may not
have been obvious during implementation planning. The
research team preplanned a discovery process through formative
and CBPR.
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Applicability of the DREAM-GLOBAL Framework
to Other mHealth Interventions
The DREAM-GLOBAL pragmatic trial involves several
interacting components targeting changes in the patient,
provider, health organizations, and health systems, which makes
it a complex intervention. This is arguably true for almost all
mHealth interventions, and our proposed framework based on
human organizational level domains is therefore a useful and a
clearly focused framework for process evaluations of complex
mHealth interventions.
Our framework chart identified several primary implementation
themes related to the intervention that we claim to be explored
in process evaluations of mHealth interventions:
Major active components of the intervention: Craig and
colleagues discussed for the importance of describing and
evaluating how the intervention works by clearly describing
how the active ingredients exert their effect. “Only by addressing
this kind of question can we build a cumulative understanding
of causal mechanisms, design more effective interventions and
apply them appropriately across group and setting [10].” We
believe that it is necessary to explore active components from
the perspective of the four human organizational levels of
patients, providers, organizations, and systems.
Technology: Technology is by definition the most integral
component of any mHealth intervention and therefore requires
close scrutiny in process evaluation at different organizational
levels.
Cultural congruence: The importance of the significant
additional complexity introduced with the inclusion of diverse
cultural settings of implementation has been stressed in the
literature [9,11]. With increasing cultural diversity within many
regions of the world due to human migration as well as the
application of interventions in various settings, a focus on the
important role of cultural factors and the arising need for
adaptation for cultural congruence is an important emergent
area of study of mHealth interventions.
Task shifting: Task shifting is one way to expand the health
work force in low-resource countries, and it is a necessary
component of mHealth when the interventions require new ways
for providers to interact with patients.
Unintended consequences: Many teams have underscored the
need for process evaluations to capture unintended consequences
and the importance of using a variety of methods to describe
these in detail [10,11,31].
Clearly, the primary implementation themes of
DREAM-GLOBAL are strongly supported in the literature,
which underscores their relevance to process evaluations of
mHealth interventions, in general. When the framework is
applied to interventions other than DREAM-GLOBAL,
additional primary implementation themes could be added by
researchers once identified, and added to the framework chart.
Evaluation questions within the framework chart should be
adapted for each intervention.
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Implications for mHealth Interventions in Diverse
Cultural Settings
The DREAM-GLOBAL process evaluation protocol provides
a framework to document how this intervention was
implemented in various Indigenous communities in Canada and
rural villages in Tanzania; and if the same intervention was
implemented and received in similar ways in different
communities or not. Our framework has several strengths related
to work in diverse cultural settings.
First, this framework allows for exploration of emergent topics
and verification with multiple stakeholder perspectives instead
of imposing a rigid linear framework that would have put us at
risk of not identifying and analyzing key unanticipated
implementation factors. The four human organizational levels
(patients, providers, community and organizations, and health
systems and settings) can be applied to other mHealth
interventions to guide the development of the most salient
evaluation research questions. Although implementation themes
may vary slightly in other mHealth interventions, following our
approach will help to identify the relevant implementation
themes.
Second, our collaborative social constructivist I-RREACH
approach allowed us to tap into the tacit knowledge of
stakeholders by collecting qualitative data through field notes
and extensive dialogue and negotiation. Community stakeholders
and providers have tacit local knowledge which can support,
strengthen and optimize the intervention in the local context;
academic team members on the other hand have technical
expertise to ensure that essential elements of an intervention
are preserved in various settings [15].
Third, CBPR—the research approach employed for
DREAM-GLOBAL—is an excellent epistemological fit with
a social constructivist evaluation approach. Clearly, CBPR
shares the orientation of social constructivist evaluation in that
it incorporates and legitimizes multiple value systems,
perspectives, and stakeholders and emphasizes the role of
dialogue and negotiation and their link to action and
improvements. Therefore, as part of the study implementation,
the community was involved in shaping how the research would
be implemented to provide the maximal benefit for the
community and these processes were critically important for
the successes of the study.
Fourth, the process evaluation is intended to support the succinct
reporting of the DREAM-GLOBAL RCT according to the
CONSORT-EHEALTH.
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Finally, we found that the formative qualitative research on
community engagement and the development of the SMS
messages we conducted before implementation of
DREAM-GLOBAL [15,16] were also useful in informing the
process evaluation. The I-RREACH process was implemented
in five Indigenous communities and two rural villages in
Tanzania. A total of 135 informants participated in 12 focus
groups and 7 interviews. After the sessions were completed, 83
informants participated in an evaluation of the I-RREACH
session. During the development of culturally safe SMS
messages, a total of 45 informants from 3 Indigenous
communities and 1 community in Tanzania participated in four
focus groups. This rich formative qualitative research provided
deeper understanding of community issues related to the
implementation of a hypertension mHealth intervention in our
thematic analysis and confirmation for the emerging evaluation
domains for the process evaluation protocol.
We acknowledge that an important factor in our approach is
that it relies on a collaborative team approach which includes
local community experts and a well-functioning interdisciplinary
academic team.
Our research supports the notion that process evaluations of
complex mHealth interventions cannot be fully designed in
advance and instead should employ a framework that allows
for emergent research. When an mHealth intervention is to be
deployed in multiple cultural settings, our research suggests
that a participatory constructivist approach to the development
of the process evaluation is necessary to identify relevant
evaluation questions that incorporate local knowledge and
expertise.

Conclusions
Eysenbach and colleagues stated that the CONSORT-EHEALTH
statement is “only the first step and the guideline will be very
much a living document in an iterative and ongoing development
process” [8]. We have developed from this checklist, to identify
items that are well suited to be studied during implantation of
an mHealth intervention during the implementation using
process evaluation methodologies. We succeeded in creating
an uncomplicated approach to the development of a process
evaluation framework for mHealth interventions that provide
key information to stakeholders, which can optimize
implementation of the pragmatic trial and can be used to inform
scale up. The human organizational level domains used to focus
primary implementation themes in the DREAM-GLOBAL
process evaluation framework are sufficiently supported in our
research and literature that they can serve as a valuable tool for
other mHealth process evaluations.
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Abstract
Background: Activity trackers are widely used by adults and several models are now marketed for children.
Objective: The aims of this study were to (1) perform a content analysis of behavioral change techniques (BCTs) used by three
commercially available youth-oriented activity trackers and (2) obtain feedback describing children’s perception of these devices
and the associated websites.
Methods: A content analysis recorded the presence of 36 possible BCTs for the MovBand (MB), Sqord (SQ), and Zamzee (ZZ)
activity trackers. In addition, 16 participants (mean age 8.6 years [SD 1.6]; 50% female [8/16]) received all three trackers and
were oriented to the devices and websites. Participants were instructed to wear the trackers on 4 consecutive days and spend ≥10
min/day on each website. A cognitive interview and survey were administered when the participant returned the devices. Qualitative
data analysis was used to analyze the content of the cognitive interviews. Chi-square analyses were used to determine differences
in behavioral monitoring and social interaction features between websites.
Results: The MB, SQ, and ZZ devices or websites included 8, 15, and 14 of the possible 36 BCTs, respectively. All of the
websites had a behavioral monitoring feature (charts for tracking activity), but the percentage of participants indicating that they
“liked” those features varied by website (MB: 8/16, 50%; SQ: 6/16, 38%; ZZ: 11/16, 69%). Two websites (SQ and ZZ) included
an “avatar” that the user could create to represent themselves on the website. Participants reported that they “liked” creating and
changing their avatar (SQ: 12/16, 75%, ZZ: 15/16, 94%), which was supported by the qualitative analyses of the cognitive
interviews. Most participants (75%) indicated that they would want to wear the devices more if their friends were wearing a
tracker. No significant differences were observed between SQ and ZZ devices in regards to liking or use of social support interaction
features (P=.21 to .37).
Conclusions: The websites contained several BCTs consistent with previously identified strategies. Children “liked” the social
aspects of the websites more than the activity tracking features. Developers of commercial activity trackers for youth may benefit
from considering a theoretical perspective during the website design process.
(JMIR Mhealth Uhealth 2017;5(4):e55) doi:10.2196/mhealth.6347
KEYWORDS
child; physical activity; qualitative research
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Introduction
Background
The importance of engaging in daily physical activity (PA) to
attenuate the prevalence of preventable chronic disease is well
documented. To that end, it is recommended that children and
adolescents engage in at least 60 min of moderate-to-vigorous
intensity PA every day to maintain or improve health status [1].
However, only 42% of children aged 6-11 years meet this
recommendation [2]. To offset the rise of unhealthy trends in
youth, new strategies are continually being proposed to modify
these unhealthy behaviors.
One of the new approaches being explored is to have youth use
trackers to self-manage activity behavior. Previous studies have
been successful using pedometers as a tool to promote behavior
change [3,4]. Electronic self-monitoring devices, such as fitness
trackers, have become very popular with recent reports stating
that sales have been more than doubled since 2014 [5]. These
devices are targeted at various populations, including children.
Consumer activity trackers contain accelerometers and provide
measures of activity level to the user with the intent to increase
PA behavior. Some studies in adults have shown increases in
activity when using a device such as a pedometer or activity
tracker [6-8]. However, the capability of these devices to
improve behavior relies partially on the device’s ability to
engage users to encourage and support positive behavior change
[9,10].
Using theory to guide interventions designed to change health
behaviors in adults and youth is well-supported [11-14].
Theoretical models provide mediating variables that can be
assessed to better understand intervention success or failure and
allow the research to be replicated or modified in future
implementations. To what extent these constructs are
incorporated into activity tracker websites remains unclear. In
particular, there is a lack of research surrounding these devices
when used with children.
With the potential for consumer activity trackers to increase
PA, it is important to evaluate the behavioral change techniques
(BCTs) that are incorporated into these devices to identify how
changes (if any) are produced and how it can be improved.
BCTs can be defined as observable and replicable components
of behavior change interventions [14]. BCTs can be
implemented alone or combined to elicit a specific behavior
change in intervention areas such as PA.
Middelweerd et al [15] recently performed a content analysis
on mobile apps to promote PA in adults. However, limited
research has evaluated the presence of BCTs incorporated into
activity trackers, particularly in children. Of the PA tracking
devices that are currently marketed to children, only the Zamzee
(ZZ) has been evaluated, although the device maker conducted
this study [16]. The results of this study suggested that users of
the ZZ (54-68%) participated in more moderate to vigorous PA
than their control group counterparts (P<.001). Additional
independent research is needed to inform the community about
how well this device and others incorporate BCTs to stimulate
behavior change in this population.
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Aims of This Study
The aims of this exploratory study were to (1) perform a content
analysis to evaluate the BCTs present in three commercially
available youth-oriented activity trackers and (2) to obtain
feedback and information describing the children’s perception
of these devices and the associated websites.

Methods
Participants
Children (N=16; age 8.6 years [SD 1.6]; 50% female) were
recruited through posted flyers and word of mouth. Inclusion
criteria included age (6-11 years) and no physical or mental
disabilities that would interfere with the child’s ability to
perform PA, understand website navigation, or follow protocol
instructions. Children were recruited to reflect the elementary
school age range, which appears to be a target demographic for
the activity trackers tested in this study. The Institutional Review
Board approved this study. Written informed consent was
obtained from parents, and assent forms were read to each child
before any data collection.

Procedures
Before recruiting participants, a content analysis was completed
for each tracker and associated website to identify theory-based
BCTs. Following the content analysis, children were recruited
to participate in the free-living portion of the study. At an initial
visit, each participant was asked to simultaneously wear three
commercially available PA trackers on four consecutive days.
Children were instructed on use of the trackers, given a brief
introduction to each website’s features, and provided with
instructions on uploading activity tracker data to the websites.
Participants were instructed to spend a minimum of 10 min each
day on each of the three websites. Parents were provided a log
to record the amount of time that the child had spent on each
website. After 4 days of wear, children returned all devices and
then completed cognitive interviews. Children then completed
a survey based on awareness and perception of specific BCTs
for each website.

Physical Activity Trackers
This investigation focused on three commercially available
devices (Figure 1). The Sqord (SQ: Sqord, Inc, Durham, NC,
USA) is a wrist-worn device similar to a watch that lacks a
display. The MovBand (MB: MovBand, LLC, Brecksville, OH,
USA) is another wrist-worn device that displays the time and
“Moves” or “Steps.” Finally, the ZZ (a project of HopeLab,
Redwood City, CA, USA) is a hip-worn device that uses a
built-in clip to attach to a user’s waistband, pants pocket, or
other location. For this study, the ZZ was clipped to an elastic
strap with the device positioned over the child’s hip.
Each device used specific terms or language in the
corresponding website. Images of the home screen for each
device can be seen in Figure 2. Each device tallied points
throughout the day and upon syncing the device, points that
were accumulated since the last upload would appear for the
user to view. For the SQ, the metrics were called “activity
points” and “sqoins.” If you earned enough “sqoins,” you could
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e55 | p.193
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purchase items to put in your “backpack” (eg, clothing for
website avatar). For the ZZ, the metric was called “pointz,” and
if you accumulated enough “pointz,” you could then earn the
more valuable metric of “zamz.” Similar to the SQ, the ZZ
website had a feature where you could purchase “rewards” when
enough zamz were earned. Once the users totaled the minimum
number of zamz, they could purchase virtual and actual items
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(eg, clothing for website avatar, shoelaces); actual items would
be mailed to the users. When using the SQ and ZZ websites,
the users also had the option to express their feelings by using
“thought bubbles” (SQ) and “whamz” or “shoutz” (ZZ). The
SQ and ZZ websites also contained an avatar feature in which
the user could customize their look. The MB website tracked
activity using “moves,” steps, and miles.

Figure 1. From left to right, the MovBand (MB), Sqord (SQ), and Zamzee (ZZ) activity trackers.

Figure 2. The home pages of the MovBand (MB), Sqord (SQ), and Zamzee (ZZ) websites.

Behavior Change Techniques
In order to map each device or website onto specific BCTs for
promoting PA, we used a previously developed taxonomy for
“health and fitness” mobile phone apps [17] that have been
recently updated [15]. The taxonomy draws from a number of
health behavior theories [18], theory of reasoned action [19]
and theory of planned behavior [20], and combines similar
theoretical constructs into 16 broad categories with 93 specific
BCTs listed within the broader categories. A total of 36 specific
BCTs were included for this project, since not all techniques in
the full taxonomy applied to children and/or PA promotion.
Using our list of 36 BCTs, two researchers assessed the presence
of each BCT for each website or device (product) and noted
where this BCT was evident. After the independent content
analyses, the two researchers conferred and resolved any
discrepancies.

Cognitive Interviews and Survey
To assess the children’s ability to navigate the websites, we
used a combination of semi-structured cognitive interviews
during website navigation and structured survey responses to
gauge the comprehension of website features. The cognitive
interviews used a “talk aloud” technique where participants
navigated each device website while talking aloud about their
understanding of the display, their likes or dislikes about the
http://mhealth.jmir.org/2017/4/e55/
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format, and their understanding of how to navigate the website.
The order of which websites were presented to the child during
each interview was random. The interviews were video- and
audiotaped to provide an accurate account of each participant’s
experience. Videotaping was conducted with a digital video
camera pointing over the child’s shoulder so that the child’s
face was not seen. The audiotape from each session was
transcribed.
After the interview, participants also completed a survey to
provide feedback about specific website features and their
experience using the devices. To ensure comprehension, all
questions and response options were read out loud to all
participants and researchers marked their responses on the
survey. PA was defined for the child as, “any play, game, sport,
or exercise that gets you moving and breathing harder,” before
answering any questions.
Participants answered questions about their usage (5 questions)
and enjoyment of (4 questions) specific website features. When
asking about usage of specific features, children chose from the
options “never,” “a little,” or “a lot.” For example, one question
asking about a SQ specific feature was, “How often did you
interact with other people on the Sqord website (high fives,
squaks)?” In order to gauge the degree to which a participant
enjoyed specific features of the device, they were asked 4
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e55 | p.194
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questions for each website; “Tell us how much you liked these
features from the Sqord website: (1) Track your PA, (2) Find
out about other activities and games, (3) squaks or high fives,
and (4) Creating and changing your avatar.” Similar questions
were asked for the MB (no avatar) and ZZ website features.
Response options included, “disliked,” “okay,” “liked,” or “I
don’t know.” We also assessed the participant’s experience as
a whole, not related to a specific device, using five additional
questions.

Statistical Analyses
The degree to which each BCT was incorporated into the design
of the product was assessed by noting the number of times the
BCT category was marked for the device and/or website
(assigned 1 point for each subcategory). Also, BCTs that were
visible on the home page of the device website or on the tracker
itself (eg, display on MB) were assigned an additional point (2
points total) since they would be most visible to the users. The
points for each BCT were summed for each product to quantify
its overall presence and total scores were compared. Qualitative
data analysis was conducted using NVivo 10.0 software (QSR
International, Victoria, Australia) to identify common themes
mentioned during the cognitive interviews. The transcripts of
each cognitive interview were uploaded to NVivo, and one
researcher created specific nodes to identify common themes

Masteller et al
and categories to organize and refine the data. Direct quotes
(deidentified) were extracted from the transcriptions to represent
general themes. Responses to survey questions were analyzed
using descriptive statistics and chi-square analyses (significance
was set at P<.05). Quantitative data were analyzed using Stata
13.1 (StataCorp LP, College Station, TX, USA).

Results
Behavior Change Techniques
Of the possible 36 BCTs, the MB, SQ, and ZZ websites included
8, 15, and 14 techniques, respectively (Multimedia Appendix
1). When total points were adjusted for location on the device
and/or website, the MB, SQ, and ZZ scored 16, 23, and 44
points, respectively. Although the participants spent slightly
more time on the SQ website during the cognitive interviews,
the ZZ website scored the highest total points in regard to
presence of BCTs (Figure 3). There were constructs from the
taxonomy that were not represented by any of the devices or
their associated websites including natural consequences
(information about health consequences), repetition and
substitution (forming new habits), comparison of outcomes (to
a credible source), and antecedents (adding and removing objects
to the environment).

Figure 3. Summary data from behavioral change technique (BCT) scores adjusted for location on the device or website (points) and cognitive interviews
(% of time on each site). MB: Movband; SQ: Sqord; ZZ: Zamzee.

Website Social Support Features
Two websites (SQ and ZZ) contained several social support
features, including an avatar that the user could create to
represent themselves on the website. No significant differences
were observed in the participants’ reactions to the social support
http://mhealth.jmir.org/2017/4/e55/
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features provided by the SQ and ZZ (P=.21 to .37; Table 1).
Participants reported that they “liked” creating and changing
their avatar (SQ: 12/15, 75%; ZZ: 15/16, 94%). Approximately
17% of the cognitive interview time was in reference to the
social support features (eg, avatar, clubhouse, high fives, shoutz,
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squaks), with the avatar being the most popular feature among
the participants.
I like how you can “like” things because then it makes
me feel good when people like my stuff because it
makes me feel happy. [Girl, Age 10, ZZ website]
I like the ones (websites) where you get to do a lot of
activities. [Boy, Age 9, SQ and ZZ websites]
Additionally, the social interactions that took place on the
website were an area of interest for some of the participants.
I like finding people. And I like looking at how much
points I have and they have. [Boy, Age 6, ZZ website]
All of the websites featured BCTs associated with goals and
planning, feedback and monitoring, comparison of behavior,
and self-belief. Related to these constructs, 17% of the
interviews contained speech on self-monitoring techniques
including activity charts or points, medals, “moves” or steps or
miles, “sqoins,” “zamz,” and minutes in the “zamzone.” All of
the websites had a behavioral monitoring feature(s) (eg, charts
for tracking activity), but the percentage of participants who
indicated “liking” that feature varied by website (MB: 8/16,
50%; SQ: 6/16, 38%; ZZ: 11/16, 69%).
I really like that, um, you get rewards. That’s pretty
awesome. I like all the rewards. I like everything, but
I think they could make the challenges a bit more
clear, like of what you’re supposed to do. [Girl, Age
9, ZZ website]
It was apparent that age and maturity modified the participant’s
perceptions of the devices or websites as well as their ability to
navigate the websites on their own. Most of the participants
first navigated to a feature that was located on the home page
(MB: 16/16, 100%; SQ: 10/16, 63%; ZZ: 14/16, 88%). Many
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of the younger children were unfamiliar with using a computer
and relied on their parent for guidance. Some aspects of the
websites were unclear to a few of the participants and may have
hindered the impact of certain BCTs.
I sometimes look at the challenges but I don’t really
know what they are. [Boy, Age 7, ZZ website]
I don’t really know how to get Sqoins and so it’s
really, really confusing how to get sqoins and stuff
because, I mean, I did the exercise. [Girl, Age 10, SQ
website]
And the thing that I didn’t like about this one was that
it wasn’t clear and I still don’t know how you get
Zamz, which are like the money [Girl, Age 10, ZZ
website]
On average, 18% of the total interview time was spent on the
MB site and its features. The participants spent significantly
more time on the SQ and ZZ websites (37% and 34%,
respectively). The remaining interview time was spent between
websites or additional unrelated commentary. No social support
features were observed for the MB and when talking about the
MB website, most of the participants mentioned that they did
not find the website interesting.
This one I thought was the least interesting because
you could barely do anything. [Girl, Age 10, MB
website]
The MovBand I didn’t really like it because you
couldn’t really do anything active, you just look at it
which wasn’t really fun to me. It did have one
advantage which was seeing if you’re average or not
average. [Boy, Age 9, MB website]
That was my favorite watch, but least favorite website.
[Boy, Age 10, MB website]
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Table 1. Survey responses (percent) related to social support website features for the Sqord and Zamzee. The MovBand contained no social support
features and therefore was not included is these analyses.
Social support website feature

Sqord

Zamzee

Disliked

6

0

Okay

0

0

Liked

75

94

I don’t knowa

19

6

(squaks, high fives)

(shoutz)

Disliked

6

0

Okay

13

25

Liked

38

38

I don’t knowa

44

37

Never

50

38

A little

12

37

A lot

38

25

Avatar ( P =.21)

Social interaction ( P =.37)

Frequency of interaction with other users ( P =.34)

a

The response option “I don’t know” was not included in the chi-square analyses.

However, a few participants noted the simplicity of the site
made it easy to navigate and understand.
This was my favorite because it was kind of easy to
understand. It wasn’t confusing at all. [Boy, Age 9,
MB website]
When asked if the monitor and website “made me more
physically active,” a majority of the participants answered “yes”
(MB: 12/16, 75%; SQ: 12/16, 75%; ZZ: 15/16, 94%). When
asked about their activity level during the four days of tracker
wear, 7 of the 16 participants (44%) reported that they were
“more active than usual” and 9 of the 16 participants (56%)
claimed that their activity level was “about the same as usual.”
Participants also claimed that wearing the monitors during the
4-day study period made them spend more time on the computer
(11/16, 69%); therefore, increasing screen time during the study
period. Additionally, 69% (11/16) of users said that wearing
the monitors made them “enjoy PA more.” Finally, each
participant was asked, “If your friends were also wearing these
devices, would that make you want to wear them more or less?”
and 75% (12/16) responded that they would want to wear them
more.

Discussion
Principal Findings
The aims of this study were to (1) perform a content analysis
to evaluate the BCTs present in three commercially available
activity trackers marketed to children and (2) obtain information
on the children’s perceptions of these devices and the associated
websites using quantitative and qualitative analyses. When the
presence of BCTs was summed from each device or website
combination, all three devices exhibited less than 50% of the
highest possible score (8, 15, and 14 out of a total 36 possible
http://mhealth.jmir.org/2017/4/e55/
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BCTs). Compared with the MB, the SQ and ZZ websites are
more child-centric and also utilized more of the BCTs from the
taxonomy [11,17]. In addition, children liked the SQ and ZZ
websites more than the MB website.
The website layout and design seemed to have an effect on the
children’s perceptions of the device. This could possibly be
explained by the design of the SQ and ZZ websites being
colorful, bright, and “child-friendly.” The MB website was
relatively straightforward and monochromatic. Although such
a design esthetic may be appealing to adults, it could potentially
decrease a child’s interest in using the tracker (Figure 2). It
would seem ideal to develop a website that was stimulating
enough to encourage consistent use of the tracker while not so
engrossing that the child would then spend excess time in front
of a screen.
It was apparent that in this study the older children were more
comfortable navigating the websites independently, whereas
the younger children relied on their parents or guardians for
guidance and assistance. Because these devices are marketed
as child-friendly, the website design should be appropriate for
the user demographics. The SQ and ZZ websites included
several links within each page and multiple tabs along the top
of the screen that some children did not easily access. A simple
and direct navigation platform that targets the most important
aspects of the website’s features according to successful BCTs
would be beneficial, particularly for children.
The participants enjoyed playing with the avatar feature on the
SQ and ZZ sites and spent a considerable portion of their
interview talking about this specific feature. However, if the
goal of these devices is to increase PA, the primary focus should
perhaps be on the activity charts and portions of the website
devoted to increasing PA and attempting to also comply with
JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 4 | e55 | p.197
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screen time guidelines of less than 2 h/day [21]. One
recommendation is to allow user access for an allotted amount
of time each day in an effort to support engagement in real-world
physical activities [22].
It is recommended that child-centric activity tracker websites
be developed in an effort to target BCTs, especially if being
used as an intervention tool. Placing essential features on the
home page would attract the attention of the users (eg, activity
charts). We recognize that incorporating all areas of the
taxonomy would pose a challenge to website developers by
specifically providing information about why children should
engage in PA (natural consequences) and how to make PA part
of daily life (repetition and substitution) may be important
techniques in promoting behavior change in youth. However,
it is not clear that embedding these areas of the taxonomy would
actually be appropriate for this age group because of the inability
for children to understand such higher level thinking. Natural
consequences and repetition or substitution were two of the
areas not represented in the content analysis for any of the
websites. The recently developed video game “Escape from
Diab” [23] incorporated the use of several other theoretical
frameworks such as self-determination theory [24] and
behavioral inoculation [25] to determine mediators and behavior
change processes. Behavioral scientists and website designers
worked together to create a video game that would be
entertaining and theoretically sound. This type of collaboration
should be replicated when attempting to change behavior with
the use of technology.

Masteller et al
may encourage the use of these activity trackers more regularly
in this population. Since we did not use these features on the
devices, we do not know if using these features would have
influenced the children’s perceptions of the devices and
websites. In addition to not using the group features, the MB
website was not seen as visually appealing for the children in
this study compared with the others (Figure 2). Future research
should explore the use of this feature for each of the devices.
A growing number of studies have examined the use of activity
trackers and mobile device apps for stimulating behavior change
in adults [6-10,16], but there is a lack of information regarding
use of these trackers in younger populations. To our knowledge,
this is the first independent research to assess the BCTs in these
child-oriented devices in combination with a cognitive interview
where we received feedback from the users about their
experience with these devices and websites. Although there are
far fewer devices specifically targeted to children, the potential
exists for manufacturers of adult activity trackers to expand
their current offerings to include a child-focused device with a
youth version of their existing Web and mobile app content.
Therefore, using such devices in school- or group-based
interventions would be a logical next step. The use of a criterion
measure (such as a research-grade accelerometer) to assess the
validity and effectiveness of the activity trackers to increase PA
is also recommended. Our results indicate room for expansion
in theory-based Web content and changes to website layout so
that children are more directly exposed to important and
potentially effective BCTs.

Limitations

Conclusions

One limitation to this study is the small, relatively active, and
nondiverse participants (100% Caucasian). An additional
limitation is that we did not collect socioeconomic data for our
participants. The participants wore the devices independently
from each other, so we do not have data regarding the use of
the devices in classrooms or other group settings. The children’s
perceptions of the monitors and websites were likely affected
by the length of time they spent exploring the features of the
devices and their corresponding websites. Children were
instructed to spend a minimum of 10 min/day using each
website; however, even with parental involvement, we were not
able to obtain accurate estimates of website exposure on each
of the 4 days despite asking the parents to provide a written log.
In addition, our participants wore all three trackers concurrently
and this could have affected their use of the trackers and
interaction time with the websites. Additional research should
test tracker and website usage for each of these devices
separately.

This paper provides the first in-depth content analysis of three
child-oriented activity trackers and children’s perceptions of
the devices and websites. A growing number of studies have
examined the use of activity trackers and mobile device apps
for stimulating behavior change in adults, but there is a lack of
information regarding use of these trackers in younger
populations. Because young children lack the ability to
understand abstract concepts or report feelings on surveys,
additional techniques were needed to explore the affective
responses of young children. The cognitive interviews with a
structured qualitative analysis along with the quantitative survey
data provide an innovative mixed-methods analysis that deepens
our understanding of the children’s affective responses to the
devices. With the popularity of the many adult activity trackers
and several youth-oriented trackers currently being used in a
variety of settings, it is anticipated that manufacturers of adult
activity trackers will expand their current offerings to include
a child-focused device based on their existing Web and mobile
app content. The findings from this study suggest that the
trackers or websites that displayed more behavioral constructs
were more appealing to the child. However, further research is
warranted to explore how the behavior change theoretical
constructs are presented on these devices or websites and how
these constructs change with long-term use and whether they
facilitate healthy behavior change.

It should be noted that all of these devices can be used in a group
setting by establishing groups or teams through the website. For
this project, we explored our aims from the standpoint of a single
user, rather than a team or classroom group. According to the
survey results, 75% of the participants indicated that they would
want to wear the devices more if their friends were also using
them. Therefore, utilizing the “group” features of the websites
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Behavior change techniques for activity tracker systems (includes device and website).
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